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Social media are of growing importance for all companies in terms of gaining insights about consumer opinions. They are the tools through which consumers can engage with brands and interact with their peers. Hence, it is crucial to understand how this consumer engagement can affect a brand. The study is done on the entertainment industry and has a focus on line extensions, or in other words, sequels. It is examined how the parent brand along with social media, from the consumer engagement perspective, relate to the economic performance of a sequel. It is hypothesized that social media play a mediating role in the relationship between the parent brand and the sequel. By analyzing a sample from the motion picture industry, this study provides results that could be applicable in other entertainment products. In total, 178 movie sequel titles along with the number of views and comments on the YouTube pages with their trailers were collected and examined. First, the positive effect of the success of the parent brand on the sequel is validated by two operationalizations, parent movie revenue and previous sequel revenue. Second, the results when testing for a mediating effect indicate that consumer engagement behavior is in fact a mediator in the relationship between the parent brand’s success and the sequel’s success. Considering its dimensions, personal and social-interactive, it is found that both of them have a positive and significant effect on the success of the sequel. However, the parent brand’s effect is still positive and significant, making the mediating effect complementary.
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[bookmark: _Toc531359957][bookmark: _Toc10384009]1. Introduction 
Entertainment plays an important role in our everyday lives as it allows us to escape from our responsibilities and worries. It can take various forms such as movies, TV shows, video games and books, all of which only offer experiential and not utilitarian benefits (Cooper-Martin, 1992). A critical aspect of the entertainment industry and the success of such products have always been the social networks between consumers (Hennig-Thurau & Houston, 2019, p. 46). With the coming of the Internet and social media, people are now also sharing their experiences and opinions with their peers, discuss and look for more information online much faster and sometimes as they are still consuming the product (e.g., tweeting while watching the latest episode of Stranger Things). As social media are intensively used to engage with potential customers not only in entertainment but almost every other industry as well, managing networks is of great significance for marketing managers (Henning-Thurau & Houston, 2019, p. 46). Hence, it is imperative that they are always able to understand the insights they can gain from social media. The main purpose of this section is to introduce the subject of the research, by explaining the background and context, the research importance and objectives and the contribution to the existing literature.

[bookmark: _Toc10384010]1.1 Background and context
The significance of the entertainment industry is obvious by the amount of revenues it generates each year. In 2016, its global revenues reached $1.9 trillion, according to the 2016-2020 Entertainment and Media Outlook by PwC (Trade.gov, 2017). The U.S. market alone accounted for $712 billion that year and is expected to reach approximately $771 billion by 2019. Therefore, it becomes evident that it is an industry with significant economic value and is worth being researched and understood. 
Entertainment companies have been increasingly using brand extension strategies to leverage an existing brand name and image and introduce a new product to the market (Sood & Drèze, 2006), whether it is a line extension or a brand extension. A line extension is when a new product is introduced under a current brand name in an existing product category, while a brand extension is when a new product is released under a current brand name but in a new category (Aaker & Keller, 1990). Sequels and remakes are the two most common types of entertainment product line extensions. Sequels continue a previous product in the same brand name and remakes are new versions of a previous entertainment product (Henning-Thurau & Houston, 2019, p. 386-387). If we look at the last 10 years, the top grossing movie for 8 of them has been a sequel (Boxofficemojo.com, 2018). Some very successful sequels have been the video game Diablo III with the same format as the original but a different storyline and the new “Avengers: Infinity War” movie which continues the story from the previous ones. Entertainment products can also be introduced as brand extensions in different categories (Henning-Thurau & Houston, 2019, p. 404). It is common practice for a book or video game to be made into a movie. Some popular examples are the Game of Thrones TV show based on the books of George R.R. Martin and the Warcraft movie based on the video game. In this study, I will only examine line extensions. 
[bookmark: _Hlk703369]In the examples mentioned above, the brand names of the original movie/video game/book are “signals” of the quality of the new product (Henning-Thurau & Houston, 2019, p. 369). A “strong” brand name will also reduce the perceived risk for consumers (Basuroy and Chatterjee, 2008). For example, the brand name “Star Wars” has most likely affected the decision process of the consumers that wanted to watch the new “Star Wars: The Force Awakens” movie as they have already experienced the high quality of the previous movies. To put the positive effect of a strong brand name in perspective, only during its opening weekend the film raised $248 million in the U.S. with a production budget of $245 million. Its lifetime gross box office revenue exceeded $2 billion making it the third highest grossing film of all time (Boxofficemojo.com, 2018). It is clear that even one sequel can generate an enormous amount of revenue for the production company. This is why sequels have been the interest of many scholars in the past. Basuroy et al. (2006) viewed sequels as “signals” of quality, whereas Sood and Drèze (2006) examined them as brand extensions of experiential goods. Further research based on brand extension theory has been done by Basuroy and Chatterjee (2008), who compared sequel economic performance with that of the parent movie, and Henning-Thurau et al. (2009) who tried to pinpoint the determinants of a sequel’s success and developed a framework to measure their monetary value. More recently, Yong et al. (2013) have found that the parent movie’s performance positively impacts the first sequel’s success, whereas higher number sequels are not affected as much. They have also examined in the case of intervening sequels the predecessor movie’s effect and found that good performance results in higher attendance and therefore revenues for the next sequel.
However, even with the proven track record of certain strong brand names, production companies cannot be 100% certain that a new extension will be successful. Social media engagement behavior and word-of-mouth (WOM) have been investigated by researchers (Henning-Thurau et al., 2015; Ding et al., 2016; Oh et al., 2017) as potential predictors of an entertainment product’s success. Henning-Thurau et al. (2015) focused on the Twitter WOM and found evidence that negative reviews about a movie on the Friday of its opening weekend lead to lower revenues for the remaining weekend, whereas the positive ones do not have any impact. Ding et al. (2016) investigated the how pre-release Facebook “likes” affect the box office performance and found that 1% increase in the number of “likes” the week before release leads to a 0.2% increase in the opening weekend box office revenues. Finally, Oh et al. (2017) approached the social media effect from the perspective of consumer engagement behavior and found evidence from three social media platforms (Facebook, YouTube and Twitter) that both personal and interactive engagement influence a movie’s box office performance. Even though these studies were done in the motion picture industry context, their results could be valuable for marketing managers in other sections of the entertainment industry. What becomes apparent from these studies is that social media can be a useful tool for predicting the success of entertainment products.

