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ABSTRACT
This paper investigates the existence of a double-negative effect on the wages of immigrant females participating in the Dutch labour market. To carry out our analysis we use a large cross-sectional dataset, i.e. the 2002 round of the LSO, that covers approximately 60.000 employees. Our regression results show that the wages are positively related to individual age, seniority and education. Furthermore, we find that, controlling for a variety of other characteristics, female employees earn less than their male counterparts. Our wage decomposition results suggest that while a substantial portion of this gap can be explained by observable characteristics, a small but significant fraction remains unaccounted for. Thus we find some evidence for the hypothesis that immigrant women might face discrimination in the Dutch labour market. 
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Preface

I have always been interested in equality. Four years ago I chose to study both Economics and Dutch law, to gain insights in the driving forces of the economy and to examine how the Netherlands deals with many issues concerning equality and justice. During my studies I faced numerous situations in which similar cases were, surprisingly, not treated in a similar way. This confused me a lot and I started to read academic literature to gain a better understanding of these important issues. Together with a colleague of the section labour law at law faculty of the Erasmus University Rotterdam I have written an article on discrimination in the Dutch labour market.[footnoteRef:1] In this article, we find that discrimination is more widespread in the Dutch labour market than in that of surrounding countries. In this thesis I will quantify the size of this phenomenon. Since I am particularly concerned with the position of immigrant women, I will be focusing on immigrant women. Immigrant females are both immigrant and female. Do they really face a double negative wage gap? [1:  Alkilic and Salah (2010), p. 12.] 


I am very grateful to my supervisor prof. dr. G. Facchini for his support, his critical notes and his useful feedback during the writing of my thesis. In the second place, I would like to thank my family, my twin sister and my friends for their support and unconditional trust. Without their support, I would not have been where I am today.

Sohaila Salah
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Introduction
Fighting against inequality on the labour market is an important goal of both Dutch and European social policy.[footnoteRef:2] Traditionally both female and immigrant workers experience difficulties with respect to their participation in the labour market. Lower wages and more limited employment opportunities are typical of both female and migrant workers. Being both female and immigrant may increase the existing difficulties even more and create a double-negative wage gap: immigrant women might be disadvantaged on the labour market due to both their origin and their gender. The possible existence of a double negative effect on the earnings of immigrant females on the Dutch labour market is the topic of this research. Using an uncommonly large dataset, we will examine whether our data provides evidence of the existence of a double-negative wage gap with respect to immigrant females on the Dutch labour market. [2:  One of the main targets of the Europe 2020 Strategy is to achieve an employment rate of 75%, see: European Commission, Europe 2020. Europe 2020 targets: http://ec.europa.eu/europe2020/reaching-the-goals/targets/index_en.htm [Accessed on January 4, 2012].] 


A number of studies on the labour market position of immigrant females already exist. A recent paper by Nicodemo and Ramos (2011) shows that immigrant women on the Spanish labour market earn on average less than their Spanish counterparts.[footnoteRef:3] The main finding of this study is that a part of the wage gap is related to differences in the observable characteristics of immigrant women, that make them less “attractive” on the labour market. Le and Miller (2010) use US Census data to study wage differentials and find a double negative effect for women from non-English speaking countries.[footnoteRef:4] Adsèra and Chiswick (2007) use the 1994–2000 waves of the European Community Household Panel and find no double-negative effect on wages of foreign-born women.[footnoteRef:5] Using Norwegian data, Hayfron (2002) examines the existence of a double-negative effect on the earnings of immigrant females on the Norwegian labour market, [footnoteRef:6] finding evidence of a double-negative effect. Another study by Shamsuddin (1998) shows that foreign-born women suffer from double-negative discrimination on the Canadian labour market.[footnoteRef:7] Almost all these studies show signs of the existence of a double-negative effect of the earnings of immigrant women.  [3:  Nicodemo and Ramos (2011), p. 12.]  [4:  Le and Miller (2010), p. 612.]  [5:  Adsèra and Chiswick (2007), p. 519.]  [6:  Hayfron (2002), p. 1451.]  [7:  Shamsuddin (1998), p.1198.] 

To the best of our knowledge, no systematic analysis exists focusing on the existence of a double-negative wage gap with respect to immigrant females in the Netherlands. This study examines whether such a double-negative effect exists on the Dutch labour market. Using the LSO 2002 dataset, which covers approximately 60.000 employees, we analyse the labour market situation of immigrant females on the Dutch labour market. We carry out a series of (OLS) regressions to assess the role played by various drivers in shaping hourly wages. Furthermore, we use a series of Oaxaca-Blinder decompositions to determine whether immigrant women do indeed face a double-negative wage gap. 

Our analysis suggests that hourly wages are positively related to age, seniority and the educational level of the employee. Besides, we have included a series of controls at the individual level and at the occupational level to the basic specification. The coefficients of the variables in the basic specification change slightly by adding the control variables at the individual and the occupational level, but remain all highly significant. While the individual controls somewhat mitigate the effect of gender on wages, we observe a strong significant decrease in the wage rate if an employee is female in comparison to male employees. Even when adding several controls at the occupational level, our estimates continue to suggest a highly significant negative gender effect on the wage rate of females participating in the Dutch labour market. 

The Oaxaca-Blinder wage decomposition results provide evidence of a wage difference between native and immigrant employees in general and of a wage difference between native female and immigrant female employees in particular. Importantly, a significant share of these differences cannot be explained by observable characteristics. This difference for the case of native and immigrant employees is about 1.2 percent, while it is 0.6 percent between female native and immigrant employees. The wage decomposition results also provide evidence on the existence of a gender wage gap between male and female employees in general, and immigrant male and immigrant female employees in particular. The unexplained mean wage difference between male and female employees is about 2.5 percent, while this is about 2.6 percent between immigrant male and immigrant female employees. Our data suggest the existence of a double-negative wage gap on the earnings of immigrant females participating on the Dutch labour market. They both face an unexplained negative wage gap because they are immigrant and because they are female.  
This master’s thesis is structured as follows. Section 2 contains a review on the related literature. A data description is provided in section 3, followed by the methodology in section 4. Subsequently, both the regression results and the Oaxaca-Blinder wage decomposition results are presented and in more detail discussed in section 5. The extensive results of the regression analysis and the Oaxaca-Blinder wage decompositions can be found in the appendix. Finally, a conclusion and discussion of the main results of this research and suggestions for future research are provided in section 6.
[bookmark: _Toc319832094]
2. Related literature
[bookmark: _Toc262409058][bookmark: _Toc262409506][bookmark: _Toc263035778][bookmark: _Toc265233151]This section reviews the relevant literature. The focus will be on two distinct but related subjects. First, the literature concerning the labour market position of immigrant women will be analysed. Next, the literature on labour market discrimination will be reviewed. 

[bookmark: _Toc319832095]2.1 Labour market position immigrant women
The labour market position of immigrant women seems especially interesting. While there exists a large literature on the labour market position of immigrants in general, relatively little has been written about the labour market position of immigrant women. An example of a recent study focusing on the labour market position of immigrant women is the study of Nicodemo and Ramos (2011). The authors investigate wage differentials and find that immigrant women earn on average less than their Spanish counterparts do. The main finding is that a part of the wage gap is related to differences in common supports, which means that the differences in characteristics make immigrant women less attractive in the labour market.[footnoteRef:8] The authors argue the wage gap will be overestimated if the common support is not taken into account.  [8:  Rehbuhn (2009) also emphasizes the necessity of controlling for common support (controlling for heterogeneity).  ] 


The first study that focused on the situation of immigrant women was the study of Long (1980), on the Effect on Americanization on female earnings. The author finds that, conditional on certain characteristics, the wages of foreign-born women were about 13 percent higher than the wages of native-born women. With respect to men, the opposite is found in the literature. The study of Chiswick (1978) shows a negative wage gap for immigrant men. Beach and Worswick (1993) also examine the situation of immigrant women using Canadian data, and they do not find a significant difference in the wages of foreign-born and native-born women. However, their research shows the (surprising) result that the highly educated immigrant women earn less than their native colleagues. In this setting, educational attainment deteriorates the labour market situation of immigrant women. Adsèra and Chiswick (2007) compare the wages of immigrants and natives in 15 European countries using a number of waves of the European Community Household Panel. They find a significant negative effect (about 40 percent) on earnings of being a foreign-born employee. A study by Rehbuhn (2009) uses the Israel 1995 population census data and finds that (ceteris paribus) foreign-born women and men out-earn the native-born men. A comparison between foreign-born men and women shows that men achieve similar earnings as the native-born men sooner than their female foreign-born colleagues do. 

Next, several authors focused on the possible existence of a double-negative effect on the wages of immigrant women. The first negative effect on wages stems from the gender of the individuals[footnoteRef:9] while the second negative effect stems from the fact that the women have an immigrant background. The literature also shows that the country from which women immigrate influences their labour market situation and participation. For example, Blau, Kahn and Papps (2008) show that the labour force participation rates in the countries from which women are migrating influences their labour market participation in the country of destination. Women migrating from countries with high relative labour force participation rates work considerably more than their colleagues migrating from countries with lower relative labour force participation rates. Similarly, Schoeni (1998) finds that considerable differences exist in the participation by country of birth. Other variables that can influence the labour market situation of immigrant women are the degree of urbanisation of the destination and the intensity of religious feelings (e.g. Norton and Tomal, 2009). The degree of urbanisation is positively related to educational attainment levels of women[footnoteRef:10], while religion shows an unclear relation: some religions seem to be irrelevant (Buddhism, Protestantism and Atheism) while others seem not. The authors find for instance a negative effect of Catholicism and Hinduism on the secondary educational attainments of women. They also find a negative effect of Islam on the proportion of schooled women and on the proportion of women attaining primary, secondary and higher education.[footnoteRef:11] The authors argue that differences in religion and culture are relevant in understanding the gender wage gap. A study by Duleep and Sanders (1993) gives another variable that may also influence the labour market situation of women. In this study a ‘family investment strategy’ is suggested: whether a woman decides to work or not is influenced by whether she has a husband who invests in U.S. labour market specific skills and the extent of these investments.[footnoteRef:12] Another study in which a variable is given which can influence the labour market situation of immigrant women, is the study of Van Klaveren, Van Praag and Van den Brink (2009).[footnoteRef:13] The extent to which women value (joint) household production in their utility function may influence their labour market situation and participation. Although this could be a good explanation, it is simply not feasible to estimate the individual valuations of the (joint) household production of all immigrant women. We examine the labour market situation of immigrant women using variables on both the individual and the occupational level. We control for province of residence as this can be a proxy for the degree of urbanisation of the destination (cf. Norton and Tomal 2009). Unfortunately, our dataset does not include information on the country of origin (cf. Blau, Kahn and Papps, 2008), the religion (cf. Norton and Tomal 2009), the husbands’ investments in labour market specific skills (cf. Duleep and Sanders, 1993) and the valuation of the household production in the utility function of the immigrant women. However, our data provides detailed information on several other valuable variables which can have an important influence on the labour market situation of immigrant women. One can think of age, marital status, seniority, economic sector of employment, firm size and type of employment contract.  [9:  In the time span between the late 1970’s and 1990’s the wage differentials between men and women have converged. This convergence stopped in the 1990’s. Flabbi (2009) gives some evidence that employers prejudice is not a relevant factor in explaining the slower convergence. The author also shows that the proportion of prejudiced employers is decreasing in an increasing speed (p. 198).]  [10:  Norton and Tomal (2009), p. 971.]  [11:  Norton and Tomal (2009), p. 972.]  [12:  Duleep and Sanders (1993), pp. 667 and 684.]  [13:  Van Klaveren, Van Praag and Van den Brink (2009), pp. 22-24.] 


[bookmark: _Toc319832096]2.2 Labour market discrimination
Both economists and sociologists have developed theories to explain discrimination in the labour market. In this section, we will review the economic literature on this subject. In particular, we will focus on the ‘taste discrimination’ theory proposed by Becker (1957) and the theory of ‘statistical discrimination’ introduced by Aigner and Cain (1977), Arrow (1973) and Arrow (1998). 
[bookmark: _Toc319832097]
2.2.1 Taste discrimination
Becker (1957) pioneering contribution focuses on the idea that an individual assigns a higher cost to a person if this person belongs to an ethnic group the individual has a prejudice about. Three distinct types of taste discrimination can be thought of: employer discrimination, employee discrimination and customer discrimination. In the next sections, we will go through all of them in more detail.

[bookmark: _Toc263080374][bookmark: _Toc263080712][bookmark: _Toc263083949][bookmark: _Toc263085200][bookmark: _Toc265017533]Employer discrimination occurs when the employer maintains a discriminatory recruitment policy. Employing an individual from an ethnic minority group makes the employer incur an imaginary higher cost compared to employing an individual from the ethnic majority group. In the ‘employer discrimination’ setting this higher cost is known as the ‘discrimination coefficient’. Assuming that employees from different ethnic groups are perfect substitutes, this higher cost implies that the employer has to pay a higher wage to individuals from ethnic minority groups. Since the actual wage plus the discrimination coefficient is higher than the wage the employer has to pay to individuals from the majority group, the employer’s hiring decision will be biased to the detriment of ethnic minority employees. 

[bookmark: _Toc263080376][bookmark: _Toc263080714][bookmark: _Toc263083951][bookmark: _Toc263085202][bookmark: _Toc265017535]Employee discrimination exists when employees in a firm discriminate against (prospective) colleagues from ethnic groups they are prejudiced about. The employees value the wage they receive less when they have colleagues from these ethnic groups. A simple example illustrates this type of taste discrimination. Imagine a situation in which there are two firms (firm A and firm B) manufacturing the same goods and offering the same wage to a certain job-applicant. Firm A employs mainly individuals form the same ethnic group as the job-applicant, while firm B also employs individuals from certain ethnic groups the job-applicant is (negatively) prejudiced about. The discrimination coefficient leads to an undervaluation of the wage firm B offers. Hence, due to the taste discrimination by the job-applicant, he will choose the job firm A offers, while the firms are actually the same and offer the same wage. Firm B has to pay the job-applicant a higher wage in order to compensate his ‘loss’ (discrimination coefficient) when he has to work with colleagues with a certain ethnic background. 

Customer discrimination occurs when customers base their decision to buy a product or service not only on the price and characteristics of the product or service, but also on the ethnicity of the seller of the good or service. When a customer who is prejudiced towards individuals with a certain ethnicity has to buy a product from a seller of that ethnicity, the customer will imaginary adjust the price of the product upwards. This adjustment upwards is the discrimination coefficient. When a firm wants to have employees with ethnicities the customers are prejudiced about, they have to compensate for the discrimination coefficient in order to retain the prejudiced customers. A possibility for compensating is adjusting the prices of the goods or the wage of the employee downwards.

[bookmark: _Toc319832098]2.2.2 Statistical discrimination
[bookmark: _Toc319832099]Another economic theory of labour market discrimination is the theory of statistical discrimination.[footnoteRef:14] Anderson and Haupert (2009) give some empirical evidence on statistical discrimination. In the situation of statistical discrimination, two applicants with the same characteristics (e.g. education, experience, age etc.) can have a considerably different chance in actually getting the job. In this theory the difference can be explained by the simple fact that one of the applicants belongs to a certain group (e.g. ethnicity, gender etc.). Statistical discrimination occurs when the information the employer has does not perfectly predict the applicant’s productivity. One possible situation in which this is imaginable is in the situation of information asymmetry: the applicant knows best his own productivity and he can give the employer intentionally the wrong information. The uncertainty about the applicant’s productivity causes the employer to consider the average productivity of the group the applicant belongs to (e.g. his or her ethnicity). Using this information, he will make a prediction about the productivity of the applicant.[footnoteRef:15] When the average productivity of the group the applicant belongs to is high, he or she will take advantage, while his or her position will deteriorate if the average productivity is low. Employers in the Dutch labour market might be (negatively) prejudiced with respect to the average productivity of ethnic minorities. In addition, unemployment rates of ethnic minorities are higher than the ones of natives, which may also bias the employers’ perception of the productivity of ethnic minorities.[footnoteRef:16] They might think that the average productivity of the ethnic minority is lower than the productivity of the natives. Hence, the labour market position of the ethnic minority employees might deteriorate due to the existence of statistical discrimination. In this study we examine the existence of a double-negative effect on the earnings of immigrant females on the Dutch labour market. Part of this double-negative effect might be caused by unequal treatment stemming from taste discrimination and/or statistical discrimination.
3. Data description [14:  See for instance Phelps (1972); Arrow (1973); Aigner and Cain (1977) and Arrow (1998).]  [15:  It is worth noting that the employer can also base his or her prediction on experiences he or she had with employees with the same ethnicity as the applicant. If these experiences were positive, this can reduce or eliminate the influence of the statistical information.]  [16:  The annual report on integration of the Dutch ‘Sociaal Cultureel Planburau’ of 2011 (p. 132) shows that the unemployment rate equals 4.5 percent for natives in the Netherlands, while this is 12.6 percent for immigrants. ] 

This section describes the data used in the analysis. First, we will discuss the sources our dataset consists of. Next, we will analyse our dataset in more detail. Descriptive statistics on relevant variables will also be provided in this section.

[bookmark: _Toc319832100]3.1 The Loonstructuuronderzoek 2002
In this paper we use data collected by the ‘Centraal Bureau voor de Statistiek’ (CBS), a Dutch institution collecting numerous of Dutch statistics on different themes and subjects. The dataset is called ‘Loonstructuuronderzoek 2002 (LSO 2002)’, in English ‘Structure of Earnings Survey 2002’. The LSO 2002 in aimed to explain wage differences between groups of employees. 

The dataset contains detailed labour market information about approximately 65.500 individuals. It combines information from three distinct sources: the survey employment and wages (Enquête Werkgelegenheid en Lonen, EWL), the labour force survey (Enquête Beroepsbevolking, EBB) and the municipality records database (Gemeentelijke Basisadministratie, GBA). For the LSO 2002 the EWL data for the fourth quarter of 2002 are used. The EWL is the basis for the LSO data. The EWL is a survey of companies and institutions on employment status and wages. The companies provided periodic electronically information on their employees from the salary administrations. This information covers personal information on the employees and information on their wages, their working time and their employment. Besides this source of information, the EWL also uses complementary interviewing by paper questionnaires. The collection of the EWL data ended in 2006. 
The second source of the LSO data is the Enquête Beroepsbevolking (EBB). The EBB is used in order to obtain information on the educational attainment and the occupation of the employees. The LSO 2002 uses the EBB data for the years 2000, 2001 and 2002. By using the EBB for three years the group of employees whose information on education and occupation is known increases. The objective of the EBB is to provide information on the relation between individuals and the labour market. Individual characteristics are linked to an individual’s current labour market position. Through a methodology named ‘Computer Assisted Personal Interviewing (CAPI)’ an interviewer from the CBS interviewed the respondents in our dataset. Since 2010 there is also a possibility of interviewing the respondents by phone, the so-called ‘Computer Assisted Telephone Interviewing (CATI)’. The answers of the respondents are inserted into a computer during the interview. By inserting the answer inconsistency can immediately be detected. After the main interview, the respondents are contacted four times by phone. The data the respondents give are controlled for internal consistency. The CBS controls for the over- or underrepresentation of certain groups by means of assigning certain weights to the data of respondents with a certain background. The results obtained by the EBB are not published below a certain margin of accuracy. The third source of the LSO data is the Gemeentelijke Basisadministratie (GBA), the Dutch municipal personal records database. The GBA is used in order to obtain information on the origin of the employees in the LSO 2002. 

The LSO 2002 is restricted to occupations of employees aged 15 to 65 years and living in the Netherlands. The jobs included are limited to jobs that are officially registered. The LSO 2002 contains information on jobs, annual wages, monthly wages, hourly wages and educational attainment. Demographic information is also included and the LSO 2002 contains for instance information on gender, age and marital status. The LSO is conducted annually from 1995 until 1997 and once in four years since 1998. The results of the LSO are published once and can be regarded as final results. The researchers control for completeness, internal consistency and plausibility of the LSO data. Because the LSO data are composed using sampling data, the obtained results are subject to a margin of inaccuracy.

[bookmark: _Toc319832101]3.2 Descriptive statistics
We use different variables from the Loonstructuuronderzoek 2002 in our analysis. After removing the missing values, we have a dataset consisting of 59.899 individuals. Table 1 presents an analysis of the dataset with respect to gender and origin. The LSO 2002 consists of 30.749 males and 29.150 females. Most individuals in our dataset are natives: 26.947 males and 25.539 females. There are 4688 western immigrants in our dataset: 2419 males and 2269 females. We have 2725 non-western immigrants, out of which 1383 individuals are males and 1342 are females. 





Table 1
LSO 2002: Dataset by gender and origin
	
	Males
	Females

	Total
	30749
	29150

	Natives
	26947
	25539

	Immigrants
	3802
	3611

	Western immigrants
	2419
	2269

	Non-western immigrants
	1383
	1342



The most important variables we use in our analysis are the hourly wage (in euros), the origin, the gender and the educational attainment of the respondents. Furthermore, we will use a number of additional variables as controls in our analysis. More about these variables follows in the section in which we present the methodology.

The hourly wage in the LSO 2002 dataset is the gross hourly wage in December. Special rewards and over work time are deducted from this hourly wage. The monthly wage in December serves as benchmark.[footnoteRef:17] The hourly wage is calculated as follows (equation 1):  [17:  The benchmark wage is calculated starting from the gross monthly wage of December and deducting exceptional rewards and overtime working earnings. As exceptional rewards one can think of Christmas gifts employees get and bonuses that are paid in December.  ] 


   				  (1)

The annual working time is the working time per year contracted upon between the employer and the employee. Missed hours due to e.g. vacation are deducted from the annual working time. In the LSO 2002 the immigrants are classified by their country of birth and the country of birth of their parents. Three types of ‘origin’ are distinguished: western immigrants, non-western immigrants and natives. Western immigrants are immigrants from Europe (Turkey excluded), North America, Japan, Oceania and Indonesia; non-western immigrants are immigrants from Africa, Asia (Japan and Indonesia excluded), South-America and Turkey. Since we want to compare two groups of employees, natives and immigrants, we will merge the group of western and non-western immigrant employees together with respect to the Oaxaca-Blinder wage decomposition. The distinction between western and non-western immigrants will be maintained in the remainder of this part. 

The variable education is classified according to the ‘Standaard onderwijsindeling 1978 (SOI 1978)’, a classification of educational levels in the Netherlands. The SOI 1978 is created to obtain a classification of educational levels in the Netherlands which resembles the ISCED (recommended by the UNESCO).[footnoteRef:18] Seven educational levels are distinguished in the LSO 2002, namely:  [18:  See: http://www.cbs.nl/nl-NL/menu/methoden/begrippen/default.htm?ConceptID=651] 

· ‘Basisonderwijs’: primary education;
· ‘MAVO’: preparatory secondary vocational education; 
· ‘VBO’: preparatory secondary vocational education; 
· ‘HAVO/VWO’: higher general secondary education/pre-university education; 
· ‘MBO’: Intermediate Vocational Training; 
· ‘HBO’: Higher Vocational Education) and; 
· ‘WO’: academic education. 
After the primary education, the students either follow MAVO, VBO or HAVO/VWO education. After completing MAVO or VBO, students go to the MBO and after HAVO they go to the HBO. After completing VWO, the students go typically to the WO. We assume that every respondent in the dataset follows the regular path. We have this assumption, because the LSO 2002 does not give us enough information to include other possible scenarios. 

The variable age in grouped in classes of five years per class. The following breakdown can be distinguished:
· Group 1: 15-19 years;
· Group 2: 20-24 years;
· Group 3: 25-29 years;
· Group 4: 30-34 years;
· Group 5: 35-39 years;
· Group 6: 40-44 years;
· Group 7: 45-49 years;
· Group 8: 50-54 years;
· Group 9: 55-59 years; 
· Group 10: 60-64 years.

Tables 2 and 3 present some descriptive statistics on a number of relevant variables. In table 2 there is a distinction between western and non-western immigrants, while this distinction is not made in table 3. With respect to table 2, we examine whether the differences in means are significant between male and female employees. With respect to table 3, we will examine whether the differences between native and immigrant employees are significant. In this way, we capture both differences in the mean by gender and by origin. In order to test whether the differences in means are statistically significant or not, we conduct two-sample T-tests. Before conducting the T-tests, we have to perform an F-test to find out whether the two groups have equal variances. The outcome of the F-test determines whether we have to conduct a T-test assuming equal or unequal variances.

