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[bookmark: _Toc308479780]Abstract
One of the latest developments in the music industry is the rise of Music Streaming Systems (MSS’s), software programs that allow consumers to listen to (many of) their favourite songs, without having actual copies of the songs on their computer or any other medium. Currently, Spotify is one of the leaders in this young market. Just like several other MSS’s, Spotify offers a free subscription and paid-for subscriptions. The paid-for subscriptions involve a monthly fee and upgrades of several attributes. 
MSS’s may distinguish themselves from each other with their attributes; attributes like usage on a mobile phone, stability, extensiveness of the song database, sound quality of the streamed music, options to share music and so on. Since MSS’s experience difficulties making their businesses profitable, it is interesting to know to what extent these attributes create Willingness To Pay (WTP) among consumers and which attributes are creating more WTP than others.
An MSS can be regarded as an Information System (IS) and accordingly a framework proposed by DeLone and McLean (e.g. DeLone and McLean 2004) to assess the success of IS’s can be used to segment these attributes into three categories: System Quality, Information Quality and Service Quality. The attributes involved in upgrading a free Spotify account to a paid-for account have been assessed. They were organized as follows: 
· System Quality - Usage limitations, Usage on mobile phone, Radio mode & Offline availability of playlists 
· Information Quality - Sound quality, Presence of advertisements & Exclusive content.
Perceived System Quality and Information Quality, as represented by the attributes above, are found to have a positive effect on consumers’ WTP for MSS’s. Additionally, the effect of perceived System Quality on WTP is found to be stronger than the effect of perceived Information Quality. Music involvement is also found to positively affect consumers’ WTP for MSS’s. No strong proof was found for the assumption that the effect of perceived Information Quality on WTP is stronger for people who are more involved in music than others. Nonetheless, the reasoning that people who are more involved in music are more sensitive to changes in Information Quality than less involved people, might make sense, as other results show.
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[bookmark: _Toc308479782]Introduction
Obviously, the music industry has been tremendously impacted in the last decennia by the emergence of the Internet and other technological advances. No longer is a physical medium like a compact disc or cassette needed, since digital music files like mp3’s can be easily sent around the world in the blink of an eye. More recently, Music Streaming Systems (MSS’s) such as Spotify, Deezer and We7 have been growing immensely. To illustrate, more than half of the world population seems to be aware of music streaming possibilities (Nielsen Music/Midem March 2011). Streaming music from the cloud, as this phenomenon is often referred to by music professionals, might be considered one of the major trends in the music industry of the last two years. 
Different business models for MSS’s are put to a test right now. A popular method is to attract customers with a free but limited version and try to convert them to paying customers for an enhanced subscription. However, running a financially healthy music streaming business seems to be a challenge. Apparently, at the end of 2010, many MSS’s experienced difficulties in making enough profits to pay the licensing deals that they closed with the record labels (MusicAlly.com 2010-12-21). It seems that companies are inventing business models that are more focused on competing each other than on sustainability. For instance, it is the question whether coping with large amounts of non-paying customers is sustainable. Also, one might wonder whether the gap between free and paid-for subscriptions is justified in the eyes of the consumer.
There is evidence that many people are still willing to pay for digital music, even though free illegal alternatives are easy to find (Wade 2004). Gaining more insight in whether and how MSS’s can use this notion in forming sustainable business models (while facing the threats of music piracy and market power) is important for both MSS’s and the music industry on its whole.
For instance, each MSS delivers a variety of services, functionalities and other attributes that differs from its competitors. For Music Streaming Systems, it is an interesting subject to gain knowledge of how to build up the system more efficiently, by knowing what attributes consumers do find more important and, as a result, may lead to a higher WTP. Scientific researches regarding drivers that affect WTP for downloadable songs have been conducted plenty in the past. However, drivers affecting the WTP for MSS´s, such as specific attributes of MSS´s, have not been assessed on a large scale yet. Accordingly, the following research question has been formulated:
· How do the different attributes of Music Streaming Systems affect the Willingness To Pay for such a system?
To cover relevant attributes, the framework proposed by DeLone and McLean (DeLone and McLean 2004) is partly used as a tool. According to them, attributes of Information Systems (IS’s) that contribute to the success of these IS’s can be clustered into three independent variables: System Quality, Information Quality and Service Quality. The usage of the DeLone and McLean framework for assessing MSS success could be academically interesting, since a clear and complete coverage of MSS attributes would encourage the usage of this method for future researches. This raises several other sub-questions:
· How can attributes that contribute to the success of an MSS be assessed, analogously to the attributes that contribute to the success of an Information System in general,?
· How do perceived System Quality, Information Quality and Service Quality of a Music Streaming System affect the WTP for such a Music Streaming System?
Another interesting subject for MSS´s is how different segments of digital music streaming consumers should be served. For instance, in marketing science it is generally believed that a higher product involvement of a consumer leads to a higher WTP. Interestingly, Sinha and Mandel (2008) found a somewhat contradictory notion: the factors “concert attendance” and “whether the respondent plays any musical instruments” lead to a significant lower WTP for digital music downloads. This raises another interesting sub-question regarding the WTP for MSS’s:
· How does the music involvement of a person influence his or her WTP for MSS’s?
The remainder of this report is organised as follows: The following section is the Literature review, where the core subjects of this research are thoroughly discussed. The first subject discussed is the music industry and the major trends considering digital music, including the core subject of this research: music streaming. Next, the subject of WTP is assessed by exploring different drivers of WTP and different methods of measuring WTP. In the final two sections of the Literature review, the theories of Information System success factors and Music involvement are used to assess MSS attributes and construct the hypotheses for this research.
The Literature review is followed by the Methodology. In this section, the empirical application of the research -a survey among users of Spotify- is discussed and the respondents are briefly described. After that, a final conceptualization is made and the methods used to analyse the data and assess the validity of the hypotheses are extensively elaborated. The Analysis and results section follows which contains an extensive description of the models used in the research and how they were built. The final chapter contains the main conclusions and discussion section, which includes the assessment of the validity of the hypotheses, academic and managerial implications, a description of the research limitations and a final conclusion. 
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Literature review
[bookmark: _Toc308479784]The music industry
The rise of the Internet changed and still changes business models that came to life in a pre-digital era. Accordingly, the IFPI Digital Music Report 2011 – ‘Music at the touch of a button’ (IFPI 2011) reveals a huge trend: from 2003 to 2010 digital revenues grew spectacularly with more than 1000 per cent. Thanks to the emergence of new licensing models, digital music took a share of nearly one-third of all music revenues in 2010, mostly thanks to legal downloads. This is an immense difference with the film and book industries, where only one and two per cent respectively of total revenues is accounted for by digital versions. As stated in the IFPI report, “music is leading the creative industries into the digital age”. On the other side however, a clearly more negative trend unveils itself: the entire recorded music industry suffered a loss of nearly one-third in value; see Figure 1. The IFPI, among others, imputed this severe loss mainly to digital music piracy. An IPI policy report (IPI 2007) even concluded that global music piracy causes $12.5 billion of economic losses every year and has many other negative economic consequences, like losses in jobs and earnings and a substantial amount of lost tax revenues.
[bookmark: _Ref300231172][bookmark: _Ref301349988][bookmark: _Ref300231163]
Figure 1: Global recorded Music Sales 1997-2010


However, the empirical relationship between piracy and declining album sales seems not to have been clearly established. For instance, Sinha, Machado and Sellman (2010) summed up different studies, some of which have found evidence that piracy and declining album sales are linked together and some others which have not found this relationship. Importantly, none of the four studies investigated by the authors that used actual file-sharing data found any negative impact on CD sales. 
There seems to be another big trend that could partly explain the major decrease in album revenues: a trend in unbundling. Unbundling can be defined as the fact that digital goods are being sold more and more in single units than in bundles or clusters (Elberse 2010). Specifically, for the digital music industry this means that consumers tend to download (and pay for) relatively more individual songs than clusters of songs, like the albums the songs appear on. The increase in revenues of single song downloads does not seem to compensate for the decrease in revenues of lost album sales and Elberse (2010) suggested that the common price of one downloadable song (usually around $0,99) might be too low or at least unbalanced. Concluding, it seems that the availability of legal channels for digital music at least has blunted the effect of online music piracy on physical album sales, and that digital music on its whole, not just online music piracy, substitutes for physical album sales. Koh et al. (2010) concluded similar notions. 
Meanwhile, we can see a worldwide emergence of about four hundred legal digital music services like download stores, streaming services, internet radio, online video channels and so on. Both common practice and scientific research (e.g. Chiang and Assane 2009) showed that fee-based digital music systems can exist next to and even feasibly substitute for illegal peer-to-peer systems. There is evidence that many people are willing to pay for digital music even though free illegal alternatives are easy to find (e.g. Wade 2004).
Digital music is, much like other digital goods, often characterized as an information good (e.g. Sinha and Mandel 2008; Bhattacharjee et al. 2003): it is relatively expensive to produce but relatively inexpensive to reproduce, with the latter even approaching no costs at all. Digital music is in that sense very much the same as software applications, but there are some basic differences (Bhattacharjee et al. 2003). For instance, in general music files are much smaller than typical software applications and therefore take much less time to transfer. Digital music is also referred to as being an entertainment product, which primarily means it is an experience good: people are not able to judge a product’s quality before having tried it (e.g. Elberse 2010). Following this, Elberse (2010) stressed the importance of brands (artists and bands) as quality signals.
Music streaming
One of the latest developments considering digital music is the quick rise of Music Streaming Services (MSS’s). MSS’s such as Spotify, Grooveshark, Deezer and We7, which saw light in the last couple of years, let the consumers listen to digital music without the need of actually having the songs on their computer; a phenomenon often referred to as ‘streaming from the cloud’. Figure 2 shows the relative popularity of different forms of music acquisition and consumption among the world population in September 2010. It clearly shows that watching music videos on the computer and downloading mp3’s without paying were the most popular forms, with approximately half of the world population engaging in these actions. With 26% of the world population, music streaming on the computer took in a good third place well above paid downloads.

[bookmark: _Ref300232837]Figure 2: Global digital music consumption


These days, more than half of the world population seems to be aware of music streaming possibilities (Nielsen Music March 2011). In Figure 3, the awareness of and interest in Music Streaming Systems of global consumers in September 2010 is shown. Male consumers seemed to be more familiar with and interested in Music Streaming Systems than female consumers. Also, it is clearly visible that the familiarity and interest drop when the age of the consumer increases from approximately 24 years old. 
[bookmark: _Ref300232215][bookmark: _Ref301531278]Figure 3: Global understanding of music streaming services


	An example of the growing presence of Music Streaming Systems is Spotify, one of the biggest players in the market. The service is currently available in Finland, France, the Netherlands, Norway, Spain, Sweden, UK and, since July 2011, in the USA as well. Spotify is a program that needs to be installed on a computer before it can be used. Because this adds to the reliability of the software, Spotify distinguishes itself from Web-based competitors. Furthermore, Spotify is famous for its use of the ‘freemium’ business model, which broadly means that the MSS presents two kinds of offering to the consumers: 1) a free streaming service where the consumer has to cope with advertisements and 2) two paid-for services, without advertisements and with incentives like the possibility to use the service on your smartphone.[footnoteRef:1] Table 1 shows Spotify’s offerings (which are important for the empirical application of this research) in detail.  [1:  Many other Music Streaming Systems also use a (similar) version of this ‘freemium’ model. Another quite commonly used business model is to give the consumer a free trial period of several days / weeks (e.g. Napster or Zune).] 

 In September 2010, Spotify served approximately ten million users in total (Wired.co.uk 2010-09-15). In March 2011 Spotify served about 1,000,000 paying members (Spotify.com 2011-03-08). In the summer of 2011, this number of paying members had already increased to 1,6 million (Billboard.bizz 2011-07-22). 

[bookmark: _Ref306968396]Table 1: Spotify offerings
	 Attributes
	Open 
Free
	Unlimited 
€4,99 p/month
	Premium  
€9,99 p/month

	Usage limitations
	Max. 10h streaming per month
	No limitations
	No limitations

	Radio Mode[footnoteRef:2] [2:     Radio Mode is an additional feature that gives the consumer the possibility to play automatically created playlists based on some stated  preferences.] 