[bookmark: _Toc10384011]1.2 Importance and Research Objectives
Even though both extension strategies and the advantages of social media in the entertainment industry have been studied in the past, there has not yet been a research trying to connect them. In the age of social media, marketing resembles a pinball game (Henning-Thurau et al., 2013), with consumers being more and more active and networked, which has led companies to lose control over their marketing activities. Consumers use social media to both search for information but also to provide others with the information they may need (Oh et al., 2017). Due to its experiential nature, an entertainment product’s quality cannot easily be judged before consumption (Henning-Thurau & Houston, 2019, p. 86). No one can know what exactly the next season of Game of Thrones or the next Avengers movie will be about unless they watch it. Therefore, consumers will search online in order to gain as much information as possible about the products before deciding to purchase them. Social media’s continuous presence in our everyday lives have established them as great sources of information for almost any subject (Oh et al., 2017). For this reason, companies need to be able to manage their social media channels in a way that consumers would like to engage with them. This is of great significance for marketing managers in all industries. What they should also take into consideration is how the strength of their brand influences consumer engagement behavior on social media and ultimately the buying decisions. If a brand is strong, then consumers will want to engage with it after purchase and consumption (Keller, 2001). They are also likely to have more positive reaction to marketing activities regarding a new extension of this brand (Hoeffler and Keller, 2003). Companies that want to reach their audience directly and engage with them create social media profiles and pages, where all promotional activities take place. For example, there is one Star Wars Facebook page in which all trailers, news and comments about the Star Wars movies are posted. There is also a Star Wars YouTube page where all movie and video game trailers along with videos from creators are posted. Basically, in their social media pages consumers can find all the information they need about any of their products. And as Star Wars is a strong brand, they also want to engage with it. Its Facebook page has 19M “likes” and its YouTube page has 2.6M subscribers, with just the trailer of The Force Awakens reaching more than 100M views. But how does the success of a parent brand influence the consumer engagement on social media regarding a sequel? And in turn, how this engagement ultimately affects the success of the sequel? There has not been a research yet, to the best of my knowledge, that tries to prove the role of social media engagement in the relationship between the parent brand and the sequel. Therefore, the main research questions of this thesis are:
Can the examination of consumer engagement on social media help companies in the entertainment industry gain insights on the success of future sequels?
And secondly, what role does social media engagement play in the relationship between the parent brand and the sequel?

[bookmark: _Toc10384012]1.3 Contribution
As far as brand development or extension strategies are concerned, researchers have mainly focused on brand extensions. The literature on line extensions is limited (Reddy et al., 1994; John et al., 1998; Kirmani et al., 1999), so this study will offer another approach to how the parent brand affects the success of line extensions.  The focus will be on the entertainment industry where line extensions are the sequels of movies, video games or books and there has also been some research, especially on movies (Sood & Drèze, 2006; Basuroy & Chatterjee, 2008; Henning-Thurau et al., 2009; Yong et al., 2013). However, researchers have investigated them as brand extensions of experiential goods, whereas in this research I clearly define them as line extensions since they are products introduced in the same category as the original product (Henning-Thurau & Houston, 2019, p. 386). On the other hand, as social media are significantly contributing to marketing strategies, there have been many studies about this subject. Kaplan and Haenlein (2010) have categorized social media applications based on two dimensions: social presence/media richness and self-presentation/self-disclosure. Hoffman and Fodor (2010) made clear that return on investment in the social media environment must be measured by considering what motivates consumers and what they invest in their interactions with a brand. Finally, Oh et al. (2017) investigated how consumer engagement on social media is associated with the economic performance of movies. Taking it a step further, this thesis investigates the effect that consumer engagement in social media has on the economic performance of line extensions or sequels of entertainment products by also considering the effects of the parent brand. To sum up, the contribution of this research to the existing literature is aiming to be twofold. First, it will add to the line extension literature, and especially in the context of the entertainment industry, as the focus will be on sequels. Second, it will add to the social media literature by investigating the role they play in the relationship between the parent brand and the sequel. The results of this study will have various implications for marketing managers that want to use social media as a predictor of an extension’s economic performance. 

[bookmark: _Toc10384013]1.4 Structure
The thesis will be organized in the following way. In the next section the literature will be reviewed to establish the theoretical foundation for the analysis. Then based on the theory, the hypotheses and conceptual framework will be developed. After that, there will be the methodology section in which the data collection method will be explained, the variables used for this research will be presented and the empirical model used in the analysis will be developed. Finally, the results will be presented and then discussed in the final section along with the limitations, the managerial implications, and the suggestions for future research.

[bookmark: _Toc531359958][bookmark: _Toc10384014]2. Literature review
In this section, the literature that is relevant for the topic of this study will be explained. First, the entertainment industry and its unique characteristics will be explained. Second, there will be a discussion on strong brands and the notion of brand equity. Third, there will be an overview of studies on line extensions, and specifically, for the entertainment industry. And finally, consumer engagement will be explained, and especially, in the social media environment. 

[bookmark: _Toc10384015]2.1 Entertainment Industry
[bookmark: _Toc531359959]The entertainment industry is known to include many different forms of products, such as movies and TV shows, video games, books and music. These products are very different from other consumer goods because they have characteristics which are unique to them. First, they have a hedonic nature, which means that they are consumed only to bring pleasure to the consumers with the experience that they will offer (Henning-Thurau & Houston, 2019, p. 62). For example, a DVD is purchased for the movie it contains rather than its material value). Second, satiation is a common issue for entertainment products, as consumers tend to get tired to experiencing the same movie or song many times (Henning, Thurau & Houston, 2019, p. 69; Sood & Drèze, 2006). This affects especially sequels whose economic performance is usually lower than the original product. Third, consumers usually have a hard time to evaluate the quality of an entertainment product before they actually purchase it and experience it Henning-Thurau & Houston, 2019, p. 76). This happens because they are experiential products. To avoid this uncertainty, consumers are looking for other characteristics that could indicate the quality of the product, such as a known brand name, budgets, or number of sequels. All of the above have consequences on consumer behavior along with the decisions that marketing managers have to make in order to have a successful product. Branding an entertainment product and creating significant brand equity is one of the most important product decisions, and the focus of this study. Building strong brands in order to achieve significant brand equity will be discussed in the next section.