Table 2
Descriptive statistics of relevant variables, distinction between western and non-western immigrants
	
	MALES
	FEMALES

	
	
	Mean
	Std.dev
	N
	Mean
	Std.dev
	N

	Hourly wage
	Native
	20.89098***
	10.49939
	26947
	16.318***
	6.842463
	25539

	
	Western immigrant
	21.05114***
	10.77513
	2419
	16.37309***
	7.392761
	2269

	
	Non-western immigrant
	15.44198***   
	7.836871
	1383
	13.67118***
	6.053742
	1342

	
	

	Education
	Native
	4.772813***    
	1.635232
	26947
	4.683151***    
	1.566497
	25539

	
	Western immigrant
	4.708971***     
	1.774406
	2419
	4.566329***    
	1.710439
	2269

	
	Non-western immigrant
	3.67679    
	1.969104          
	1383
	3.788376   
	1.904095
	1342

	
	

	Age
	Native
	5.906038***    
	2.20685
	26947
	5.337092***    
	2.176406
	25539

	
	Western immigrant
	6.178173***    
	2.217702
	2419
	5.690613***    
	2.114743
	2269

	
	Non-western immigrant
	4.989877 ** 
	2.034766
	1383
	4.825633**    
	2.085638
	1342

	
	


Significance difference mean employees with the same origin and a different gender: *** p<0.01, ** p<0.05, * p<0.1

Source: own calculations based on the LSO 2002 data.

All the mean differences between employees with the same origin, but another gender are (highly) significant, except from the difference in educational attainment between non-western immigrant male and female employees. With respect to the hourly wage, we can see that both native and western immigrant males earn about 21 euros per hour. Non-western males earn on average about 6 euros less than their native and western counterparts. With respect to the average hourly wage of females the following holds. Western immigrant females earn on average approximately the same as native females: 16.37 versus 16.32 euros. Western immigrant females earn less than their male counterparts: 16.37 versus 21.05. Non-western immigrant females earn on average less than both native females and western immigrant females: 16 percent and 16.5 percent less, respectively. Moreover, non-western female immigrants earn on average also less than their male counterparts, i.e. 13.67 versus 15.44 euro’s per hour, about 11.5 percent less. Here we see a first sign of the double-negative wage gap both western and non-western immigrant women face in the Dutch labour market. 

The next variable in our table captures the educational attainment. On average all the respondents have attained approximately the fourth educational level, i.e. HAVO/VWO (higher general secondary education/pre-university education). With respect to the males in our dataset we see that western immigrants have a slightly lower level of education than their native counterparts. Non-western immigrant males have a lower educational attainment than both native males and western immigrant males (educational level 3.68 versus 4.77 and 4.71 years respectively). With respect to females in our dataset we see a comparable picture. Non-western immigrant females have a lower educational attainment than both native and western-immigrant females (educational level 3.79 versus 4.68 and 4.57 respectively). When we compare the educational attainments and hourly wages of immigrant males and immigrant females we see a somewhat surprising outcome. While immigrant females are better educated than their male counterparts (educational level 3.79 versus 3.68), they earn less (13.67 versus 15.44 euros per hour). It may be the case that other characteristics of non-western immigrant females than educational attainment count for the lower hourly wage. We will explore this in the following sections is more detail. 

Regarding the variable age, we see in table 2 that on average males are older than females in our dataset. It should also be pointed out that both non-western immigrant males and females are on average approximately five years younger than the native and western immigrant males and females. The western immigrant males are the oldest in our dataset. 

Table 3
Descriptive statistics of relevant variables, no distinction between western and non-western immigrants
	
	MALES
	FEMALES

	
	
	Mean
	Std.dev
	N
	Mean
	Std.dev
	N

	Hourly wage
	Native
	20.89098***
	10.49939
	26947
	16.318***
	6.842463
	25539

	
	Immigrant
	19.01078***
	10.17216
	3802
	15.36895***
	7.046611
	3611

	
	

	Education
	Native
	4.772813***    
	1.635232
	26947
	4.683151***    
	1.566497
	25539

	
	Immigrant
	4.333509***     
	1.912937
	3802
	4.277209***  
	1.823782
	3611

	
	

	Age
	Native
	5.906038***    
	2.20685
	26947
	5.337092    
	2.176406
	25539

	
	Immigrant
	5.745923***   
	2.227318
	3802
	5.36915    
	2.144821
	3611


Significance difference mean between native and immigrant employees with the same gender: *** p<0.01, ** p<0.05, * p<0.1

Source: own calculations based on the LSO 2002 data.  


Since we do not use the distinction between western and non-western immigrants in the Oaxaca-Blinder wage decompositions, it is useful to gain insight in the descriptive statistics when only distinguishing between native and immigrant employees. Table 3 presents these descriptive statistics. All the mean differences between native and immigrant employees with the same gender are highly significant, except from the mean age difference between native and immigrant females. The native males in our dataset seem, on average, to be older and better educated and to earn a higher hourly wage when compared to immigrant males. The same holds for the native females in our dataset, except from the observation that immigrant females seem to be, on average, older than female natives. Moreover, table 3 shows that both native and immigrant males earn more than their female counterparts. Native males earn about 22 percent more than native females, while immigrant males earn about 19 percent more than immigrant females.
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4. Methodology
In this section, we present the methodology used in our analysis. The wage difference between native and immigrant individuals will be decomposed in order to examine which part of it can be explained by differences in observable characteristics, and which part is instead due to unobservables. A standard way to decompose wage differences is the Oaxaca-Blinder wage decomposition. Starting with the seminal papers of Oaxaca (1973) and Blinder (1973) this decomposition method has become a widespread used instrument in decomposing wage differences between certain groups (that differ in sex, origin etc.). Over time several improvements on the traditional wage decomposition method as proposed by Oaxaca and Blinder have been made. Furthermore, in 2008 Ben Jann has developed a Stata implementation of the Oaxaca-Blinder decomposition.[footnoteRef:19] Jann introduces a Stata command, called ‘oaxaca’, which makes it possible to conduct the Oaxaca-Blinder wage decomposition using this standard statistical package. We will make use of this command in our research. This section proceeds by discussing the underlying assumptions behind the Oaxaca-Blinder decomposition and the control variables used in our analysis. [19:  Jann (2008), p. 10.  ] 


[bookmark: _Toc319832103]4.1 Assumptions 
To validate the use of the (standard) Oaxaca-Blinder decomposition command in Stata, the underlying dataset (LSO 2002) has to meet a number of assumptions as stated for example in Lemieux and Firpo (2010).[footnoteRef:20]  [20:  Fortin, Lemieux and Firpo (2010), p. 12.] 


Assumption 1: Linearity and independent disturbance
This standard assumption implies that the outcome variable Y (in our analysis the log hourly wage) should be linearly related to the covariates X and that the disturbance term ε is conditionally independent of X. Furthermore, we assume that the expectation of the error term ε is zero ( ).

Assumption 2: Mutually exclusive groups
For the Oaxaca-Blinder wage decomposition to be valid, the underlying groups have to be mutually exclusive. Mutually exclusive means that with respect to the wage decomposition between the two groups, an individual cannot belong to both groups at the same time. In other words, overlapping groups are not allowed in the (standard) Oaxaca-Blinder decomposition. To illustrate this assumption, imagine a wage decomposition between men and women. If the gender wage gap is the outcome of interest, the groups are mutually exclusive. On the other hand, decomposing the wage difference between native employees and full-time workers using the Oaxaca-Blinder wage decomposition method will not work out. Since native employees can also be full-time workers and vice versa, the assumption of mutual exclusivity is violated.
In this research, two situations with two groups are distinguished: employees with a native background and employees with an immigrant background on the one hand, and male employees and female employees on the other hand. Since it is impossible to be both immigrant and native or male and female at once, our groups are mutually exclusive. 

Assumption 3: Wage structure
The third important assumption concerns the underlying structure of the wages in our wage decomposition. Since the wage structure links observed and unobserved characteristics of both groups to their wages, it has an important role in decomposing wage differences. We assume that the wage structure W of an individual i belonging to group A (native individuals) or group B (immigrant individuals) depends on the individual’s observable characteristics (X) and unobservable characteristics (ε). Formalized:



Assumption 4: Counterfactual treatment
In our analysis, we assume a simple counterfactual treatment. This means that we use the wage structure of the native individuals in our dataset (group A) as a counterfactual for the immigrant individuals in the dataset (group B). Doing this, we examine the wages of individuals belonging to group B as if that group had a wage structure similar to that of individuals belonging to group A. Analogously, we choose group A to be the reference group in our analysis. The counterfactual treatment has to be ‘simple’, in other words, the counterfactual has to be based on the alternative wage structure, not on hypothetical states of the world. Since we use the wage structure of the native individuals in our dataset as a counterfactual for the immigrant individuals in the dataset, we base our counterfactual on the alternative wage structure. Hence, the assumption is not violated.
Assumption 5: Overlapping support
To validate our wage decomposition, we have to impose an assumption on the observable and the unobservable characteristics of both groups. We assume overlapping support with respect to the wage setting functions, and this is crucial in our setting. The wage of immigrant workers may be depending on factors that are not defined for native workers. An example is the age of arrival in the Netherlands of an immigrant employee. The ‘age of arrival’ is a variable which can influence the wage of immigrant employees (think of the speed in which one can learn to speak Dutch, the willingness to invest in human capital etc.), but this variable is of course not defined for the native individuals in our dataset. By assuming overlapping support, we assume similar inputs across the wage setting functions.

Assumption 6: Conditional independence
In our analysis, we assume conditional independence or ignorability. By assuming conditional independence, we exclude any selection based on the individuals’ unobservable characteristics. The assumption of conditional independence implies that the distribution of the unobserved explanatory factors in the wage determination is the same for the groups in the analysis. As we have seen in assumption four, we will use the wage structure of the native individuals as a counterfactual for the immigrant individuals in our analysis. To ensure that the difference between the original distribution and the counterfactual distribution exclusively depends on differences in the wage structure, we need the assumption of conditional independence. By assuming conditional independence, we rule out selection based on individuals’ unobservable characteristics.[footnoteRef:21]  [21:  In the wage decomposition literature the conditional independence assumption is also known as the ‘ignorability’ or ‘unconfoundedness’ assumption. ] 


[bookmark: _Toc319832104]4.2 The Oaxaca-Blinder decomposition 
In this section, we will present and discuss the procedure followed by the Oaxaca tool developed for Stata by Ben Jann (2008). In particular, we will decompose the mean wage difference in three parts. We will discuss these parts in more detail later in this section. We start the analysis by presenting the mean wage difference. The mean wage difference (R) is the difference between the expected log hourly wage of the natives and the expected log hourly wage of immigrants:

									(2)
Where: 	R = mean wage difference
E = expected value
Y = outcome variable: log hourly wage
N = subscript for natives
I = subscript for immigrants

The outcome variable (log hourly wage) is presented by the following linear model. The log hourly wage is modelled as a linear function of a set of standard determinants (including a constant), and an error term. The expected value of the error term is assumed to be zero. Formally:

  , ) = 0  and     , ) = 0				(3)

Where:		X= a matrix of control variables and a constant
β = a vector of parameters of interest, including the intercept
ε = error term
N = subscript for natives
I = subscript for immigrants

Using a number of standard mathematical rules, we can now express the mean outcome difference we saw before in a different way. Recall that the expectation of a sum equals the sum of that expectation: E(X+Y) = E(X) + E(Y). Another rule concerning expectations is that the expectation of a constant is equal to the constant: E(X) = X. Furthermore, we assumed that the expectation of the error term ε is zero ( ).

· Using E(X+Y) = E(X) + E(Y) we get   and 
· Using E(X) = X and  we get    and 

Combining this, we get the following expression for the mean wage difference:

 - 						(4)

As mentioned before, we want to decompose the mean wage difference into three parts, that is: A). a first part accounting for differences in the predictors (endowment effect); B). a second part accounting for differences in the coefficients, and C). a third part accounting for interaction effects between the first two parts. The second part of the mean wage difference is of our main interest: it represents the unexplained difference in the mean wage between natives and immigrants. Our wage decomposition is determined from the viewpoint of group B, the immigrant individuals in our dataset. The endowment effect (part A) is formulated by weighting the differences between the two groups by the coefficients of group B. In this way, the endowment effect reflects the expected change in the mean log hourly wage of immigrants if they were to share the very same characteristics as the natives (group A). Part B is determined likewise. This part measures the expected change in the mean log hourly wage of immigrant individuals if they had the coefficients of native individuals in the dataset. To highlight this decomposition, we rearrange equation (4) to obtain:


		(5)


Part A accounts for group differences in the predictors. In Jann (2008) this is called ‘the endowments effect’.


Part B accounts instead for differences in the coefficients between the two groups. Differences in the intercept are also included. As mentioned before, this part is of our main interest.


Part C is an interaction term, accounting for simultaneous differences in part A and B between the natives and the immigrants. 
[bookmark: _Toc319832105]4.3 Variables in the analysis
The dependent variable in our regression is the logarithm of the hourly wage. We use the logarithm instead of the actual value, to better interpret the variable. The main explanatory variable in the regression is the educational attainment (in number of years of education) of the individuals in the LSO 2002. The minimum number of years of education in the dataset is six years, the maximum is 16 years. We expect the hourly wage to increase with the number of years of education. Besides the educational attainment there are numerous of other characteristics, both observable and unobservable, which are important for the wage an employee earns. Therefore, we include a number of control variables based on the LSO 2002 in the analysis. To clarify and get better insight in the (nature of the) control variables, we divide them in two groups: individual characteristics and occupational attributes. Both groups of control variables are discussed next in more detail.

As for individual characteristics, we will include: 
1). Educational attainment. In our analysis, the educational attainment is measured in number of years of education. As discussed above, we expect the coefficient on this variable to have a positive sign.
2). Individual age. We include this variable both in linear and quadratic form. In doing this, we follow the literature, which has argued that the relationship between age and wage is not linear. We expect a positive relationship between age and hourly wages, as ceteris paribus more experienced workers tend to receive higher wages. 
3). Marital status. The individuals in our dataset can either be not married, married/living together, widowed or divorcees. Marital status is likely to influence the labour market situation of (potential) employees in different ways. It has been argued in the literature that marital status is likely to play an important role in job market outcomes, especially in the case of women (see for example Oaxaca (1973) and Duleep and Sanders (1993)). In our analysis, we fully exploit all the information available in the data by including a full set of dummy variables capturing the various possible options. 
4). Province of residence. The Netherlands has twelve provinces, which exhibit a high degree of heterogeneity in overall economic outcomes. To control for unobservable heterogeneity at this level, we include province fixed effects in our specification. 
5). Individual seniorities. The time an individual has spent with the current employer is likely to have an effect on his/her wages (see for example Altonji & Shakotko, 1985).[footnoteRef:22] Following the existing literature, we expect a positive relation between seniority and wages. [22:  Altonji and Shakotko (1985), p. 41.] 


As for occupational attributes, we will consider:
1). Occupational level. In our dataset individuals can be in one out of five different occupations, namely (Dutch terms in parentheses):
· Elementary occupational level (‘elementair’);
· Low occupational level (‘lager’);
· Secondary occupational level (‘middelbaar’);
· High occupational level (‘hoger’);
· Academic occupational level (‘wetenschappelijk’).
These different occupations pose different requirements on the employees and have different wage schedules. For this reason, we will include dummy variables for each occupation in our analysis.

2). Economic sector of employment. In the Netherlands collective labour agreements (in Dutch: Collectieve Arbeidsovereenkomst, CAO) are negotiated at the sectoral level, and wages are an important part of these agreements. To account for this we use dummy variables to account for the various sectors. In our data, we can identify fourteen sectors (Dutch terms in parentheses):
· Agriculture and fishery (‘Landbouw en visserij’);
· Extraction of minerals (‘Delfstofwinning’);
· Industry (‘Industrie’);
· Energy and watersupply companies (‘Energie- en waterleidingbedrijven’);
· Building industry (‘Bouwnijverheid’);
· Trade (‘Handel’);
· Catering industry (‘Horeca’);
· Transport and communication industry (‘Vervoer en communicatie’);
· Financial institutions (‘Financiële instellingen’);
· Business services (‘Zakelijke dienstverlening’);
· Public administration services (‘Openbaar bestuur’);
· Subsidized education (‘Gesubsidieerd onderwijs’);
· Health care (‘Gezondheids- en welzijnszorg’);
· Culture and other services (‘Cultuur en overige dienstverlening’).

3). Supervisory duties.  The supervisory duties in our dataset are measured in terms of having to supervise others or not (‘leading or not’). We assume that the working situations and the wage schedules of employees with supervisory duties differ from those without, and hence, we control for the existence of supervisory duties.

4). Full time/part time employment. The LSO 2002 distinguishes five types of employment contracts: 
· Full-time; 
· Part-time: less than 12 hours; 
· Part-time: 12 or more hours; 
· Flexible: work less than 12 hours; 
· Flexible: work 12 or more hours. 
The type of contract is likely to have a direct effect on wages. Therefore, we control for this by using a set of dummy variables.

5). Firm size. The firm size in the LSO 2002 is measured in terms of the number of employees a firm has. Four categories of firms are distinguished: 
· 1 to 9 employees; 
· 10 to 99 employees; 
· 100 to 499 employees; 
· 500 or more workers.
Compared to small firms, big firms are more subject to public scrutiny, and as a result they are more vulnerable if they are captured discriminating against a certain group of employees.[footnoteRef:23] For this reason, we include controls for firm size in our specifications. [23:  See for instance the study of Huffman and Velasco (1997).] 
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5. Results and analysis
In this section, we present the results of our basic regression analysis and of a series of Oaxaca-Blinder wage decompositions. We start by running a series of Ordinary Least Squares (OLS) regressions to assess the role played by various drivers in shaping hourly wages.[footnoteRef:24] Next, we carry out a series of Oaxaca-Blinder decompositions, to determine whether immigrant women do face a double-negative wage gap. [24:  Extensive regression results available upon request. ] 


[bookmark: _Toc319832107]5.1 Basic regression results
We start by using a basic specification and include the control variables individually to gain insights in the relation between them and our variable of interest, namely ‘loghourlywage’. The number of observations in the sample equals 59 899, which is very high in comparison to previous analyses.[footnoteRef:25] The dependent variable in all the models is the natural log of the hourly wage. In the basic specification our controls are age, age squared, seniority and educational attainment. In order to allow for a nonlinear relationship between age and our dependent variable, we include both age and age squared. Following other studies, (for example Oaxaca (1973)) seniority of the employees is included, to take into account the effects of (firm specific) experience. Female immigrants (our main group of interest) have a lower participation rate in the labour market and, therefore, it is essential to measure actual experience instead of only potential experience.[footnoteRef:26] Seniority is measured using the number of years the employee works for his or her current employer and, hence, gives a good proxy of the employees’ actual experience in a particular job. The educational attainment enters the analysis as a series of dummy variables. Table 4 presents a series of regressions in which we add individual level controls to the basic specification. In the regressions contained in Table 5 we have also added controls at the occupational level (job-related characteristics). We will now discuss our results.  [25:  See for example Oaxaca (1973) which uses a dataset is consisting of approximately 13 000 individuals and Beach and Worswick 1993 which uses a dataset consisting of 5249 individuals. ]  [26:  For the lower participation rate of immigrant females see for instance Schoeni (1998).] 


[bookmark: _Toc319832108]5.1.1 Individual level controls 




Table 4: Controls on the individual level
	
	Column 1
	Column 2
	Column 3
	Column 4

	VARIABLES
	loghourlywage
	loghourlywage
	loghourlywage
	loghourlywage 

	
	
	
	
	

	Age
	0.105***
	0.1081***
	0.0997***
	0.0993***

	
	(0.00122)
	(0.00119)
	(0.00129)
	(0.00129)

	Age2
	-0.00695***
	-0.00726***
	-0.00672***
	-0.00670***

	
	(0.000107)
	(0.000104)
	(0.000109)
	(0.000108)

	Seniority
	0.0329***
	0.0279***
	0.0274***
	0.0275***

	
	(0.000627)
	(0.000616)
	(0.000615)
	(0.000613)

	MAVO
	0.0530***
	0.0603***
	0.0597***
	0.0592***

	
	(0.00297)
	(0.00289)
	(0.00288)
	(0.00288)

	VBO
	0.0489***
	0.0482***
	0.0474***
	0.0480***

	
	(0.00273)
	(0.00272)
	(0.00265)
	(0.00264)

	HAVOVWO
	0.130***
	0.132***
	0.133***
	0.132***

	
	(0.00317)
	(0.00309)
	(0.00301)
	(0.00307)

	MBO
	0.134***
	0.138***
	0.137***
	0.137***

	
	(0.00236)
	(0.00229)
	(0.00229)
	(0.00228)

	HBO
	0.241***
	0.243***
	0.243***
	0.243***

	
	(0.00246)
	(0.00239)
	(0.00238)
	(0.00238)

	WO
	0.356***
	0.350***
	0.350***
	0.348***

	
	(0.00280)
	(0.00272)
	(0.00272)
	(0.00272)

	Gender
	-
	-0.0639***
	-0.0634***
	-0.0637***

	
Marital status
	
NO
	(0.00109)
NO
	(0.00109)
YES
	(0.00109)
YES

	
Province of residence
	
NO
	
NO
	
NO
	
YES

	
	
	
	
	

	Constant
	0.645***
	0.682***
	0.695***
	0.681***

	
	(0.00361)
	(0.00357)
	(0.00363)
	(0.00441)

	
	
	
	
	

	Observations
	59,899
	59,899
	59,899
	59,899

	R-squared
	0.531
	0.557
	0.560
	0.562


Standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

In the above table four model specifications are presented. The first model is the basic specification. All the coefficients are significant at the 1 percent level of significance and positive, with the exception of the coefficient concerning the variable age squared (age2). Since the dependent variable is measured as a natural logarithm, the coefficients of the independent variables can be interpreted in terms of percentual changes. With respect to the coefficients of the dummy variables, we calculate exp(coefficient)-1 in order to obtain the correct coefficient in the determination of the relationship with the log hourly wage.[footnoteRef:27] The signs of the coefficient for the variables age and age squared are as human capital theory predicts. The variable age has a positive level coefficient and a negative squared-term coefficient. The log hourly wage is positively related to age, seniority and the educational level of the employees. The older, the more experienced (i.e. higher seniority) and the better-educated employees earn a higher hourly wage. The log hourly wage increases by about 11 percent on average when the age of the employees increases by five years (one age class). The coefficient representing seniority is positive and highly significant, which implies that the longer employees work for their employer, the higher their wage is, all other things being equal. A higher seniority increases the log hourly wage by approximately 3 percent. Educational attainment is measured using seven dummies, each one of them representing a particular educational level. The elementary educational level is omitted from the analysis and is therefore the benchmark. Having a MAVO or a VBO educational level adds about 5 percent to the wage rate in comparison to employees with an elementary educational level. A HAVO/VWO or a MBO educational level adds about 14 percent to the wage rate, while a HBO educational level adds 27 percent. Employees gain the most in terms of wages when they have an academic educational level: about 43 percent is added to the wage rate in comparison to the wage an employee with an elementary educational level earns.  [27:  See: Halvorsen and Palmquist (1980).] 


The second column in table 4 includes a control for the gender of the employees. The coefficient of the dummy representing female employees is negative and highly significant. Being female decreases the wage rate by about 6 percent compared to male employees. The nature of the relation between gender and wage is as expected.[footnoteRef:28] With respect to the magnitudes of the coefficients in the basic specification a slight change is observed. However, the nature and significance of the different coefficients remains unaltered. [28:  A broad range of literature exist on the gender wage gap, see for example Oaxaca (1973). See for the trend in the gender wage gap and the position of female employees, in particular Blau and Khan (2007).] 


In column 3 we add controls for marital status.[footnoteRef:29] These controls enter the analysis as dummy variables. Four dummies represent the control for marital status: unmarried, married or living together, widowed and divorced. We omit the dummy for unmarried employees from the analysis, making that the benchmark. The coefficient for ‘married or living together’ is significant at the 1 percent level, ‘divorced’ is significant on a 5 percent significance level and ‘widowed’ is significant on a 10 percent significance level. Being married or living together adds about 3 percent to the wage rate in comparison to the unmarried employees, while being widowed adds about 1 percent to the wage rate. Being a widow has the smallest effect on the wage rate in comparison to being unmarried: an increase in the wage rate of approximately 0.6 percent. Adding the control for marital status causes a slight decrease in all the remaining coefficients in the basic specification, except of the coefficient for the HAVO/VWO, HBO and academic educational levels. All the coefficients in the basic specification remain highly significant. [29:  The marital status of females on the labour market can influence their labour market position and situation, see for instance Duleep and Sanders (1993). This makes a control for marital status in the analysis necessary.] 


The fourth column of table 4 includes, besides the controls for gender and marital status, a series of dummy variables to capture the province of residence of the employees, with Groningen being the omitted category. The coefficients of the dummy representing the provinces of Friesland, Drenthe, Overijssel and Limburg are not significant. The coefficients of the remaining seven provinces are all positive and, except for Zeeland, highly significant. This seems to suggest the existence of systematic income differences across space in the Netherlands. Residing in the provinces of North-Holland and South-Holland has the highest effect on the wages: residing in these provinces adds, ceteris paribus, approximately 3 percent to the wage rate in comparison to the province of Groningen. Living in the province of Utrecht has a comparable effect: an increase in wages of about 2.5 percent in comparison to living in Groningen. These results are as expected, since North-Holland, South-Holland and Utrecht are considered to be the economic centre of the Netherlands. The coefficients of the basic specification change slightly by including this control variable, but the overall qualitative results remain the same. By adding the control variables marital status and province of residence to the analysis, we observe a gradual improvement of the R-squared (from 53 to 56 percent).