	No
	Yes
	Yes

	Ads & Commercials
	Yes
	No 
	No

	Use on mobile phone
	No
	No
	Yes

	Offline mode for playlists
	No
	No
	Yes

	Sound quality
	Medium (160 kbps)
	Medium (160 kbps)
	High (320 kbps)

	Exclusive content
	No
	No
	Yes



Source: www.spotify.com
Available at http://www.spotify.com/nl/get-spotify/overview/

IFPI (2011) also described other examples of quickly growing MSS’s, such as Deezer, which for instance has achieved to reach more than 13 per cent of active internet users in France, Slacker, which has seen its customer base grow seven fold since April 2010 and Pandora, which now has more than 75 million registered users (up from 20 million in 2008) and 500,000 paying subscribers. 
A key feature of many MSS’s is to relieve the effort consumers have to put in for instance generating personalized playlists or radio stations (like Spotify’s Radio Mode) and sharing music and playlists. To illustrate the latter, Spotify and many other MSS’s for instance give the option to link your account to Facebook so that songs, opinions and so forth can easily be shared. Also, often it is possible to share music with contacts directly within the environment of the MSS. However, relieving the amount of effort demanded from the consumer could compromise the consumers’ subjective view of whether they own something -like a playlist- and accordingly whether they attach value to it. For instance, Cardozo (1965) found that the satisfaction of a product for a consumer is higher when the consumer has invested a considerable amount of effort in acquiring the product. Chan, Yim and Lam (2010) somewhat similarly noted that customer participation (as a co-creator of value) increases customer satisfaction. For example, one might imagine that the discovery of new music becomes less special and especially less personal, when every day the ‘perfect playlist for you’ is being automated. Therefore, it seems to be the question what levels of effort demanded from the consumers are optimal, as too little effort demanded will not generate any value and too much effort demanded possibly turns them off and might make them exit the service. Interestingly, blogger Kyle Bylin (MusicThinkTank.com 2011-01-29) noted that apparently many companies think the ultimate music experience requires as little effort from the consumer as possible. 
Currently, Music Streaming Systems face several problems. For instance, due to copyright issues, they cannot deliver all the music the consumers want to hear (e.g. AllThingsD.com 2011-06-10). This means consumers sometimes have to cope with covers of the original song or even with no availability of the song at all. The latter mostly occurs in the case of less famous artists that do not have a record label deal or in some cases have a record label deal with a ‘small’ label (Spotify.com 2009-02-27). One way to solve this problem would be to give the consumer the possibility to add his or her own music to the library or playlist in the MSS. This can be quite easily done when the own music is only played directly from the computer (like with Spotify). However, making these songs available to stream from the cloud as well, could lead to immense additional costs for the MSS’s. For instance, Apple reportedly has paid the major labels over $100 million in advance royalties to make iCloud music available, a service that provides consumers an online locker where they can upload and save their own digital music files (Evolver.com 2011-06-03). 
Another problem is that it seems to be a challenge for MSS’s to make the economics work. As MusicAlly.com (retrieved in 2010-12-21) stated it: “Right now, the economics of on-demand streaming don’t add up.” The biggest players on the market, such as Spotify, we7 and LastFM, made substantial losses in 2009 and by the end of 2010, for many MSS’s the incomes of advertisements and paying customers were still not sufficient to pay the licensing deals that the MSS’s closed with the record labels. It seems that there is still some ambiguity in this young market. For instance, it is the question whether coping with large amounts of non-paying customers is sustainable and converting non-paying customers into paying customers has been an important subject for MSS’s since the beginning of their existence. Converting non-paying consumers into paying consumers is a hard task for managers of every kind of service or product, especially when there are many free alternatives (Koen and Allen 2008). When an MSS, for instance Spotify, wants to switch to a paid-for service only, they can expect several consequences. First of all, advertising revenues will decrease as the target group of the advertisements (non-paying users) will diminish. Second, the effectiveness of search engine referrals and direct mails will be compromised, as consumers are less likely to try the service if there is only a paid-for version. Koen and Allen (2008) stated that companies should therefore then focus their price promotions on stimulating new short-term subscriptions instead of long-term subscriptions and that direct e-mails and search-engine optimization should be more focussed on generating long-term subscriptions. 

[bookmark: _Toc308479785]Willingness To Pay
Willingness To Pay (WTP) can be defined as the economic value that a consumer is willing to sacrifice in order to acquire a certain utility (Shogren et al. 1994). Another commonly used definition of WTP is that it is the maximum amount of money that a customer is willing to spend for a product or service (e.g. Cameron and James 1987). Accurately estimating consumers’ WTP for a product or service is important to be able to (for instance) formulate competitive strategies, develop new products and implement distinguishing pricing tactics (Miller, et al. 2011).

Drivers of WTP
Many drivers can affect a consumer’s WTP. This section presents an overview of several important drivers that affect WTP in general. The following section discusses several other drivers that are more specifically related to WTP for digital music.
Price anchors can influence a consumer’s WTP for both related and unrelated products, provided that no other cognitive activity occurs in the meanwhile (Adaval and Wyer jr. 2011; Nunes and Boatwright 2004). Nunes and Boatwright (2004) found that the price of a sweatshirt on display at a neighbouring seller can affect shoppers’ WTP for a music CD. A possible explanation for this is that price anchors affect the customers’ expectation of a reasonable price level (Monroe 1990). The effect also seems to occur when consumers are exposed to extreme prices (Adaval and Wyer jr. 2011). When the anchors are accessible in memory, consumers are likely to use it as a basis for deciding the price they would be willing to pay for the product. (In other words, after witnessing the price of a Ferrari, the Peugeot does not seem so expensive anymore.) However, the effect of this knowledge decreases when consumers have the opportunity to think about the product before making comparative judgments. As Häubl, Dellaert and Donkers (2009) found, the price anchor effect seems to be strongest for a reference price that was just witnessed.
These findings indicate two important factors when measuring WTP for MSS’s. First, consumers already have a certain idea about how much for instance a compact disc should cost, because compact discs have been in the market for years for relatively stable prices. Any WTP for digital music will probably at least be compared with these “regular” prices. Second, the ability to find the same music illegally for free will also influence (lower) consumers’ WTP for legal digital music. 
	A well proven driver affecting WTP is customer satisfaction (e.g. Gounaris, Dimitriadis and Stathakopoulos 2010; Homburg, Koschate and Hoyer 2005; Turban and Gherke 2000; Zhang, Keeling and Pavur 2000; Chen and Wells 1999). For instance, through a lab experiment and a study involving real usage experience over time, Homburg, Koschate and Hoyer (2005) found proof for the claims made by many managers that satisfied customers do want to pay more for the product or service they are satisfied about than customers who are not that satisfied. They also show that the relation between customer satisfaction and WTP is not linear, but has an inverse S-shaped form. See Figure 4, which shows that increasing customer satisfaction becomes more valuable if satisfaction is above the inflection point and that it may be suitable to aim for very high levels of customer satisfaction. 
[bookmark: _Ref300237258]
Figure 4: WTP versus Customer Satisfaction


Drivers of WTP for digital music
Most recent scientific research considering WTP for music has been conducted within the context of music piracy. Although being distinct subjects, WTP and piracy are related and intertwined and share many drivers affecting them. To illustrate this relationship, Sinha and Mandel (2008) stated that all pirates are unwilling to pay for a product, but not all consumers with a zero WTP can be considered pirates. A consumer might as well just not be interested in that good. Even though, the implication is that the average WTP of any consumer segment will become higher when the amount of piracy in that segment decreases. Accordingly, Chiang and Assane (2009) defined piracy as follows: if a consumer gets the option to choose among a legal purchased good, an illegal free copy, or no purchase at all, piracy occurs when this consumer is unwilling to pay for the legal good, but is willing to acquire the illegal copy.
Research has identified several important drivers that seem to be affecting the WTP (and amount of piracy) of consumers for digital music. For instance, demographic variables have often been brought in relation to consumers’ WTP for digital music. A higher income seems to lead to a higher WTP for digital music (e.g. Chiang and Assane 2009; Walsh et al. 2003) and female consumers and relatively older consumers seem to have a higher WTP for digital music in general as well (e.g. Chiang and Assane 2009; Sinha and Mandel 2008). 
Another important factor is risk perception[footnoteRef:3], which is positively and significantly correlated with WTP for digital music (Chiang and Assane 2009). One’s own Internet connection speed also influences ones online behaviour and WTP for digital music (Bhattacharjee et al. 2003). Walsh et al. (2003) found that consumers that are more conscious of trends generally seem to have a higher WTP for music downloads. Another interesting finding in their research was that 54% of the respondents who regularly downloaded music, would prefer a subscription model that involves paying a fixed monthly amount. Furthermore, while practitioners often believe that consumers generally value a CD notably higher than a downloadable version of music, Breidert and Hahsler (2007) found that the participants of their interviews did not. They showed that the attributes ‘cd-booklet’ and ‘distribution’ are only of little importance to the interviewed students. This stands in contrast with notions of for example Walsh et al. (2003) and Sinha and Mandel (2008), who concluded that people might not regard a copy of a song as something as valuable as a physical compact disc. Anyhow, the results of Breidert and Hahsler (2007) indicated that the marginal WTP per title decreases with larger package sizes, which is similar to the notions of Elberse (2010). They therefore concluded that linear pricing strategies as found in the market seem not to be optimal to maximize profits. [3:  Risk perception is usually measured as the subjective chance of getting caught while downloading illegally and the subjective height of the penalty attached to this.] 

The tendency to pirate (and therefore also WTP in general) seems to depend on three factors: positive incentives, negative incentives and consumer characteristics (Sinha and Mandel 2008). Specifically, positive incentives, such as a higher functionality of the website downloaded (legally) from, do have a positive effect in reducing piracy and increasing the average WTP of all consumers. They furthermore found that negative incentives, like high fines, might be effective only for several consumer segments. Ironically, these segments are already less likely to pirate. Sinha, Machado and Sellman (2010) furthermore found that removing Digital Rights Management (DRM) restrictions (systems that aim to prevent unauthorized copying and to reduce the overall rate of piracy) from mp3’s has the potential to convert some pirates into paying consumers. In addition, an environment without DRM-restrictions seems to enhance both consumer and producer welfare by increasing the demand for legitimate products as well as consumers’ WTP for these products. Suki (2011) found similar notions about positive and negative incentives for early adopters of digital music in Malaysia.
More specifically, Doerr et al. (2010) found that when consumers are using a Music Streaming System, the attributes regarding “mobile application”, “the quality of music” and “offline access”, are the main drivers affecting the consumers’ WTP. Although many of the other findings above are based on downloadable songs, it seems probable that most of these notions also apply when the WTP for MSS´s is measured. It seems obvious that illegally downloading free songs can still be seen as a surrogate for using an MSS. Accordingly, it might be expected that a part of the consumers will not be prepared to pay anything at all for a music streaming system.

Measuring WTP
When measuring WTP, it is important to collect data in a setting that is as realistic as possible (e.g. Miller et al. 2011; Thaler 1985). Regarding MSS’s, this notion is even more essential, since music streaming is a relatively new phenomenon. Many people do not have experience in using an MSS, which is an important requirement when assessing the relative importance of and WTP for key attributes of MSS’s. 
Conjoint Analysis is one of the most popular methods used by marketing researchers to analyze consumer trade-offs when assessing WTP (Green, Krieger and Wind 2001). This is because of the close resemblance to the real world in comparison to other techniques; it shows the attributes conjointly to the consumers during the assessment. Different Conjoint Analysis techniques have developed in the last decades. Two specific forms of Conjoint Analysis, Choice-Based Conjoint (CBC) and Adaptive Conjoint Analysis (ACA), have become very popular. These are both versions of Conjoint Analysis that are based on a choice format for the respondent: for every task, the respondent has to pick his most preferred set of attributes. Researchers have long argued that choice tasks need to be designed realistically, approximating as closely as possible to the actual purchase context, as consumers often construct their preferences and form utility levels in response to the choice context rather than that they re-enact a previously formed value (e.g. Thaler 1985; Bettman, Luce and Payne 1998). It is commonly known that respondents cannot evaluate more than six to eight attributes at a time (e.g. Green and Srinivasan 1990) ACA has been specifically developed to deal with these limitations.
Miller et al. (2011) noted that several approaches in measuring WTP have evolved, measuring both WTP directly and indirectly (e.g. Open Ended questions vs. CBC) and both actual WTP and hypothetical WTP (e.g. obligation to buy in the experimental setting vs. no obligation to buy). Every method has its own advantages and disadvantages as well as its own practical limitations. Due to budget constraints and other practical reasons, only methods that measure hypothetical WTP can be used for this research measuring WTP for MSS’s. However, Miller et al. (2011) indicated that even when the Open-Ended format and CBC analysis hypothetically generate a bias, they may still lead to the right demand curves and right pricing decisions. The intercept of the corresponding demand curve might be biased, but the slope of the curve usually is not, which indicates that a hypothetical measure of WTP would probably also lead to a right ranking of the different attributes of MSS’s in this research. 

Measuring WTP for Information Systems
Molin and Timmermans (2006) where among the few that measured the WTP for Information Systems (an MSS can be considered to be a specific form of an Information System; see Information Systems). They measured the WTP for Web-based public transport information services. In their paper, they reported the relative importance travellers attach to a range of information aspects (attributes) of such a Web site. To examine the WTP for these attributes, they conducted a conjoint analysis. They started off with a list of 54 attributes. To reduce this list, they decided to leave out the basic attributes that should be in every public transportation information service. This resulted in a list of 38 attributes. However, a ‘classic’ conjoint experiment varying all these attributes would result in information overload for the respondents. To deal with this problem, the authors used the Hierarchical Information Integration approach, proposed by Louviere (1984). The attributes were grouped into 10 constructs, using factor analysis based on the perceptions of the travellers which were collected in a separate research. The authors decided to apply a stated preference experiment. This led to seven information components and two additional functionalities, which were considered to be dichotomous: they could be either available in an information system or not. Price was included in the experiment in analogy with OVR, the Dutch public transport information telephone service. 