[bookmark: _Toc10384016]2.2 Brand Equity and Extension Success (Sequels)
In the entertainment industry the term franchise is used to describe a brand. For instance, a movie franchise can include the sequels that continue the story or even a product in another category, such as a video game based on the characters of the movie. The franchise is the brand in the context of the entertainment industry and thus, understanding branding and brand equity can be proven useful when deciding to introduce a new entertainment product. There is a massive body of literature on branding and brand equity. Achieving significant brand equity and building a strong brand can offer an organization many advantages by inspiring loyalty to its customers, making it less vulnerable to competitive marketing activities and creating strong foundations for introducing product extensions (Keller, 2001). Keller (1993) claims that customer-based brand equity means that the reaction a consumer has to the marketing of a brand regarding a certain product is different from the reaction to the marketing of the same product but without a brand name. This difference in reaction happens due to the knowledge that consumers have gathered about the specific brand. The two facets of brand knowledge are brand awareness and brand image. Brand awareness is defined as the customer’s ability to easily recall and recognize a brand. Brand image is defined as the perceptions about a brand based on the associations in a customer’s memory. Significant equity can be achieved when the consumer is familiar with the brand and holds favorable, strong, and unique associations in memory (Keller, 1993). 
Brand equity is critical for brand management in the long run as it also affects the consumer evaluations of a brand’s extensions (Reddy et al., 1994). According to Aaker and Keller (1990), if the quality of the parent brand is high and the ‘fit’, meaning the similarity, between the parent brand and the extensions is also high, consumers’ opinions of a brand/line extension tend to be high as well. In the case that there are one or multiple intervening extensions between the original product and the new extensions, they also add to the brand knowledge in the consumer’ minds and affect their perceptions of the new extension (Keller and Aaker, 1992). As mentioned before, this study will add to the more limited line extension – new products introduced under an existing brand name in the same category as the original product – literature. Reddy et al. (1994) investigated the determinants of success of line extensions. They proposed that firm, parent brand and extension characteristics affect the success of the line extension (see Appendix 1). One major finding of their study was that line extensions of strong brands perform better than extensions of brands that are weaker. On the other hand, John et al. (1998) investigated how the extension affects the parent brand or its flagship products. They found that inconsistent information about a line extension can harm the brand overall and the beliefs that consumers have about its flagship product can be changed. Finally, Kirmani et al. (1999) examined how owning a product from a certain brand can influence consumer evaluations of a line extension. They found that in most cases owners of the brand’s products react more positively towards its line extensions compared to people who have never bought anything from that brand.
As mentioned in the Introduction, in the entertainment industry there are both line extensions (sequels and remakes) and brand/category extensions (e.g. a book that becomes a movie). The focus of this thesis is only line extensions, meaning sequels and remakes. Even though these two have different characteristics, from now on both will be referred to as “sequels” to avoid confusion. Motion picture, music and video game producers and publishers have been increasingly favoring brand extension strategies as a way to increase their revenues. Researchers have also found an interest in extensions of entertainment products recently (Sood & Drèze, 2006; Basuroy & Chatterjee, 2008; Henning-Thurau et al., 2009; Yong et al., 2013). One reason that entertainment companies prefer brand and line extensions (sequels) is that a known brand name can significantly reduce any potential risk or uncertainty for consumers (Basuroy and Chatterjee, 2008). In other words, consumers are more likely to purchase products from a brand they already know than from a new brand. Hence, the brand knowledge of the parent brand is used in the decision-making process for an extension. As part of brand knowledge, the brand image affects the success of the extension (sequel). Research on the movie industry has shown that sequels build on the success of the parent movie (Basuroy & Chatterjee, 2008) and that studios try to leverage the success of the parent movie into more revenues from the sequel (Sood and Drèze, 2006). Moreover, sequels tend to perform better (Basuroy and Chatterjee, 2008) and to reduce risk (Henning-Thurau et al., 2009) compared to original movies released during the same period. Finally, the attendance and, thus, the success of the predecessor movies can also be good predictor for the performance of the next sequel (Yong et al., 2013). All the above mean that consumers use what they already know about the quality of the original movie in order to evaluate the quality of the sequel, which usually leads to them having expectations of the sequel that are not always met (Moon et al., 2009). Along with brand image, brand awareness equally influences the success of the extension (sequel) for three reasons (Keller, 1993). First, high brand awareness will make the brand part of the consumer’s consideration set for purchase. Second, consumers are more likely to buy familiar and established brands even if they have no other associations in mind. And third, brand awareness affects consumer decision making by influencing the formation and strength of brand associations. To sum up, line extensions as a branding strategy use the brand equity and, therefore, the knowledge consumers have of the parent brand to introduce a new product. This has been proven useful for sequels as well, but the consumers’ brand knowledge is not the only factor determining the sequel’s success. It just serves as a base for consumers’ decision-making process. There are many other factors affecting consumers in the entertainment industry, such as reviews by expert and other consumers. What is becoming a common practice is reading other consumer opinions on social media and interacting with them and the company. In the next section, after a brief discussion about social media platforms, the notion of consumer engagement will be explained and how they can also play a role in the success of a sequel.