[bookmark: _Toc319832109]5.1.2 Occupational level controls
In table 5 we present a series of specifications in which, besides controls at the individual level, we include also controls at the occupational level. For the sake of comparison, in column 1 we reproduce the same model specification as in column 4 of table 4. The following six columns summarize the effect of adding one control variable on the occupational level to each specification. Hence, the last model specification includes all control variables, both on the individual and the occupational level. 

We start by adding, in column 2, a control for the economic sector in which the individual works. We have information that allows us to identify 14 sectors of employment. The omitted sector is ‘agricultural and fishery’. Therefore, the coefficients of the other 13 dummies can be 
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VARIABLES
	Column 1
loghourlywage
	Column 2
loghourlywage
	Column 3
loghourlywage
	Column 4
loghourlywage
	Column 5
loghourlywage
	Column 6
loghourlywage
	Column 7
loghourlywage

	
	
	
	
	
	
	
	

	Age
	0.0993***
	0.0939***
	0.0846***
	0.0825***
	0.0828***
	0.0828***
	0.0829***

	
	(0.00129)
	(0.00128)
	(0.00124)
	(0.00123)
	(0.001255)
	(0.00125)
	(0.00124)

	Age2
	-0.00670***
	-0.00626***
	-0.00559***
	-0.00544***
	-0.00546***
	-0.00546***
	-0.00543***

	
	(0.000108)
	(0.000108)
	(0.000105)
	(0.000104)
	(0.000105)
	(0.000105)
	(0.000104)

	Seniority
	0.0275***
	0.0264***
	0.0231***
	0.0221***
	0.0213***
	0.0213***
	0.0205***

	
	(0.000613)
	(0.000624)
	(0.000601)
	(0.000595)
	(0.000596)
	(0.000598)
	(0.000595)

	MAVO
	0.0592***
	0.0571***
	0.0382***
	0.0369***
	0.0373***
	0.0373***
	0.0377***

	
	(0.00288)
	(0.00285)
	(0.00276)
	(0.00273)
	(0.00272)
	(0.00272)
	(0.00271)

	VBO
	0.0480***
	0.0447***
	0.0350***
	0.0342***
	0.0334***
	0.0334***
	0.0324***

	
	(0.00264)
	(0.00261)
	(0.00253)
	(0.00250)
	(0.00249)
	(0.00249)
	(0.00247)

	HAVOVWO
	0.132***
	0.124***
	0.0817***
	0.0808***
	0.0818***
	0.0818***
	0.0828***

	
	(0.00307)
	(0.00305)
	(0.00302)
	(0.00299)
	(0.00298)
	(0.00298)
	(0.00296)

	MBO
	0.137***
	0.128***
	0.0797***
	0.0777***
	0.0771***
	0.0771***
	0.0756***

	
	(0.00228)
	(0.00228)
	(0.00236)
	(0.00233)
	(0.00233)
	(0.00233)
	(0.00231)

	HBO
	0.243***
	0.234***
	0.141***
	0.140***
	0.139***
	0.139***
	0.141***

	
	(0.00238)
	(0.00243)
	(0.00273)
	(0.00270)
	(0.00269)
	(0.00269)
	(0.00267)

	WO
	0.348***
	0.337***
	0.215***
	0.216***
	0.216***
	0.216***
	0.218***

	
	(0.00272)
	(0.00276)
	(0.00328)
	(0.00324)
	(0.00323)
	(0.00323)
	(0.00321)

	Gender

Marital status
	-0.0637***
(0.00109)
YES
	-0.0641***
(0.00120)
YES
	-0.0574***
(0.00116)
YES
	-0.0514***
(0.00116)
YES
	-0.0410***
(0.00129)
YES
	-0.0410***
(0.00129)
YES
	-0.0397***
(0.00129)
YES

	
	
	
	
	
	
	
	

	Province of residence
	YES
	YES
	YES
	YES
	YES
	YES
	YES

	
	
	
	
	
	
	
	

	Economic sector
	NO
	YES
	YES
	YES
	YES
	YES
	YES

	
	
	
	
	
	
	
	

	Occupational level
	NO
	NO
	YES
	YES
	YES
	YES
	YES

	
	
	
	
	
	
	
	

	Supervisory duties
	NO
	NO
	NO
	YES
	YES
	YES
	YES

	
	
	
	
	
	
	
	

	Type of contract
	NO
	NO
	NO
	NO
	YES
	YES
	YES

	
	
	
	
	
	
	
	

	Firm size
	NO
	NO
	NO
	NO
	NO
	YES
	YES

	
	
	
	
	
	
	
	

	Working conditions
	NO 
	NO
	NO
	NO
	NO
	NO
	YES

	
	
	
	
	
	
	
	

	Constant
	0.681***
	0.665***
	0.677***
	0.680***
	0.693***
	0.691***
	0.692***

	
	(0.00441)
	(0.0106)
	(0.0101)
	(0.00995)
	(0.0100)
	(0.0108)
	(0.0108)

	Observations
	59,899
	59,899
	59,899
	59,899
	59,899
	59,899
	59,899

	R-squared
	0.562
	0.574
	0.607
	0.616
	0.619
	0.619
	0.623


Table 5: Controls on the occupational level 
Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1
interpreted in comparison to this sector. The coefficients of the dummies representing the trade and catering sector are not significant, whereas the remaining ones are all highly significant. Being employed in all the remaining sectors adds to the wage rate in comparison to being employed in the agricultural or fishery sector. The highest increase in wage rate is attained for employees in the mineral extraction sector: an increase in the wage rate of about 18 percent in comparison to the agricultural or fishery sector. Being employed in the financial sector adds about 9 percent to the wage rate, while being employed in the building sector adds about 8 percent to the wage rate in comparison to being employed in the agricultural and fishery sector. Concerning the coefficients of the basic specification the following has to be noted. By adding the controls for the economic sectors a slight change in magnitudes is observed. Still, the coefficients of the variables in the basic specification remain significant at the 1 percent level and the nature of the relationships between the independent variables and the log hourly wage is unchanged.

Column 3 presents the results of the regression when we also include controls for the occupational level of the employees. Five distinct levels can be distinguished in our data: an elementary occupational level, a low occupational level, a secondary occupational level, a high occupational level and an academic occupational level. These different levels enter the analysis by means of dummy variables with the elementary occupational level being the omitted group. Controlling for the level of occupation is important since wages differ a lot across occupational levels. The coefficients of the occupational level are all highly significant. As expected, the higher the occupational level is, the higher the increase in wage rates in comparison to the elementary occupational level. The highest increase is caused by having an academic occupational level: an increase of about 21 percent in wage rate in comparison to the elementary occupational level (ceteris paribus). The coefficients of the basic specification change slightly, but remain highly significant and have the same sign. However, it is worth noting that the decrease in the coefficients representing the levels of educational attainments is higher than in the previous model specifications. Including the controls for the occupational level seems to make educational attainment less important in the determination of the (log) hourly wage.


In column 4 we also included a control for employees who have supervisory duties. The supervisory duties enter the analysis by two dummies with the employees without supervisory duties as benchmark. The coefficient for the dummy representing employees is positive and highly significant. Having supervisory duties adds about 5 percent to the wage rate in comparison to employees who do not have supervisory duties. With respect to the basic specification a slight change in the coefficient is observed. As expected, age, seniority and educational attainment seem slightly less important in the determination of the hourly wage. The nature and significance of the coefficients in the basic specification remains again unchanged. 

In column 5 we also control for the type of labour contract of the employee. It is highly important to control for the type of contract, because the effect of family structure can differ between native and immigrant employees and because different types of contracts involve different wage rates, regardless of the characteristics of the employees. Five types of contracts are distinguished, i.e. a full-time contract, part-time contract (less than 12 hours), part-time contract (12 hours or more), flexible contract (less than 12 hours) and flexible contract (12 hours or more). We choose individuals with full-time contract as the reference group. The coefficients of the dummy variables are all significant at the 1 percent level. Having a part-time or a flexible contract decreases the wage rate in comparison to having a full-time contract. The largest decrease occurs for the employees who have a flexible contract and work twelve or more hours: a decrease of about 5 percent in comparison to employees with a full-time contract. Compared to the basic specification we again observe small changes in the coefficients (except for the coefficient of the dummy representing the academic educational level). All the coefficients remain highly significant. 

In column 6 we include also a control for firm size, measured by the number of employees in a firm. Four classes are distinguished: firms with 1 to 9 employees, 10 to 99 employees, 100 to 499 employees and 500 or more employees. These are captured by four dummy variables in the analysis. The smallest firm size (1 to 9 employees) is omitted from the analysis, and constitutes therefore our benchmark. The coefficients of the dummies representing the firm size are highly insignificant and, hence, seem irrelevant for the determination of the hourly wage. Notice also that, by adding this control variable, we do not observe any qualitative effect on the coefficients of the variables in the basic specification (cf. table 5, columns 5 and 6). 

The last column in table 5 represents the full model specification. We have added here also a control for the working conditions faced by an employee. An employee can either face regular service (i.e. working hours), irregular service or shift work. These three types of working conditions are captured by dummy variables in the analyses, with ‘regular services’ being the reference group. The coefficients of both the dummy representing the irregular service and the shift work are positive and highly significant. The largest increase in wage rate (ceteris paribus) is accomplished by the shift workers: working in shifts adds about 7 percent to the wage rate in comparison to having regular working conditions. Facing irregular working conditions increases the wage rate by about 3 percent. Unfavourable working conditions seem to be compensated with a higher wage, as expected. With respect to the basic specification, adding a control for the working conditions slightly changes the absolute value of the coefficients. Nevertheless, all variables in the basic specification remain highly significant. 

By adding control variables on both the individual and the occupational level a slight change occurs in the coefficients of the variables of the basic specification. All the coefficients remain significant on a 1 percent significance level. By adding all the control variables the R-squared increases from 53 percent to 62 percent. About 62 percent of the variance is explained by the variables in our model.[footnoteRef:30] In the next part of this section, we implement Oaxaca-Blinder wage decompositions using the most comprehensive model specification with the highest R-squared (table 5, last column). [30:  A value of R-squared about 62 percent is relatively high in comparison to other studies: see for example Oaxaca (1973), Sandell and Shapiro (1980) and Beach and Worswick (1993). ] 


[bookmark: _Toc319832110]5.2 Wage decomposition results
We turn now to present the results from the Oaxaca-Blinder wage decomposition. The mean wage difference will be decomposed in three parts, as mentioned in the methodology section (Section 4). The first part accounts for differences in the predictors (endowment effect), the second part accounts for differences in the coefficients, and the third part accounts for interaction effects between the first two parts. Since the second part reflects unexplained differences in the mean wage, this part is of our main interest. A number of wage decompositions both by origin and gender are conducted to examine whether our analysis provides evidence for the existence of a double-negative wage gap for immigrant females in the Dutch labour market. 

First three wage decompositions by origin are conducted:
1a). Total sample: native/immigrant
1b). Males: native/immigrant 
1c). Females: native/immigrant 
Subsequently two wage decompositions by gender will be conducted:
2a). Total sample: male/female
2b). Immigrants: male/female 

In the first wage decomposition (1a) we want to examine whether in the total sample there is evidence of the existence of a difference in the mean wages between native and immigrant employees. The next two wage decompositions will be conducted to gain insights on the way the gender of the employees affects this wage difference. The wage decompositions by gender - 2a and 2b - are conducted to gain insights in the existence of the gender wage gap in the Netherlands. Oaxaca (1973) shows that a substantial part of the gender wage gap is attributable to effects of discrimination. Wage decomposition 2b gives more detailed insights in the presence of a gender wage gap between immigrant males and females, and therefore, more insights on the existence of a double-negative wage gap for immigrant females in the Dutch labour market. The results of the wage decompositions are presented and discussed in the following parts. Only the most relevant parts of the wage decomposition are presented, the full Oaxaca-Blinder wage decompositions can be found in the appendix. 

[bookmark: _Toc319832111]5.2.1 Oaxaca-Blinder wage decompositions by origin
In this section, we present and discuss the Oaxaca-Blinder wage decomposition results by origin with respect to the total sample (table 6), males (table 7) and females (table 8).



Table 6
Oaxaca-Blinder wage decomposition by origin: total sample

	
	Mean log hourly wage

	Native employees (52486 obs.)
	1.228151***
(0.0008527)

	Immigrant employees (7413 obs.)
	1.190587***
(0.0022982)

	

	Overall wage difference
	0.0375637***
(0.0024513)

	-Endowments (part 1)
	0.02749***
(0.0020865)

	- Coefficients (part 2)
	0.0115778***
(0.0015868)

	- Interaction (part 3)
	-0.0015042
(0.0009321)


Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

Table 6 presents the wage decomposition results by origin for the total sample. These results are obtained using the model presented in column (7) of table 5.[footnoteRef:31] Group 1 consists of 52.486 native employees while group 2 consists of 7.413 immigrant employees. The mean log hourly wage for the native employees is 1.23, while the mean log hourly wage for the immigrant employees is 1.19. As the overall wage difference presents, immigrants earn about 3.8 percent less than their native counterparts do. This mean wage difference is next decomposed in three parts, as mentioned before. The results of this decomposition can be found in the last three rows of table 6. Differences in endowments account for a mean wage difference of about 2.7 percent, while the coefficients part accounts for a mean wage difference of approximately 1.2 percent. The interaction part of the mean wage difference is not significant, the endowments and the coefficients parts of the mean wage difference are significant on a 1 percent significance level. Thus, about 1.2 percent of the mean wage difference cannot be explained by differences in endowments and characteristics. The existence of this mean wage difference of 1.2 percent could be a sign of discrimination against immigrant employees on the Dutch labour market. [31:  This holds for all the following Oaxaca-Blinder decompositions.] 



Table 7
Oaxaca-Blinder wage decomposition by origin: males

	
	Mean log hourly wage

	Native male employees (26947 obs.)
	1.274807***
(0.001221)

	Immigrant male employees (3802 obs.)
	1.229842***
(0.0033323)

	

	Overall wage difference
	0.0449648***
(0.003549)

	-Endowments (part 1)
	0.0328699***
(0.0030582)

	- Coefficients (part 2)
	0.0162059***
(0.002256)

	- Interaction (part 3)
	-0.004111***
(0.001382)


Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

Table 7 presents the wage decomposition results by origin with respect to the males in the sample. There are 26.947 native males and 3.802 immigrant males in the sample. The mean log hourly wage for the natives is 1.27, while this is 1.23 for immigrant males. It is worth noting that these mean wages are higher than the mean wages in table 6 (total sample). The overall wage difference shows a highly significant mean wage difference of about 4.4 percent to the disadvantage of immigrant males. The difference in endowments between the native and immigrant accounts for a mean wage difference of about 3.3 percent. Differences in coefficients account for a 1.6 percent mean wage difference, while the interaction effect accounts for a decrease in the mean wage difference of about 0.4 percent. All the mean wage differences are significant on a 1 percent significance level.

Table 8
Oaxaca-Blinder wage decomposition by origin: females

	
	Mean log hourly wage

	Native female employees (25539 obs.)
	1.178922***
(0.001108)

	Immigrant female employees (3611 obs.)
	1.149255***
(0.003014)

	

	Overall wage difference
	0.0296667***
(0.0032112)

	-Endowments (part 1)
	0.0220685***
(0.0026947)

	- Coefficients (part 2)
	0.0063824***
(0.0021993)

	- Interaction (part 3)
	0.0012158
(0.0013528)


Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

The Oaxaca-Blinder wage decomposition for the mean wage difference between the native and immigrant females in the sample is presented in table 8. The group of native females consists of 25.539 employees, while the group of immigrant females consists of 3.611 employees. The mean hourly wage is 1.18 for native females and 1.15 for immigrant females. Hence, the overall mean wage difference is about 3 percent in disadvantage of immigrant females. When decomposing this mean difference into three parts, we observe that differences in endowments between native and immigrant females account for a mean wage difference of about 2.2 percent, while differences in the coefficients account for a wage difference of 0.6 percent. Both parts are significant on a 1 percent significance level. The interaction effect is not significant in this Oaxaca-Blinder wage decomposition. 

[bookmark: _Toc319832112]5.2.2 Oaxaca-Blinder wage decompositions by gender
In this part, the Oaxaca-Blinder wage decomposition results by gender with respect to the total sample (table 9) and immigrant employees (table 10) are presented and analysed. 

Table 9
Oaxaca-Blinder wage decomposition by gender: total sample

	
	Mean log hourly wage

	Male employees (30749 obs.)
	1.269247***
(0.0011493)

	Female employees (29150 obs.)
	1.175247***
(0.0010412)

	

	Overall wage difference
	0.0940007***
(0.0015508)

	-Endowments (part 1)
	0.0402019***
(0.0017236)

	- Coefficients (part 2)
	0.0247103***
(0.0016696)

	- Interaction (part 3)
	0.0290885***
(0.0018903)


Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

Table 9 presents the results of the Oaxaca-Blinder wage decomposition by gender for the total sample. This wage decomposition is conducted to examine whether our dataset and the underlying sample provide evidence for the existence of a gender wage gap on the Dutch labour market. The total sample consists of 30.749 males and 29.150 females. The mean log hourly wage of the male employees in the dataset is approximately 1.27, whereas the mean log hourly wage for female employees is approximately 1.18. The overall mean wage difference is about 9.4 percent and is significant at a 1 percent significance level. When comparing the overall wage difference in the total sample by origin (table 6) and by gender (table 9) we see that the overall mean wage difference by gender is far higher: 3.8 and 9.4 percent respectively. These overall wage differences are both highly significant. Differences in endowments between male and female employees account for a mean wage difference of approximately 4 percent. Differences in coefficients between male and female employees lead to a mean wage difference of about 2.5 percent. The interaction between differences in endowments and in coefficients accounts for a mean wage difference of about 2.9 percent. Hence, 2.5 percent of the mean wage difference between male and female employees cannot be explained by differences in endowments and characteristics. The existence of this mean wage difference of 2.5 percent could be a sign of discrimination against female employees on the Dutch labour market. 

Table 10
Oaxaca-Blinder wage decomposition by gender: immigrants

	
	Mean log hourly wage

	Immigrant male employees (3802 obs.)
	1.229842***
(0.0033323)

	Immigrant female employees (3611 obs.)
	1.149255***
(0.003014)

	

	Overall wage difference
	0.0805873***
(0.0044932)

	-Endowments (part 1)
	0.039062***
(0.0045075)

	- Coefficients (part 2)
	0.0257923***
(0.0043626)

	- Interaction (part 3)
	0.015733*** 
(0.0045321)


Standard errors in parentheses, *** p<0.01, ** p<0.05, * p<0.1

Table 10 presents the summarized results of the Oaxaca-Blinder wage decomposition by gender with respect to the immigrant employees in the sample. This decomposition is conducted to determine whether in our data there is evidence for the existence of a gender wage gap between male and female immigrant employees. The dataset provides evidence of the existence of a gender wage gap on the Dutch labour market in general (i.e. without a distinction by origin), see table 9. With this research, we test whether our data provides evidence of the existence of a double-negative wage gap for the immigrant female employees on the Dutch labour market. In that light, it is useful to conduct the Oaxaca-Blinder wage decomposition by gender especially for the immigrants in the dataset. The dataset consists of 3.802 immigrant male employees and 3.611 immigrant female employees. The immigrant male employees have a mean log hourly wage of about 1.23 where this is 1.15 for immigrant female employees. The overall mean wage difference is about 8.1 percent to the disadvantage of immigrant females. Decomposing this wage difference leads to the following. Differences in endowments between immigrant male and immigrant female employees accounts for a wage difference of about 3.9 percent. Differences in coefficients account for a wage difference of approximately 2.6 percent. Interaction between differences in endowments and differences in coefficients accounts for a wage difference of 1.6 percent. All the wage differences are significant on a 1 percent significance level. Hence, a mean wage difference of about 2.6 percent between immigrant male and female employees cannot be explained by differences in endowments and characteristics. This unexplained part of the mean wage difference can be a sign of discrimination against immigrant female employees in comparison to their male counterparts. 

[bookmark: _Toc319832113]5.3 Conclusion
In this section, we have presented the results of our basic regression analysis and of a series of Oaxaca-Blinder wage decompositions. 

From our regression analysis, we have gained insights on the role played by various drivers in shaping hourly wages. We have started focusing on individual level characteristics and found that age, seniority and the educational level of the employees positively affect wages. Family status also matter, and the same is true for the geographic location of the employee. Importantly, we have shown that being female has a substantial negative effect on the wage rate. Next, we have turned to consider occupation specific drivers. Our findings suggest that the economic sector of employment does matter for the wage rate and that having supervisory duties adds to the wage rate. Our results also suggest that a high occupational level adds to the wage rate. The type of contract also matters for the wage rate: having a part-time or flexible contract decreases the wage rate in comparison to having a full-time contract. Our results suggest next that unfavourable working conditions seem to be compensated by a higher wage. The coefficients of the variables of the basic specification change slightly by adding the control variables at the occupational level, but remain all significant on a 1 percent significance level. By adding all the control variables the R-squared improved from 53 percent to 62 percent. 

The Oaxaca-Blinder wage decomposition results provide evidence of both a wage difference between native and immigrant employees in general (table 6) as well as for a wage difference between native female and immigrant female employees in particular (table 8). The mean wage difference between native and immigrant employees, which cannot be explained by differences in endowments and characteristics, is about 1.2 percent. The mean wage difference between native and immigrant female employees, which cannot be explained by differences in endowments and characteristics, is about 0.6 percent. The Oaxaca-Blinder wage decomposition results also provide evidence on the existence of a gender wage gap between male and female employees in general (table 9) and immigrant male and immigrant female employees in particular (table 10). The analysis suggests 8the existence of an unexplained mean wage difference between male and female employees of about 2.5 percent. The unexplained mean wage difference between immigrant male and immigrant female employees is slightly higher: 2.6 percent. These wage decomposition results seem to provide evidence for the existence of a double-negative wage gap for immigrant female employees on the Dutch labour market. They both face a negative wage gap because they are immigrants and because they are female. Immigrant female employees face an unexplained negative mean wage difference of about 0.6 percent in comparison to native female employees. Moreover, immigrant female employees do face an unexplained negative mean wage difference of about 2.6 percent in comparison to immigrant male employees.
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6. Conclusion and discussion
In this paper, we have studied whether there is a double-negative effect on the earnings of immigrant females participating in the Dutch labour market. To this end, we have used the LSO 2002 dataset, covering approximately 60.000 employees. We first carried out a series of (OLS) regressions to assess the role played by various drivers in shaping hourly wages. Subsequently, we carried out a series of Oaxaca-Blinder decompositions to determine whether immigrant women do face a double-negative wage gap. 

We have found that the log hourly wage is positively related to age, seniority and the educational level of the employee. We have then included a series of controls at the individual level to the basic specification, accounting for gender, marital status and province of residence. While the individual controls somewhat mitigate the effect of gender on wages, we see a strong significant decrease in the wage rate if an employee is a female. This negative effect has been previously found in the international literature. Furthermore, we have also included a number of control variables at the occupational level. Our results show that the sector of employment plays an important role on wage rates, and we also found a positive relation between the level of the occupations (i.e. elementary, low, secondary, high or academic) and the wage rate. Moreover, our results suggest that having supervisory duties adds to the wage rate and that unfavourable working conditions seem to be compensated by a higher wage. The coefficients of the variables of the basic specification change slightly by adding the control variables at the individual and the occupational level, but remain all highly significant. While we add many controls at the occupational level, our estimates still suggest a highly significant negative gender effect on the wage rate of females participating in the Dutch labour market. 