Measuring WTP for digital music
Many different techniques have been used by market and marketing researchers in order to estimate the WTP for digital music. For instance, Chiang and Assane (2009) estimated the WTP for digital music downloads. They stated the following model: WTP = X’β + e. In this model, X’ is the vector of explanatory variables, β is the vector of unknown coefficients, and e is a random error term. The variable WTP contained a large number of observations with a value of 0. This effect of piracy would bias the use of an ordinary least squares estimator. Therefore, the authors built in another layer in the model, that first selects on whether consumers have a WTP at all: d* = X’α + u, where WTP = 0 if d* = 0 and WTP = WTP* if d* = 1.
Breidert and Hahsler (2007) used three different approaches, based on ACA, to estimate consumers’ WTP for bundles of music downloads and compared their findings with the pricing strategies used in the market. Two of the approaches were based on a status-quo product (at market price and at an individually self-stated price); the third approach used a linear model assuming a fixed utility per title. All three methods seemed to be robust and delivered reasonable estimations of the respondent’s WTP. 
Pure digital or information goods (e.g., music) share the two defining characteristics of public goods; they are both nonrivalrous and nonexcludable. Sinha and Mandel (2008) therefore used the contingent valuation method (CVM). There is increasing evidence that this method, if carefully used, yields both reliable and valid estimates of WTP (Carson, Flores, and Meade 2001). CVM directly estimates the WTP function by using a choice format that asks respondents whether they would be willing to pay a stated price for the product in question. The version used by Sinha and Mandel (2008) is called the double-bound dichotomous choice (DBDC) format: respondents are provided with a sequence of two bids and are asked whether their WTP for a product equals or exceeds that bid. The magnitude of the second bid depends on the answer (yes/no) to the first bid. The second bid is higher when the respondent answered “yes” to the first bid, and lower if the respondent initially answered “no”. By varying the bid across subsamples and repeating the process systematically, it is possible to calculate the proportion of respondents who are willing to pay as a function of each bid. The main advantage of this approach over the stated preference choice models and conjoint models is that it more closely resembles consumer choice in an actual market situation. Furthermore, given the explicit focus on whether respondents would “pay anything at all”, this method is well suited for developing measures of willingness to pirate and for assessing the impact of covariates on piracy. 
 	Iyengar (2010) proposed a utility model and analysed how consumers choose among subscription-based and `a la carte plans, in the context of the digital music industry. This model was estimated using data from a CBC experiment. Iyengar proposed a model in which a consumer is considering a service provider that offers a menu of service plans - some of these plans have a bucket-pricing scheme while others have a pay-per-use (PPU) scheme. The model estimation approach largely followed the standard Bayesian estimation of the multinomial probit model.
	Doerr et al. (2010) where among the first that measured the WTP of consumers for the streaming of music, which they call Music as a Service, or MaaS. They used ACA to measure the utility of eight attributes. Because of the usage of ACA, they were able to incorporate different price levels in their conjoint offerings. This allowed them to calculate the part-worth utilities of the different price levels as well and therefore estimate the WTP per attribute.

[bookmark: _Toc308479786]Information System success
[bookmark: _Toc296695628][bookmark: _Ref300245958]Information Systems
An Information System (IS) is typically characterized as a system that provides an end user some sort of information (e.g. DeLone and McLean 1992). Accordingly, an MSS can be regarded as a specific form of an IS. For an MSS, the main information the end-user wants to retrieve is the music itself. Consequently, frameworks developed to determine the success of Information Systems can be useful in order to measure the success of, or in this case the WTP for, an MSS. To determine how MSS’s built up out of attributes that differently influence WTP, the framework proposed by DeLone and McLean (1992) for measuring IS success, is used as a tool. According to their original article in 1992, attributes that contribute to the success of Information Systems can be clustered into two independent variables: System Quality and Information Quality. This model was updated in 2003 after they reviewed many other IS researches and acknowledged that the variable Service Quality is equally as important as the other two independent variables (DeLone and McLean 2003). These three independent variables influence the dependent variables Use, User Satisfaction and finally Net Benefits. Figure 5 depicts a visual representation of the DeLone and McLean framework. 

[bookmark: _Ref300238613]Figure 5: DeLone and McLean framework
[image: DM-framework.jpg]

The DeLone and McLean model was first developed in order to assess the quality of management and organization Information Systems. However, the broad character of the model made it possible to apply it to a much wider variety of IS’s in general. For instance, DeLone and McLean (2004) showed how their model could be applied to e-commerce systems. In their paper, e-commerce is defined as “the use of the Internet to facilitate, execute, and process business transactions. Business transactions involve a buyer and seller and the exchange of goods or services for money.” This shows the suitability of the model for this research, because an MSS complies with their definition of e-commerce (at least when it is not completely for free). Accordingly, an MSS can be viewed as a specific form of an e-commerce system. 
Only the left-handed part of the model (the three independent variables) was used in order to determine the attributes of MSS’s that need to be assessed. The right-handed part, the part that is influenced by the three independent variables, was substituted by WTP (see also the conceptual model in ‘3.1 Conceptualization’). There are several notions that make this substitution legitimate. First, WTP can be seen as a form of usage when measuring the success of an Information System, because the term “usage” is very broad. As DeLone and McLean (2004) stated: “Usage measures everything from a visit to a website and navigation within in the site to information retrieval and execution of a transaction.” Second, the factor intention to use is strongly linked to Willingness To Buy (WTB), which on its turn is strongly linked to WTP. Third, Seddon (1997) described that the variable “User Satisfaction” can be inserted in the model as both an dependent variable influenced by System Quality and Information Quality and as a independent variable influencing IS Use. There is a considerable amount of evidence both for the fact that higher perceived IS quality leads to a higher customer (e-commerce) satisfaction (e.g. Molla and Licker 2001) and for the fact that higher customer satisfaction leads to a higher WTP (e.g. Homburg, Koschate and Hoyer 2005).
In the following paragraphs, the three independent variables and their components are discussed. Furthermore, an analogy is made for MSS’s to learn and understand the interrelationship of MSS attributes that could influence consumer behaviour, satisfaction and ultimately WTP.

[bookmark: _Toc296695629]Information Quality
DeLone and McLean (2004) described Information Quality in the context of e-commerce as follows: “Information quality captures the e-commerce content issue. Web content should be personalized, complete, relevant, easy to understand, and secure if we expect prospective buyers or suppliers to initiate transactions via the Internet and return to our site on a regular basis.” Molla and Licker (2001) described how these days for many e-commerce business models content (or information) forms the core business, i.e., the product. This clearly is true for MSS’s as well, as music is their core business. 
Nelson, Todd and Wixom (2005) also made a considerable contribution to measuring IS success. They suggested Information Quality attributes represent either an intrinsic or a contextual view of Information Quality. The intrinsic view contemplates the properties of information separated from a specific user, task, or application. It shows a measure of how the information represents the actual values of the data (information) in the real world. Although this is an important perspective, it is somewhat limited. A context-based view extends this intrinsic view, indicating that Information Quality also needs to be defined relative to the user of the information. From this perspective, determining the helpfulness of the information in completing a particular task, for example decision making, assesses Information Quality. 
In the following paragraphs, key attributes that, according to multiple researches, all are Information Quality attributes, will be discussed and explained in the context of MSS’s. 

Format
	Format stands for the degree to which information is presented in a manner that is understandable and interpretable to the user and therefore aids in the completion of a task (e.g. Nelson, Todd and Wixom 2005; DeLone and McLean 2004). Format is therefore a typical example of a context-based view attribute. The “task” that a user of an MSS needs to perform is to listen to music (and perhaps to let others listen to music as well). When thinking about the key features format stands for, understandability and interpretability, it is easily assumed that the music should at least be loud and clear enough for the consumer to distinguish the song. Accordingly, one can imagine that the actual quality of the music, in terms of kbps, could be important to users. For instance, Spotify offers music streaming of 160 kbps in its free service and music streaming of 320 kbps in premium paid-for services.

Customizability of the information
Customizability of the information refers to the degree to which the user can organize the information according to ones tastes (e.g. Molla and Licker 2001). It is therefore another perfect example of the context based view. One could think of multiple examples of MSS attributes considering this subject: the possibility to listen to the music of choice (instead of ‘regular’ radio), to make playlists, to add songs of your own to your playlist. However, for this last example one could also opt that this fits within the concept of System Quality -Flexibility. Flexibility stands for the degree to which a system can adapt to a variety of user needs and to changing conditions; see next section. Another interesting example is the possibility to make (re)mixes of the songs. However, this is not practiced widely by MSS’s, probably due to technical and copyright restrictions. The other examples are typical features that MSS’s use to distinguish themselves from each other.

Completeness
Formally, in IS literature completeness is mostly referred to as the degree to which all possible states relevant to the user population are represented in the available information (e.g. Nelson, Todd and Wixom 2005; DeLone and McLean 2004; Palmer 2002). Completeness is therefore considered to be a context-based view attribute as well. An example considering music streaming is the extensiveness of the song database of MSS’s (the quantity of the songs in the database). An important issue regarding completeness is that, due to copyright issues, currently some famous and many non-famous artists are absent in the databases of MSS’s.

Accuracy
Accuracy stands for the degree to which content is correct, clear, meaningful, relevant and consistent. It is mentioned in various researches (e.g. Nelson, Todd and Wixom 2005; DeLone and McLean 2004; Molla & Licker 2001) as a key success measure when measuring Information Quality success. Accuracy is an example of an intrinsic view variable. Considering the analogy with MSS’s, one could imagine that for example the presence of the right versions of the songs, instead of covers or snippets could be important (the quality of the songs in the database). Due to copyright issues, currently some famous artists are absent in the databases of MSS’s and their songs are often replaced by covers. In a slightly different view, one could state that accuracy also reflects the “cleanliness” of the content. For example, Spotify shows its non-paying users advertisements and commercials, which could be seen as non-relevant information and therefore compromises the “cleanliness” of the information. 

Currency
Currency, another example of an intrinsic view based variable, can be described as the degree to which the information (or the information database) is up-to-date, or, in other words, how precisely it displays the current state of the world it reflects (e.g. Nelson, Todd and Wixom 2005; DeLone and McLean (2004); Molla and Licker 2001; Teo and Choo 2001). When considering the song databases of MSS’s, a typical example could be the presence of new releases or even pre-releases. 

Information Quality as WTP driver
The sound quality of the streamed music, a typical Information Quality attribute, is found to have a positive influence on WTP (Doerr et al. 2010). It is expected that sound quality is not the only Information Quality attribute to influence a consumer’s WTP: findings from, for example, Turban and Gehrke (2000) and Zhang, Keeling and Pavur (2000) indicate that Information Quality is one of the variables that affect the satisfaction of Web site users. Furthermore, Chen and Wells (1999) also found that Information Quality (which they called “Content Quality”) was one of the determinants of positive customer attitudes towards Web sites. Because there is substantial evidence that a higher customer (e-) satisfaction leads to a higher WTP (e.g. Gounaris, Dimitriadis and Stathakopoulos 2010; Homburg, Koschate and Hoyer 2005), it is expected that Information Quality will also (indirectly) influence the consumers’ WTP. 
A means-end model relating price, quality and value (Zeithaml 1988) allows for another more sophisticated elaboration on the process: Information Quality attributes lead to a judgment of the consumer about the Information Quality: perceived Information Quality. Higher perceived Information Quality on its turn will lead to a higher perceived value of the information (or content), which should allow a higher perceived sacrifice to come to the same purchase intentions, and thus increases WTP. Accordingly, the following hypothesis has been formulated:

H1: Perceived Information Quality positively influences the WTP for a Music Streaming System.

[bookmark: _Toc296695630]System Quality
DeLone and McLean (2004) described System Quality in the context of e-commerce as follows: “System quality, in the Internet environment, measures the desired characteristics of an e-commerce system. Usability, availability, reliability, adaptability, and response time (e.g., download time) are examples of qualities that are valued by users of an e-commerce system.” Several works (e.g. Molla and Licker 2001; Turban and Gherke 2000; Han and Noh 1999) that focused on e-commerce have suggested additional attributes such as 24-hour availability, seamless site performance, visual appearance and accessibility as part of the e-commerce system quality. Such attributes of e-commerce sites are found likely to influence the usage, Customer Satisfaction and Web site success in general of e-commerce systems. In e-commerce, competitors can be reached with one click on the mouse and site failure results in customer dissatisfaction and non-use of e-commerce systems. For transactional e-commerce systems, this means loss of sales. 
[bookmark: OLE_LINK1]Nelson, Todd and Wixom (2005) stated that the dimensions of System Quality should represent a user’s perceptions of his/her interaction with the system. In this sense, higher-quality systems should be perceived as easier to use and have higher perceptions of usefulness. Similar to their view on Information Quality, they suggested it is useful to consider dimensions of System Quality using a spectrum that ranges from system to task. System dimensions are those characteristics of a system that are consistent across different forms of usage and users and can therefore be estimated independent of the task, context, or application. For task dimensions, assessment typically depends on the task context or application. In the following paragraphs, key attributes that, according to several researches, all are System Quality attributes, will be discussed and explained in the context of MSS’s.