[bookmark: _Toc531359960][bookmark: _Toc10384017]2.3 Social Media and Consumer Brand Engagement
In the past few years, social media have become an integral part of our everyday lives and a must for marketing communications. The reason for this is that through social media firms can very easily communicate with consumers with relatively lower cost and greater efficiency than with other traditional communication tools (Kaplan and Haenlein, 2010). The increasing usage of social media as communication tools naturally leads companies to think about what the return on their investment is. Hoffman and Fodor (2010) claim that return on social media investments are not necessarily measured in dollars, but in consumer behaviors. In other words, managers should focus on measuring what the consumers invest when they engage with a company’s social media applications. They further proceed to define three social media objectives: brand awareness, brand engagement and word-of-mouth. The focus of this study will be on brand engagement.
Brand engagement or consumer engagement behavior can be simply explained as the interactions that consumers have with a brand. According to Keller (2001), when a customer chooses to engage with a brand beyond just during the buying and consuming process, it is certain that this customer is loyal to the brand. In the age of social media, consumer engagement has become a concept of increasing importance for both researchers and managers. Braojos-Gomez et al. (2015) have distinguished between two types of online consumer engagement: social and conventional. Social online consumer engagement happens through social media applications, while conventional online consumer engagement takes place on a company’s own website. Another perspective was introduced by Calder et al. (2009), who examined the relationship between consumer engagement behavior in social media and advertising effectiveness. They proposed two dimensions of engagement: personal and social-interactive. According to them, personal engagement happens when a user interacts on his/her own with a website, as they would with a magazine or newspaper. On the other hand, social-interactive engagement can only exist on website, where users can socialize and exchange ideas and opinions with other users.
As far as the entertainment industry is concerned, there a few studies examining how managers using social media can predict the success of a new product, and specifically, the success of motion pictures (Henning-Thurau et al., 2015; Ding et al., 2016; Oh et al. 2017). Most of them focus on one social media platform for their analysis and on the motion picture industry. Consumers generally, have very little information available about the quality of an experiential product before it comes to the market (Henning-Thurau et al., 2015). Therefore, they look online for the evaluations of other consumers that have already experienced the product. It is very common to use Twitter as a source of information for consumers in the early adoption stages of a movie – meaning its opening weekend. However, it is only the negative word-of-mouth on Twitter affects the early revenues of a new movie, while, positive WOM is insignificant (Henning-Thurau et al., 2015). Facebook is another important tool for managers to help them predict the success of a product. Specifically, the number of “likes” on Facebook before the release of a new movie is a significant indicator of how it is going to perform in the box office and can be used by managers easily (Ding et al., 2016). Finally, consumer engagement behavior should not only be examined on one social media platform. As many brands have multiple social media accounts, they should integrate their marketing efforts and take into consideration each platform’s unique characteristics. Oh et al., (2017) have investigated consumer engagement behavior on three different social media platforms – Facebook, Twitter and YouTube. By dividing consumer engagement in personal and social-interactive they have proven that both types of engagement on all three social media platforms are positively correlated with the economic performance of motion pictures.

[bookmark: _Toc531359963][bookmark: _Toc10384018]2.3.1 Personal consumer brand engagement
Personal consumer brand engagement describes a user’s own experience and interaction with a website or any other online platform (Oh et al. 2017). It is more of a passive form of engagement and social media websites enable this type of information seeking. The motivation to engage with a website in this way come from the user and it can be attributed to the user’s need for stimulation and inspiration from using a website, as well as the need to know what other users think about what interests them (Calder et al, 2009). Examples of personal consumer brand engagement are “liking” the Facebook page of a movie or watching on YouTube the trailer of a video game. This way consumers mostly gather information about the products of interest rather than offering their own opinions.

[bookmark: _Toc531359964][bookmark: _Toc10384019]2.3.2 Social-interactive consumer brand engagement 
Social-interactive brand engagement offers the same experiences to users as personal engagement, but more in the context of feeling like part of a community and participating in social interactions with other users (Calder et al., 2009). The motivation for social-interactive engagement with a website comes both form the user and his environment, as users search for opinions of others, but they also engage in discussions rather than only passively consuming content (Oh et al., 2017). Social-interactive engagement is also enabled by social media platforms as it is their main goal to bring users together. Examples of social-interactive engagement is retweeting an announcement about a TV series or commenting on posts about a book and receiving feedback form their peers. With this type of engagement consumers exchange information about the products of interest. It is especially important because they tend to trust other people that have experienced a product more than the advertising company. 

[bookmark: _Toc531359966]


[bookmark: _Toc10384020]3. Hypotheses and Conceptual Framework
Based on what is mentioned in the Literature Review, the hypotheses and the conceptual framework of the research are formed in this section in order to answer the research question. 

[bookmark: _Toc531359967][bookmark: _Toc10384021]3.1 Hypotheses
[bookmark: _Toc10384022]3.1.1 Strength of the parent brand and sequel success
Sequels and remakes – line extensions of entertainment products – are a very common practice by which companies use an existing brand name in order to introduce a new product (Sood and Drèze, 2006). This means that they try to leverage the brand equity and, therefore, the consumer knowledge of the original film, video game or book in order to be more successful. This is based on the fact that consumers will use the brand knowledge they have gathered in order to evaluate the new extension. As brand knowledge consists of brand awareness and brand image, they significantly affect the success of an extension (Keller, 1993), or in the case of entertainment products, a sequel. Brand awareness is the foundation upon which everything else is built. It is a necessary condition that consumers are aware a brand exists in order to have any opinion about it. When a brand is part of the consumers’ consideration set, brand associations are formed in their minds. These associations are part of the brand image. If consumers have had a positive experience with the parent brand and its previous products, then they will remember their satisfaction and will more easily purchase the new extension. On the other hand, if consumers have been disappointed by the parent brand, then they will recall the unpleasant experience and will have a less positive evaluation of the extension. In other words, the associations – positive or negative – consumers have about the parent brand can be transferred to its extensions. This is also true for entertainment products, where consumers usually tend to see the quality of the original as an indicator of the quality of the sequel.
Over time, many entertainment products can have multiple sequels and become a franchise (Basuroy and Chatterjee, 2008). For example, the Star Wars franchise has produced seven movie sequels and a few spin-offs since 1977. Not to mention the multiple video games, comic books and merchandise under the Star Wars brand. Some of the intervening extensions might be successful and some might not perform as expected. However, intervening extensions are also part of the parent brand’s image, as they give more information about what the company is capable of producing. A high number of sequels can be a sign that their quality is good, otherwise the company would not produce them. Even if consumers have not experienced the previous editions, they will assume that the quality of the sequel is high and, thus, have a positive brand image in mind. Intervening extensions add up to the knowledge and, therefore, the equity of the parent brand.
Based on this line of reasoning, high brand awareness and a positive brand image will result in more successful sequels. Furthermore, high brand awareness and a positive brand image are the main characteristics of a strong brand, as parts of brand knowledge and, naturally, brand equity. A strong brand will produce more successful sequels, while a weaker brand will produce less successful sequels. For entertainment products, the strength of the parent brand is usually represented by the commercial success of the original product.
Hence, the following hypothesis is formed:
H1: The success of the parent brand is positively related to the success of the sequel. 
 