The Oaxaca-Blinder wage decomposition results provide evidence of a wage difference between native and immigrant employees in general and of a wage difference between native female and immigrant female employees in particular. The mean wage difference between native and immigrant employees, which cannot be explained by differences in endowments and characteristics, is about 1.2 percent. Focusing solely on the mean wage difference between native and immigrant females, about 0.6 percent of the mean wage difference cannot be explained by differences in endowments and characteristics. The Oaxaca-Blinder wage decomposition results also provide evidence on the existence of a gender wage gap between male and female employees in general and immigrant male and immigrant female employees in particular. The unexplained mean wage difference between male and female employees is about 2.5 percent, while this is about 2.6 percent with respect to immigrant male and immigrant female employees. These wage decomposition results seem to provide evidence for the existence of a double-negative wage gap for immigrant female employees on the Dutch labour market. They both face an unexplained negative wage gap because they are immigrant (total sample: 1.2 percent, females in particular: 0.6 percent) and because they are female (total sample: 2.5 percent, immigrants in particular: 2.6 percent). Therefore, our data suggest the existence of a double-negative wage gap on the earnings of immigrant females participating on the Dutch labour market. Studies on the double-negative wage gap on the earnings of immigrant females in other countries also give evidence on the existence of a double-negative wage gap op the earnings of female immigrants. Husted et al. (2000) find a double-negative effect on the wages of Pakistani females participating in the Danish labour market.[footnoteRef:32] Shamsuddin (1998) uses Canadian data and finds that all foreign-born immigrant females face a double-negative wage gap.[footnoteRef:33] Hayfron (2002) finds a double-negative effect on the earnings of immigrant females participating in the Norwegian labour market.[footnoteRef:34] Le and Miller (2010) use US Census data and find a double-negative effect on the earnings of females from non-English speaking countries.[footnoteRef:35] The study of Alkilic and Salah (2010) shows that unequal treatment of equally qualified employees still occurs on the Dutch labour market.[footnoteRef:36]  [32:  Husted et al (2000), p. 12.]  [33:  Shamsudin (1998), p. 1198.]  [34:  Hayfron (2011), p. 1451.]  [35:  Le and Miller (2010), p. 612.]  [36:  Alkilic, G. and Salah, S. (2010), p. 14.] 


Discussion and further research
In this study, we provide some evidence for the existence of a double-negative wage gap with respect to immigrant females in the Dutch labour market. Even though we control for several characteristics both on the individual and on the occupational level, the wage gap continues to exist. In our analysis we used a dataset of 2002 (LSO 2002), but in present times, ten years later, the problems on the Dutch labour market seem still relevant and actual.[footnoteRef:37] Especially in times of economic crisis[footnoteRef:38] immigrant females participating in the labour market are likely to be more vulnerable. This emphasizes the importance of our results and underlines the need for a structural solution and approach. Our results show the effects of different variables on shaping the hourly wages and these effects could be used in the determination of a solution. If this double-negative wage gap discourages immigrant females to participate in the labour market, this comes at a cost for the economy.  [37:  Jaarrapport Integratie 2011, Sociaal en Cultureel Planbureau, p.154.]  [38:  For instance the recent financial crisis of 2007.] 


We are aware that our results are subject to some limitations. The first limitation is concerning the variables used in our analysis. Some important controls are unfortunately not available in the LSO 2002. For instance, we were not able to control for the language proficiency of the immigrant employees. Good language proficiency is important for labour market outcomes. Moreover, our dataset did not contain information on the educational level of the parents of the employees and on the type or length of education and experience obtained before immigration to the Netherlands, while these variables seem also to be important determinants of earnings potential.[footnoteRef:39] Furthermore, the data we have used do not report information on whether the employees have children, and on their number. Having children influences the labour market positions of mothers, especially in the immigrant tradition. A second important limitation concerns the interpretation of our estimates. We cannot interpret our wage decomposition estimates as valid estimates for the underlying causal parameters, since we used cross sectional data instead of longitudinal data. Our estimates can inform us about correlation, not about causality. However, we can make inferences based on correlations. [39:  With respect to immigrants in the UK Dustmann and Fabbri (2000) show, among others,  that mastery of the English language by immigrant employees contributes to reducing the earnings gap between white and ethnic minority natives on the one hand and ethnic minority immigrants on the other hand. ] 


For further research, it is interesting to analyse the labour market position of female immigrant employees using panel data instead of cross section data (cf. Husted et al., 2000). In that way, we could gain insights in the development over time, i.e. the trend, and achieve better estimates and interpretations of the influence of the explanatory variables on the dependent variable. It is also very interesting to distinguish the different immigrant employees by country of origin and to examine the wage differences by origin. Unfortunately, our dataset did not contain this type information. A key suggestion would be to find out why immigrant females do face a double-negative wage gap on the Dutch labour market. Why do employers still seem reluctant in employing female immigrants, even if they are equally qualified as their native counterparts? And how can we solve this difficulty? A solution that is already used in the Netherlands is the concept of affirmative action. The government tries to redress possible discrimination by improving economic and educational opportunities of (ethnic) minority groups. One can reach this for example by providing employers subsidies when they employ a female immigrant. All in all, there seems a lot to explore with respect to further research.
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1. Wage decompositions by origin

1A. Total sample: native/immigrant

Model for group 1

      Source |       SS       df       MS              Number of obs =   52486
-------------+------------------------------           F( 51, 52434) = 1710.76
       Model |  1250.71075    51  24.5237402           Prob > F      =  0.0000
    Residual |  751.642177 52434  .014335015           R-squared     =  0.6246
-------------+------------------------------           Adj R-squared =  0.6243
       Total |  2002.35292 52485  .038150956           Root MSE      =  .11973

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0842431   .0013282    63.43   0.000     .0816398    .0868464
        age2 |   -.005526   .0001114   -49.62   0.000    -.0057443   -.0053077
   seniority |    .019569   .0006321    30.96   0.000     .0183302    .0208079
        MAVO |   .0416404   .0030087    13.84   0.000     .0357432    .0475376
         VBO |    .034715   .0027525    12.61   0.000     .0293201    .0401099
     HAVOVWO |   .0874764   .0032871    26.61   0.000     .0810336    .0939191
         MBO |   .0783139   .0025776    30.38   0.000     .0732617    .0833661
         HBO |   .1448035   .0029453    49.16   0.000     .1390308    .1505763
          WO |   .2241511   .0035166    63.74   0.000     .2172587    .2310436
      Female |  -.0405573   .0013844   -29.30   0.000    -.0432706   -.0378439
marriedliv~r |    .025977   .0014818    17.53   0.000     .0230726    .0288815
     widowed |   .0133586   .0057925     2.31   0.021     .0020052     .024712
    divorced |   .0060441   .0024968     2.42   0.015     .0011503    .0109378
         Fri |  -.0025224    .003434    -0.73   0.463    -.0092531    .0042083
         Dre |  -.0008969   .0036705    -0.24   0.807    -.0080912    .0062973
         Ove |    .001195   .0031481     0.38   0.704    -.0049754    .0073653
         Fle |   .0110673   .0043271     2.56   0.011     .0025861    .0195484
         Gel |   .0114836   .0028823     3.98   0.000     .0058343    .0171329
         Utr |    .020148   .0032263     6.24   0.000     .0138245    .0264715
          NH |   .0225834   .0029708     7.60   0.000     .0167606    .0284062
          SH |   .0208143   .0028116     7.40   0.000     .0153036     .026325
         Zee |   .0064549   .0042649     1.51   0.130    -.0019043    .0148142
          NB |   .0094414   .0028217     3.35   0.001     .0039109     .014972
         Lim |  -.0001668   .0030829    -0.05   0.957    -.0062094    .0058758
     Minextr |   .1247306   .0161442     7.73   0.000     .0930879    .1563734
       Indus |   .0118467   .0092197     1.28   0.199    -.0062241    .0299175
      Energy |   .0810378   .0107672     7.53   0.000      .059934    .1021416
       Build |   .0459425   .0095632     4.80   0.000     .0271986    .0646864
       Trade |  -.0212619   .0092318    -2.30   0.021    -.0393563   -.0031674
    Catering |  -.0221385   .0110182    -2.01   0.045    -.0437342   -.0005427
   TransComm |   .0158343   .0093435     1.69   0.090    -.0024791    .0341477
       Finan |   .0524779   .0094159     5.57   0.000     .0340227    .0709332
        Busi |   .0185453   .0092417     2.01   0.045     .0004315    .0366591
      Public |   .0318034   .0092036     3.46   0.001     .0137643    .0498426
      subedu |   .0058611   .0092516     0.63   0.526    -.0122721    .0239942
      health |   .0204374   .0092049     2.22   0.026     .0023958    .0384791
     culture |   .0188617   .0096478     1.96   0.051    -.0000481    .0377715
     lowoccu |   .0381875   .0022988    16.61   0.000     .0336819    .0426931
     secoccu |   .0875934    .002415    36.27   0.000       .08286    .0923269
    highoccu |   .1363047   .0028154    48.41   0.000     .1307864    .1418229
        acad |   .1632961   .0034304    47.60   0.000     .1565725    .1700197
     Leading |   .0419538   .0013321    31.49   0.000     .0393429    .0445647
parttimele~s |  -.0096663   .0025648    -3.77   0.000    -.0146934   -.0046391
parttime12~e |  -.0249857   .0014547   -17.18   0.000    -.0278369   -.0221345
flexiblele~s |  -.0233571   .0035676    -6.55   0.000    -.0303496   -.0163645
flexible12~e |  -.0627566    .003751   -16.73   0.000    -.0701085   -.0554047
Fsizeq10to99 |   .0014829    .005053     0.29   0.769     -.008421    .0113869
Fsize100~499 |   .0003435    .004921     0.07   0.944    -.0093017    .0099887
    Fsize500 |  -.0001833   .0048602    -0.04   0.970    -.0097093    .0093428
   irregular |   .0313669   .0017359    18.07   0.000     .0279646    .0347693
       shift |   .0662621   .0034874    19.00   0.000     .0594268    .0730975
       _cons |    .688403   .0110915    62.07   0.000     .6666636    .7101424
------------------------------------------------------------------------------

Model for group 2

      Source |       SS       df       MS              Number of obs =    7413
-------------+------------------------------           F( 51,  7361) =  228.51
       Model |  177.390773    51  3.47825045           Prob > F      =  0.0000
    Residual |  112.044552  7361  .015221376           R-squared     =  0.6129
-------------+------------------------------           Adj R-squared =  0.6102
       Total |  289.435324  7412  .039049558           Root MSE      =  .12337

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0758722   .0034808    21.80   0.000     .0690489    .0826956
        age2 |  -.0049406   .0002955   -16.72   0.000    -.0055198   -.0043614
   seniority |   .0255707   .0017693    14.45   0.000     .0221022    .0290391
        MAVO |   .0195624   .0063744     3.07   0.002     .0070668    .0320579
         VBO |   .0209923   .0058917     3.56   0.000     .0094429    .0325416
     HAVOVWO |   .0641137    .006939     9.24   0.000     .0505113     .077716
         MBO |    .059196   .0055246    10.71   0.000     .0483662    .0700259
         HBO |   .1159402   .0067651    17.14   0.000     .1026788    .1292017
          WO |   .1818735   .0083739    21.72   0.000     .1654583    .1982887
      Female |  -.0325071   .0034864    -9.32   0.000    -.0393415   -.0256728
marriedliv~r |   .0197103   .0038316     5.14   0.000     .0121993    .0272214
     widowed |    .011705   .0170439     0.69   0.492    -.0217059    .0451158
    divorced |  -.0026358   .0056471    -0.47   0.641    -.0137057    .0084342
         Fri |  -.0120414   .0130207    -0.92   0.355    -.0375657     .013483
         Dre |   .0041192   .0139774     0.29   0.768    -.0232805    .0315188
         Ove |  -.0077462   .0100978    -0.77   0.443    -.0275408    .0120485
         Fle |   .0122371   .0118036     1.04   0.300    -.0109012    .0353755
         Gel |   .0027115   .0093332     0.29   0.771    -.0155842    .0210073
         Utr |   .0094563   .0099493     0.95   0.342    -.0100472    .0289599
          NH |   .0179103   .0091615     1.95   0.051    -.0000489    .0358695
          SH |    .004531   .0088073     0.51   0.607    -.0127338    .0217959
         Zee |   .0151672   .0133095     1.14   0.255    -.0109232    .0412576
          NB |   .0051068   .0092396     0.55   0.580    -.0130055     .023219
         Lim |  -.0089681   .0096651    -0.93   0.353    -.0279145    .0099783
     Minextr |   .2228529   .0844953     2.64   0.008     .0572179    .3884879
       Indus |   .0681313    .043969     1.55   0.121    -.0180605     .154323
      Energy |   .2043118   .0499828     4.09   0.000     .1063311    .3022924
       Build |   .1244982   .0450237     2.77   0.006     .0362388    .2127576
       Trade |   .0466408   .0440036     1.06   0.289    -.0396189    .1329005
    Catering |   .0405132   .0456591     0.89   0.375    -.0489916     .130018
   TransComm |   .0725582   .0441019     1.65   0.100    -.0138942    .1590106
       Finan |   .1278134   .0443489     2.88   0.004     .0408769      .21475
        Busi |   .0755741    .043929     1.72   0.085    -.0105393    .1616876
      Public |    .104126   .0439502     2.37   0.018     .0179709    .1902811
      subedu |    .074959   .0439711     1.70   0.088     -.011237    .1611551
      health |   .0785748   .0438751     1.79   0.073    -.0074331    .1645826
     culture |   .0562269   .0446654     1.26   0.208      -.03133    .1437838
     lowoccu |   .0303721   .0049502     6.14   0.000     .0206683    .0400759
     secoccu |    .075872   .0053763    14.11   0.000     .0653329    .0864112
    highoccu |   .1368272   .0068703    19.92   0.000     .1233595    .1502949
        acad |   .1864319   .0089241    20.89   0.000      .168938    .2039257
     Leading |   .0474537   .0038727    12.25   0.000     .0398622    .0550452
parttimele~s |   .0039556   .0071441     0.55   0.580    -.0100489    .0179601
parttime12~e |  -.0229306   .0038492    -5.96   0.000    -.0304761    -.015385
flexiblele~s |  -.0054355   .0091623    -0.59   0.553    -.0233964    .0125253
flexible12~e |  -.0407047   .0079076    -5.15   0.000    -.0562059   -.0252034
Fsizeq10to99 |  -.0048063   .0169382    -0.28   0.777      -.03801    .0283974
Fsize100~499 |  -.0041493   .0165007    -0.25   0.801    -.0364954    .0281968
    Fsize500 |  -.0064067   .0163472    -0.39   0.695    -.0384519    .0256386
   irregular |   .0234861   .0048731     4.82   0.000     .0139335    .0330388
       shift |   .0619104   .0071618     8.64   0.000     .0478712    .0759496
       _cons |   .6623391   .0486329    13.62   0.000     .5670046    .7576736
------------------------------------------------------------------------------

Blinder-Oaxaca decomposition                      Number of obs   =      59899
                                                  Model           =     linear
Group 1: origin = 1                               N of obs 1      =      52486
Group 2: origin = 2                               N of obs 2      =       7413

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
overall      |
     group_1 |   1.228151   .0008527  1440.26   0.000     1.226479    1.229822
     group_2 |   1.190587   .0022982   518.05   0.000     1.186082    1.195091
  difference |   .0375637   .0024513    15.32   0.000     .0327592    .0423682
  endowments |     .02749   .0020865    13.18   0.000     .0234006    .0315794
coefficients |   .0115778   .0015762     7.35   0.000     .0084885    .0146672
 interaction |  -.0015042   .0009251    -1.63   0.104    -.0033173     .000309
-------------+----------------------------------------------------------------
endowments   |
         age |   .0050687   .0020816     2.44   0.015     .0009889    .0091486
        age2 |  -.0040225   .0015229    -2.64   0.008    -.0070074   -.0010376
   seniority |   .0044096   .0004347    10.14   0.000     .0035576    .0052615
        MAVO |  -.0004507   .0001625    -2.77   0.006    -.0007692   -.0001323
         VBO |  -.0003439   .0001284    -2.68   0.007    -.0005955   -.0000922
     HAVOVWO |  -.0014494   .0002603    -5.57   0.000    -.0019596   -.0009391
         MBO |   .0050764   .0005814     8.73   0.000      .003937    .0062159
         HBO |   .0058831    .000664     8.86   0.000     .0045816    .0071846
          WO |  -.0015161   .0006926    -2.19   0.029    -.0028735   -.0001587
      Female |   .0000172   .0002016     0.09   0.932    -.0003779    .0004124
marriedliv~r |   .0008176   .0001993     4.10   0.000      .000427    .0012083
     widowed |   .0000151   .0000253     0.59   0.552    -.0000346    .0000647
    divorced |   .0001142   .0002448     0.47   0.641    -.0003656    .0005939
         Fri |  -.0003553   .0003849    -0.92   0.356    -.0011097    .0003991
         Dre |   .0000882   .0002994     0.29   0.768    -.0004986     .000675
         Ove |  -.0000952   .0001263    -0.75   0.451    -.0003428    .0001524
         Fle |  -.0000937   .0000939    -1.00   0.318    -.0002776    .0000903
         Gel |   .0000528   .0001821     0.29   0.772    -.0003041    .0004098
         Utr |  -.0000329   .0000458    -0.72   0.473    -.0001227     .000057
          NH |  -.0006518   .0003423    -1.90   0.057    -.0013228    .0000191
          SH |  -.0003983   .0007747    -0.51   0.607    -.0019166      .00112
         Zee |   .0000582   .0000574     1.01   0.311    -.0000543    .0001708
          NB |   .0001884   .0003416     0.55   0.581     -.000481    .0008578
         Lim |   .0000156   .0000358     0.44   0.662    -.0000545    .0000858
     Minextr |   .0002537   .0001159     2.19   0.029     .0000267    .0004808
       Indus |  -.0016149   .0010819    -1.49   0.136    -.0037354    .0005055
      Energy |   .0009689    .000287     3.38   0.001     .0004064    .0015315
       Build |   .0012022   .0004855     2.48   0.013     .0002508    .0021537
       Trade |  -.0002354   .0002819    -0.84   0.404    -.0007879    .0003171
    Catering |   -.000218   .0002516    -0.87   0.386     -.000711    .0002751
   TransComm |  -.0009231   .0006054    -1.52   0.127    -.0021097    .0002635
       Finan |   .0010504   .0004848     2.17   0.030     .0001003    .0020006
        Busi |  -.0044771   .0026231    -1.71   0.088    -.0096182    .0006641
      Public |   .0016949   .0008339     2.03   0.042     .0000605    .0033293
      subedu |   .0018527   .0011256     1.65   0.100    -.0003535    .0040588
      health |   .0030108   .0017271     1.74   0.081    -.0003742    .0063958
     culture |   .0000423    .000113     0.37   0.708    -.0001792    .0002637
     lowoccu |  -.0009429   .0002226    -4.24   0.000    -.0013792   -.0005066
     secoccu |   .0028804   .0004878     5.91   0.000     .0019244    .0038364
    highoccu |   .0080606   .0007868    10.24   0.000     .0065184    .0096028
        acad |   .0012069   .0006763     1.78   0.074    -.0001186    .0025324
     Leading |   .0019766   .0002895     6.83   0.000     .0014093    .0025439
parttimele~s |   .0000163   .0000314     0.52   0.603    -.0000453    .0000779
parttime12~e |  -.0006749   .0001754    -3.85   0.000    -.0010188   -.0003311
flexiblele~s |   .0000252    .000044     0.57   0.567    -.0000611    .0001115
flexible12~e |   .0009247   .0002069     4.47   0.000     .0005192    .0013302
Fsizeq10to99 |  -.0000818   .0002889    -0.28   0.777     -.000648    .0004843
Fsize100~499 |   -.000043   .0001725    -0.25   0.803    -.0003812    .0002951
    Fsize500 |   .0002027   .0005184     0.39   0.696    -.0008135    .0012188
   irregular |   .0003433   .0001187     2.89   0.004     .0001107    .0005759
       shift |   -.001407   .0002284    -6.16   0.000    -.0018546   -.0009594
-------------+----------------------------------------------------------------
coefficients |
         age |   .0465621   .0207243     2.25   0.025     .0059432     .087181
        age2 |  -.0209345   .0112925    -1.85   0.064    -.0430675    .0011985
   seniority |   -.014343   .0044907    -3.19   0.001    -.0231446   -.0055414
        MAVO |    .002052   .0006594     3.11   0.002     .0007597    .0033444
         VBO |   .0016772   .0007965     2.11   0.035     .0001161    .0032382
     HAVOVWO |   .0017869   .0005917     3.02   0.003     .0006272    .0029466
         MBO |   .0055912   .0017858     3.13   0.002     .0020911    .0090913
         HBO |   .0054199   .0013917     3.89   0.000     .0026923    .0081475
          WO |   .0044428   .0009662     4.60   0.000      .002549    .0063365
      Female |  -.0039214   .0018279    -2.15   0.032    -.0075039   -.0003388
marriedliv~r |    .003663   .0024016     1.53   0.127     -.001044    .0083699
     widowed |   .0000125    .000136     0.09   0.927    -.0002541     .000279
    divorced |   .0009379   .0006679     1.40   0.160    -.0003712    .0022469
         Fri |   .0001965   .0002784     0.71   0.480    -.0003491    .0007421
         Dre |  -.0000846   .0002438    -0.35   0.729    -.0005624    .0003933
         Ove |   .0005717   .0006768     0.84   0.398    -.0007548    .0018982
         Fle |  -.0000349   .0003748    -0.09   0.926    -.0007695    .0006997
         Gel |   .0010425   .0011614     0.90   0.369    -.0012337    .0033187
         Utr |   .0007615   .0007457     1.02   0.307    -.0006999     .002223
          NH |   .0006846   .0014111     0.49   0.628    -.0020811    .0034503
          SH |   .0042746   .0024284     1.76   0.078     -.000485    .0090341
         Zee |  -.0001681     .00027    -0.62   0.534    -.0006972    .0003611
          NB |   .0005736   .0012786     0.45   0.654    -.0019323    .0030796
         Lim |   .0007777   .0008969     0.87   0.386    -.0009801    .0025355
     Minextr |  -.0000397   .0000417    -0.95   0.341    -.0001214     .000042
       Indus |  -.0078584   .0062765    -1.25   0.211    -.0201602    .0044433
      Energy |  -.0004324   .0001983    -2.18   0.029     -.000821   -.0000437
       Build |   -.001473   .0008719    -1.69   0.091    -.0031819    .0002359
       Trade |  -.0068333   .0045309    -1.51   0.132    -.0157137    .0020471
    Catering |  -.0007775   .0005885    -1.32   0.186    -.0019309    .0003758
   TransComm |   -.003979   .0031668    -1.26   0.209    -.0101857    .0022277
       Finan |  -.0031199   .0018857    -1.65   0.098    -.0068158    .0005759
        Busi |  -.0086547   .0068168    -1.27   0.204    -.0220153    .0047059
      Public |  -.0089562   .0055676    -1.61   0.108    -.0198684    .0019561
      subedu |  -.0075222    .004898    -1.54   0.125    -.0171221    .0020777
      health |   -.011811   .0091116    -1.30   0.195    -.0296694    .0060475
     culture |  -.0009123   .0011177    -0.82   0.414    -.0031031    .0012784
     lowoccu |   .0019104   .0013347     1.43   0.152    -.0007056    .0045263
     secoccu |   .0038296   .0019267     1.99   0.047     .0000534    .0076059
    highoccu |  -.0000992   .0014102    -0.07   0.944    -.0028633    .0026648
        acad |  -.0021472   .0008908    -2.41   0.016    -.0038931   -.0004014
     Leading |  -.0011351   .0008457    -1.34   0.179    -.0027926    .0005223
parttimele~s |  -.0006946   .0003886    -1.79   0.074    -.0014563    .0000671
parttime12~e |  -.0006739   .0013495    -0.50   0.617    -.0033189     .001971
flexiblele~s |  -.0005512   .0003045    -1.81   0.070    -.0011481    .0000457
flexible12~e |  -.0010144   .0004062    -2.50   0.013    -.0018105   -.0002183
Fsizeq10to99 |   .0005116    .001438     0.36   0.722    -.0023067    .0033299
Fsize100~499 |   .0010618   .0040696     0.26   0.794    -.0069144    .0090381
    Fsize500 |   .0041968   .0115008     0.36   0.715    -.0183444     .026738
   irregular |   .0009366   .0006155     1.52   0.128    -.0002698     .002143
       shift |   .0002107   .0003859     0.55   0.585    -.0005456    .0009671
       _cons |   .0260639   .0498817     0.52   0.601    -.0717025    .1238302
-------------+----------------------------------------------------------------
interaction  |
         age |   .0005592   .0003377     1.66   0.098    -.0001026    .0012211
        age2 |  -.0004766   .0003128    -1.52   0.128    -.0010897    .0001364
   seniority |   -.001035    .000332    -3.12   0.002    -.0016858   -.0003842
        MAVO |  -.0005087   .0001803    -2.82   0.005    -.0008622   -.0001552
         VBO |  -.0002248     .00012    -1.87   0.061    -.0004601    .0000105
     HAVOVWO |  -.0005281   .0001894    -2.79   0.005    -.0008993    -.000157
         MBO |   .0016395    .000534     3.07   0.002     .0005928    .0026861
         HBO |   .0014646   .0004002     3.66   0.000     .0006801    .0022491
          WO |  -.0003524   .0001772    -1.99   0.047    -.0006997   -5.20e-06
      Female |   4.27e-06     .00005     0.09   0.932    -.0000937    .0001022
marriedliv~r |     .00026   .0001747     1.49   0.137    -.0000824    .0006023
     widowed |   2.13e-06   .0000232     0.09   0.927    -.0000434    .0000476
    divorced |  -.0003759   .0002694    -1.40   0.163     -.000904    .0001521
         Fri |   .0002809   .0003978     0.71   0.480    -.0004987    .0010605
         Dre |  -.0001074   .0003096    -0.35   0.729    -.0007142    .0004994
         Ove |   .0001099   .0001328     0.83   0.408    -.0001505    .0003702
         Fle |   8.95e-06   .0000963     0.09   0.926    -.0001797    .0001976
         Gel |   .0001709   .0001935     0.88   0.377    -.0002085    .0005502
         Utr |  -.0000372   .0000498    -0.75   0.456    -.0001347    .0000604
          NH |  -.0001701   .0003511    -0.48   0.628    -.0008582    .0005181
          SH |  -.0014315   .0008175    -1.75   0.080    -.0030337    .0001707
         Zee |  -.0000335   .0000557    -0.60   0.548    -.0001427    .0000758
          NB |   .0001599   .0003569     0.45   0.654    -.0005396    .0008594
         Lim |  -.0000154   .0000357    -0.43   0.667    -.0000853    .0000545
     Minextr |  -.0001117    .000102    -1.10   0.273    -.0003116    .0000882
       Indus |   .0013341   .0010915     1.22   0.222    -.0008053    .0034735
      Energy |  -.0005846   .0002614    -2.24   0.025     -.001097   -.0000723
       Build |  -.0007586   .0004649    -1.63   0.103    -.0016698    .0001526
       Trade |   .0003427   .0003397     1.01   0.313    -.0003231    .0010084
    Catering |   .0003371   .0002662     1.27   0.205    -.0001847    .0008589
   TransComm |   .0007217   .0006005     1.20   0.229    -.0004553    .0018986
       Finan |  -.0006191   .0004175    -1.48   0.138    -.0014375    .0001992
        Busi |   .0033784   .0026709     1.26   0.206    -.0018565    .0086133
      Public |  -.0011772   .0007892    -1.49   0.136    -.0027239    .0003695
      subedu |  -.0017078    .001143    -1.49   0.135     -.003948    .0005324
      health |  -.0022277   .0017425    -1.28   0.201    -.0056429    .0011876
     culture |  -.0000281   .0000795    -0.35   0.724    -.0001839    .0001277
     lowoccu |  -.0002426   .0001744    -1.39   0.164    -.0005845    .0000993
     secoccu |    .000445    .000234     1.90   0.057    -.0000136    .0009036
    highoccu |  -.0000308   .0004374    -0.07   0.944    -.0008881    .0008265
        acad |  -.0001498    .000104    -1.44   0.150    -.0003537    .0000541
     Leading |  -.0002291   .0001728    -1.33   0.185    -.0005679    .0001097
parttimele~s |  -.0000562   .0000488    -1.15   0.249    -.0001518    .0000393
parttime12~e |  -.0000605   .0001217    -0.50   0.619     -.000299    .0001781
flexiblele~s |   .0000831   .0000594     1.40   0.162    -.0000333    .0001994
flexible12~e |    .000501   .0002065     2.43   0.015     .0000963    .0009056
Fsizeq10to99 |   .0001071   .0003017     0.35   0.723    -.0004843    .0006984
Fsize100~499 |   .0000466   .0001802     0.26   0.796    -.0003065    .0003997
    Fsize500 |  -.0001969   .0005407    -0.36   0.716    -.0012566    .0008629
   irregular |   .0001152   .0000821     1.40   0.160    -.0000456     .000276
       shift |  -.0000989   .0001814    -0.55   0.586    -.0004544    .0002566
------------------------------------------------------------------------------