Usability
Usability stands for the degree to which a system and the information it contains can be accessed and used with relatively low effort (e.g. Nelson, Todd and Wixom 2005; DeLone and McLean 2004; Palmer 2002). This attribute is, to a large extent, a system dimension attribute (Nelson, Todd and Wixom 2005). The presence of ‘help’ functions, whether the MSS works intuitively and is easy to navigate are good examples of features considering usability and accessibility. 

Dependability
Another important system dimension factor is the dependability of an IS, or in other words, the degree to which a system is reliable and available (e.g. Nelson, Todd and Wixom 2005; DeLone and McLean 2004; Molla and Licker 2001). Practical examples considering MSS’s are the extent to which the system is available on demand and the extent to which the system works flawless, without stuttering. Regarding system stability, there seem to be considerable differences in practice, for instance between web based and downloadable MSS’s. Another example of dependability is a feature like playlists that can be made available without Internet connection by synchronizing them to user’s pc or phone (it makes users non-dependent of an Internet connection). Another interesting fact considering availability is the fact that, for free users, Spotify offers a maximum of 10 hours per month streaming (and individual tracks can be streamed no more than 5 times in total). This stands in sheer contrast with, for example, Grooveshark[footnoteRef:4], where free users do not have these limitations. [4:  It should be noted however that Grooveshark is, very much like YouTube, a service that allows users to upload music, instead of offering the music themselves. Therefore, the business model of Grooveshark is quite different from that of Spotify, because they do not pay royalties.] 




Response time 
An important task-related factor of Information Systems is their response time: the degree to which a system offers quick (or timely) responses to requests for information or action (e.g. Nelson, Todd and Wixom 2005; DeLone and McLean 2004; Molla and Licker 2001). One could state that response time has a bit of an overlap with dependability. For MSS’s response time could stand for, for instance, how long it takes for the system to play a song after the consumer has pressed the ‘play’ button and more in general how long the system takes to respond to any action of the consumer. In practice, there seem to considerable differences regarding response time between MSS’s, for instance again between web based and downloadable MSS’s. 

Customizability of the system
As another task-related factor, customizability of the system stands for the degree to which the user can organize the system according to ones tastes (e.g. DeLone and McLean 2004; Palmer 2002). This stands in contrast to customizability of the content, which refers to the extent of which the user can organize the content. Considering MSS’s, customizability of the system for instance could mean the possibility for the consumer to adjust the lay-out/physical appearance of the system. As far as known, this currently is not something that is offered by MSS’s. However, in the light of this research it seems to be an interesting option. Instead of regarding it as a separate factor, one could also state that customizability of the system is a form of flexibility; see next section.

Flexibility
Flexibility of the system is best described as the degree to which it can adapt to a variety of user needs and to changing conditions (Nelson, Todd and Wixom 2005). It therefore is somewhat similar to customizability of the system, although customizability more specifically considers adjustments of the system by the user and flexibility more specifically considers changes of the system (made by the MSS) according to some analysis of the users’ behavior. Flexibility is also a typical example of a task-related attribute. Regarding MSS´s, one could think of the example that certain MSS´s cannot only be used on a personal computer, but also on a smart phone or directly on home stereo devices (without the need of a computer). The usage of the MSS in another country is a similar attribute. For instance, Spotify offers the option for its users to download and log in to Spotify anywhere in the world. Another flexibility attribute is to what extent users can influence what songs are played at what time. One can think of a spectrum, with on the one end pure radio, where the consumer has no influence at all, and on the other end unlimited playlist building, where the consumer has all power. There are many options in between, like Spotify’s Radio mode, where playlists are automatically built based on some stated preferences of the user. These different options demand different amounts of effort from the consumer and the utility gained from these different options probably will depend on the demanded amount of effort and a consumer’s mood. 

System Quality as WTP driver
Various typical System Quality attributes (and factors closely related) are already proven to be able to influence the WTP for digital music of an IS user. The usage of an MSS without Internet connection and MSS usage on a mobile device have the ability to positively influence a consumer’s WTP for MSS’s (Doerr et al. 2010). A higher functionality of the website downloaded from is proven to have a positive effect in increasing the group average WTP for digital music (Sinha and Mandel 2008; Suki 2011) and Internet connection speed can also influence WTP for digital music (Bhattacharjee et al. 2003). Furthermore, “user friendliness” and “adaptation” can have a positive influence on e-satisfaction and the consumer’s behavioral intentions such as revisiting a Web site, engaging in word-of-mouth communication and repeating purchases (Gounaris, Dimitriadis and Stathakopoulos 2010). 
Just as for Information Quality, this process might be explained by Zeithaml’s (1988) means end model: System Quality attributes lead to perceived System Quality. A higher perceived System Quality leads to a higher perceived value of the (Music Streaming) System, which should allow a higher perceived sacrifice to come to the same purchase intentions, and thus increases WTP. Accordingly, the following hypothesis has been formulated:

H2: Perceived System Quality positively influences the WTP for a Music Streaming System.

Information Quality versus System Quality as WTP driver
	One could imagine that not all Information Quality and System Quality attributes are equally important in influencing the WTP for an MSS. For instance, some attributes (Information or System Quality) may be more important in generating higher profits for MSS’s than other attributes. In scientific IS research, in most of the occasions Information Quality seemed to be more important to the IS users than System Quality (e.g. Li 1997; Liu and Arnett 2000). This makes sense in the context of the researches. For instance, Li (1997) investigated the importance of factors of management information systems. For a company, it makes sense that the output of the IS, the information itself, is of vital importance. However, music streaming is a complete other context, so this result need not be automatically expected for MSS’s as well.
Observing the recent history of digital music, we can see an interesting trend. The biggest success factor of the success of mp3’s probably lies in the fact that they are downgraded in music quality in order to make them more manageable, easy to spread over the Internet and flexible to use on different devices. Apparently, these benefits seemed to matter more to many music listeners than the sound quality (Wired.com 2009-08-24). This same fact might also explain the success of music videos on Youtube.com: of the top 10 most watched videos of all times, 8 are music videos (Readwriteweb.com 2011-10-03). Apparently, regarding digital music, ease of usage and manageability of bytes have had the upper hand above sound quality. It might be possible that this notion also holds for MSS; therefore the following hypothesis has been formulated:

H3: Perceived System Quality has a stronger positive influence on the WTP for a Music Streaming System than perceived Information Quality.
[bookmark: _Toc296695631]
Service Quality
DeLone and McLean (2003) described Service Quality as follows: “Service quality, the overall support delivered by the service provider, applies regardless of whether this support is delivered by the IS department, a new organizational unit, or outsourced to an Internet service provider. Its importance is most likely greater than previously since the users are now our customers and poor user support will translate into lost customers and lost sales.”
In general, e-Service Quality has been widely used outside the context of the DeLone and McLean framework. Consequently, the term e-Service Quality has often been used in a much broader context, which resulted in various overlaps with attributes that were ascribed to Information or System Quality in the above passages. For the sake of consistency, in this research the line that is set by DeLone and McLean (2003) is followed and a clear-cut distinction between Information, System and Service Quality is maintained. 
[bookmark: _Toc296695632]Zeithaml, Parasuraman and Malhotra (2000) defined e-service quality more specifically as the extent to which a web site facilitates efficient and effective shopping, purchasing and delivery of product and services. Other relevant attributes regarding Service Quality are customer service (e.g. Cristobal, Flavián and Guinalíu 2007), privacy (e.g. Pasrasuraman, Zeithaml and Malhotra 2005), aesthetics[footnoteRef:5] (e.g. Gounaris, Dimitriadis and Stathakopoulos 2010) and social features (e.g. Ulbrich, Christensen and Stankus 2010). In this research social features are placed under the umbrella of Service Quality for two reasons. First of all, they can be seen as an extra service next to the core product. Furthermore, social features lead to users giving service or support to each other. As DeLone and McLean (2004) stated, it does not matter whether customer support is delivered by the IS department or is outsourced. [5:  It is not very clear whether aesthetics should be regarded as a Service Quality attribute. Since they represent how the system looks, one could also opt that it is a System Quality variable.] 


[bookmark: _Toc308479787]Music involvement
Lichtenstein, Bloch and Black (1988) found a strong link between WTP and a consumer’s product involvement. They found that for a given product class, consumers that are more highly involved in price relative to the product itself can be characterized as price conscious and consequently they tend to favour lower price levels. On the opposite, consumers more concerned with the product relative to the price can be characterized as product involved and consequently these consumers generally are more willing to pay higher prices.
Flynn, Eastman and Newell (1993) focused on rock-music consumption. The researchers found that participants who were highly involved with rock music also perceived themselves as knowledgeable about rock music and through opinion leadership shared this knowledge with others. They also were more likely to spend time listening to rock music, read rock-music magazines, to shop at record stores and to spend money on rock-music recordings.
On the contrary, Sinha and Mandel (2008) found that music involvement significantly negatively influences the respondent’s WTP for downloadable mp3’s. They measured this with the factors “concert attendance on a regular basis” and “whether a respondent plays any musical instruments”. 
A reason for these conflicting results could be that musically involved people do have a higher WTP for music, but not for mp3’s. Because they are more product-involved, they might care more about the quality of the music, which in their eyes could be fairly compromised in the case of compressed music like mp3’s. In general, an increase in Information Quality might be more relevant to those who are more involved with the information, because they are better capable of sensing and/or judging the differences in Information Quality than those with low involvement. Accordingly, the following hypotheses have been formulated:

H4:  Music involvement positively influences the WTP for a Music Streaming System.
H5: Higher music involvement of the consumer leads to a stronger positive effect of  
       Information Quality on the users’ WTP for a Music Streaming System.

[bookmark: _Toc308479788]Conceptual model
All the hypotheses formulated in this chapter have been integrated in a conceptual model; see Figure 6. 

[bookmark: _Ref300239021]Figure 6: Conceptual model
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[bookmark: _Toc308479789]Methodology
[bookmark: _Toc308479790]Empirical application
Because WTP should be measured in a setting that is as realistic as possible, it was decided to collect data from users of the MSS Spotify, using a setting that involved Spotify. Since Spotify currently is one of the most popular MSS’s (see ‘2.1 The music industry’) it was expected that Spotify users were the easiest to find. As described in ‘2.1 The music industry’, Spotify is a desk top client based MSS, which offers both a free service and two paid-for services. Table 1 in the same chapter shows which attributes are upgraded when users switch to one of the two paid-for services. These attributes are the main attributes analyzed in this research. 
Data was collected through a survey, which is shown in Appendix 1: ‘Survey’. Spotify users are expected to have sufficient knowledge of the subject of MSS’s and they should be able to understand and give value ratings to the different attributes of MSS’s described to them. Furthermore, in general, users of Spotify are a realistic target group since they do use MSS’s, but many of them do not pay for this usage (yet). Therefore, the actionability of the results of this target group is high for MSS’s.

[bookmark: _Toc308479791]Data Descriptives
Data was collected through the use of social network Facebook, multiple music streaming related forums and direct e-mailings. On Facebook and the forums, messages containing a link to the survey were placed on Spotify-related pages. People were encouraged to take the survey with an incentive (chance of winning 3 months Spotify Premium for free) and with the statement that they could help a scientific research and a student who is graduating. The direct e-mailings were mostly sent to Dutch students and youngsters and contained a similar message. Data was collected from 16 July 2011 to 7 August 2011. In this period, a total of 169 surveys was collected. Out of this 169 surveys, 55 had to be excluded because they were unfinished. Three more surveys were excluded, because they seemingly contained unrealistic results. Therefore, there were 111 surveys that could be used for the analyses. 
The features of the group of respondents are fully reported in the tables in Appendix 3: ‘Respondents description’. The mean age of all respondents was 27.5 years old, which is in line with the “core” digital music audience, which is between 21 and 34 years old (Nielsen Music, Jan. 2011). 79.3% of the respondents were male and 20.7% female. Most respondents live in the Netherlands (47.7%) and the USA (28.8%). This can be explained by the fact that most direct e-mailings considering the survey were sent to Dutch students and youngsters. Furthermore, during the period that the survey was online, Spotify very recently launched in the USA, which caused a lot of “buzz” on the Internet and specifically Facebook. Therefore, the Spotify-related pages on Facebook were probably frequently visited by enthusiastic North-Americans in that period. 
More than three-quarters of the respondents use Spotify Open versus little less than a quarter who have a paid-for subscription. Almost one-third of the respondents considered themselves to be moderately trend conscious and a bit more than one-third considered themselves to be fairly trend conscious. More than half of the respondents, 63.1%, perceived themselves to be more involved in music than the average person and almost 40% of the respondents (sometimes) play a music instrument.
Finally, it is interesting to note that, out of 111 respondents, there were 11 who would not pay anything at all for any conjoint offering. These respondents were mostly Dutch (10 out of 11) and were aged between 20 and 36 years old.