[bookmark: _Toc10384023]3.1.2 Consumer engagement on social media and sequel success
As mentioned in the previous hypothesis, brands that are well known and established have higher awareness – meaning that more consumers know they exist – and a more positive brand image – meaning that consumers hold positive associations about the quality of the brand’s products in their memory. Strong brands usually try to build strong relationships with their customers and encourage them to engage beyond just during purchase and consumption (Keller, 2001). Engagement could be either going to the brand’s website and learning more about its products, liking their Facebook page or following their Twitter account in order to be updated frequently about what is new. Engagement can also be talking to their friends and family about their experience with the brand or commenting on the brand’s posts and letting other people know their opinions. This creates word-of-mouth which in turn increases the number of people knowing the brand. To sum up, consumer engagement with a brand can happen when a brand is strong. In other words, stronger brands have more engaged customers, while weaker brands do not.
Besides just using the knowledge they already have about the brand, when a new extension is launched, consumers try to find more information about it. Especially, for entertainment products, whose quality cannot be judged before purchase and consumption, consumers will look online for more information from experts and other consumers that have already experienced the product. With social media being a significant part of our everyday lives, they have been established as great sources of information about almost any subject (Oh et al., 2017). Engaging with a brand on social media also gives consumers the sense that they are part of a group with similar preferences and opinions. When introducing extensions, social media can be very useful, as they already have an audience following the brand and will be easier to create awareness about the new extension. For stronger brand names, this audience will be larger and more positive towards the marketing activities regarding the new extension (Hoeffler and Keller, 2003), while for weaker brands it will be the opposite. Specifically, for entertainment products, if more consumers have experienced the original and were satisfied, then the engagement on the brand’s social media will be higher. If the consumers who have experienced the original were very few or not satisfied, then the engagement on the brand’s social media will be lower. 
In turn, the level of consumer engagement on social media influences the success of the product it is related to (Oh et al., 2017). Consumers can choose to either engage on a personal level, by liking, reading news, watching trailers about an upcoming sequel of a movie or a video game, or to interact with other consumers or the production company on their social media page. People who are involved in personal consumer engagement (e.g. like or follow a brand or product) are more likely to want to eventually purchase the product than those who are not, because it is part of their consideration set. Moreover, higher social-interactive engagement leads to higher word-of-mouth about the new product. This means that more people are aware of the new product and ultimately more likely to purchase it. Based on what is mentioned above, I expect that consumer engagement on social media plays a mediating role in the relationship between the parent brand and the sequel. The strength of the parent brand will define the level of engagement for the sequel and this engagement will ultimately affect the success of the sequel. I also expect that to be true both for personal consumer engagement as well as social-interactive engagement.
So, the following hypothesis is formed: 
H2: Consumer engagement on social media mediates the relationship between the success of the parent brand and the success of the sequel.
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Figure 1: Conceptual Framework
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The conceptual framework above depicts the relationships that were described in the hypotheses. First, the success of the parent brand influences the success of the sequel. Second, the success of the parent brand influences consumer engagement on social media and this is turn also affects the sequel’s success. For this reason, consumer engagement on social media is expected to have a mediating effect in the relationship between the success of the parent brand and the success of the sequel. The relationship between parent brand success and consumer engagement on social media (both personal and social-interactive), as well as the relationship between consumer engagement and sequel success are expected to be positive. However, I expect that both the direct and indirect paths will be significant and positive, and the mediation effect will be complementary (Zhao et al., 2010), as there are other variables that could impact both consumer engagement and sequel success.
[bookmark: _Toc531359971][bookmark: _Toc10384025]
4. Methodology
In this section, the specific research context will be explained. First, the data collection method and examples from the data set will be given. Second, the variables used for the analysis and their descriptive statistics will give a closer look into the dataset. And third, the empirical model upon which the analysis was done will be formed and explained. 
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[bookmark: _Toc10384026]4.1 Research Context

[bookmark: _Toc10384027]4.1.1 Movie industry
The dataset used for this study is from the motion picture industry. The reason why I choose this specific section of the entertainment industry is because movies generate high interest in the public. In 2018, the North American box office reached $11,8 billion in gross revenues, with a 7,4% increase compared to the previous year (Boxofficemojo.com, 2019). It was also the year that the most movies ever have been produced, with 873 movies coming out. Furthermore, data about movies are easy to collect and compare and many researchers in the past have been interested in finding what affects the economic performance of movies. 
Another reason for choosing the movie industry is because even before the Internet, people used to share their excitement about a movie with their peers face-to-face (Oh et al., 2017). Nowadays, social media have made it even easier for people to look for information and engage in discussions with other consumers on a movie profile. Facebook, Twitter and YouTube are the most common social media channels people use to interact with each other about an upcoming movie. Both before and after its release, people share on social media what they are expecting from the movie and what they have experienced influencing other people’s decisions. Therefore, there are plenty of data that are readily available to collect from social media about movies.