1B. Males: native/immigrant

Model for group 1

      Source |       SS       df       MS              Number of obs =   26947
-------------+------------------------------           F( 50, 26896) =  955.88
       Model |  692.246628    50  13.8449326           Prob > F      =  0.0000
    Residual |  389.562335 26896  .014484025           R-squared     =  0.6399
-------------+------------------------------           Adj R-squared =  0.6392
       Total |  1081.80896 26946  .040147293           Root MSE      =  .12035

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0864315   .0019532    44.25   0.000     .0826032    .0902599
        age2 |  -.0053201   .0001581   -33.65   0.000      -.00563   -.0050102
   seniority |   .0131669   .0008851    14.88   0.000     .0114321    .0149018
        MAVO |   .0474286   .0043385    10.93   0.000     .0389249    .0559324
         VBO |   .0364746   .0037202     9.80   0.000     .0291829    .0437664
     HAVOVWO |   .1098327   .0046112    23.82   0.000     .1007946    .1188708
         MBO |   .0767273   .0034609    22.17   0.000     .0699438    .0835108
         HBO |   .1578614   .0039786    39.68   0.000     .1500632    .1656596
          WO |   .2377363   .0045994    51.69   0.000     .2287212    .2467513
      Female |  (dropped)
marriedliv~r |   .0384126   .0021455    17.90   0.000     .0342073    .0426179
     widowed |   .0195559   .0097923     2.00   0.046     .0003625    .0387492
    divorced |   .0174897   .0039193     4.46   0.000     .0098077    .0251718
         Fri |  -.0092553   .0048506    -1.91   0.056    -.0187627     .000252
         Dre |   -.000609   .0051076    -0.12   0.905    -.0106202    .0094021
         Ove |  -.0068991   .0044334    -1.56   0.120    -.0155888    .0017906
         Fle |   .0153583   .0060392     2.54   0.011     .0035211    .0271955
         Gel |   .0061204   .0040685     1.50   0.132     -.001854    .0140948
         Utr |   .0182001   .0045759     3.98   0.000      .009231    .0271691
          NH |   .0243291   .0041845     5.81   0.000     .0161272    .0325309
          SH |   .0229851   .0039584     5.81   0.000     .0152265    .0307437
         Zee |   .0102947   .0059467     1.73   0.083     -.001361    .0219505
          NB |   .0084452    .003968     2.13   0.033     .0006678    .0162226
         Lim |  -.0055386    .004295    -1.29   0.197    -.0139571      .00288
     Minextr |   .1208653   .0167576     7.21   0.000     .0880196    .1537111
       Indus |   .0073139   .0099205     0.74   0.461    -.0121308    .0267587
      Energy |   .0675184   .0116656     5.79   0.000     .0446531    .0903836
       Build |   .0438481   .0102343     4.28   0.000     .0237884    .0639079
       Trade |  -.0037351   .0100276    -0.37   0.710    -.0233896    .0159195
    Catering |  -.0359952   .0145158    -2.48   0.013    -.0644469   -.0075434
   TransComm |   .0181003   .0101035     1.79   0.073     -.001703    .0379037
       Finan |   .0647754   .0102979     6.29   0.000      .044591    .0849599
        Busi |   .0177193   .0100009     1.77   0.076     -.001883    .0373215
      Public |   .0216992   .0099342     2.18   0.029     .0022276    .0411708
      subedu |  -.0180393   .0100823    -1.79   0.074    -.0378012    .0017227
      health |   .0051406   .0101498     0.51   0.613    -.0147536    .0250347
     culture |   .0295025   .0106882     2.76   0.006      .008553     .050452
     lowoccu |   .0301777   .0034165     8.83   0.000     .0234811    .0368743
     secoccu |   .0809507   .0034839    23.24   0.000     .0741221    .0877792
    highoccu |   .1300204   .0039982    32.52   0.000     .1221836    .1378571
        acad |   .1550556    .004639    33.42   0.000      .145963    .1641483
     Leading |   .0451779    .001686    26.80   0.000     .0418732    .0484827
parttimele~s |  -.0212916   .0048958    -4.35   0.000    -.0308877   -.0116955
parttime12~e |   -.040096   .0023885   -16.79   0.000    -.0447776   -.0354143
flexiblele~s |  -.0258469   .0069284    -3.73   0.000     -.039427   -.0122668
flexible12~e |  -.0515721   .0058732    -8.78   0.000    -.0630838   -.0400603
Fsizeq10to99 |  -.0029938   .0064896    -0.46   0.645    -.0157138    .0097262
Fsize100~499 |  -.0053607   .0063116    -0.85   0.396    -.0177318    .0070105
    Fsize500 |  -.0082848   .0062293    -1.33   0.184    -.0204945    .0039249
   irregular |   .0192162   .0030681     6.26   0.000     .0132025    .0252299
       shift |   .0696121   .0037967    18.34   0.000     .0621704    .0770538
       _cons |    .691226   .0131629    52.51   0.000     .6654261    .7170258
------------------------------------------------------------------------------
(model 1 has zero variance coefficients)

Model for group 2

      Source |       SS       df       MS              Number of obs =    3802
-------------+------------------------------           F( 50,  3751) =  127.51
       Model |  100.535747    50  2.01071494           Prob > F      =  0.0000
    Residual |   59.150461  3751  .015769251           R-squared     =  0.6296
-------------+------------------------------           Adj R-squared =  0.6246
       Total |  159.686208  3801  .042011631           Root MSE      =  .12558

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0720032   .0050671    14.21   0.000     .0620687    .0819377
        age2 |   -.004402   .0004177   -10.54   0.000    -.0052209   -.0035831
   seniority |   .0196993   .0024909     7.91   0.000     .0148157    .0245828
        MAVO |   .0197829   .0094125     2.10   0.036     .0013287    .0382371
         VBO |   .0226828   .0080299     2.82   0.005     .0069394    .0384262
     HAVOVWO |   .0763584   .0099633     7.66   0.000     .0568244    .0958924
         MBO |   .0625826   .0076744     8.15   0.000     .0475362     .077629
         HBO |   .1151618   .0096066    11.99   0.000      .096327    .1339966
          WO |   .1836915   .0115928    15.85   0.000     .1609627    .2064204
      Female |  (dropped)
marriedliv~r |   .0288776   .0055904     5.17   0.000      .017917    .0398382
     widowed |   .0447317   .0320494     1.40   0.163    -.0181043    .1075677
    divorced |  -.0032809   .0089421    -0.37   0.714    -.0208129     .014251
         Fri |  -.0112215   .0190282    -0.59   0.555     -.048528     .026085
         Dre |   .0011223   .0201526     0.06   0.956    -.0383888    .0406335
         Ove |  -.0107562   .0148086    -0.73   0.468    -.0397899    .0182775
         Fle |   .0319411   .0173132     1.84   0.065     -.002003    .0658852
         Gel |   .0105519   .0138059     0.76   0.445     -.016516    .0376197
         Utr |   .0083926   .0146517     0.57   0.567    -.0203336    .0371187
          NH |   .0227616   .0136189     1.67   0.095    -.0039396    .0494629
          SH |   .0011068   .0131882     0.08   0.933    -.0247499    .0269635
         Zee |   .0386391   .0189613     2.04   0.042     .0014637    .0758145
          NB |    .010595   .0136858     0.77   0.439    -.0162374    .0374274
         Lim |   .0009122   .0141583     0.06   0.949    -.0268464    .0286708
     Minextr |   .2381946   .0905713     2.63   0.009     .0606208    .4157685
       Indus |   .0790812   .0518239     1.53   0.127    -.0225246     .180687
      Energy |   .2187831   .0591219     3.70   0.000     .1028689    .3346973
       Build |   .1330014    .052821     2.52   0.012     .0294408     .236562
       Trade |   .0660523   .0519712     1.27   0.204    -.0358423    .1679469
    Catering |   .0555735   .0557102     1.00   0.319    -.0536517    .1647987
   TransComm |   .0841039     .05207     1.62   0.106    -.0179844    .1861921
       Finan |    .159205    .052555     3.03   0.002     .0561659    .2622441
        Busi |   .0905191   .0518799     1.74   0.081    -.0111965    .1922346
      Public |   .1048967   .0518729     2.02   0.043     .0031948    .2065986
      subedu |   .0755638   .0520001     1.45   0.146    -.0263873     .177515
      health |   .0857887   .0519643     1.65   0.099    -.0160924    .1876697
     culture |   .0654346   .0530051     1.23   0.217     -.038487    .1693563
     lowoccu |   .0279445   .0072932     3.83   0.000     .0136455    .0422436
     secoccu |   .0711626   .0077257     9.21   0.000     .0560156    .0863096
    highoccu |   .1407165   .0098304    14.31   0.000      .121443    .1599899
        acad |   .1875601   .0123936    15.13   0.000     .1632613    .2118588
     Leading |   .0586069   .0049965    11.73   0.000     .0488107     .068403
parttimele~s |  -.0072114   .0119945    -0.60   0.548    -.0307278     .016305
parttime12~e |  -.0299687   .0066071    -4.54   0.000    -.0429226   -.0170149
flexiblele~s |   .0015416   .0154361     0.10   0.920    -.0287223    .0318055
flexible12~e |  -.0570895   .0119603    -4.77   0.000    -.0805388   -.0336402
Fsizeq10to99 |    .045472   .0219539     2.07   0.038     .0024293    .0885146
Fsize100~499 |   .0467174   .0213307     2.19   0.029     .0048965    .0885382
    Fsize500 |   .0395317   .0211498     1.87   0.062    -.0019346    .0809981
   irregular |   .0180956   .0082902     2.18   0.029     .0018418    .0343493
       shift |   .0606111   .0081799     7.41   0.000     .0445737    .0766486
       _cons |   .6104444   .0590334    10.34   0.000     .4947036    .7261851
------------------------------------------------------------------------------
(model 2 has zero variance coefficients)

Blinder-Oaxaca decomposition                      Number of obs   =      30749
                                                  Model           =     linear
Group 1: origin = 1                               N of obs 1      =      26947
Group 2: origin = 2                               N of obs 2      =       3802

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
overall      |
     group_1 |   1.274807    .001221  1044.06   0.000     1.272414      1.2772
     group_2 |   1.229842   .0033323   369.06   0.000     1.223311    1.236374
  difference |   .0449648    .003549    12.67   0.000     .0380089    .0519207
  endowments |   .0328699   .0030582    10.75   0.000      .026876    .0388638
coefficients |   .0162059    .002256     7.18   0.000     .0117841    .0206276
 interaction |   -.004111    .001382    -2.97   0.003    -.0068197   -.0014022
-------------+----------------------------------------------------------------
endowments   |
         age |   .0115288   .0028914     3.99   0.000     .0058618    .0171958
        age2 |   -.007818   .0020721    -3.77   0.000    -.0118793   -.0037567
   seniority |   .0039458   .0006087     6.48   0.000     .0027527    .0051389
        MAVO |   -.000426   .0002222    -1.92   0.055    -.0008614    9.41e-06
         VBO |  -.0005458   .0002356    -2.32   0.021    -.0010076    -.000084
     HAVOVWO |  -.0016458   .0003978    -4.14   0.000    -.0024256   -.0008661
         MBO |   .0058087   .0008626     6.73   0.000     .0041181    .0074993
         HBO |   .0057603   .0009176     6.28   0.000     .0039618    .0075587
          WO |  -.0014615   .0010613    -1.38   0.168    -.0035416    .0006186
      Female |  (dropped)
marriedliv~r |   .0009726   .0003059     3.18   0.001     .0003731    .0015722
     widowed |   .0000774   .0000756     1.02   0.306    -.0000708    .0002255
    divorced |   .0001056   .0002883     0.37   0.714    -.0004594    .0006706
         Fri |  -.0003237   .0005496    -0.59   0.556     -.001401    .0007536
         Dre |   .0000248   .0004451     0.06   0.956    -.0008476    .0008971
         Ove |  -.0000957   .0001399    -0.68   0.494    -.0003699    .0001784
         Fle |  -.0002263   .0001537    -1.47   0.141    -.0005275     .000075
         Gel |   .0001226   .0001714     0.72   0.474    -.0002133    .0004585
         Utr |  -.0000611   .0001131    -0.54   0.589    -.0002827    .0001605
          NH |  -.0008572   .0005311    -1.61   0.106    -.0018981    .0001836
          SH |  -.0000746   .0008895    -0.08   0.933    -.0018181    .0016688
         Zee |   .0001134   .0001112     1.02   0.308    -.0001046    .0003314
          NB |   .0003567   .0004652     0.77   0.443     -.000555    .0012684
         Lim |  -4.54e-06   .0000707    -0.06   0.949    -.0001431     .000134
     Minextr |   .0005104   .0002358     2.16   0.030     .0000483    .0009724
       Indus |  -.0025236   .0017459    -1.45   0.148    -.0059456    .0008984
      Energy |   .0018457   .0005787     3.19   0.001     .0007114      .00298
       Build |   .0024483   .0010608     2.31   0.021     .0003691    .0045276
       Trade |  -.0004327   .0004835    -0.90   0.371    -.0013803    .0005148
    Catering |   -.000283   .0002981    -0.95   0.342    -.0008673    .0003012
   TransComm |  -.0007629   .0006262    -1.22   0.223    -.0019903    .0004645
       Finan |   .0018992    .000849     2.24   0.025     .0002351    .0035633
        Busi |  -.0038426   .0022703    -1.69   0.091    -.0082923    .0006071
      Public |   .0041728    .002161     1.93   0.053    -.0000626    .0084083
      subedu |   .0012043   .0009146     1.32   0.188    -.0005882    .0029968
      health |  -.0006427   .0005747    -1.12   0.263     -.001769    .0004836
     culture |   .0001151   .0002031     0.57   0.571    -.0002829    .0005132
     lowoccu |  -.0009648   .0003241    -2.98   0.003       -.0016   -.0003296
     secoccu |   .0028229   .0006504     4.34   0.000     .0015482    .0040977
    highoccu |   .0078085   .0011231     6.95   0.000     .0056073    .0100096
        acad |   .0011931   .0010577     1.13   0.259      -.00088    .0032661
     Leading |   .0038822   .0005636     6.89   0.000     .0027776    .0049867
parttimele~s |   .0000649   .0001103     0.59   0.556    -.0001513    .0002812
parttime12~e |   .0001491   .0001735     0.86   0.390     -.000191    .0004892
flexiblele~s |   -.000012   .0001197    -0.10   0.920    -.0002466    .0002227
flexible12~e |   .0012551   .0003231     3.88   0.000     .0006217    .0018884
Fsizeq10to99 |   .0006687   .0003925     1.70   0.088    -.0001006     .001438
Fsize100~499 |   4.72e-06   .0003477     0.01   0.989    -.0006768    .0006862
    Fsize500 |  -.0007874   .0005321    -1.48   0.139    -.0018303    .0002554
   irregular |  -.0000597   .0000868    -0.69   0.491    -.0002298    .0001103
       shift |  -.0021401   .0003998    -5.35   0.000    -.0029237   -.0013565
-------------+----------------------------------------------------------------
coefficients |
         age |   .0829039   .0312075     2.66   0.008     .0217382    .1440695
        age2 |  -.0348652   .0169643    -2.06   0.040    -.0681147   -.0016158
   seniority |  -.0165061   .0066804    -2.47   0.013    -.0295994   -.0034127
        MAVO |   .0021814   .0008267     2.64   0.008     .0005611    .0038017
         VBO |   .0019226   .0012361     1.56   0.120    -.0005001    .0043453
     HAVOVWO |   .0023948   .0007978     3.00   0.003     .0008312    .0039584
         MBO |   .0038171   .0022741     1.68   0.093    -.0006402    .0082743
         HBO |   .0078391   .0019277     4.07   0.000      .004061    .0116173
          WO |     .00688   .0016144     4.26   0.000     .0037159     .010044
      Female |  (dropped)
marriedliv~r |   .0059963   .0037665     1.59   0.111    -.0013858    .0133785
     widowed |  -.0001059   .0001435    -0.74   0.460    -.0003872    .0001753
    divorced |   .0016553   .0007834     2.11   0.035     .0001198    .0031908
         Fri |   .0000398   .0003977     0.10   0.920    -.0007397    .0008193
         Dre |  -.0000305   .0003664    -0.08   0.934    -.0007486    .0006876
         Ove |   .0002567   .0010288     0.25   0.803    -.0017597     .002273
         Fle |  -.0004929   .0005469    -0.90   0.367    -.0015647     .000579
         Gel |  -.0005443    .001768    -0.31   0.758    -.0040096     .002921
         Utr |    .000712    .001115     0.64   0.523    -.0014735    .0028974
          NH |     .00023    .002091     0.11   0.912    -.0038683    .0043284
          SH |   .0052883   .0033317     1.59   0.112    -.0012418    .0118184
         Zee |   -.000589   .0004181    -1.41   0.159    -.0014084    .0002305
          NB |  -.0002957   .0019602    -0.15   0.880    -.0041376    .0035462
         Lim |  -.0006244   .0014324    -0.44   0.663    -.0034318    .0021831
     Minextr |  -.0000926   .0000902    -1.03   0.305    -.0002694    .0000842
       Indus |  -.0154974   .0114041    -1.36   0.174    -.0378489    .0068542
      Energy |  -.0007559   .0003473    -2.18   0.030    -.0014366   -.0000752
       Build |  -.0029311   .0017876    -1.64   0.101    -.0064348    .0005725
       Trade |  -.0070301   .0053428    -1.32   0.188    -.0175019    .0034416
    Catering |  -.0008911   .0005789    -1.54   0.124    -.0020258    .0002435
   TransComm |   -.005833   .0046973    -1.24   0.214    -.0150396    .0033736
       Finan |  -.0041229   .0023591    -1.75   0.081    -.0087467    .0005008
        Busi |  -.0109142   .0079323    -1.38   0.169    -.0264612    .0046328
      Public |  -.0117509   .0074745    -1.57   0.116    -.0264008    .0028989
      subedu |   -.008863   .0050351    -1.76   0.078    -.0187316    .0010056
      health |  -.0072333   .0047634    -1.52   0.129    -.0165694    .0021028
     culture |  -.0009262   .0013968    -0.66   0.507    -.0036639    .0018115
     lowoccu |   .0005257   .0018959     0.28   0.782    -.0031903    .0042417
     secoccu |   .0030585   .0026491     1.15   0.248    -.0021338    .0082507
    highoccu |    -.00211   .0020946    -1.01   0.314    -.0062153    .0019954
        acad |  -.0038643   .0015825    -2.44   0.015    -.0069659   -.0007627
     Leading |  -.0036698   .0014443    -2.54   0.011    -.0065007    -.000839
parttimele~s |  -.0004925   .0004551    -1.08   0.279    -.0013846    .0003995
parttime12~e |  -.0012493   .0008683    -1.44   0.150    -.0029512    .0004526
flexiblele~s |  -.0005691   .0003572    -1.59   0.111    -.0012693    .0001311
flexible12~e |    .000222   .0005365     0.41   0.679    -.0008295    .0012735
Fsizeq10to99 |  -.0041812   .0019873    -2.10   0.035    -.0080762   -.0002862
Fsize100~499 |  -.0127113   .0054417    -2.34   0.019    -.0233768   -.0020458
    Fsize500 |  -.0315549   .0145545    -2.17   0.030    -.0600813   -.0030285
   irregular |    .000084   .0006626     0.13   0.899    -.0012148    .0013828
       shift |    .000715   .0007174     1.00   0.319    -.0006911    .0021211
       _cons |   .0807816   .0604831     1.34   0.182    -.0377631    .1993263
-------------+----------------------------------------------------------------
interaction  |
         age |   .0023102   .0010321     2.24   0.025     .0002872    .0043331
        age2 |  -.0016306   .0008899    -1.83   0.067    -.0033748    .0001137
   seniority |  -.0013084    .000542    -2.41   0.016    -.0023707   -.0002462
        MAVO |  -.0005953   .0002568    -2.32   0.020    -.0010987    -.000092
         VBO |  -.0003319   .0002282    -1.45   0.146    -.0007791    .0001154
     HAVOVWO |  -.0007215   .0002785    -2.59   0.010    -.0012673   -.0001757
         MBO |   .0013129   .0007891     1.66   0.096    -.0002337    .0028595
         HBO |   .0021358   .0005954     3.59   0.000     .0009688    .0033028
          WO |    -.00043   .0003265    -1.32   0.188    -.0010699      .00021
      Female |  (dropped)
marriedliv~r |   .0003211   .0002168     1.48   0.139    -.0001038    .0007461
     widowed |  -.0000435   .0000648    -0.67   0.502    -.0001705    .0000834
    divorced |  -.0006687   .0003284    -2.04   0.042    -.0013124    -.000025
         Fri |   .0000567   .0005664     0.10   0.920    -.0010535    .0011669
         Dre |  -.0000382   .0004592    -0.08   0.934    -.0009382    .0008617
         Ove |   .0000343   .0001386     0.25   0.804    -.0002373     .000306
         Fle |   .0001175   .0001385     0.85   0.396     -.000154     .000389
         Gel |  -.0000515   .0001691    -0.30   0.761     -.000383      .00028
         Utr |  -.0000714     .00012    -0.59   0.552    -.0003067    .0001639
          NH |   -.000059   .0005367    -0.11   0.912    -.0011109    .0009928
          SH |  -.0014756   .0009424    -1.57   0.117    -.0033227    .0003715
         Zee |  -.0000832   .0000916    -0.91   0.364    -.0002627    .0000964
          NB |  -.0000724   .0004799    -0.15   0.880     -.001013    .0008682
         Lim |   .0000321   .0000807     0.40   0.691    -.0001261    .0001904
     Minextr |  -.0002514   .0002081    -1.21   0.227    -.0006592    .0001564
       Indus |   .0022902   .0017588     1.30   0.193    -.0011569    .0057373
      Energy |  -.0012761   .0005474    -2.33   0.020     -.002349   -.0002032
       Build |  -.0016412   .0010304    -1.59   0.111    -.0036608    .0003784
       Trade |   .0004572   .0005017     0.91   0.362    -.0005262    .0014406
    Catering |   .0004664   .0003296     1.41   0.157    -.0001797    .0011124
   TransComm |   .0005987   .0005793     1.03   0.301    -.0005368    .0017342
       Finan |  -.0011265   .0007235    -1.56   0.119    -.0025446    .0002916
        Busi |   .0030904   .0022863     1.35   0.176    -.0013906    .0075715
      Public |  -.0033096   .0021618    -1.53   0.126    -.0075467    .0009274
      subedu |  -.0014918   .0009707    -1.54   0.124    -.0033943    .0004107
      health |   .0006042   .0005615     1.08   0.282    -.0004963    .0017046
     culture |  -.0000632   .0001374    -0.46   0.645    -.0003324     .000206
     lowoccu |  -.0000771   .0002785    -0.28   0.782     -.000623    .0004688
     secoccu |   .0003883   .0003453     1.12   0.261    -.0002885    .0010651
    highoccu |  -.0005935   .0005936    -1.00   0.317     -.001757    .0005699
        acad |  -.0002068   .0002012    -1.03   0.304    -.0006012    .0001877
     Leading |  -.0008895   .0003646    -2.44   0.015    -.0016042   -.0001749
parttimele~s |   .0001268   .0001247     1.02   0.309    -.0001177    .0003712
parttime12~e |   .0000504   .0000674     0.75   0.454    -.0000816    .0001824
flexiblele~s |   .0002123   .0001469     1.45   0.148    -.0000756    .0005003
flexible12~e |  -.0001213   .0002935    -0.41   0.679    -.0006965    .0004539
Fsizeq10to99 |  -.0007127   .0004123    -1.73   0.084    -.0015207    .0000953
Fsize100~499 |  -5.26e-06   .0003876    -0.01   0.989    -.0007649    .0007544
    Fsize500 |   .0009524   .0005894     1.62   0.106    -.0002028    .0021077
   irregular |  -3.70e-06   .0000296    -0.12   0.901    -.0000618    .0000544
       shift |  -.0003178    .000321    -0.99   0.322     -.000947    .0003114
------------------------------------------------------------------------------