[bookmark: _Toc308479792]Measuring MSS Quality
The conceptualization of the two independent variables that were adopted from the DeLone and McLean framework, Information Quality and System Quality, as well as the variable Service Quality[footnoteRef:6], which was assessed to be complete, is shown in Tables 2 to 4. These tables show the construction of 20 variables out of the 29 attributes that were discussed in ‘2.3 Information System success’. Because not all 29 attributes seemed relevant and practical to assess, 9 attributes were excluded from assessment; their variable names in Tables 2 to 4 are indicated with “[--]”. Seven of the 20 assessed variables are indicated with a star (*). These are the attributes that are related to Spotify´s offerings which are also shown in Table 1; they played an important role in the main analysis of this research. See ‘3.4 Measuring WTP’ for further elaboration. [6:  For the sake of completeness, Service Quality eventually also was assessed, although not as thorough as System and Information Quality.] 

There were some attributes that seemed to be important in assessing MSS quality, but that could not be assigned easily and undoubtedly to one category (as was stated correspondingly in ‘2.3 Information System success’). These attributes were: “The possibility to add songs/mp3’s of your own to a playlist”, “Whether the MSS looks attractive (aesthetics)” and ”The ability to share music with contacts”. To solve this problem, a correlation matrix was made based on importance ratings of all 20 attributes given by the respondents of the survey. This matrix can be found in Appendix 2: ‘Correlation matrix’. The matrix was used to see with what other attributes these three attributes correlate the highest and how they could be properly assigned. The attribute “The possibility to add songs/mp3’s of your own to a playlist”, seemed to correlate the highest with other System Quality – Flexibility attributes; it was therefore added to Table 2. The attribute “Whether the MSS looks attractive (aesthetics) was found to correlate the highest with System Quality attributes in general and was also added to Table 2. The attribute “The ability to share music with contacts” was found to correlate the highest with Service Quality attributes in general and was added to Table 3. 
[bookmark: _Ref300487344][bookmark: _Ref301531925][bookmark: _Ref300487336]Next to the MSS attributes, several other constructs had to be developed, see Table 4. Music involvement is an integral part of the hypotheses and is measured in two constructs: objective music involvement and subjective music involvement. Trend consciousness is proven to have an impact on WTP for digital music (Walsh et al. 2003) and was therefore added as a covariate in most of the built models. 


Table 2: MSS success measures, System Quality
	SYSTEM QUALITY

	IS success measure
	MSS attribute
	Variable

	Ease of use / accessibility
	Presence of ‘help’ functions
	Sys.Qual.: Help functions

	
	Whether the MSS works intuitively and is easy to navigate
	Sys.Qual.: Works intuitively

	Response time
	How long does the system take to respond to any action of the consumer
	Sys.Qual.: Response time

	Dependability
	The extent to which the service is available on demand
	Sys.Qual.: Availability

	
	The extent to which the system works flawless, without stuttering
	Sys.Qual.: Performance

	
	Usage limitations like a maximum of 10 hours per month streaming
	Sys.Qual.: Usage limitations*

	Flexibility
	The possibility for the consumer to adjust the lay-out/appearance of the service
	Sys.Qual.: Custom lay-out

	
	The degree to which a system can adapt to a user’s music tastes in the form of recommendations
	Sys.Qual.: Recommendations

	
	The possibility to add songs/mp3’s of your own to your playlist
	Sys.Qual.: Own songs

	
	Radio Mode; generated playlist based on e.g. specified genres and artists
	Sys.Qual.: Radio mode*

	
	Usage on mobile phone
	Sys.Qual.: Usage mobile*

	
	Offline mode, play playlists without Internet connection
	Sys.Qual.: Offline mode*

	Aesthetics
	Whether the MSS looks attractive 
	Sys.Qual.: Aesthetics



[bookmark: _Ref300483252][bookmark: _Ref300487333][bookmark: _Ref300484391]Table 3: MSS success measures, Information Quality
	INFORMATION QUALITY

	IS success measure
	MSS attribute
	Variable

	Accuracy
	Presence of the right versions of the songs, instead of covers or snippets (samples)
	[--]

	
	Presence of ads and commercials
	Inf.Qual.: Ads*

	Completeness
	The extensiveness of the database of songs
	Inf.Qual.: Extensiveness 

	
	Exclusive content, like pre-releases, live recordings and rarities
	Inf.Qual.: Exclusive content*

	Currency
	Whether the database is up-to-date with new releases
	[--]

	Format
	Quality of the music in terms of kbit
	Inf.Qual.: Sound quality*

	Customisation of the information
	The possibility to listen to the music of choice (instead of ‘regular’ radio)
	[--]

	
	The possibility to make playlists
	[--]

	
	The possibility to make (re)mixes of the songs
	[--]


Table 4: MSS success measures, Service Quality
	SERVICE QUALITY

	IS success measure
	MSS attribute
	Variable

	Efficiency and effectiveness regarding transactions
	Immediate enhanced functionalities after payment
	[--]

	
	Safety of payments
	[--]

	
	Easy and convenient `shopping´
	[--]

	Customer service
	Good individual customer service
	Ser.Qual.: Customer service

	
	Information about new releases and other interesting music facts
	Ser.Qual.: Information service

	Privacy
	The assurance that personal consumer information is not shared with third parties
	[--]

	Social Quality
	The ability to share music with contacts
	Ser.Qual.: Share music




Table 5: Measurement of constructs
	Constructs

	Construct
	Measurement
	Variable

	Objective music involvement
	Frequency of visiting concerts in big venues
	Big concerts attendance

	
	Frequency of visiting concerts in small venues
	Small concerts attendance

	
	Whether respondent plays any musical instruments and how often
	Play instrument

	
	Frequency of information retrieval about music, through magazines, online etcetera
	Information retrieval

	Subjective music involvement
	Self-stated music involvement
	Subjective involvement

	Trend consciousness
	Self-stated trend consciousness
	Trend consciousness



[bookmark: _Toc308479793]Measuring WTP
Assessing the influence of multiple product attributes on WTP often is done by showing them to the respondents conjointly, because in real-life, people also often have to choose between products and not between attributes. However, it is fairly clear that consumers can not judge more than six to eight attributes at the same time. To assess the influence of a large amount of attributes on WTP in a conjoint manner, an ideal method to use would be ACA. However, this would have required many more participants and the usage of expensive software; both not possible within the scope of a Master’s thesis research. For the same reason, CBC could not be used as well. The Hierarchical Information Integration approach also was not used, because this would have involved an extra step in the data gathering process, which would have taken too much time. Therefore, it was decided to adopt a “classic” ratings based conjoint analysis working method and generate a card plan (also called conjoint plan), using SPSS, for six to eight attributes only.
The answer to solve the problem of which of the 20 attributes needed to be assessed conjointly was found in the empirical application: Spotify offers several upgrades of features (attributes) for paying customers in comparison to the free version. These were seven attributes (see Table 1 and the stars in Tables 2 and 3). With four System Quality and three Information Quality attributes, there was a good balance between the assessment of System and Information Quality. The usage of these attributes also made the conjoint assessment of the attributes quite realistic, because in real life Spotify consumers have to value these same attributes conjointly as well. A drawback of this solution was that the direct effect of Service Quality on WTP could not be assessed. 
Using SPSS, a card plan was generated with the seven attributes. In accordance with the offerings of Spotify, the seven attributes were incorporated dichotomously: they could be either present or not. This resulted in 12 cards (offerings). Price could have been incorporated in several ways. The first option was to ask the respondents (open ended) what they would pay for every card. This method was not used because it was expected that this would yield many €0,- answers. The second option was to use CVM for every card. This method was not used because this would have made the survey very long or many more respondents would have been needed. The third option was to incorporate price in the conjoint plan as an attribute with multiple levels. This would have yielded significantly more cards, which again would make the survey very long or many more respondents would have been needed. Therefore, it was decided to measure the respondents’ Willingness To Buy (WTB) instead of WTP directly[footnoteRef:7]. Their WTB was assessed by letting them rate each card three times by stating the probability that they would use the proposed service on the card for €2,50, €5,- and €10,- (or other currencies, corresponding to the respondent’s country of origin). The €5,- and €10,- options were incorporated because these resemble the prices Spotify asks for the paid-for subscriptions. The price €2,50 was added because it was expected that respondents would give a buying probability of 0% so many times for €5.- and €10.- that there would not be enough variance in the answers for proper analysis.  [7:  It is easily assumed that WTP and WTB share the same drivers and that all notions described in ‘2.2 Willingness To Pay’ hold up as much for WTB as for WTP.] 

The task, where the respondents needed to rate 12 cards three times (for three different prices) will from now on be called the WTB Task. The results of the WTB Task were analysed with two different techniques: conjoint analysis and linear regression, which resulted in Model 1 and Model 2 respectively. These models were compared to check for consistency and were mainly used to assess the validity of the hypotheses. 
To compensate for the relatively small amount of attributes that could be assessed in the WTB Task, a second rating task involving all 20 attributes (of Tables 2 to 4) was constructed. The respondents needed to rate the 20 attributes, on a scale from 1 to 10, indicating how important these attributes are to them when using an MSS. This second rating task from now on will be called the Importance Task. The results of the Importance Task were analysed with linear regression and resulted in Model 3. These outcomes were mainly used to create a broader view of the importance of the attributes of MSS’s and to check the validity of the conclusions of the WTB Task.



[bookmark: _Toc308479794]Analysis and Results
[bookmark: _Toc308479796]Factor analyses
Objective music involvement
	To prevent multicollinearity issues, the four objective music involvement variables showed in Table 5 were summarized into one variable. Factor analysis suggested the usage of only one factor, which will be called Objective music involvement from now on; see Appendix 5: ‘Dimension reduction’ for correlation,  the Eigen Values of the components and their reflection point. To assess Objective music involvement, a new scale was constructed as follows:
· ScaleObj. music involvement = ( ScaleBig concerts attendance + ScaleSmall concerts attendance + ScalePlay instrument + ScaleInformation retrieval ) / 4. 

This yielded a scale of 0 to 3,75.[footnoteRef:8] The original scales were also tested together using Cronbach’s α. This yielded ‘normal’ α = 0,656, a little lower than the generally accepted α = 0,7 – 0,8. However, removal of any of the four basic scales did not improve this value meaningfully and since 0,66 is close to 0,7, this value was viewed as acceptable to work with. [8:  ( 4 + 4 + 3 + 4 ) / 4 = 3,75] 

	The variable Objective music involvement was also translated into four dummy variables; see Table 6. The names of the variables were constructed based on the number of respondents in that group. For instance, it seemed logical to name the group of Objective music involvement 1 – 1.75 ‘Medium objective music involvement’, because the largest part of all respondents falls into that group. For the same reason, this variable is also used as the baseline when the dummy variables were used in linear regression.

Table 6: Dummy variables objective music involvement
	Variable
	Obj. music involvement scale
	No. of respondents

	Low obj. involvement
	0 – 0.75
	33

	Medium obj. involvement
	1 – 1.75
	54

	High obj. involvement
	2 – 2.75
	20

	Very high obj. involvement
	3 – 3.75 
	4





Importance of System, Information & Service Quality
In Appendix 4: ‘Results of Importance Task’, the general results of the Importance Task are reported. The features that seem to be most important for the respondents when using an MSS were Inf.Qual.: Extensiveness (mean = 8,88), Sys.Qual.: Availability (mean = 8,87) and Sys.Qual.: Performance  (mean = 8,82). The least important seem to be the attributes Inf.Qual.: Exclusive content (mean = 4,45) and Sys.Qual.: Custom lay-out (mean = 4,42).
Factor analysis did not overwhelmingly show that the 20 System, Information and Service Quality attributes measured in the Importance Task represent three single dimensions (respectively System, Information and Service Quality); see Appendix 5: ‘Factor analyses’. However, this did not rule out the possibility for the System Quality attributes (or for Information or Service Quality attributes) to at least measure the same concept.
It is likely that the System Quality attributes indicate the same concept, System Quality, as Cronbach’s α showed a value of α = 0,830 for these attributes. The Service Quality attributes also showed a high value of Cronbach’s α: α = 0,723. The Information Quality attributes did not show such a high connection; α = 0,341. (See also Appendix 5: ‘Factor analyses’.) However, because of the strong concepts of System and Service Quality, it was decided to view the ‘left over’ Information Quality as a concept as well and to average the given scores in the Importance Task into the three concepts of System, Information and Service Quality. The average importance scores of these three concepts are shown in Table 7. This table shows that, on average, Information Quality scored higher than System Quality regarding importance, and that System Quality on its turn scored higher than Service Quality.
	However, this method is slightly biased, because the mean of Inf.Qual. IMPORTANCE is based on only four Information Quality attributes, where the mean of Sys.Qual. IMPORTANCE is based on 13 attributes. 