[bookmark: _Toc10384028]4.1.2 YouTube
The consumer engagement on social media for this research has been collected from YouTube. It was chosen for this study for two reasons. First, because there have not been many researches examining it in the context of movies, and second, because it is the platform where trailers, the first source of information about movies, are uploaded. YouTube is the world’s largest User Generated Content video system (Cha et al., 2007). According to a recent article on Business Insider (2018), it is also Google’s most popular service, with over 1.8 billion active users. YouTube is classified as a content community whose main objective is sharing content, and specifically videos, between users (Kaplan and Haenlein, 2010). Individuals and businesses can create their own channels, and viewers can subscribe to them, vote and write comments (Oh et al., 2017). Videos are available for viewing to even non-subscribers, whereas commenting is only allowed to registered users. Its popularity has given brands another way to interact with consumers. When brands post videos, consumers can share them, vote if they like or dislike them and comment and influence the purchasing decisions of other consumers. In the context of this study, a movie studio or marketing company can create a YouTube channel (or use its existing one) to share trailers and other videos when promoting a new movie sequel. Users then will visit the channel in search for more information about the upcoming movie and watch the trailer that offers a sample of the content of the movie. For example, the trailer of the “Avengers: Infinity War” was the most viewed ever, reaching 230 million views only in the first 24 hours. As the most important communication tool not only for movies but for other entertainment products as well is the trailer (Henning-Thurau & Houston, 2019, p. 527), I will examine the consumer engagement on a movie’s YouTube page showcasing the trailer. 

[bookmark: _Toc531359965][bookmark: _Toc10384029]4.1.3 Metrics of consumer engagement
Hoffman and Fodor (2010) have recognized several different metrics of Return on Investment for different social media types. According to them, for content communities, such as YouTube, consumer engagement can be measured in number of replies, number of pageviews, number of comments, and number of subscribers. Oh et al. (2017), in order to measure the engagement on YouTube, have used the number of views as a metric for personal consumer engagement and number of comments for measuring the social-interactive consumer engagement. In this study, these metrics will be used to assess the effect that consumer engagement with a sequel’s trailer video on YouTube has on its success.

[bookmark: _Toc10384030]4.2 Data Collection Method
The dataset used for this study contains all sequels released from 2010 until 2018. The data have been collected from April to June 2018, so for 2018 the sample is smaller compared to other years, as only movies that were released up until March were included. All movies that have been released under an existing brand name have been included. This means that the dataset contains sequels, prequels, spin-offs and remakes. They are all line extensions – same product category – and are referred to as “sequels” because the other three categories consist of very few titles that do not make a significant difference. I have collected data about 178 sequel titles. I used two different datasets to examine H1a and H1b. For the effect of the parent movie success all 178 titles were examined. On the other hand, for the effect of the previous sequel success the observations whose parent and previous movie where the same were dropped from the sample. This resulted in 103 movie titles being examined for H1b. All movie relevant information (sequel revenue, sequel budget, parent movie revenue, previous sequel revenue, genre, gap years between movies and intervening sequels) have been collected from Box Office Mojo (Boxofficemojo.com, 2018) and IMDb (IMDb, 2018). The sample includes revenues only from the US box office, because it is generally representative of a movie’s worldwide success and data are more comparable as not all movies are released in the same number of countries outside the US. 
Consumer engagement was measured by considering its two dimensions, personal and social-interactive (Calder et al., 2009, Oh et al, 2017). Thus, each movie’s official trailer on YouTube was observed and its views and comments were counted during the data collection period. The number of views was used to measure personal consumer engagement and the number of comments was used to measure social-interactive engagement. The trailers were published by either the movie’s official channel (e.g. The Twilight Saga YouTube channel), the production company’s official channel (e.g. Marvel Entertainment YouTube channel), or the Movie Clips YouTube channel, which is a licensed channel that belongs to the American online ticket seller Fandango (Fandango, 2018). In all cases, it was made certain that the trailer was uploaded on the channel prior to the release date of the movie. Someone could argue that the number of subscribers is relevant in comparing the size of the channels. However, I did not take it into consideration because users are not required to subscribe to a channel in order to view its content or comment. Therefore, I considered the number of subscribers as not relevant for this research.
In the table below, there are some examples of different sequels throughout the years with the key variables that reflect the differences in performance. 

Table 1: Examples of movie performance
	Sequel Title (Year of release)
	Sequel Lifetime Gross box office revenue*
	Parent Movie Title (Year of release)
	Parent Lifetime gross box office revenue*
	Previous Movie Title (Year of release)
	Previous Lifetime gross box office revenue*
	YouTube Views
	YouTube Comments

	The Chronicles of Narnia: The Voyage of the Dawn Treader (2010)
	$117,488,100
	The Chronicles of Narnia: The Lion, the Witch and the Wardrobe (2005)
	$405,230,600
	The Chronicles of Narnia: Prince Caspian (2008)
	$176,928,200
	3,731,648
	5,042

	Pirates of the Caribbean: On Strangers Tides (2011)
	$268,449,800
	Pirates of the Caribbean: The Curse of the Black Pearl (2003)
	$453,320,600
	Pirates of the Caribbean: At World’s End (2007)
	403,415,900
	11,052,766
	6,222

	The Dark Knight Rises (2012)
	$516,508,800
	Batman Begins (2005)
	$289,092,600
	The Dark Knight (2008)
	$667,976,000
	33,001,735
	66,774

	Insidious: Chapter 2 (2013)
	$94,181,200
	Insidious (2010)
	$60,114,400
	Insidious (2010)**
	$60,114,400**
	18,244,715
	10,435

	How to Train your Dragon 2 (2014)
	$192,837,700
	How to Train your Dragon (2010)
	$247,744,300
	How to Train your Dragon (2010)**
	$247,744,300**
	9,632,984
	9,964

	Star Wars: The Force Awakens (2015)
	$969,792,400
	Star Wars: A New Hope (1977)
	$1,280,324,100
	Star Wars: Revenge of the Sith (2005)
	$532,141,500
	101,571,621
	118,976

	Allegiant (2016)
	$68,913,500
	Divergent (2014)
	$166,007,000
	Insurgent (2015)
	$139,728,500
	7,962,783
	4,716