1C. Females: native/immigrant

Model for group 1

      Source |       SS       df       MS              Number of obs =   25539
-------------+------------------------------           F( 50, 25488) =  683.39
       Model |  458.203645    50   9.1640729           Prob > F      =  0.0000
    Residual |  341.787855 25488  .013409756           R-squared     =  0.5728
-------------+------------------------------           Adj R-squared =  0.5719
       Total |    799.9915 25538  .031325534           Root MSE      =   .1158

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0892084   .0018468    48.30   0.000     .0855885    .0928282
        age2 |  -.0063563   .0001604   -39.62   0.000    -.0066708   -.0060419
   seniority |   .0247359   .0008928    27.71   0.000      .022986    .0264857
        MAVO |   .0348117    .004157     8.37   0.000     .0266637    .0429596
         VBO |   .0315297   .0039914     7.90   0.000     .0237062    .0393532
     HAVOVWO |   .0643124   .0046262    13.90   0.000     .0552447    .0733801
         MBO |   .0756644   .0037793    20.02   0.000     .0682567    .0830721
         HBO |   .1276531   .0042997    29.69   0.000     .1192254    .1360809
          WO |   .2010855   .0054042    37.21   0.000     .1904929    .2116781
      Female |  (dropped)
marriedliv~r |   .0041911   .0020513     2.04   0.041     .0001705    .0082117
     widowed |   .0041741   .0070114     0.60   0.552    -.0095686    .0179168
    divorced |  -.0053084   .0031775    -1.67   0.095    -.0115365    .0009197
         Fri |   .0035721   .0047328     0.75   0.450    -.0057045    .0128486
         Dre |  -.0025327   .0051405    -0.49   0.622    -.0126084     .007543
         Ove |   .0104787   .0043522     2.41   0.016     .0019481    .0190093
         Fle |   .0080681   .0060416     1.34   0.182    -.0037738      .01991
         Gel |   .0177827   .0039756     4.47   0.000     .0099904    .0255751
         Utr |   .0232027   .0044309     5.24   0.000     .0145179    .0318876
          NH |   .0236158   .0041075     5.75   0.000     .0155649    .0316666
          SH |   .0192577   .0038909     4.95   0.000     .0116313    .0268842
         Zee |    .001929   .0059611     0.32   0.746    -.0097551    .0136131
          NB |   .0097794   .0039091     2.50   0.012     .0021174    .0174415
         Lim |   .0069578   .0043164     1.61   0.107    -.0015026    .0154181
     Minextr |  -.0458766   .0857609    -0.53   0.593    -.2139728    .1222196
       Indus |   .0177677   .0256015     0.69   0.488    -.0324127     .067948
      Energy |   .0971293   .0288676     3.36   0.001     .0405472    .1537114
       Build |   .0385809   .0276367     1.40   0.163    -.0155885    .0927504
       Trade |  -.0505456   .0254705    -1.98   0.047    -.1004692    -.000622
    Catering |  -.0185975   .0264131    -0.70   0.481    -.0703686    .0331737
   TransComm |   .0035467   .0256761     0.14   0.890    -.0467799    .0538734
       Finan |   .0228155   .0256291     0.89   0.373    -.0274189    .0730499
        Busi |   .0090003   .0254941     0.35   0.724    -.0409695    .0589701
      Public |   .0454751   .0254826     1.78   0.074    -.0044723    .0954225
      subedu |   .0261541    .025453     1.03   0.304    -.0237351    .0760434
      health |   .0170105   .0254059     0.67   0.503    -.0327864    .0668075
     culture |   .0046909    .025788     0.18   0.856     -.045855    .0552368
     lowoccu |   .0462586   .0031273    14.79   0.000     .0401289    .0523883
     secoccu |   .0896946   .0033607    26.69   0.000     .0831074    .0962817
    highoccu |   .1341732    .003963    33.86   0.000     .1264055     .141941
        acad |   .1677276   .0051908    32.31   0.000     .1575533    .1779018
     Leading |   .0318062   .0021547    14.76   0.000     .0275828    .0360295
parttimele~s |   .0088975   .0030946     2.88   0.004     .0028319    .0149631
parttime12~e |  -.0086595    .001931    -4.48   0.000    -.0124444   -.0048747
flexiblele~s |  -.0084568   .0041383    -2.04   0.041    -.0165681   -.0003454
flexible12~e |  -.0526653   .0048126   -10.94   0.000    -.0620983   -.0432323
Fsizeq10to99 |   .0077106   .0078964     0.98   0.329    -.0077668    .0231881
Fsize100~499 |   .0088504   .0077087     1.15   0.251    -.0062591    .0239599
    Fsize500 |    .015088   .0076252     1.98   0.048     .0001422    .0300338
   irregular |   .0357909   .0020518    17.44   0.000     .0317693    .0398125
       shift |   .0557165   .0093505     5.96   0.000      .037389     .074044
       _cons |   .6326562   .0268723    23.54   0.000      .579985    .6853274
------------------------------------------------------------------------------
(model 1 has zero variance coefficients)

Model for group 2

      Source |       SS       df       MS              Number of obs =    3611
-------------+------------------------------           F( 49,  3561) =   95.79
       Model |  66.9384552    49  1.36609092           Prob > F      =  0.0000
    Residual |  50.7830688  3561  .014260901           R-squared     =  0.5686
-------------+------------------------------           Adj R-squared =  0.5627
       Total |  117.721524  3610   .03260984           Root MSE      =  .11942

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0819468   .0048877    16.77   0.000     .0723639    .0915298
        age2 |  -.0057624   .0004279   -13.47   0.000    -.0066015   -.0049234
   seniority |   .0310552   .0025194    12.33   0.000     .0261157    .0359947
        MAVO |   .0182007   .0086757     2.10   0.036     .0011909    .0352105
         VBO |   .0199384   .0086541     2.30   0.021     .0029709    .0369059
     HAVOVWO |   .0519987   .0096711     5.38   0.000     .0330372    .0709602
         MBO |   .0540786   .0079417     6.81   0.000     .0385079    .0696494
         HBO |   .1140306   .0095306    11.96   0.000     .0953447    .1327165
          WO |   .1774547   .0121579    14.60   0.000     .1536175    .2012919
      Female |  (dropped)
marriedliv~r |   .0067984   .0053106     1.28   0.201    -.0036137    .0172104
     widowed |   -.006094    .019823    -0.31   0.759    -.0449596    .0327715
    divorced |  -.0061198   .0072424    -0.84   0.398    -.0203194    .0080799
         Fri |  -.0078344   .0176523    -0.44   0.657     -.042444    .0267752
         Dre |   .0070684   .0192126     0.37   0.713    -.0306004    .0447372
         Ove |  -.0046941   .0136875    -0.34   0.732    -.0315302     .022142
         Fle |  -.0086175   .0159781    -0.54   0.590    -.0399448    .0227097
         Gel |   -.005246   .0125226    -0.42   0.675    -.0297981    .0193061
         Utr |   .0107377   .0134124     0.80   0.423    -.0155591    .0370344
          NH |   .0133128   .0122229     1.09   0.276    -.0106518    .0372775
          SH |   .0078345   .0116671     0.67   0.502    -.0150404    .0307094
         Zee |  -.0078538   .0186582    -0.42   0.674    -.0444357    .0287281
          NB |  -.0007513   .0123792    -0.06   0.952    -.0250224    .0235198
         Lim |  -.0196184    .013138    -1.49   0.135    -.0453773    .0061404
     Minextr |  (dropped)
       Indus |   .0315141    .085236     0.37   0.712    -.1356022    .1986304
      Energy |   .1532933   .0960833     1.60   0.111    -.0350906    .3416771
       Build |   .0852363     .09071     0.94   0.347    -.0926125    .2630851
       Trade |  -.0008789   .0850725    -0.01   0.992    -.1676746    .1659169
    Catering |  -.0037674   .0863262    -0.04   0.965    -.1730212    .1654863
   TransComm |   .0367477   .0852505     0.43   0.666    -.1303969    .2038923
       Finan |   .0653178    .085417     0.76   0.445    -.1021534    .2327891
        Busi |   .0356365   .0849354     0.42   0.675    -.1308905    .2021635
      Public |    .082132   .0850138     0.97   0.334    -.0845487    .2488128
      subedu |   .0538458   .0849909     0.63   0.526      -.11279    .2204816
      health |   .0448755   .0848295     0.53   0.597    -.1214438    .2111948
     culture |   .0326405   .0858063     0.38   0.704     -.135594    .2008749
     lowoccu |   .0324723   .0069497     4.67   0.000     .0188465    .0460982
     secoccu |   .0774676   .0075695    10.23   0.000     .0626266    .0923087
    highoccu |   .1274603   .0097195    13.11   0.000     .1084041    .1465166
        acad |   .1812793   .0130169    13.93   0.000      .155758    .2068006
     Leading |   .0269205   .0061904     4.35   0.000     .0147834    .0390575
parttimele~s |   .0156446   .0089482     1.75   0.080    -.0018994    .0331887
parttime12~e |  -.0147932   .0049522    -2.99   0.003    -.0245027   -.0050838
flexiblele~s |  -.0057357   .0113145    -0.51   0.612    -.0279192    .0164478
flexible12~e |  -.0226611   .0104995    -2.16   0.031    -.0432467   -.0020755
Fsizeq10to99 |  -.0933571   .0267302    -3.49   0.000    -.1457652    -.040949
Fsize100~499 |  -.0935403   .0261115    -3.58   0.000    -.1447352   -.0423453
    Fsize500 |  -.0887067   .0258707    -3.43   0.001    -.1394295   -.0379839
   irregular |   .0281962   .0059375     4.75   0.000      .016555    .0398375
       shift |   .0703012   .0164743     4.27   0.000     .0380013    .1026012
       _cons |   .7416633   .0907519     8.17   0.000     .5637324    .9195942
------------------------------------------------------------------------------
(model 2 has zero variance coefficients)

Blinder-Oaxaca decomposition                      Number of obs   =      29150
                                                  Model           =     linear
Group 1: origin = 1                               N of obs 1      =      25539
Group 2: origin = 2                               N of obs 2      =       3611

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
overall      |
     group_1 |   1.178922    .001108  1064.03   0.000      1.17675    1.181093
     group_2 |   1.149255    .003014   381.30   0.000     1.143348    1.155162
  difference |   .0296667   .0032112     9.24   0.000     .0233728    .0359605
  endowments |   .0220685   .0026947     8.19   0.000     .0167869    .0273501
coefficients |   .0063824   .0021993     2.90   0.004     .0020719    .0106929
 interaction |   .0012158   .0013528     0.90   0.369    -.0014356    .0038671
-------------+----------------------------------------------------------------
endowments   |
         age |   -.002627   .0031345    -0.84   0.402    -.0087705    .0035165
        age2 |    .001185   .0023952     0.49   0.621    -.0035095    .0058795
   seniority |   .0044331    .000614     7.22   0.000     .0032296    .0056365
        MAVO |  -.0004477   .0002353    -1.90   0.057    -.0009088    .0000134
         VBO |  -.0001657   .0001296    -1.28   0.201    -.0004197    .0000883
     HAVOVWO |  -.0012326   .0003384    -3.64   0.000    -.0018959   -.0005693
         MBO |   .0042374    .000768     5.52   0.000     .0027322    .0057426
         HBO |   .0058743   .0009456     6.21   0.000      .004021    .0077276
          WO |  -.0015592   .0008655    -1.80   0.072    -.0032557    .0001372
      Female |  (dropped)
marriedliv~r |   .0003373   .0002703     1.25   0.212    -.0001924     .000867
     widowed |  -5.03e-06   .0000199    -0.25   0.801    -.0000441    .0000341
    divorced |   .0003365   .0003999     0.84   0.400    -.0004473    .0011202
         Fri |  -.0002367   .0005337    -0.44   0.657    -.0012827    .0008093
         Dre |   .0001464   .0003982     0.37   0.713     -.000634    .0009267
         Ove |  -.0000744    .000218    -0.34   0.733    -.0005017    .0003528
         Fle |   .0000711   .0001344     0.53   0.597    -.0001922    .0003345
         Gel |  -.0001456   .0003489    -0.42   0.676    -.0008295    .0005383
         Utr |   5.77e-06   .0000492     0.12   0.907    -.0000907    .0001022
          NH |  -.0004667   .0004364    -1.07   0.285     -.001322    .0003886
          SH |  -.0008576   .0012786    -0.67   0.502    -.0033635    .0016484
         Zee |  -.0000376   .0000913    -0.41   0.680    -.0002166    .0001414
          NB |  -.0000303   .0004987    -0.06   0.952    -.0010077    .0009471
         Lim |  -.0000324   .0000969    -0.33   0.738    -.0002224    .0001576
     Minextr |  (dropped)
       Indus |  -.0004794   .0013032    -0.37   0.713    -.0030337    .0020749
      Energy |    .000129   .0001473     0.88   0.381    -.0001596    .0004176
       Build |   .0000333   .0001012     0.33   0.742     -.000165    .0002316
       Trade |   3.04e-06   .0002943     0.01   0.992    -.0005738    .0005799
    Catering |   .0000214   .0004902     0.04   0.965    -.0009393    .0009821
   TransComm |  -.0006106   .0014235    -0.43   0.668    -.0034006    .0021794
       Finan |   .0002807   .0004313     0.65   0.515    -.0005647    .0011262
        Busi |  -.0027423   .0065397    -0.42   0.675    -.0155598    .0100753
      Public |  -.0007031   .0008539    -0.82   0.410    -.0023768    .0009705
      subedu |   .0018313   .0029081     0.63   0.529    -.0038685    .0075311
      health |   .0038999   .0073817     0.53   0.597    -.0105679    .0183677
     culture |  -.0000103    .000091    -0.11   0.910    -.0001886    .0001681
     lowoccu |  -.0008882   .0003142    -2.83   0.005    -.0015039   -.0002724
     secoccu |   .0028042   .0007101     3.95   0.000     .0014124     .004196
    highoccu |   .0079666   .0010758     7.41   0.000     .0058582    .0100751
        acad |   .0011845   .0008057     1.47   0.142    -.0003946    .0027637
     Leading |   .0004189   .0001911     2.19   0.028     .0000444    .0007934
parttimele~s |   .0002819   .0001762     1.60   0.110    -.0000634    .0006272
parttime12~e |  -.0009793   .0003529    -2.77   0.006     -.001671   -.0002876
flexiblele~s |   7.59e-06   .0000252     0.30   0.763    -.0000418     .000057
flexible12~e |   .0005321   .0002614     2.04   0.042     .0000197    .0010445
Fsizeq10to99 |  -.0018169   .0006856    -2.65   0.008    -.0031606   -.0004732
Fsize100~499 |  -.0019823   .0008929    -2.22   0.026    -.0037322   -.0002323
    Fsize500 |   .0038994   .0013529     2.88   0.004     .0012477    .0065511
   irregular |   .0009481   .0002742     3.46   0.001     .0004108    .0014855
       shift |  -.0006693    .000217    -3.08   0.002    -.0010945    -.000244
-------------+----------------------------------------------------------------
coefficients |
         age |   .0389882   .0280548     1.39   0.165    -.0159982    .0939746
        age2 |  -.0198521   .0152781    -1.30   0.194    -.0497966    .0100924
   seniority |  -.0141909    .006003    -2.36   0.018    -.0259566   -.0024252
        MAVO |   .0017894   .0010399     1.72   0.085    -.0002487    .0038276
         VBO |    .001207   .0009941     1.21   0.225    -.0007414    .0031553
     HAVOVWO |    .001006   .0008776     1.15   0.252    -.0007141    .0027261
         MBO |   .0068266   .0027865     2.45   0.014     .0013651    .0122881
         HBO |   .0026181   .0020114     1.30   0.193    -.0013243    .0065605
          WO |   .0019305   .0010923     1.77   0.077    -.0002103    .0040713
      Female |  (dropped)
marriedliv~r |  -.0014022   .0030618    -0.46   0.647    -.0074031    .0045988
     widowed |   .0001137   .0002336     0.49   0.626    -.0003441    .0005716
    divorced |   .0001119   .0010907     0.10   0.918    -.0020259    .0022497
         Fri |   .0002401   .0003856     0.62   0.534    -.0005157    .0009959
         Dre |  -.0001542   .0003201    -0.48   0.630    -.0007816    .0004731
         Ove |   .0009286   .0008811     1.05   0.292    -.0007983    .0026555
         Fle |    .000499   .0005131     0.97   0.331    -.0005066    .0015047
         Gel |   .0026402   .0015113     1.75   0.081    -.0003218    .0056023
         Utr |   .0008699   .0009872     0.88   0.378    -.0010649    .0028047
          NH |   .0015065   .0018864     0.80   0.425    -.0021908    .0052038
          SH |   .0032489   .0034989     0.93   0.353    -.0036089    .0101067
         Zee |   .0001734   .0003478     0.50   0.618    -.0005083    .0008551
          NB |   .0013357   .0016476     0.81   0.418    -.0018935    .0045648
         Lim |   .0021123   .0011056     1.91   0.056    -.0000547    .0042792
     Minextr |  (dropped)
       Indus |  -.0008147   .0052746    -0.15   0.877    -.0111527    .0095233
      Energy |  -.0001089   .0001988    -0.55   0.584    -.0004985    .0002807
       Build |  -.0001809   .0003708    -0.49   0.626    -.0009076    .0005459
       Trade |  -.0049928   .0089305    -0.56   0.576    -.0224964    .0125107
    Catering |  -.0002259   .0013754    -0.16   0.870    -.0029215    .0024698
   TransComm |  -.0016918   .0045383    -0.37   0.709    -.0105868    .0072032
       Finan |  -.0016596   .0034849    -0.48   0.634    -.0084899    .0051707
        Busi |  -.0040939   .0136306    -0.30   0.764    -.0308095    .0226217
      Public |  -.0038677   .0093661    -0.41   0.680    -.0222249    .0144894
      subedu |  -.0034279   .0109836    -0.31   0.755    -.0249554    .0180996
      health |  -.0089899     .02857    -0.31   0.753    -.0649862    .0470063
     culture |  -.0006424   .0020606    -0.31   0.755    -.0046812    .0033963
     lowoccu |    .003501   .0019379     1.81   0.071    -.0002972    .0072992
     secoccu |   .0041784   .0028319     1.48   0.140    -.0013721    .0097288
    highoccu |   .0012232   .0019131     0.64   0.523    -.0025265    .0049729
        acad |  -.0008857   .0009176    -0.97   0.334    -.0026841    .0009127
     Leading |   .0006643   .0008917     0.75   0.456    -.0010834     .002412
parttimele~s |  -.0004578    .000643    -0.71   0.477    -.0017181    .0008025
parttime12~e |   .0033327   .0028885     1.15   0.249    -.0023287     .008994
flexiblele~s |  -.0001123   .0004972    -0.23   0.821    -.0010868    .0008622
flexible12~e |  -.0015621   .0006115    -2.55   0.011    -.0027606   -.0003636
Fsizeq10to99 |   .0076969    .002169     3.55   0.000     .0034457    .0119482
Fsize100~499 |   .0233647   .0062537     3.74   0.000     .0111077    .0356217
    Fsize500 |   .0715726   .0186153     3.84   0.000     .0350874    .1080579
   irregular |   .0012535   .0010379     1.21   0.227    -.0007808    .0032878
       shift |  -.0002302   .0003005    -0.77   0.444    -.0008193    .0003588
       _cons |  -.1090071   .0946468    -1.15   0.249    -.2945115    .0764973
-------------+----------------------------------------------------------------
interaction  |
         age |  -.0002328   .0003241    -0.72   0.473    -.0008679    .0004023
        age2 |   .0001221    .000264     0.46   0.644    -.0003953    .0006395
   seniority |  -.0009021   .0003948    -2.29   0.022    -.0016758   -.0001284
        MAVO |  -.0004086   .0002533    -1.61   0.107    -.0009051    .0000879
         VBO |  -.0000963    .000101    -0.95   0.340    -.0002943    .0001016
     HAVOVWO |  -.0002919   .0002609    -1.12   0.263    -.0008032    .0002194
         MBO |   .0016914   .0007122     2.37   0.018     .0002955    .0030872
         HBO |   .0007018   .0005472     1.28   0.200    -.0003707    .0017743
          WO |  -.0002076   .0001636    -1.27   0.204    -.0005282    .0001129
      Female |  (dropped)
marriedliv~r |  -.0001294   .0002834    -0.46   0.648    -.0006848    .0004261
     widowed |   8.48e-06   .0000259     0.33   0.743    -.0000423    .0000592
    divorced |  -.0000446   .0004349    -0.10   0.918    -.0008969    .0008077
         Fri |   .0003446    .000553     0.62   0.533    -.0007392    .0014284
         Dre |  -.0001988   .0004124    -0.48   0.630    -.0010072    .0006096
         Ove |   .0002406    .000237     1.02   0.310    -.0002239    .0007051
         Fle |  -.0001377   .0001495    -0.92   0.357    -.0004308    .0001553
         Gel |   .0006393   .0003879     1.65   0.099     -.000121    .0013996
         Utr |   6.69e-06    .000057     0.12   0.907     -.000105    .0001184
          NH |  -.0003612   .0004565    -0.79   0.429     -.001256    .0005336
          SH |  -.0012504   .0013492    -0.93   0.354    -.0038949    .0013941
         Zee |   .0000469   .0000967     0.48   0.628    -.0001427    .0002364
          NB |   .0004242   .0005268     0.81   0.421    -.0006082    .0014566
         Lim |   .0000439     .00013     0.34   0.736    -.0002109    .0002987
     Minextr |  -3.59e-06   7.18e-06    -0.50   0.617    -.0000177    .0000105
       Indus |   .0002091   .0013551     0.15   0.877    -.0024469    .0028651
      Energy |  -.0000473   .0000957    -0.49   0.621    -.0002349    .0001403
       Build |  -.0000182   .0000638    -0.29   0.775    -.0001432    .0001067
       Trade |   .0001718   .0004057     0.42   0.672    -.0006234     .000967
    Catering |   .0000842   .0005135     0.16   0.870    -.0009222    .0010906
   TransComm |   .0005517   .0014848     0.37   0.710    -.0023585    .0034619
       Finan |  -.0001827   .0004106    -0.44   0.656    -.0009875    .0006222
        Busi |   .0020497    .006826     0.30   0.764    -.0113291    .0154284
      Public |   .0003138   .0007855     0.40   0.690    -.0012258    .0018534
      subedu |  -.0009418   .0030218    -0.31   0.755    -.0068644    .0049809
      health |  -.0024216   .0076992    -0.31   0.753    -.0175117    .0126685
     culture |   8.78e-06   .0000796     0.11   0.912    -.0001472    .0001647
     lowoccu |  -.0003771   .0002339    -1.61   0.107    -.0008356    .0000814
     secoccu |   .0004426   .0003171     1.40   0.163     -.000179    .0010641
    highoccu |   .0004196   .0006577     0.64   0.524    -.0008695    .0017087
        acad |  -.0000885   .0001094    -0.81   0.418     -.000303    .0001259
     Leading |    .000076   .0001063     0.72   0.474    -.0001323    .0002844
parttimele~s |  -.0001216   .0001733    -0.70   0.483    -.0004613    .0002182
parttime12~e |    .000406    .000356     1.14   0.254    -.0002917    .0011038
flexiblele~s |   3.60e-06   .0000186     0.19   0.847    -.0000329    .0000401
flexible12~e |   .0007045   .0002947     2.39   0.017     .0001269     .001282
Fsizeq10to99 |    .001967   .0007266     2.71   0.007     .0005429    .0033911
Fsize100~499 |   .0021698   .0009598     2.26   0.024     .0002887     .004051
    Fsize500 |  -.0045627   .0014632    -3.12   0.002    -.0074306   -.0016948
   irregular |   .0002554   .0002172     1.18   0.240    -.0001704    .0006811
       shift |   .0001388    .000183     0.76   0.448    -.0002198    .0004975
------------------------------------------------------------------------------