Table 7: Descriptives MSS success variables
	Variable 
	Mean
	Std. Deviation

	Inf.Qual. IMPORTANCE
	7,41
	1,23

	Sys.Qual. IMPORTANCE
	6,85
	1,36

	Ser.Qual. IMPORTANCE
	5,84
	2,11




[bookmark: _Toc308479797]Model 1: Conjoint analysis
A first approach to assess the validity of the hypotheses was to perform several conjoint analyses on the WTB Task data. Four conjoint analyses were performed with four different dependent variables: WTB for EUR 2,50, WTB for EUR 5,-, WTB for EUR 10,- and just WTB. For the latter, price was inserted as an independent variable. The results were integrated in one model, Model 1. See Appendix 7: ‘Model 1: Conjoint analysis’.
For every dependent variable, it had to be indicated whether the effect on WTB was expected to be positive or negative and whether the effect was expected to be linear or of a higher order. Table 8 shows how the variables were inserted into the model. The variables Sys.Qual.: Usage limitations and Inf.Qual.: Ads were regarded to be limitations of the functionality of Spotify and therefore were expected to have a negative effect on WTP. The other variables were considered additions to the functionality of Spotify and therefore were expected to have a positive effect on WTP. Because all System and Information Quality variables were dichotomous, it seemed logical to assume a linear effect of every attribute. Price, which was only inserted in the last conjoint analysis as an independent variable, was expected to have a negative linear effect on WTB, since this effect was also shown to be significant in Model 2 (see ‘4.4 Model 2: Linear regression’).
[bookmark: _Ref300508764]
Table 8: Expected effect off variables on WTB
	Variable
	Expected effect

	Sys.Qual.: Usage limitations
	Linear, negative

	Sys.Qual.: Radio mode
	Linear, positive

	Sys.Qual.: Usage mobile
	Linear, positive

	Sys.Qual.: Offline mode
	Linear, positive

	Inf.Qual.: Ads
	Linear, negative

	Inf.Qual.: Sound quality
	Linear, positive

	Inf.Qual.: Exclusive content 
	Linear, positive

	Price
	Linear, negative



Appendix 7: “Model 1: Conjoint analysis” shows a comprehensive overview of the Utility Estimates of all seven attributes that were measured with the WTB Task. Furthermore, it shows that all conjoint analysis models estimated by SPSS showed significant correlations between the observed and estimated preferences. For every model, Pearson’s R scored a value above 0.9 (significance 0.000) and Kendall’s Tau constantly scored higher than 0,8 (significance 0.000). 
For all price levels, it shows positive utility effects for the System Quality attributes Sys.Qual.: Usage mobile and Sys.Qual.: Offline mode and for the Information Quality attributes Inf.Qual.: Sound quality and Inf.Qual.: Exclusive content. It shows negative effects for the System Quality attributes Sys.Qual.: Usage limitations and Sys.Qual.: Radio mode and for the Information Quality attribute Inf.Qual.: Ads. All effects showed the expected direction, except for the effect of Sys.Qual.: Radio mode, which showed a negative effect. Sys.Qual.: Radio mode seems to be a special case. An explanation for the negative result could be that the attribute was often misunderstood by the respondents. They probably thought that the radio option would take away the ability to freely determine which songs can be listened, instead of seeing it as an extra function of the service. A back-up for this explanation is that of all attributes, this attribute was reversed the most in every conjoint model. This indicates that there was probably a big segregation between the respondents about whether they should see the attribute as something positive or negative. 
Per analysis, a several amount of respondents was excluded from the performed conjoint analysis, because they indicated that they would not pay anything for any offering and there needs to be some variance in the answers to perform a conjoint analysis. 
Table 9 shows a briefer overview of Model 1: the averages of the Importance Values of the variables as calculated by SPSS. Price seemed to be quite important in comparison to the seven attributes; its Importance Value was higher than any Importance value of the seven attributes. However, it must be noted that the method to incorporate price as an independent variable, is slightly biased. As stated, incorporating price in the conjoint plan as an attribute with multiple levels, would have yielded significantly more cards. However, the general tendency of the results is clear and they give interesting additional information. Table 9 also shows that the System Quality attributes “Usage limitations” and “Usage on mobile phone” are clearly perceived as most important of all attributes.






 
Table 9: Model 1 overview – averaged importance values
	 
	Averaged
	EUR 2,50
	EUR 5,-
	EUR 10,-
	Price incorp.

	Price
	29,7
	-
	-
	-
	29,7

	Sys.Qual.: Usage limitations
	22,06
	25,34
	24,04
	21,43
	17,43

	Sys.Qual.: Usage mobile
	16,82
	19,27
	18,09
	16,85
	13,06

	Inf.Qual.: Ads
	12,96
	13,48
	14,32
	14,19
	9,84

	Inf.Qual.: Sound quality
	12,31
	12,33
	13,45
	14,31
	9,14

	Sys.Qual.: Offline mode
	10,25
	10,38
	10,74
	12,27
	7,6

	Inf.Qual.: Exclusive content
	9,73
	9,63
	10,34
	11,91
	7,05

	Sys.Qual.: Radio mode
	8,45
	9,56
	9,02
	9,04
	6,17

	[footnoteRef:9]Average Sys.Qual.[1]  [9: ] 

	16,38
	 
	 
	 
	 

	Average Inf.Qual.
	11,67
	 
	 
	 
	 

	 [1] The variable Sys.Qual.: Radio mode was left out in the calculation of Average Sys.Qual. because of the dubious reliability of the variable (the very high number of reversals).



[bookmark: _Toc308479798]Model 2: Linear regression
Another step to assess the validity of the hypotheses was to perform a linear regression on the WTB Task data. Three models were estimated using linear regression: Model 2a, 2b and 2c; see Appendix 6: ‘Model 2: Regression’ for a extensive overview and Table 10 for a brief overview. Models 2a, 2b and 2c in the appendix show R-values of respectively R = 0,530, R = 0,515 and R = 0,529. All models show an F-change significance at the 0,000 level.
 The dependent variable that was used for all Model 2 models is WTB. The independent variables that were used for Model 2a are: a) the seven variables that indicated the MSS attributes in the WTB Task, b) the three different price levels and c) Objective music involvement. Several covariates were added to Model 2a: Price, Gender, Trend consciousness and dummy variables of Age[footnoteRef:10] and Country of origin[footnoteRef:11] as well as interaction effects between Objective music involvement and the seven variables that indicated the MSS attributes.  [10:  A linear effect of age on WTB is not likely to be expected, that is why dummy variables were constructed. 19 to 25 y.o. was used as baseline, because this group is expected to be the most interested in music streaming.]  [11:  The Netherlands was used as baseline, because a substantial amount of the respondents was Dutch.] 

Model 2a shows that all MSS attribute variables were significant at the 0,000 level, except for Radio mode. The non-significance of Radio mode might be explained by misinterpretation of the respondents; see ‘4.3 Model 1: Conjoint analysis’. The attribute with the strongest influence on WTB was Sys.Qual.: Usage limitations (St. B = -0,234). The influence of price on WTB also showed a significant effect (St. B = -0,350); an effect stronger than the effect of any MSS attribute. Trend consciousness also showed a significant effect at the 0,000 level (St. B = 0,103) and Objective music involvement showed a significant effect at the 0,01 level (St. B = 0,042). The Age dummy variables showed significant effects compared to 19-25 y.o.: 0-18 y.o showed significance at the 0,001 level (St. B = -0,055), 26-35 y.o. showed significance at the 0,000 level (St. B = -0,096) and 36 y.o. and older showed significance at the 0,1 level (St. B = -0,028). Many countries of origin show a significant positive effect on WTB. However, one has to be cautious with basing conclusions on this fact, since many countries were represented by only a couple of respondents. The effect of only a couple of respondents is very likely to be inflated. Finally, two interaction variables also showed significant effects: Involv. X S.Q. Usage limitations on the 0,01 level (St. B = -0,035) and Involv. X S.Q. Radio mode at the 0,1 level. Apparently, Objective music involvement (further) negatively moderates the already negative effect of Usage limitations and Radio mode on WTB.
To create Model 2b, the seven independent variables that indicated the MSS attributes in the WTB Task were summarized into two independent variables: Sys.Qual. SCORE and Inf.Qual. SCORE. These scores indicate respectively how many System Quality attribute upgrades the card or conjoint offering contained and how many Information Quality attributes.[footnoteRef:12] Because Radio mode did not show any significant effect on WTB (see also ‘6 Conclusions and discussion’), it was left out in the calculation of Sys.Qual. SCORE. The other variables used for Model 2b were the same as for Model 2a. Testing of Model 2b and comparing the results showed that this model tends to strongly overestimate of WTB in comparison to Model 2a (and Model 2). However, the standardized coefficients, St. BSys.Qual. SCORE = 0,330 and St. BInf.Qual. SCORE = 0,174, can still be used to compare the relative effect of the different variables on WTB. The magnitude of the other significant effects in Model 2b was the same as in Model 2a. [12:  The absence of Usage limitations and Ads were both considered as upgrades.] 

For Model 2c, the same variables as for Model 2a have been used, except for Objective music involvement. This linear variable was replaced by the dummy variables described in Table 6, in order to obtain a deeper insight in the effect of the construct objective music involvement on WTB. The magnitude of the coefficients in Model 2c is the same as Model 2a. Only the effect of music involvement is more precisely defined. In comparison to Medium obj. involvement, Low obj. involvement shows no significant effect on WTB. However, High obj. involvement does show a significant effect, although this effect is quite small; B = 0,038. However, while High obj. involvement shows a significant effect compared to Medium obj. involvement, Very high obj. involvement does not show a significant difference to Medium obj. involvement. A plausible explanation for this fact is that the measure of Very high obj. music involvement is not very reliable, because there were only four respondents who fell into this category. 
No significant effect on WTP was found for the factor gender. This stands in contrast with the findings of Chiang and Assane (2009) and Sinha and Mandel (2008). This might be explained by the fact that these researches all were performed in the USA and probably reflected a more balanced proportion of males and females. This research only involved 23 females, which makes the assessment of whether gender is significant, less reliable. 

[bookmark: _Toc308479799]Model 3: Linear regression
The three constructed variables which are shown in Table 7 have been used as dependent variables in three linear regressions, which resulted in Models 3a, 3b and 3c; see Appendix 8: ‘Model 3: Linear regression’ for an extensive overview and Table 11 for a brief overview. Model 3a and 3c in the appendix show an F change significance of respectively p = 0,109 and p = 0,111, which is generally viewed as non-significant. However, these values do come close to the 0,1 level of significance. The reported R-values for Model 3a and 3c were respectively R = 0,429 and 0,428. Model 3b shows an F change significance value of p = 0,023 -which is generally accepted as significant- and an R-value of R = 0,476.
The independent variable that was used (for all three models) was Objective music involvement. The usual covariates were added to the models as well: Trend consciousness, Gender and dummy variables Age and Country of origin.
Few significant effects of independent variables on the dependent variables are visible within the models. All three models show a significant effect of Trend consciousness, at least at the 0,05 level, on the respective dependent variable. The Standardized B’s vary between 0,2 and 0,3. Objective music involvement shows a significant effect on Information Quality Importance only (sig = 0,055; St. B = 0,242). Finland showed a significant effect at the 0,05 level on Information Quality Importance (St. B = 0,233) and the United States showed a significant effect at the 0,05 level on System Quality Importance (St. B  = 0,218). Only the latter country might be relevant, since there were only few Finish people who made the survey.