	Thor: Ragnarok (2017)
	$315,058,289
	Thor (2011)
	$201,528,700
	Thor: The Dark World (2013)
	$221,925,600
	65,816,886
	60,918

	Fifty Shades Freed (2018)
	$98,325,100
	Fifty Shades of Grey (2015)
	$183,451,000
	Fifty Shades Darker (2017)
	$114,581,250
	38,419,996
	23,459


*All revenues are in US $ and CPI adjusted
**Same as the parent movie

[bookmark: _Toc531359973][bookmark: _Toc10384031]4.3 The variables and their descriptive statistics

[bookmark: _Toc531359974][bookmark: _Toc10384032]4.3.1 Dependent Variables
Sequel Revenue: The dependent variable for this thesis is each sequel’s (i) lifetime US box office gross revenue obtained from Box Office Mojo (Boxofficemojo.com, 2018). As this thesis focuses on the cross-sectional variation of movie performance, the time variation of the dependent variable is not considered. Thus, the total performance of the sequel is of interest and the lifetime box office revenue can show it. Moreover, the sample includes data from the past 8 years so a CPI adjustment in US $ millions has been done on all revenues so that they can be comparable. Finally, the variable is log transformed (natural logarithm) because its distribution is positively skewed (Appendix 2) and outlying data need to be pulled into the bulk and have the variable normally distributed. This way the differences between mainstream movies with large audiences, and thus, higher revenues (e.g. Star Wars: The Force Awakens), and more niche movies with smaller audiences and lower revenues (e.g. Insidious: Chapter 2) are taken into consideration.
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Parent Brand Success: The parent brand success is operationalized in two ways: parent movie revenue and previous sequel revenue. The parent movie is the first of the franchise and was used to for all collected data. In the case that there were intervening extensions, meaning other sequels, the previous sequel is the one that came right before the sequel in question. It was used because it has been proven to have a higher effect on higher numbered sequels (Yong et al., 2013), and the dataset mostly consisted of titles with one or multiple intervening extensions between the parent and the sequel. 
Parent Revenue: This is the independent variable representing the parent brand success and will be used to test H1. It is the lifetime US box office revenue of the parent movie of the franchise. It is also CPI adjusted in US $ millions so that it can be comparable across the years. It is log transformed (natural logarithm) for the analysis, for the same reason as the dependent variable.
Previous Revenue: This variable is another operationalization of the parent brand success and will be used to test H1. For this variable, the dataset was altered. As mentioned before, I have excluded from the sample the cases that the parent movie was the only one before the sequel in question, because I wanted to only test the effect of the previous sequel. The variable Previous Revenue represents the lifetime US box office revenue of the sequel that preceded the latest one. It is CPI adjusted in US $ millions and for the analysis log transformed (natural logarithm).
Consumer Engagement on Social Media
Consumer engagement on social media will be operationalized in the two ways mentioned in the literature review: personal engagement and social-interactive engagement.
Personal Engagement: This variable is represented in the models by the number of YouTube Views. In this study, it is also the mediator in the relationship between the dependent variable (Sequel_Revenuei) and the independent (both Parent_Revenuei and Previous_Revenuei). It represents the total number of views on a sequel’s official trailer on YouTube up until the observation day. This variable is also log transformed (natural logarithm) for the analysis.
[bookmark: _Toc531359976]Social-Interactive Engagement: This variable is represented in the models by the number of YouTube Comments. It mediates the relationship between the dependent variable (Sequel_Revenuei) and independent (both Parent_Revenuei and Previous_Revenuei). It represents the total number of comments on a sequel’s official trailer on YouTube up until the observation day. It is log transformed (natural logarithm) for the analysis.

[bookmark: _Toc10384034]4.3.3 Control Variables
Sequel Budget: This variable represents the budget that was spent on the sequel’s production. Higher amounts of money spent on a sequel usually mean that its quality is also higher and that the marketing activities are more intense. The variable is log transformed (natural logarithm) for the analysis.
Gap Years: This variable represents the number of years that have passed between the release of the parent movie or the previous sequel and the sequel in question. According to Henning-Thurau & Houston (2019, p. 399), it is a characteristic of the “fit” between the parent brand and the sequel. Sequels that come out sooner (rather than later) after their parents tend to perform better. I have kept the variable in its raw form as it would be interesting to see the difference each additional year makes to the success of a sequel. 
Intervening: This variable is the number of intervening sequels before the sequel in question. Some franchises tend to be very long while others very short. The number of intervening sequels can be an indicator of the quality of the franchise (Basuroy and Chatterjee, 2008). I also kept this variable in its raw form to see the effect each additional sequel has on the last sequel of the franchise.
Genre: This is a variable that includes all the movie genres of the sequels examined. There are 9 movie genres in this dataset: action, adventure, comedy, drama, horror, sci-fi, romance, animation, fantasy. It is important to note that a movie can belong to more than one genre. In the empirical model this variable will be represented by dummy (binary) variables for each genre, based on whether a movie belongs to one genre or not. Below there is a table with the frequency of each genre in the sample.

Table 2: Genre frequencies
	Genre
	Parent Movie Sample (N=178)
	Previous Sequel Sample (N=103)

	
	Frequency
	Percent
	Frequency
	Percent

	Action
	82
	44,3%
	52
	50,5%

	Adventure
	45
	24,3%
	29
	28,2%

	Comedy
	23
	12,4%
	5
	4,9%

	Drama
	7
	3,8%
	5
	4,9%

	Horror
	26
	14,1%
	17
	16,5%

	Sci-Fi
	23
	12,4%
	15
	14,6%

	Romance
	6
	3,2%
	5
	4,9%

	Animation
	24
	13%
	12
	11,7%

	Fantasy
	10
	5,4%
	7
	6,8%


[bookmark: _Toc531359977]Table 3: Descriptive Statistics for Parent Movie Sample
	Variable
	N
	Minimum
	Maximum
	Mean
	Std. Deviation