2. 
Wage decompositions by gender

2A. Total sample: male/female

Model for group 1

      Source |       SS       df       MS              Number of obs =   30749
-------------+------------------------------           F( 50, 30698) = 1082.55
       Model |  796.502286    50  15.9300457           Prob > F      =  0.0000
    Residual |  451.729425 30698  .014715272           R-squared     =  0.6381
-------------+------------------------------           Adj R-squared =  0.6375
       Total |  1248.23171 30748  .040595542           Root MSE      =  .12131

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0837598   .0018193    46.04   0.000     .0801938    .0873258
        age2 |  -.0051371   .0001476   -34.80   0.000    -.0054265   -.0048477
   seniority |   .0144825   .0008338    17.37   0.000     .0128482    .0161167
        MAVO |   .0431805   .0039249    11.00   0.000     .0354876    .0508735
         VBO |   .0348088   .0033551    10.37   0.000     .0282326     .041385
     HAVOVWO |   .1036113   .0041686    24.86   0.000     .0954406     .111782
         MBO |    .075393    .003121    24.16   0.000     .0692757    .0815104
         HBO |   .1529324   .0036337    42.09   0.000     .1458101    .1600547
          WO |   .2313214   .0042352    54.62   0.000     .2230202    .2396226
      Female |  (dropped)
marriedliv~r |   .0368951   .0020016    18.43   0.000      .032972    .0408182
     widowed |   .0213722   .0093943     2.28   0.023     .0029589    .0397854
    divorced |   .0122055   .0035795     3.41   0.001     .0051896    .0192214
         Fri |  -.0089412   .0047175    -1.90   0.058    -.0181877    .0003054
         Dre |  -.0002704   .0049666    -0.05   0.957    -.0100052    .0094643
         Ove |  -.0077561   .0042586    -1.82   0.069    -.0161032     .000591
         Fle |   .0167408   .0056761     2.95   0.003     .0056153    .0278662
         Gel |   .0059687   .0039136     1.53   0.127     -.001702    .0136395
         Utr |   .0165766    .004367     3.80   0.000     .0080171    .0251361
          NH |   .0231066   .0039948     5.78   0.000     .0152767    .0309365
          SH |   .0184805   .0037893     4.88   0.000     .0110533    .0259077
         Zee |   .0129385   .0056864     2.28   0.023     .0017929    .0240841
          NB |   .0082346    .003825     2.15   0.031     .0007374    .0157318
         Lim |  -.0051191   .0041149    -1.24   0.213    -.0131845    .0029463
     Minextr |   .1255864   .0165715     7.58   0.000     .0931055    .1580673
       Indus |   .0079759   .0097834     0.82   0.415       -.0112    .0271517
      Energy |   .0741682   .0115011     6.45   0.000     .0516255    .0967109
       Build |   .0463819   .0100919     4.60   0.000     .0266013    .0661625
       Trade |  -.0032843   .0098818    -0.33   0.740    -.0226531    .0160845
    Catering |  -.0317919   .0135434    -2.35   0.019    -.0583376   -.0052463
   TransComm |   .0179756   .0099489     1.81   0.071    -.0015246    .0374757
       Finan |   .0684476   .0101374     6.75   0.000      .048578    .0883173
        Busi |   .0184196   .0098508     1.87   0.062    -.0008883    .0377275
      Public |   .0239472   .0098014     2.44   0.015      .004736    .0431584
      subedu |  -.0142637   .0099339    -1.44   0.151    -.0337346    .0052071
      health |   .0067088    .009985     0.67   0.502    -.0128623    .0262799
     culture |   .0256947   .0104869     2.45   0.014     .0051398    .0462495
     lowoccu |   .0308832   .0030769    10.04   0.000     .0248524     .036914
     secoccu |   .0809926   .0031521    25.69   0.000     .0748144    .0871709
    highoccu |   .1325686   .0036622    36.20   0.000     .1253906    .1397466
        acad |   .1598127   .0043032    37.14   0.000     .1513782    .1682472
     Leading |   .0471904    .001601    29.48   0.000     .0440524    .0503285
parttimele~s |  -.0191227   .0045323    -4.22   0.000    -.0280063   -.0102391
parttime12~e |  -.0385469   .0022501   -17.13   0.000    -.0429571   -.0341367
flexiblele~s |  -.0216284   .0063032    -3.43   0.001     -.033983   -.0092738
flexible12~e |  -.0542804   .0052293   -10.38   0.000      -.06453   -.0440308
Fsizeq10to99 |   .0007022    .006246     0.11   0.910    -.0115402    .0129445
Fsize100~499 |  -.0013654   .0060725    -0.22   0.822    -.0132679     .010537
    Fsize500 |  -.0046436   .0059962    -0.77   0.439    -.0163965    .0071092
   irregular |   .0190891   .0028814     6.63   0.000     .0134415    .0247367
       shift |   .0669534   .0034319    19.51   0.000     .0602267    .0736802
       _cons |   .6922471   .0127579    54.26   0.000     .6672411    .7172531
------------------------------------------------------------------------------
(model 1 has zero variance coefficients)

Model for group 2

      Source |       SS       df       MS              Number of obs =   29150
-------------+------------------------------           F( 50, 29099) =  778.00
       Model |  526.586067    50  10.5317213           Prob > F      =  0.0000
    Residual |  393.911348 29099  .013536938           R-squared     =  0.5721
-------------+------------------------------           Adj R-squared =  0.5713
       Total |  920.497414 29149  .031579039           Root MSE      =  .11635

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0881647    .001723    51.17   0.000     .0847876    .0915418
        age2 |  -.0062805   .0001498   -41.93   0.000    -.0065741   -.0059869
   seniority |   .0255786   .0008409    30.42   0.000     .0239304    .0272267
        MAVO |   .0311486   .0037242     8.36   0.000     .0238491    .0384482
         VBO |   .0288779   .0035845     8.06   0.000     .0218522    .0359036
     HAVOVWO |   .0613645   .0041465    14.80   0.000     .0532372    .0694918
         MBO |   .0719605   .0033758    21.32   0.000     .0653438    .0785772
         HBO |   .1247116    .003876    32.17   0.000     .1171144    .1323089
          WO |   .1967434    .004904    40.12   0.000     .1871314    .2063555
      Female |  (dropped)
marriedliv~r |   .0047952   .0019102     2.51   0.012     .0010511    .0085392
     widowed |   .0036284   .0066126     0.55   0.583    -.0093327    .0165895
    divorced |  -.0060331   .0028994    -2.08   0.037     -.011716   -.0003501
         Fri |   .0027404    .004567     0.60   0.548    -.0062112    .0116919
         Dre |    -.00206   .0049653    -0.41   0.678    -.0117921    .0076721
         Ove |   .0091288   .0041531     2.20   0.028     .0009885     .017269
         Fle |   .0053031   .0056249     0.94   0.346     -.005722    .0163281
         Gel |   .0156358   .0037933     4.12   0.000     .0082007    .0230709
         Utr |   .0222601   .0042073     5.29   0.000     .0140137    .0305066
          NH |   .0226449   .0038851     5.83   0.000     .0150299    .0302599
          SH |   .0178861   .0036785     4.86   0.000     .0106761    .0250962
         Zee |   .0010699   .0056846     0.19   0.851    -.0100722    .0122119
          NB |   .0090421   .0037326     2.42   0.015      .001726    .0163583
         Lim |   .0039159    .004102     0.95   0.340    -.0041243     .011956
     Minextr |   -.040133   .0858283    -0.47   0.640    -.2083605    .1280944
       Indus |   .0199053   .0245492     0.81   0.417    -.0282123    .0680229
      Energy |   .1037719   .0276898     3.75   0.000     .0494987    .1580451
       Build |   .0449709   .0264653     1.70   0.089    -.0069023    .0968441
       Trade |  -.0433392   .0244367    -1.77   0.076    -.0912364    .0045579
    Catering |   -.016607   .0252408    -0.66   0.511      -.06608     .032866
   TransComm |   .0086452   .0246084     0.35   0.725    -.0395884    .0568788
       Finan |   .0292878   .0245829     1.19   0.234    -.0188957    .0774713
        Busi |   .0134462   .0244436     0.55   0.582    -.0344644    .0613567
      Public |    .051046   .0244456     2.09   0.037     .0031315    .0989605
      subedu |   .0308084   .0244203     1.26   0.207    -.0170566    .0786734
      health |   .0217432   .0243737     0.89   0.372    -.0260304    .0695167
     culture |   .0090237   .0247309     0.36   0.715      -.03945    .0574974
     lowoccu |     .04438   .0028292    15.69   0.000     .0388347    .0499253
     secoccu |   .0882842   .0030465    28.98   0.000      .082313    .0942554
    highoccu |   .1336458   .0036345    36.77   0.000      .126522    .1407696
        acad |   .1696864    .004792    35.41   0.000     .1602939    .1790788
     Leading |   .0312279   .0020349    15.35   0.000     .0272394    .0352165
parttimele~s |   .0096671    .002915     3.32   0.001     .0039536    .0153806
parttime12~e |  -.0092187   .0017955    -5.13   0.000    -.0127379   -.0056994
flexiblele~s |  -.0080617   .0038812    -2.08   0.038    -.0156689   -.0004544
flexible12~e |  -.0473369   .0043585   -10.86   0.000    -.0558798   -.0387941
Fsizeq10to99 |  -.0011357   .0075822    -0.15   0.881    -.0159971    .0137258
Fsize100~499 |  -.0003433   .0073997    -0.05   0.963     -.014847    .0141604
    Fsize500 |   .0056552   .0073199     0.77   0.440    -.0086922    .0200026
   irregular |   .0352751   .0019387    18.20   0.000     .0314753    .0390749
       shift |    .061385   .0080743     7.60   0.000      .045559    .0772111
       _cons |   .6425975   .0257905    24.92   0.000      .592047     .693148
------------------------------------------------------------------------------
(model 2 has zero variance coefficients)

Blinder-Oaxaca decomposition                      Number of obs   =      59899
                                                  Model           =     linear
Group 1: gender = 1                               N of obs 1      =      30749
Group 2: gender = 2                               N of obs 2      =      29150

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
overall      |
     group_1 |   1.269247   .0011493  1104.32   0.000     1.266995      1.2715
     group_2 |   1.175247   .0010412  1128.73   0.000     1.173206    1.177287
  difference |   .0940007   .0015508    60.61   0.000     .0909611    .0970403
  endowments |   .0402019   .0017236    23.33   0.000     .0368238      .04358
coefficients |   .0247103   .0016696    14.80   0.000     .0214379    .0279827
 interaction |   .0290885   .0018903    15.39   0.000     .0253836    .0327934
-------------+----------------------------------------------------------------
endowments   |
         age |   .0480653   .0018373    26.16   0.000     .0444644    .0516663
        age2 |  -.0394734   .0015663   -25.20   0.000    -.0425434   -.0364035
   seniority |   .0084834   .0003451    24.58   0.000      .007807    .0091598
        MAVO |  -.0008142   .0001178    -6.91   0.000    -.0010451   -.0005833
         VBO |     .00062   .0001061     5.84   0.000     .0004121    .0008279
     HAVOVWO |  -.0005077   .0001211    -4.19   0.000    -.0007452   -.0002703
         MBO |  -.0024256   .0003056    -7.94   0.000    -.0030245   -.0018267
         HBO |  -.0012349   .0004323    -2.86   0.004    -.0020823   -.0003875
          WO |   .0091156   .0005252    17.36   0.000     .0080862    .0101451
      Female |  (dropped)
marriedliv~r |   .0003698   .0001485     2.49   0.013     .0000787     .000661
     widowed |  -.0000221   .0000403    -0.55   0.584     -.000101    .0000569
    divorced |   .0002308   .0001117     2.07   0.039      .000012    .0004497
         Fri |  -5.43e-06   .0000102    -0.53   0.595    -.0000254    .0000146
         Dre |  -5.72e-06   .0000141    -0.40   0.686    -.0000334     .000022
         Ove |  -6.85e-06   .0000199    -0.34   0.730    -.0000458    .0000321
         Fle |   4.44e-06   8.03e-06     0.55   0.581    -.0000113    .0000202
         Gel |  -.0000932   .0000493    -1.89   0.059    -.0001898    3.48e-06
         Utr |    -.00009    .000049    -1.84   0.066     -.000186    5.93e-06
          NH |  -.0000395   .0000594    -0.67   0.505    -.0001559    .0000768
          SH |  -.0001055   .0000609    -1.73   0.083    -.0002248    .0000137
         Zee |   1.53e-06   8.23e-06     0.19   0.853    -.0000146    .0000177
          NB |   .0000446    .000033     1.35   0.177    -.0000201    .0001093
         Lim |    .000045    .000048     0.94   0.348    -.0000491    .0001392
     Minextr |  -.0001043   .0002233    -0.47   0.641     -.000542    .0003334
       Indus |   .0028273   .0034873     0.81   0.418    -.0040077    .0096623
      Energy |   .0010081   .0002786     3.62   0.000      .000462    .0015542
       Build |   .0020143   .0011868     1.70   0.090    -.0003118    .0043403
       Trade |   .0001084   .0001211     0.90   0.371    -.0001289    .0003457
    Catering |   .0000828   .0001265     0.65   0.512    -.0001651    .0003308
   TransComm |   .0003806   .0010836     0.35   0.725    -.0017431    .0025044
       Finan |    .000331   .0002825     1.17   0.241    -.0002228    .0008848
        Busi |   .0003555   .0006472     0.55   0.583    -.0009129    .0016239
      Public |   .0039863   .0019143     2.08   0.037     .0002344    .0077383
      subedu |  -.0013843   .0011005    -1.26   0.208    -.0035412    .0007727
      health |   -.006863   .0076936    -0.89   0.372    -.0219423    .0082162
     culture |   .0000416   .0001145     0.36   0.717    -.0001829    .0002661
     lowoccu |  -.0011023   .0001654    -6.67   0.000    -.0014264   -.0007782
     secoccu |  -.0023145   .0003555    -6.51   0.000    -.0030114   -.0016177
    highoccu |   .0011912   .0004686     2.54   0.011     .0002728    .0021096
        acad |   .0090576   .0004824    18.78   0.000     .0081122    .0100031
     Leading |   .0056748   .0003847    14.75   0.000     .0049207    .0064289
parttimele~s |  -.0005466   .0001658    -3.30   0.001    -.0008716   -.0002216
parttime12~e |   .0044465   .0008666     5.13   0.000      .002748    .0061451
flexiblele~s |   .0002106   .0001019     2.07   0.039     .0000108    .0004104
flexible12~e |   .0004978   .0000771     6.46   0.000     .0003467    .0006489
Fsizeq10to99 |  -6.76e-06   .0000452    -0.15   0.881    -.0000953    .0000818
Fsize100~499 |   8.88e-07   .0000192     0.05   0.963    -.0000367    .0000385
    Fsize500 |  -.0000486   .0000666    -0.73   0.466    -.0001791     .000082
   irregular |  -.0043192   .0002564   -16.85   0.000    -.0048218   -.0038167
       shift |   .0025196   .0003412     7.38   0.000     .0018507    .0031884
-------------+----------------------------------------------------------------
coefficients |
         age |  -.0235268   .0133832    -1.76   0.079    -.0497574    .0027039
        age2 |   .0380131   .0069944     5.43   0.000     .0243044    .0517219
   seniority |  -.0263055    .002808    -9.37   0.000     -.031809    -.020802
        MAVO |   .0010368   .0004667     2.22   0.026     .0001222    .0019515
         VBO |   .0005744   .0004756     1.21   0.227    -.0003578    .0015065
     HAVOVWO |   .0025739   .0003631     7.09   0.000     .0018623    .0032856
         MBO |   .0013212   .0017696     0.75   0.455    -.0021472    .0047896
         HBO |   .0066975   .0012629     5.30   0.000     .0042223    .0091726
          WO |   .0025586   .0004824     5.30   0.000     .0016132    .0035041
      Female |  (dropped)
marriedliv~r |   .0186587   .0016109    11.58   0.000     .0155014    .0218161
     widowed |   .0002094    .000136     1.54   0.124    -.0000572     .000476
    divorced |   .0016368   .0004145     3.95   0.000     .0008243    .0024492
         Fri |   -.000555   .0003123    -1.78   0.076    -.0011671    .0000571
         Dre |   .0000612   .0002402     0.25   0.799    -.0004096     .000532
         Ove |   -.001268   .0004475    -2.83   0.005     -.002145    -.000391
         Fle |   .0002594   .0001815     1.43   0.153    -.0000963    .0006151
         Gel |  -.0013434   .0007577    -1.77   0.076    -.0028285    .0001416
         Utr |  -.0003993   .0004261    -0.94   0.349    -.0012345    .0004359
          NH |   .0000533   .0006437     0.08   0.934    -.0012082    .0013149
          SH |    .000112   .0009955     0.11   0.910    -.0018392    .0020633
         Zee |   .0002602   .0001766     1.47   0.141    -.0000859    .0006062
          NB |  -.0001309   .0008665    -0.15   0.880    -.0018292    .0015674
         Lim |  -.0007312   .0004704    -1.55   0.120    -.0016532    .0001909
     Minextr |   .0000114     .00001     1.13   0.257    -8.29e-06     .000031
       Indus |   -.000548    .001214    -0.45   0.652    -.0029274    .0018314
      Energy |  -.0000792   .0000807    -0.98   0.326    -.0002374     .000079
       Build |   5.95e-06   .0001195     0.05   0.960    -.0002283    .0002402
       Trade |   .0039052   .0025708     1.52   0.129    -.0011336     .008944
    Catering |  -.0001558    .000294    -0.53   0.596    -.0007319    .0004204
   TransComm |   .0003396   .0009662     0.35   0.725    -.0015541    .0022333
       Finan |   .0016766   .0011394     1.47   0.141    -.0005566    .0039097
        Busi |   .0004291   .0022738     0.19   0.850    -.0040274    .0048856
      Public |   -.002656   .0025818    -1.03   0.304    -.0077161    .0024042
      subedu |  -.0069224   .0040502    -1.71   0.087    -.0148606    .0010158
      health |  -.0059952   .0105034    -0.57   0.568    -.0265815    .0145912
     culture |   .0003786   .0006102     0.62   0.535    -.0008174    .0015746
     lowoccu |   -.003104   .0009619    -3.23   0.001    -.0049893   -.0012188
     secoccu |   -.002723   .0016372    -1.66   0.096    -.0059319    .0004859
    highoccu |  -.0002553   .0012227    -0.21   0.835    -.0026518    .0021412
        acad |  -.0007018    .000458    -1.53   0.125    -.0015996    .0001959
     Leading |   .0023881   .0003888     6.14   0.000      .001626    .0031501
parttimele~s |  -.0024079   .0004531    -5.31   0.000     -.003296   -.0015198
parttime12~e |  -.0176362   .0017331   -10.18   0.000     -.021033   -.0142394
flexiblele~s |  -.0005441   .0002973    -1.83   0.067    -.0011267    .0000386
flexible12~e |  -.0002187   .0002145    -1.02   0.308    -.0006391    .0002017
Fsizeq10to99 |   .0001713   .0009156     0.19   0.852    -.0016233    .0019659
Fsize100~499 |  -.0002522   .0023621    -0.11   0.915    -.0048818    .0043774
    Fsize500 |   -.006705   .0061605    -1.09   0.276    -.0187794    .0053693
   irregular |  -.0031484   .0006765    -4.65   0.000    -.0044744   -.0018223
       shift |   .0000415   .0000654     0.63   0.526    -.0000867    .0001696
       _cons |   .0496496   .0287735     1.73   0.084    -.0067454    .1060446
-------------+----------------------------------------------------------------
interaction  |
         age |  -.0024014   .0013683    -1.76   0.079    -.0050833    .0002804
        age2 |   .0071862   .0013414     5.36   0.000     .0045571    .0098153
   seniority |  -.0036801   .0004025    -9.14   0.000    -.0044691   -.0028912
        MAVO |  -.0003145   .0001437    -2.19   0.029    -.0005962   -.0000328
         VBO |   .0001273   .0001065     1.20   0.232    -.0000813     .000336
     HAVOVWO |  -.0003496   .0000936    -3.73   0.000    -.0005331   -.0001661
         MBO |  -.0001157   .0001556    -0.74   0.457    -.0004206    .0001892
         HBO |  -.0002794   .0001107    -2.52   0.012    -.0004965   -.0000624
          WO |   .0016021   .0003115     5.14   0.000     .0009915    .0022127
      Female |  (dropped)
marriedliv~r |   .0024757   .0002483     9.97   0.000      .001989    .0029625
     widowed |  -.0001078   .0000711    -1.52   0.129    -.0002472    .0000316
    divorced |  -.0006978   .0001803    -3.87   0.000    -.0010513   -.0003444
         Fri |   .0000232    .000024     0.97   0.334    -.0000238    .0000701
         Dre |   4.96e-06   .0000197     0.25   0.801    -.0000336    .0000435
         Ove |   .0000127   .0000366     0.35   0.729     -.000059    .0000843
         Fle |   9.58e-06   .0000156     0.62   0.538    -.0000209    .0000401
         Gel |   .0000576   .0000423     1.36   0.173    -.0000253    .0001405
         Utr |    .000023   .0000272     0.85   0.398    -.0000303    .0000763
          NH |  -8.06e-07   9.80e-06    -0.08   0.934      -.00002    .0000184
          SH |  -3.51e-06   .0000312    -0.11   0.911    -.0000647    .0000577
         Zee |    .000017   .0000184     0.92   0.358    -.0000192    .0000531
          NB |  -3.99e-06   .0000265    -0.15   0.880    -.0000559    .0000479
         Lim |  -.0001039     .00007    -1.48   0.138     -.000241    .0000332
     Minextr |   .0004306   .0002324     1.85   0.064     -.000025    .0008861
       Indus |  -.0016944   .0037538    -0.45   0.652    -.0090517    .0056628
      Energy |  -.0002876    .000292    -0.98   0.325    -.0008599    .0002848
       Build |   .0000632   .0012686     0.05   0.960    -.0024233    .0025497
       Trade |  -.0001002   .0001169    -0.86   0.392    -.0003294     .000129
    Catering |   .0000758   .0001433     0.53   0.597    -.0002051    .0003567
   TransComm |   .0004108   .0011688     0.35   0.725      -.00188    .0027015
       Finan |   .0004426   .0003083     1.44   0.151    -.0001616    .0010468
        Busi |   .0001315   .0006969     0.19   0.850    -.0012345    .0014975
      Public |  -.0021162   .0020581    -1.03   0.304    -.0061501    .0019177
      subedu |   .0020251    .001191     1.70   0.089    -.0003093    .0043595
      health |   .0047454    .008314     0.57   0.568    -.0115497    .0210406
     culture |   .0000768   .0001256     0.61   0.541    -.0001693     .000323
     lowoccu |   .0003352   .0001134     2.96   0.003      .000113    .0005574
     secoccu |   .0001912   .0001184     1.61   0.107     -.000041    .0004233
    highoccu |  -9.60e-06   .0000461    -0.21   0.835       -.0001    .0000808
        acad |   -.000527   .0003446    -1.53   0.126    -.0012025    .0001484
     Leading |   .0029007   .0004736     6.12   0.000     .0019724    .0038291
parttimele~s |   .0016279   .0003094     5.26   0.000     .0010215    .0022344
parttime12~e |   .0141463   .0013921    10.16   0.000     .0114178    .0168747
flexiblele~s |   .0003543   .0001942     1.82   0.068    -.0000262    .0007349
flexible12~e |    .000073   .0000722     1.01   0.312    -.0000684    .0002145
Fsizeq10to99 |   .0000109   .0000586     0.19   0.852     -.000104    .0001258
Fsize100~499 |   2.64e-06    .000025     0.11   0.916    -.0000464    .0000517
    Fsize500 |   .0000884   .0000907     0.98   0.329    -.0000893    .0002661
   irregular |   .0019819   .0004275     4.64   0.000     .0011439    .0028198
       shift |   .0002286   .0003602     0.63   0.526    -.0004774    .0009345
------------------------------------------------------------------------------