Table 10: Model 2 coefficients overview
	 
	Model 2a
	Model 2b
	Model 2c

	 
	B 
	St. Beta
	B
	St. Beta
	B
	St. Beta

	(Constant)
	0,144***
	
	0,131***
	
	0,15***
	

	Sys.Qual.: Usage limitations
	-0,157*** 
	-0,234
	
	
	-0,157***
	-0,234

	Sys.Qual.: Radio mode
	-0,008 
	-0,011
	
	
	-0,008
	-0,011

	Sys.Qual.: Usage mobile
	0,115*** 
	0,171
	
	
	0,115***
	0,171

	Sys.Qual.: Offline mode
	0,059***
	0,088
	
	
	0,059***
	0,088

	Inf.Qual.: Ads
	-0,058***
	-0,086
	
	
	-0,058***
	-0,086

	Inf.Qual.: Sound quality
	0,08***
	0,12
	
	
	0,08***
	0,12

	Inf.Qual.: Exclusive content
	0,038***
	0,057
	
	
	0,038***
	0,057

	Sys.Qual SCORE
	
	
	0,33***
	0,285
	
	

	Sys.Qual SCORE
	
	
	0,174***
	0,151
	
	

	Price
	-0,038***
	-0,35
	-0,038***
	-0,35
	-0,038***
	-0,35

	Trend-consciousness
	0,034***
	0,103
	0,034***
	0,105
	0,034***
	0,105

	Objective music involvement
	0,018***
	0,042
	0,018***
	0,042
	
	

	Low obj. involvement
	
	
	
	
	-0,015
	-0,02

	High obj. involvement
	
	
	
	
	0,038***
	0,044

	Very high obj. involvement
	
	
	
	
	0,036
	0,02

	Gender
	0,008
	0,01
	0,008
	0,01
	0,01
	0,013

	0 - 18 y.o.
	-0,068***
	-0,055
	-0,071***
	-0,058
	-0,064***
	-0,052

	26 - 35 y.o
	-0,065***
	-0,096
	-0,065***
	-0,096
	-0,068***
	-0,1

	36 y.o. and older
	-0,032*
	-0,028
	-0,033*
	-0,029
	-0,027
	-0,024

	Finland
	0,064**
	0,031
	0,068**
	0,033
	0,068**
	0,033

	France
	-0,111**
	-0,031
	-0,109**
	-0,031
	-0,103**
	-0,029

	Norway
	-0,012
	-0,006
	-0,009
	-0,004
	-0,012
	-0,006

	Spain
	0,015
	0,013
	0,016
	0,014
	0,023
	0,02

	Sweden
	0,21***
	0,117
	0,212***
	0,118
	0,21***
	0,117

	United Kingdom
	0,183***
	0,072
	0,185***
	0,073
	0,191***
	0,075

	Other country
	0,104***
	0,05
	0,104 ***
	0,05
	0,105***
	0,051

	United States
	0,000
	0,000
	0,000
	0,001
	-0,002
	-0,003

	Involv. X S.Q. Usage limitations
	-0,012***
	-0,035
	
	
	
	

	Involv. X S.Q. Radio mode
	-0,008*
	-0,024
	
	
	
	

	Involv. X S.Q. Usage mobile
	-0,002
	-0,005
	
	
	
	

	Involv. X S.Q. Offline mode
	0,004
	0,012
	
	
	
	

	Involv. X I.Q. Ads
	0,004
	0,013
	
	
	
	

	Involv. X I.Q. Sound Quality
	0
	0,001
	
	
	
	

	Involv. X I.Q. Exclusive content
	-0,003
	-0,01
	
	
	
	

	Obj. involvement X Sys.Qual. SCORE
	
	-0,006
	-0,017
	
	

	Obj. involvement X Inf.Qual. SCORE
	
	
	0,001
	0,002
	
	

	Dependent variable: Willingness To Buy

	* Significant at p < 0,1; ** Significant at p < 0,05; *** Significant at p < 0,01





Table 11: Model 3 coefficients overview
	 
	Model 3a
	Model 3b
	Model 3c

	
	B
	Stand. Beta
	B
	Stand. Beta
	B
	Stand. Beta

	(Constant)
	5,776***
	
	5,073***
	
	2,124*
	

	Objective music involvement
	0,333*
	0,209
	0,004
	0,002
	0,146
	0,053

	Trend consciousness
	0,286**
	0,242
	0,398***
	0,303
	0,604***
	0,296

	What is your gender?
	0,22
	0,073
	0,265
	0,079
	1,212**
	0,234

	0 - 18 y.o.
	-0,029
	-0,007
	0,354
	0,071
	0,167
	0,022

	26 - 35 y.o.
	-0,148
	-0,06
	-0,502*
	-0,184
	-0,219
	-0,052

	36 y.o. and older
	0,256
	0,063
	-0,266
	-0,059
	0,849
	0,121

	Finland
	1,75**
	0,233
	0,977
	0,117
	0,495
	0,038

	France
	0,091
	0,007
	-1,051
	-0,073
	2,953
	0,133

	Norway
	-0,265
	-0,035
	0,26
	0,031
	0,1
	0,008

	Spain
	-0,136
	-0,032
	0,485
	0,102
	0,005
	0,001

	Sweden
	0,347
	0,053
	-0,032
	-0,004
	-0,323
	-0,029

	United Kingdom
	0,652
	0,071
	0,526
	0,052
	1,937
	0,123

	Other
	-0,286
	-0,038
	0,402
	0,048
	1,004
	0,078

	United States
	-0,262
	-0,097
	0,652**
	0,218
	-0,509
	-0,11

	Model 3a. Dependent Variable: Inf.Qual. IMPORTANCE
	 
	 
	
	

	Model 3b. Dependent Variable: Sys.Qual. IMPORTANCE
	
	
	
	

	Model 3c. Dependent Variable: Ser.Qual. IMPORTANCE
	
	
	
	

	* Significant at p < 0,1; ** Significant at p < 0,05; *** Significant at p < 0,01





[bookmark: _Toc308479800]Conclusions and discussion
[bookmark: _Toc308479801]Perceived IS Quality and WTP
In Model 1 it is shown that all seven MSS attributes lead to higher utility levels for the respondents group. Therefore, it can be stated that for every System and Information Quality attribute that was measured, there is at least some WTP in the respondents group. This provides some first support for H1 and H2. Support for H3 can also be found in Model 1: the average importance value of the System Quality attributes is higher than the average importance value of the Information Quality attributes (16,38 versus 11,67 respectively).
The results depicted in Model 2 provide support for the assumptions that dependability (Sys.Qual.: Removal usage limitations), flexibility (Sys.Qual.: Usage mobile and Sys.Qual.: Offline mode), accuracy (Inf.Qual.: Removal ads), format (Inf.Qual.: Sound quality) and completeness (Inf.Qual.: Exclusive content) positively[footnoteRef:13] and significantly affect WTB and thus WTP. These results therefore provide good support for H1 and H2; that perceived Information and System Quality positively affect WTP. [13:  Sys.Qual.: Usage limitations and Inf.Qual.: Ads showed a negative influence on WTB. However we can state that the removal of “Usage limitations” and “Ads and commercials” positively affects WTB.] 

	Model 2b shows that when the seven tested attributes are summarized to Sys.Qual. SCORE and Inf.Qual. SCORE, these new variables also significantly influence the WTB and thus WTP. Although WTB estimations done by using Model 2b might not be very accurate, this fact nonetheless provides some additional support for H1 and H2 (after all, the effects are significant). Also, the models show that the effect of Sys.Qual. SCORE on WTB (St. B = 0,285) is almost twice as much as the effect of Inf.Qual. SCORE on WTB (St. B = 0,151), which strongly suggests support for H3; that perceived System Quality has a bigger positive influence on WTP than perceived Information Quality. However, one has to bear in mind that this is the result of only seven assessed attributes and put this result somewhat in context. For instance, extensiveness of the song database, an Information Quality attribute, scored highest in the Importance Task.

[bookmark: _Toc308479802]Music involvement and WTP
Model 2 shows strong support for H4; that music involvement positively influences the WTP for an MSS. Both Model 2a and 2b indicate that music involvement positively influences the WTB and therefore WTP for an MSS. Although the effect is not big, it is significant and according to these models, a consumer that is really involved with music could have a WTB that is about 6,75%[footnoteRef:14] higher than a consumer who is totally uninvolved with music. Model 2c also provides support for H4 and further illustrates the effect in a more sophisticated manner. It shows that music involvement has no effect on WTP, unless it exceeds a certain threshold; in this model the threshold would be ‘higher than the average’. According to this model, a consumer who is involved in music higher than average, could have a WTB that is on average about 4,40% higher. [14:  Obj. music involvement scale maximum times Obj. music involvement B 3,75 x 0,018 = 0,0675] 

Both Models 2a and 2b do not provide support for H5; that higher music involvement of the consumer leads to a higher positive effect of Information Quality on the consumer´s WTP for MSS´s. There is no significant interaction effect found between the variable Objective music involvement and the Information Quality attributes (nor Inf.Qual. SCORE). However, Model 3a shows an effect of significance below the 0,1 level of Objective music involvement on the importance of Information Quality attributes. There is no such effect for System or Service Quality attributes. Although Cronbach´s α for the Information Quality attributes was rather low, and the F change value of the model is not significant, this notion is still interesting. Because the effect is significant on the 0,1 level, at least some sort of relationship is exposed. Although there is no direct evidence for an effect on WTP, apparently higher music involvement might lead to higher appreciation of Information Quality attributes in an MSS. 

[bookmark: _Toc308479803]Academic and managerial implications
This research has shown that the DeLone and McLean model is as well suited for assessing MSS success as it is for assessing IS success. The framework shown in 3.3 can be utilized not only to measure WTP but also for a wide variety of other MSS assessments, such as intention to use, consumer satisfaction, perceived quality, perceived importance and so forth. This research furthermore shows the suitability of the DeLone and McLean framework for measuring WTP for IS’s in general; a notion that could be expected, but as far as known is not being practiced, or at least not on a widely scale. With help from Zeithaml’s (1988) means-end model relating price, quality and value, a new and sophisticated framework or model might even be developed, which could lie at the basis of the assessment of a wide variety of digital services and systems.
Just as several other digital music researches (e.g. Wade 2004) indicated, there is still a substantial amount of people with a certain WTP for digital music to be found -especially within the age group of 19 to 25 years old- although many free illegal alternatives exist. Although this WTP by some might be regarded as rather low, this notion gives fuel for brainstorming about sustainable business models in a market that sometimes is developing faster than practitioners can (or like to) adapt to.
The fact that all seven attributes shown in Figure 4 (except for Radio mode) show a significant influence on WTB, gives credit for the ‘freemium’ model as utilized by Spotify (and several other MSS’s). Furthermore, usage limitations and the usage on a mobile phone clearly have the largest influence on WTP; larger than the effect of advertisements and commercials. These results suggest that the removal of advertisements and commercials is not crucial for MSS’s to create WTP among their customers. The created models show that the removal of ads could easily be replaced with the addition of another attribute, such as higher sound quality, offline mode for playlists or the usage on a mobile phone. This would mean that Spotify, or any other MSS, does not have to sacrifice this alternative source of income. It would not be advisable to suddenly completely change the offerings of Spotify as how they are right now -this would probably not be accepted by current subscribers- but the addition of a variety of new offerings seems to be worth trying. One could even think of an á la carte plan, where customers can pick the attributes they would like have upgraded and pay for them per piece.
Of the seven assessed attributes regarding WTP, the System Quality attributes seem to generate a higher WTP than the Information Quality attributes. When building subscription plans, this is an interesting fact to bear in mind for MSS’s. Especially the usage on a mobile phone is valued high in terms of WTP. This attribute can probably be a major source of income.
The fact that the extensiveness of the music database was indicated by the respondents to be the most important attribute when using an MSS, clearly shows the relevance of the legal issues MSS’s currently experience in their negotiations with record labels. Although it is understandable that record labels and other representatives would like to see the works they represent protected and generating good profits, they themselves play an important role in the success and profitability of the MSS market. Availability of the service and its performance scored second-best and third-best relatively in importance for the average MSS consumer. This again shows the importance of a reliable system, but it also needs to be easily available. For Spotify specifically, this could mean the initialization of a web-based service next to its desk top client.
The models show the significance of the influence of trend consciousness and music involvement on WTP for digital music. When assessing (WTP for) digital music, adding this factor as covariates is crucial to obtain reliable models, perhaps even more than the more “standard” covariates, such as demographics and country specific variables. A consumer’s trend consciousness and music involvement seem to be even more important than some MSS attributes. Furthermore, the age group of between 19 and 25 years old on average wants to pay more for MSS’s than other age groups. It is therefore advisable for MSS’s to target these segments, in order to obtain an optimal investment/revenue ratio.
[bookmark: _Toc308479804]Limitations and future research
In general, since this is a Master’s thesis, time and budget constraints imposed limitations on the comprehensiveness of this research. The amount of statistical techniques that could be utilized was limited. For instance, only hypothetical WTP (or WTB in this case) could be measured instead of actual WTP, which unfortunately did not lead to a trustworthy estimation of the height of WTP (or WTB), as was indicated in ‘2.2 Willingness To Pay’. However, the estimated models are valuable in assessing the difference between MSS attributes and other variables in their affecting of WTP and the hypotheses’ validity could therefore be assessed. 
The same time and budget constraints also influenced the number of respondents gathered for the assessment. Unfortunately, this led to an unbalanced representation of gender and of countries of origin.
Furthermore, the assessment of the MSS attributes would have been more realistic if a choice-based conjoint format was used; ideally ACA. ACA would have made it possible to assess all 20 attributes in one research (but would have needed many more respondents). ACA also was not possible because of time and budget constraints. 
It was also impossible to check for the influence of all possible interaction combinations of variables. The ones that seemed most logical and important have been assessed. However, the effect of trend consciousness for example might be more sophisticated than shown in the models, since it showed such strong effects on its own already.
Resuming, it would be very interesting to see if these results could be replicated when a research is done on a greater scale, with more respondents from every country, a better balance in gender representation and more attributes to be assessed conjointly (through the use of for example ACA). Furthermore, to fine grain all the possible effects, it would be best to check many more interaction combinations of the variables. 
[bookmark: _Toc308479805]
Conclusions
Strong support was found for the hypotheses H1, H2 and H3; that perceived System and Information Quality positively influence WTP and that the effect of perceived System Quality is stronger than that of perceived Information Quality. However, regarding the latter, one has to bear in mind that this is the result of only seven assessed attributes and put this result somewhat in context. For instance, extensiveness of the song database, an Information Quality attribute, scored the highest average importance rating of the respondents.
Although not very strong, a significant effect of objective music involvement on WTP was also found, which provides support for H4; that music involvement positively influences the WTP for an MSS. This effect becomes significant when a certain threshold, ‘higher music involvement than average’, is exceeded. H5 (higher music involvement of the consumer leads to a stronger positive effect of Information Quality on the consumer´s WTP for MSS´s) is not supported by any significant effects. However, the line of thinking from which the hypothesis was constructed, intuitively makes sense: people who are highly involved in music might be more sensitive for changes in Information Quality in comparison to not so highly involved persons.
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Appendices

1. Survey


2. Correlation matrix

















3. Respondents description

                                                         Age
	N
	Minimum
	Maximum
	Mean
	Std. Deviation

	111
	15
	55
	27,52
	7,793



	[bookmark: _Ref300430390]Gender

	 
	Frequency
	Percent

	Male
	88
	79,3

	Female
	23
	20,7



	[bookmark: _Ref300430847]Country of origin

	 
	Frequency
	Percent

	Finland
	3
	2,7

	France
	1
	,9

	Netherlands
	53
	47,7

	Norway
	3
	2,7

	Spain
	10
	9,0

	Sweden
	4
	3,6

	United Kingdom
	2
	1,8

	Other
	3
	2,7

	United States
	32
	28,8



	Subscription type

	 
	Frequency
	Percent

	Spotify Open (free version)
	89
	80,2

	Spotify Unlimited
	5
	4,5

	Spotify Premium
	17
	15,3




	Trend consciousness

	 
	Frequency
	Percent

	Not at all
	4
	3,6

	Not really
	15
	13,5

	Moderate
	31
	27,9

	Fairly
	43
	38,7

	Very
	18
	16,2


















	                                                         Music Involvement
	 
	 

	
	Frequency
	Percent

	Play music instrument
	
	

	    No
	69
	62,2

	    Yes, but less than once a week
	19
	17,1

	    Yes, at least once a week
	9
	8,1

	    Yes, (nearly) every day
	14
	12,6

	Attendance small music concerts
	 
	 

	    Less than once per year
	26
	23,4

	    Between once per year and once per 6 months
	29
	26,1

	    Between once per 6 months and once per month
	38
	34,2

	    Between once per month and once per week
	13
	11,7

	    Once per week or more
	5
	4,5

	Attendance big music concerts
	 
	 

	    Less than once per year
	29
	26,1

	    Between once per year and once per 6 months
	44
	39,6

	    Between once per 6 months and once per month
	33
	29,7

	    Between once per month and once per week
	5
	4,5

	Consultancy music magazines and other information sources

	    Never
	19
	17,1

	    Less than once a Month
	28
	25,2

	    Once a Month
	24
	21,6

	    Once a Week
	25
	22,5

	    Daily
	15
	13,5

	Self-stated: More involved in music than others
	 

	    Yes
	70
	63,1

	    No
	30
	27,0

	    I don't know
	11
	9,9





4. Results of Importance Task

                                                                       Descriptive Statistics
	Variable
	IS success measure
	Mean
	Std. Deviation

	Inf.Qual.: Extensiveness 
	InfQ-Completeness
	8,88
	1,762

	Sys.Qual.: Availability
	SysQ-Dependability
	8,87
	1,389

	Sys.Qual.: Performance
	SysQ-Dependability
	8,82
	1,343

	Sys.Qual.: Usage limitations
	SysQ-Dependability
	8,80
	1,747

	Inf.Qual.: Sound quality
	InfQ-Format
	8,44
	1,530

	Sys.Qual.: Response time
	SysQ-Response time
	7,95
	2,044

	Inf.Qual.: Ads
	InfQ-Accuracy
	7,85
	2,216

	Sys.Qual.: Works intuitively
	SysQ-Ease of use/Accessibility
	7,77
	1,737

	Sys.Qual.: Usage mobile
	SysQ-Flexibility
	6,98
	3,066

	Sys.Qual.: Offline mode
	SysQ-Flexibility
	6,80
	2,624

	Ser.Qual.: Customer service
	SerQ-Customer service
	6,72
	2,443

	Sys.Qual.: Aesthetics
	SerQ-Aesthetics
	6,43
	2,467

	Sys.Qual.: Recommendations
	SysQ-Flexibility
	6,23
	2,427

	Sys.Qual.: Own songs
	InfQ-Customization of content
	6,11
	3,158

	Ser.Qual.: Share music
	SerQ-Social Quality
	5,68
	2,835

	Ser.Qual.: Information service
	SerQ-Customer service
	5,13
	2,601

	Sys.Qual.: Help functions
	SysQ-Ease of use/Accessibility
	5,05
	2,732

	Sys.Qual.: Radio mode
	SysQ-Flexibility
	4,82
	2,721

	Inf.Qual.: Exclusive content
	InfQ-Completeness
	4,45
	2,743

	Sys.Qual.: Custom lay-out
	SysQ-Customization of the system
	4,42
	2,463

	Valid N (listwise)
	
	
	





5. [bookmark: _Ref300509390]
 Model 1: Conjoint analysis 
	Utilities

	
	
	EUR 2,50
	EUR 5,-
	EUR 10,-
	Price incorp.

	 
	 
	Utility Estimate
	Std. Error
	Utility Estimate
	Std. Error
	Utility Estimate
	Std. Error
	Utility Estimate
	Std. Error

	Sys.Qual.: Usage limitations
	No limitations
	0
	0
	0
	0
	0
	0
	0
	0

	
	Max. 10h streaming per month
	-0,232
	0,041
	-0,198
	0,046
	-0,148
	0,046
	-0,175
	0,026

	Sys.Qual.: Radio mode
	No
	0
	0
	0
	0
	0
	0
	0
	0

	
	Yes
	-0,015
	0,041
	-0,007
	0,046
	-0,006
	0,046
	-0,008
	0,026

	Inf.Qual.: Ads
	No
	0
	0
	0
	0
	0
	0
	0
	0

	
	Yes
	-0,074
	0,041
	-0,077
	0,046
	-0,062
	0,046
	-0,064
	0,026

	Sys.Qual.: Usage mobile
	No
	0
	0
	0
	0
	0
	0
	0
	0

	
	Yes
	0,173
	0,041
	0,143
	0,046
	0,105
	0,046
	0,128
	0,026

	Sys.Qual.: Offline mode
	No
	0
	0
	0
	0
	0
	0
	0
	0

	
	Yes
	0,078
	0,041
	0,08
	0,046
	0,062
	0,046
	0,066
	0,026

	Inf.Qual.: Sound quality
	Medium (160 kbps)
	0
	0
	0
	0
	0
	0
	0
	0

	
	High (320 kbps)
	0,107
	0,041
	0,101
	0,046
	0,091
	0,046
	0,089
	0,026

	Inf.Qual.: Exclusive content
	No
	0
	0
	0
	0
	0
	0
	0
	0

	
	Yes
	0,032
	0,041
	0,054
	0,046
	0,062
	0,046
	0,042
	0,026

	Price
	EUR 2,50
	-
	-
	-
	-
	-
	-
	-0,105
	0,01

	
	EUR 5,-
	-
	-
	-
	-
	-
	-
	-0,21
	0,021

	
	EUR 10,-
	-
	-
	-
	-
	-
	-
	-0,419
	0,041

	(Constant)
	 
	0,431
	0,058
	0,237
	0,065
	0,133
	0,066
	0,494
	0,043



	Importance Values

	 
	Averaged
	EUR 2,50
	EUR 5,-
	EUR 10,-
	Price incorp.

	Price
	29,70
	-
	-
	-
	29,70

	Sys.Qual.: Usage limitations
	22,06
	25,34
	24,04
	21,43
	17,43

	Sys.Qual.: Usage mobile
	16,82
	19,27
	18,09
	16,85
	13,06

	Inf.Qual.: Ads
	12,96
	13,48
	14,32
	14,19
	9,84

	Inf.Qual.: Sound quality
	12,31
	12,33
	13,45
	14,31
	9,14

	Sys.Qual.: Offline mode
	10,25
	10,38
	10,74
	12,27
	7,60

	Inf.Qual.: Exclusive content
	9,73
	9,63
	10,34
	11,91
	7,05

	Sys.Qual.: Radio mode
	8,45
	9,56
	9,02
	9,04
	6,17

	Average Sys.Qual.[footnoteRef:15]  [15:  The variable Sys.Qual.: Radio mode was left out in the calculation of Average Sys.Qual. because of the dubious reliability of the variable (the very high number of reversals).] 

	16,38
	 
	 
	 
	 

	Average Inf.Qual.
	11,67
	 
	 
	 
	 

	Averaged Importance Score
	
	
	
	
	





	Number of reversals

	 
	 
	Average
	EUR 2.50
	EUR 5,-
	EUR 10,-
	Price Incorp.

	Factor
	Sys.Qual.: Radio mode
	46,8
	45
	51
	38
	53

	
	Inf.Qual.: Ads
	27,8
	36
	27
	16
	32

	
	Inf.Qual.: Exclusive content
	25,0
	34
	24
	15
	27

	
	Sys.Qual.: Offline mode
	17,8
	22
	17
	13
	19

	
	Sys.Qual.: Usage mobile
	12,5
	19
	10
	6
	15

	
	Inf.Qual.: Sound quality
	12,0
	18
	12
	4
	14

	
	Sys.Qual.: Usage limitations
	7,0
	10
	6
	5
	7

	 
	Price
	1,0
	 
	 
	 
	1



	Correlationsa

	 
	EUR 2.50
	EUR 5,-
	EUR 10,- 
	Price incorp.

	 
	Value
	Sig.
	Value
	Sig.
	Value
	Sig.
	Value
	Sig.

	Pearson's R
	0,970
	0,000
	0,954
	0,000
	0,927
	0,000
	0,940
	0,000

	Kendall's tau
	0,848
	0,000
	0,848
	0,000
	0,962
	0,000
	0,885
	0,000

	a. Correlations between observed and estimated preferences



	Number of left-out cases

	EUR 2.50
	11

	EUR 5,-
	17

	EUR 10,-
	39

	Price Incorp.
	11




Which of the following have you done in the last 3 months?
% of world population (Sep. 2010)	Watched music videos on my computer	Downloaded a song from the Internet without paying for it	Streamed music on my computer	Watched music videos on mobile phone	Streamed music on my mobile phone from a music mobile application	Downloaded or used music apps on my mobile phone	Paid to download a music track to my computer	Paid to download a whole digital album to my computer	57	49	26	22	20.5	20	17	9	
Source: Nielsen Music/Midem (January 2011)


Global understanding of streaming services
I know what music streaming services are, and I'm interested	Male	Female	Under 20	21 to 24	25 to 29	30 to 34	35 to 39	40 to 44	45 to 49	50 to 54	26	19	29	34	31	31	31	21	18	12	I know what music streaming services are, but I'm not interested	Male	Female	Under 20	21 to 24	25 to 29	30 to 34	35 to 39	40 to 44	45 to 49	50 to 54	44	33	36	40	39	37	42	40	41	40	I don't know what music streaming services are	Male	Female	Under 20	21 to 24	25 to 29	30 to 34	35 to 39	40 to 44	45 to 49	50 to 54	28	48	35	26	29	32	36	40	40	49	
% of 
global 
popu-
lation
(Sep. 2010)


WTP versus Customer Satisfaction
CS	-4.5999999999999996	-4	-2	0	2	4	5.8	0.5	1	2.6	3	3.4	4.5	7.1	Customer Satisfaction
Willingness to Pay

Global recorded Music Sales 1997-2010
US$ billions, trade value
Physical	1997	1998	1999	2000	2001	2002	2003	2004	2005	2006	2007	2008	2009	2010	26.1	27.3	27.3	26.9	26.5	24.7	22.9	22.3	20.8	18.8	16.399999999999999	13.9	12.2	10.4	Performance rights	1997	1998	1999	2000	2001	2002	2003	2004	2005	2006	2007	2008	2009	2010	0.4	0.4	0.5	0.5	0.60000000000000064	0.60000000000000064	0.8	0.8	0.9	Digital	1997	1998	1999	2000	2001	2002	2003	2004	2005	2006	2007	2008	2009	2010	0.4	1.2	2.2000000000000002	3.1	4	4.4000000000000004	4.5999999999999996	
[image: ] (
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