2B. Immigrants: male/female

Model for group 1

      Source |       SS       df       MS              Number of obs =    3802
-------------+------------------------------           F( 50,  3751) =  127.51
       Model |  100.535747    50  2.01071494           Prob > F      =  0.0000
    Residual |   59.150461  3751  .015769251           R-squared     =  0.6296
-------------+------------------------------           Adj R-squared =  0.6246
       Total |  159.686208  3801  .042011631           Root MSE      =  .12558

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0720032   .0050671    14.21   0.000     .0620687    .0819377
        age2 |   -.004402   .0004177   -10.54   0.000    -.0052209   -.0035831
   seniority |   .0196993   .0024909     7.91   0.000     .0148157    .0245828
        MAVO |   .0197829   .0094125     2.10   0.036     .0013287    .0382371
         VBO |   .0226828   .0080299     2.82   0.005     .0069394    .0384262
     HAVOVWO |   .0763584   .0099633     7.66   0.000     .0568244    .0958924
         MBO |   .0625826   .0076744     8.15   0.000     .0475362     .077629
         HBO |   .1151618   .0096066    11.99   0.000      .096327    .1339966
          WO |   .1836915   .0115928    15.85   0.000     .1609627    .2064204
      Female |  (dropped)
marriedliv~r |   .0288776   .0055904     5.17   0.000      .017917    .0398382
     widowed |   .0447317   .0320494     1.40   0.163    -.0181043    .1075677
    divorced |  -.0032809   .0089421    -0.37   0.714    -.0208129     .014251
         Fri |  -.0112215   .0190282    -0.59   0.555     -.048528     .026085
         Dre |   .0011223   .0201526     0.06   0.956    -.0383888    .0406335
         Ove |  -.0107562   .0148086    -0.73   0.468    -.0397899    .0182775
         Fle |   .0319411   .0173132     1.84   0.065     -.002003    .0658852
         Gel |   .0105519   .0138059     0.76   0.445     -.016516    .0376197
         Utr |   .0083926   .0146517     0.57   0.567    -.0203336    .0371187
          NH |   .0227616   .0136189     1.67   0.095    -.0039396    .0494629
          SH |   .0011068   .0131882     0.08   0.933    -.0247499    .0269635
         Zee |   .0386391   .0189613     2.04   0.042     .0014637    .0758145
          NB |    .010595   .0136858     0.77   0.439    -.0162374    .0374274
         Lim |   .0009122   .0141583     0.06   0.949    -.0268464    .0286708
     Minextr |   .2381946   .0905713     2.63   0.009     .0606208    .4157685
       Indus |   .0790812   .0518239     1.53   0.127    -.0225246     .180687
      Energy |   .2187831   .0591219     3.70   0.000     .1028689    .3346973
       Build |   .1330014    .052821     2.52   0.012     .0294408     .236562
       Trade |   .0660523   .0519712     1.27   0.204    -.0358423    .1679469
    Catering |   .0555735   .0557102     1.00   0.319    -.0536517    .1647987
   TransComm |   .0841039     .05207     1.62   0.106    -.0179844    .1861921
       Finan |    .159205    .052555     3.03   0.002     .0561659    .2622441
        Busi |   .0905191   .0518799     1.74   0.081    -.0111965    .1922346
      Public |   .1048967   .0518729     2.02   0.043     .0031948    .2065986
      subedu |   .0755638   .0520001     1.45   0.146    -.0263873     .177515
      health |   .0857887   .0519643     1.65   0.099    -.0160924    .1876697
     culture |   .0654346   .0530051     1.23   0.217     -.038487    .1693563
     lowoccu |   .0279445   .0072932     3.83   0.000     .0136455    .0422436
     secoccu |   .0711626   .0077257     9.21   0.000     .0560156    .0863096
    highoccu |   .1407165   .0098304    14.31   0.000      .121443    .1599899
        acad |   .1875601   .0123936    15.13   0.000     .1632613    .2118588
     Leading |   .0586069   .0049965    11.73   0.000     .0488107     .068403
parttimele~s |  -.0072114   .0119945    -0.60   0.548    -.0307278     .016305
parttime12~e |  -.0299687   .0066071    -4.54   0.000    -.0429226   -.0170149
flexiblele~s |   .0015416   .0154361     0.10   0.920    -.0287223    .0318055
flexible12~e |  -.0570895   .0119603    -4.77   0.000    -.0805388   -.0336402
Fsizeq10to99 |    .045472   .0219539     2.07   0.038     .0024293    .0885146
Fsize100~499 |   .0467174   .0213307     2.19   0.029     .0048965    .0885382
    Fsize500 |   .0395317   .0211498     1.87   0.062    -.0019346    .0809981
   irregular |   .0180956   .0082902     2.18   0.029     .0018418    .0343493
       shift |   .0606111   .0081799     7.41   0.000     .0445737    .0766486
       _cons |   .6104444   .0590334    10.34   0.000     .4947036    .7261851
------------------------------------------------------------------------------
(model 1 has zero variance coefficients)

Model for group 2

      Source |       SS       df       MS              Number of obs =    3611
-------------+------------------------------           F( 49,  3561) =   95.79
       Model |  66.9384552    49  1.36609092           Prob > F      =  0.0000
    Residual |  50.7830688  3561  .014260901           R-squared     =  0.5686
-------------+------------------------------           Adj R-squared =  0.5627
       Total |  117.721524  3610   .03260984           Root MSE      =  .11942

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
         age |   .0819468   .0048877    16.77   0.000     .0723639    .0915298
        age2 |  -.0057624   .0004279   -13.47   0.000    -.0066015   -.0049234
   seniority |   .0310552   .0025194    12.33   0.000     .0261157    .0359947
        MAVO |   .0182007   .0086757     2.10   0.036     .0011909    .0352105
         VBO |   .0199384   .0086541     2.30   0.021     .0029709    .0369059
     HAVOVWO |   .0519987   .0096711     5.38   0.000     .0330372    .0709602
         MBO |   .0540786   .0079417     6.81   0.000     .0385079    .0696494
         HBO |   .1140306   .0095306    11.96   0.000     .0953447    .1327165
          WO |   .1774547   .0121579    14.60   0.000     .1536175    .2012919
      Female |  (dropped)
marriedliv~r |   .0067984   .0053106     1.28   0.201    -.0036137    .0172104
     widowed |   -.006094    .019823    -0.31   0.759    -.0449596    .0327715
    divorced |  -.0061198   .0072424    -0.84   0.398    -.0203194    .0080799
         Fri |  -.0078344   .0176523    -0.44   0.657     -.042444    .0267752
         Dre |   .0070684   .0192126     0.37   0.713    -.0306004    .0447372
         Ove |  -.0046941   .0136875    -0.34   0.732    -.0315302     .022142
         Fle |  -.0086175   .0159781    -0.54   0.590    -.0399448    .0227097
         Gel |   -.005246   .0125226    -0.42   0.675    -.0297981    .0193061
         Utr |   .0107377   .0134124     0.80   0.423    -.0155591    .0370344
          NH |   .0133128   .0122229     1.09   0.276    -.0106518    .0372775
          SH |   .0078345   .0116671     0.67   0.502    -.0150404    .0307094
         Zee |  -.0078538   .0186582    -0.42   0.674    -.0444357    .0287281
          NB |  -.0007513   .0123792    -0.06   0.952    -.0250224    .0235198
         Lim |  -.0196184    .013138    -1.49   0.135    -.0453773    .0061404
     Minextr |  (dropped)
       Indus |   .0315141    .085236     0.37   0.712    -.1356022    .1986304
      Energy |   .1532933   .0960833     1.60   0.111    -.0350906    .3416771
       Build |   .0852363     .09071     0.94   0.347    -.0926125    .2630851
       Trade |  -.0008789   .0850725    -0.01   0.992    -.1676746    .1659169
    Catering |  -.0037674   .0863262    -0.04   0.965    -.1730212    .1654863
   TransComm |   .0367477   .0852505     0.43   0.666    -.1303969    .2038923
       Finan |   .0653178    .085417     0.76   0.445    -.1021534    .2327891
        Busi |   .0356365   .0849354     0.42   0.675    -.1308905    .2021635
      Public |    .082132   .0850138     0.97   0.334    -.0845487    .2488128
      subedu |   .0538458   .0849909     0.63   0.526      -.11279    .2204816
      health |   .0448755   .0848295     0.53   0.597    -.1214438    .2111948
     culture |   .0326405   .0858063     0.38   0.704     -.135594    .2008749
     lowoccu |   .0324723   .0069497     4.67   0.000     .0188465    .0460982
     secoccu |   .0774676   .0075695    10.23   0.000     .0626266    .0923087
    highoccu |   .1274603   .0097195    13.11   0.000     .1084041    .1465166
        acad |   .1812793   .0130169    13.93   0.000      .155758    .2068006
     Leading |   .0269205   .0061904     4.35   0.000     .0147834    .0390575
parttimele~s |   .0156446   .0089482     1.75   0.080    -.0018994    .0331887
parttime12~e |  -.0147932   .0049522    -2.99   0.003    -.0245027   -.0050838
flexiblele~s |  -.0057357   .0113145    -0.51   0.612    -.0279192    .0164478
flexible12~e |  -.0226611   .0104995    -2.16   0.031    -.0432467   -.0020755
Fsizeq10to99 |  -.0933571   .0267302    -3.49   0.000    -.1457652    -.040949
Fsize100~499 |  -.0935403   .0261115    -3.58   0.000    -.1447352   -.0423453
    Fsize500 |  -.0887067   .0258707    -3.43   0.001    -.1394295   -.0379839
   irregular |   .0281962   .0059375     4.75   0.000      .016555    .0398375
       shift |   .0703012   .0164743     4.27   0.000     .0380013    .1026012
       _cons |   .7416633   .0907519     8.17   0.000     .5637324    .9195942
------------------------------------------------------------------------------
(model 2 has zero variance coefficients)

Blinder-Oaxaca decomposition                      Number of obs   =       7413
                                                  Model           =     linear
Group 1: gender = 1                               N of obs 1      =       3802
Group 2: gender = 2                               N of obs 2      =       3611

------------------------------------------------------------------------------
loghourlyw~e |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval]
-------------+----------------------------------------------------------------
overall      |
     group_1 |   1.229842   .0033323   369.06   0.000     1.223311    1.236374
     group_2 |   1.149255    .003014   381.30   0.000     1.143348    1.155162
  difference |   .0805873   .0044932    17.94   0.000     .0717808    .0893938
  endowments |    .039062   .0045075     8.67   0.000     .0302276    .0478965
coefficients |   .0257923   .0043626     5.91   0.000     .0172417    .0343429
 interaction |    .015733   .0045321     3.47   0.001     .0068502    .0246158
-------------+----------------------------------------------------------------
endowments   |
         age |   .0308754   .0045507     6.78   0.000     .0219562    .0397945
        age2 |  -.0262106   .0037983    -6.90   0.000    -.0336552    -.018766
   seniority |   .0087324   .0009911     8.81   0.000     .0067899    .0106749
        MAVO |  -.0005246   .0002787    -1.88   0.060    -.0010708    .0000217
         VBO |   .0007033   .0003406     2.06   0.039     .0000357    .0013709
     HAVOVWO |   -.000528   .0003363    -1.57   0.116    -.0011871    .0001311
         MBO |  -.0025091   .0006801    -3.69   0.000    -.0038421   -.0011761
         HBO |   -.000981   .0010386    -0.94   0.345    -.0030166    .0010546
          WO |   .0080931    .001372     5.90   0.000     .0054041    .0107821
      Female |  (dropped)
marriedliv~r |   .0006192   .0004899     1.26   0.206    -.0003409    .0015793
     widowed |   .0000419   .0001367     0.31   0.759    -.0002261    .0003098
    divorced |   .0003563   .0004239     0.84   0.401    -.0004746    .0011872
         Fri |   6.22e-06   .0000295     0.21   0.833    -.0000515    .0000639
         Dre |    .000011   .0000367     0.30   0.764    -.0000608    .0000829
         Ove |  -.0000251   .0000778    -0.32   0.747    -.0001776    .0001275
         Fle |   1.62e-06   .0000342     0.05   0.962    -.0000654    .0000686
         Gel |  -.0000429   .0001098    -0.39   0.696     -.000258    .0001722
         Utr |   .0000301   .0000744     0.41   0.685    -.0001156    .0001759
          NH |   7.26e-06   .0001096     0.07   0.947    -.0002076    .0002221
          SH |  -.0003345   .0005045    -0.66   0.507    -.0013233    .0006544
         Zee |   -.000024   .0000623    -0.39   0.700     -.000146     .000098
          NB |  -8.06e-06   .0001329    -0.06   0.952    -.0002685    .0002524
         Lim |  -.0003396   .0002615    -1.30   0.194    -.0008522    .0001729
     Minextr |  (dropped)
       Indus |   .0049375   .0133566     0.37   0.712     -.021241     .031116
      Energy |   .0004689   .0003602     1.30   0.193     -.000237    .0011748
       Build |   .0024719   .0026436     0.94   0.350    -.0027095    .0076533
       Trade |  -1.85e-07   .0000189    -0.01   0.992    -.0000373    .0000369
    Catering |   .0000207   .0004749     0.04   0.965      -.00091    .0009514
   TransComm |   .0013751   .0031973     0.43   0.667    -.0048915    .0076417
       Finan |   .0003014   .0004965     0.61   0.544    -.0006718    .0012745
        Busi |  -.0001346   .0004373    -0.31   0.758    -.0009916    .0007225
      Public |   .0029346   .0031014     0.95   0.344     -.003144    .0090132
      subedu |   -.001567    .002504    -0.63   0.531    -.0064747    .0033408
      health |  -.0104531    .019764    -0.53   0.597    -.0491898    .0282836
     culture |   .0000911   .0002665     0.34   0.732    -.0004312    .0006133
     lowoccu |  -.0006022   .0003491    -1.72   0.085    -.0012864    .0000821
     secoccu |  -.0022672   .0008731    -2.60   0.009    -.0039784   -.0005561
    highoccu |   .0019175     .00117     1.64   0.101    -.0003756    .0042106
        acad |   .0097037   .0013954     6.95   0.000     .0069687    .0124387
     Leading |   .0036963   .0008854     4.17   0.000      .001961    .0054316
parttimele~s |  -.0005142   .0003049    -1.69   0.092    -.0011117    .0000834
parttime12~e |   .0062129    .002085     2.98   0.003     .0021265    .0102994
flexiblele~s |   .0001175   .0002329     0.50   0.614     -.000339     .000574
flexible12~e |   .0002679   .0001663     1.61   0.107     -.000058    .0005937
Fsizeq10to99 |  -.0009442   .0006509    -1.45   0.147      -.00222    .0003316
Fsize100~499 |  -.0014864   .0010118    -1.47   0.142    -.0034695    .0004967
    Fsize500 |   .0026296   .0012326     2.13   0.033     .0002137    .0050455
   irregular |  -.0025402   .0005753    -4.42   0.000    -.0036678   -.0014126
       shift |   .0044744   .0011026     4.06   0.000     .0023134    .0066355
-------------+----------------------------------------------------------------
coefficients |
         age |  -.0533888   .0378017    -1.41   0.158    -.1274788    .0207012
        age2 |   .0454745   .0199956     2.27   0.023     .0062838    .0846653
   seniority |  -.0255013   .0079577    -3.20   0.001     -.041098   -.0099045
        MAVO |   .0001704    .001379     0.12   0.902    -.0025324    .0028733
         VBO |   .0002858   .0012294     0.23   0.816    -.0021237    .0026953
     HAVOVWO |   .0019901   .0011398     1.75   0.081    -.0002438     .004224
         MBO |   .0026894   .0034933     0.77   0.441    -.0041573    .0095362
         HBO |   .0002174   .0026008     0.08   0.933      -.00488    .0053148
          WO |   .0005095   .0013727     0.37   0.711    -.0021809    .0031999
      Female |  (dropped)
marriedliv~r |   .0118742   .0041509     2.86   0.004     .0037387    .0200098
     widowed |    .000563   .0004267     1.32   0.187    -.0002734    .0013994
    divorced |   .0003915   .0015871     0.25   0.805    -.0027191    .0035021
         Fri |  -.0000713   .0005463    -0.13   0.896    -.0011421    .0009995
         Dre |  -.0000955   .0004474    -0.21   0.831    -.0009724    .0007814
         Ove |   -.000371   .0012344    -0.30   0.764    -.0027904    .0020484
         Fle |   .0012131   .0007139     1.70   0.089    -.0001863    .0026124
         Gel |   .0018112   .0021386     0.85   0.397    -.0023804    .0060028
         Utr |  -.0001637   .0013863    -0.12   0.906    -.0028807    .0025534
          NH |   .0013816   .0026763     0.52   0.606    -.0038639    .0066271
          SH |  -.0019134   .0050082    -0.38   0.702    -.0117293    .0079025
         Zee |    .000824   .0004824     1.71   0.088    -.0001215    .0017695
          NB |   .0014391   .0023414     0.61   0.539      -.00315    .0060282
         Lim |   .0016318   .0015379     1.06   0.289    -.0013825     .004646
     Minextr |  (dropped)
       Indus |    .002819   .0059147     0.48   0.634    -.0087737    .0144116
      Energy |    .000127   .0002239     0.57   0.571    -.0003119    .0005658
       Build |   .0001852     .00041     0.45   0.651    -.0006183    .0009887
       Trade |   .0067283   .0100272     0.67   0.502    -.0129246    .0263812
    Catering |   .0009038   .0015695     0.58   0.565    -.0021724    .0039801
   TransComm |   .0024131   .0050931     0.47   0.636    -.0075693    .0123954
       Finan |    .003666   .0039277     0.93   0.351    -.0040322    .0113643
        Busi |   .0084353   .0153005     0.55   0.581    -.0215531    .0384237
      Public |   .0024019   .0105085     0.23   0.819    -.0181943    .0229982
      subedu |   .0026884   .0123344     0.22   0.827    -.0214866    .0268635
      health |   .0131996   .0320964     0.41   0.681    -.0497083    .0761075
     culture |   .0007538   .0023197     0.32   0.745    -.0037927    .0053003
     lowoccu |  -.0011498   .0025585    -0.45   0.653    -.0061644    .0038648
     secoccu |  -.0021546   .0036965    -0.58   0.560    -.0093997    .0050904
    highoccu |   .0024155   .0025205     0.96   0.338    -.0025245    .0073556
        acad |   .0004105   .0011749     0.35   0.727    -.0018924    .0027133
     Leading |   .0043085   .0010967     3.93   0.000      .002159     .006458
parttimele~s |  -.0015507   .0010198    -1.52   0.128    -.0035495    .0004481
parttime12~e |  -.0082455   .0044881    -1.84   0.066     -.017042    .0005511
flexiblele~s |   .0003003   .0007901     0.38   0.704    -.0012483    .0018488
flexible12~e |  -.0017925   .0008383    -2.14   0.033    -.0034355   -.0001494
Fsizeq10to99 |   .0105727   .0027046     3.91   0.000     .0052718    .0158736
Fsize100~499 |   .0320056    .007756     4.13   0.000     .0168042     .047207
    Fsize500 |   .0884281   .0230632     3.83   0.000     .0432249    .1336312
   irregular |  -.0016671   .0016842    -0.99   0.322    -.0049681    .0016338
       shift |   -.000153    .000291    -0.53   0.599    -.0007234    .0004175
       _cons |  -.1312189   .1082629    -1.21   0.225    -.3434102    .0809724
-------------+----------------------------------------------------------------
interaction  |
         age |  -.0037465   .0027002    -1.39   0.165    -.0090388    .0015458
        age2 |   .0061879   .0028268     2.19   0.029     .0006474    .0117284
   seniority |  -.0031932   .0010279    -3.11   0.002    -.0052079   -.0011784
        MAVO |  -.0000456   .0003691    -0.12   0.902     -.000769    .0006778
         VBO |   .0000968    .000417     0.23   0.816    -.0007204     .000914
     HAVOVWO |  -.0002473   .0002063    -1.20   0.231    -.0006518    .0001571
         MBO |  -.0003946   .0005202    -0.76   0.448    -.0014142    .0006251
         HBO |  -9.73e-06   .0001169    -0.08   0.934    -.0002388    .0002193
          WO |   .0002844   .0007674     0.37   0.711    -.0012197    .0017886
      Female |  (dropped)
marriedliv~r |   .0020109   .0007461     2.70   0.007     .0005486    .0034733
     widowed |  -.0003491   .0002787    -1.25   0.210    -.0008954    .0001972
    divorced |  -.0001653   .0006702    -0.25   0.805    -.0014789    .0011483
         Fri |   2.69e-06   .0000235     0.11   0.909    -.0000433    .0000487
         Dre |  -9.28e-06   .0000469    -0.20   0.843    -.0001013    .0000827
         Ove |  -.0000324   .0001131    -0.29   0.775     -.000254    .0001893
         Fle |  -7.60e-06   .0001604    -0.05   0.962    -.0003219    .0003067
         Gel |   .0001292   .0001932     0.67   0.504    -.0002495     .000508
         Utr |  -6.58e-06   .0000575    -0.11   0.909    -.0001192    .0001061
          NH |   5.15e-06   .0000783     0.07   0.948    -.0001483    .0001586
          SH |   .0002872   .0007549     0.38   0.704    -.0011924    .0017668
         Zee |    .000142   .0001691     0.84   0.401    -.0001894    .0004735
          NB |   .0001217   .0002171     0.56   0.575    -.0003038    .0005472
         Lim |   .0003554   .0003606     0.99   0.324    -.0003514    .0010622
     Minextr |   .0001879   .0001299     1.45   0.148    -.0000667    .0004426
       Indus |   .0074526   .0156334     0.48   0.634    -.0231883    .0380935
      Energy |   .0002003   .0003564     0.56   0.574    -.0004981    .0008988
       Build |   .0013852   .0030477     0.45   0.649    -.0045881    .0073585
       Trade |   .0000141   .0004684     0.03   0.976     -.000904    .0009321
    Catering |  -.0003263   .0005855    -0.56   0.577    -.0014739    .0008212
   TransComm |    .001772   .0037483     0.47   0.636    -.0055746    .0091186
       Finan |   .0004332   .0006345     0.68   0.495    -.0008104    .0016767
        Busi |  -.0002072   .0005922    -0.35   0.726     -.001368    .0009535
      Public |   .0008134   .0035626     0.23   0.819    -.0061692     .007796
      subedu |   -.000632   .0029038    -0.22   0.828    -.0063235    .0050594
      health |  -.0095301   .0231755    -0.41   0.681    -.0549532     .035893
     culture |   .0000915    .000305     0.30   0.764    -.0005062    .0006893
     lowoccu |    .000084   .0001922     0.44   0.662    -.0002928    .0004607
     secoccu |   .0001845   .0003239     0.57   0.569    -.0004503    .0008194
    highoccu |   .0001994   .0002405     0.83   0.407    -.0002719    .0006707
        acad |   .0003362    .000963     0.35   0.727    -.0015513    .0022237
     Leading |   .0043507   .0011306     3.85   0.000     .0021348    .0065666
parttimele~s |   .0007512   .0005057     1.49   0.137    -.0002399    .0017423
parttime12~e |   .0063735    .003471     1.84   0.066    -.0004296    .0131766
flexiblele~s |  -.0001491   .0003931    -0.38   0.705    -.0009196    .0006215
flexible12~e |    .000407   .0002523     1.61   0.107    -.0000875    .0009014
Fsizeq10to99 |   .0014041   .0009475     1.48   0.138    -.0004529    .0032612
Fsize100~499 |   .0022288   .0014838     1.50   0.133    -.0006795     .005137
    Fsize500 |  -.0038015    .001711    -2.22   0.026    -.0071549   -.0004481
   irregular |     .00091   .0009218     0.99   0.324    -.0008967    .0027167
       shift |  -.0006167   .0011716    -0.53   0.599    -.0029131    .0016796
------------------------------------------------------------------------------
[bookmark: _Toc319832118]
Appendix B: List of abbreviations

Abbreviation					Meaning
LSO 2002					Loonstructuuronderzoek 2002
CBS						Centraal Bureau voor de Statistiek
EWL						Enquête Werkgelegenheid en Lonen 
EBB						Enquête Beroepsbevolking
GBA						Gemeentelijke Basisadministratie 
Std.dev						Standard deviation 
N						Number of observations
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