	Sequel Revenue
	178
	$16.545.100,00
	$969.792.400,00
	$175.440.449,60
	$151.724.475,50

	Parent Revenue
	178
	$6.834.300,00
	$1.280.324.100,00
	$250.175.159,00
	$198.170.764,00

	Personal Engagement 
(YT Views)
	178
	17.669
	101.571.621,00
	16.291.314,18
	17.200.414,88

	Social-Interactive Engagement 
(YT Comments)
	178
	7
	137.760
	11.916,70
	20.092,803

	Sequel Budget
	178
	$3.372.344,72
	$300.000.000,00
	$117.756.555,20
	$77.205.324,19

	Gap Years
	178
	1
	40
	9,89
	9,193

	Intervening
	178
	0
	7
	1,42
	1,732



Table 3: Descriptive Statistics for Previous Sequel Sample
	Variable
	N
	Minimum
	Maximum
	Mean
	Std. Deviation

	Sequel Revenue
	103
	$16.545.100,00
	$969.792.400,00
	$194.750.624,60
	$170.453.210,90

	Previous Revenue
	103
	$19,130,500.00
	$969.792.400,00
	$219.175.970,40
	$164.765.268,70

	Personal Engagement 
(YT Views)
	103
	17.669
	101.571.621
	18.122.704,64
	18.918.666,55

	Social-Interactive Engagement 
(YT Comments)
	103
	7
	137.760
	14,631.79
	22.993,724

	Sequel Budget
	103
	$5.338.118,59
	$300.000.000,00
	$129.241.046,00
	$82.017.994,45

	Gap Years
	103
	1
	30
	5.05
	5,084

	Intervening
	103
	1
	7
	2,46
	1,626



[bookmark: _Toc10384035]4.4 Empirical Model
In order to test the effects of parent brand success and consumer engagement on social media on the sequel success a linear regression model will be used. A linear regression analysis is a technique used to determine the causality between one independent interval or ratio scaled variable and one or more independent interval or ratio scaled variables (Janssens et al., 2008). 

The general form of a linear regression model is:
Y = β0 + β1X1 + β2X2 + . . . + βnXn + ε
where 
Y = dependent variable
Xi = independent variable
βi = coefficient
ε = disturbance term

The general empirical model that will be tested in this study is:
Sequel_Revenuei = β0 + β1*Parent_Success + β2*Intervening + β3*Consumer_Engagement + β4*Sequel_Budget + β5* Gap_Years + β6*Action + β7*Adventure + β8*Comedy + β9*Drama + β10*Horror + β11*Sci-Fi + β12*Romance + β13*Animation + β14*Fantasy + εi
Where β0 = constant
β1, β2, β3, …, β13, β14 = coefficients of the independent variables
i represents a sequel
and εi = error

This model will be tested separately for personal consumer engagement and for social-interactive engagement. In the first case, the place of Consumer_Engagement in the model will take the Personal_Engagement variable, measured by the number of YouTube views. In the second, the place of Consumer_Engagement will take the Social-Interactive_Engagement variable, measured by the number of YouTube comments. It will also be tested separately for the two different datasets of parent movie and previous sequel. For the parent movie, Parent_Success will be represented by the parent movie revenue, and for the previous movie, Parent_Success will be explained by the previous sequel revenue. The above explained process will result in four operationalizations of the empirical model.


[bookmark: _Toc531359982][bookmark: _Toc10384036]5. Results

In this section the results of the analyses will be discussed in detail. The analysis that considers all variables in one model is the regression analysis.  The regression analyses for this study were run in SPSS. First, I had to perform a series of statistical diagnostics to check whether the results of the regression analyses satisfy a number of assumptions. If these assumptions do not hold then the outcome of the analysis is less valid or not valid at all (Mazzocchi, 2008). The error term needs to be normally distributed for a regression model to be acceptable and its variance should not vary across cases (homoscedasticity). Moreover, there should not be perfect collinearity or multicollinearity between the independent variables, otherwise they are not actually independent. Therefore, I checked the error terms’ distribution and for multicollinearity between the independent variables. 
In order to make sure that there is no heteroscedasticity in the sample and that the error terms are normally distributed, I log transformed (natural logarithm) the positively skewed metric variables as mentioned before and run the regression analyses for the four models. The error terms have come closer to being normally distributed (see Histograms and Normal P-P in Appendix 3) and for most cases there were no more heteroscedasticity patterns in the Scatterplots. Moreover, I checked the Tolerance and VIF of all variables for multicollinearity. The tests showed that all Tolerances are larger than 0,1 and all VIFs are a lot smaller than 10, therefore there are no serious concerns for multicollinearity between the independent variables. 
Furthermore, as the main research goal is to prove that consumer engagement on social media mediates the relationship between parent brand success and sequel success, I have to test for a mediation effect according to Zhao et al. (2010). They mention that using the Barron and Kenny method will result in the below three regression equations. First, the mediating variable should be regressed on the independent variable (1). Second, the dependent variable should be regressed on the independent variable (2). And third, the dependent variable should be regressed on both the independent and mediating variable (3). However, they claim that only equations (1) and (3) are important for establishing mediation. 
Mpi = aX + e (1) 
Ypi = c΄X + e (2) 	
Ypi = cX + bM + e (3)
Where
M = mediating variable
Y = dependent variable
X = independent variable
a x b = indirect path
c = direct path
c΄ = total effect of X on Y

[bookmark: _Toc10384037]5.1 Regression Analyses Results
In the table below there are the results from the regression analysis testing. Models 1 and 2 contain the Parent Revenue as the independent variable and Personal Engagement (YT Views) and Social-Interactive Engagement (YT Comments) as the mediators respectively. Models 3 and 4 include the Previous Revenue as the independent variable and Personal Engagement (YT Views) and Social-Interactive Engagement (YT Comments) as the mediators respectively.

Table 4: Regression Analyses Results
	
	Model 1
	Model 2
	Model 3
	Model 4

	Variables
	B
	B
	B
	B

	Constant
	1,441
	3,331**
	-1,307
	0,778

	Parent_Revenue
	0,531***
	0,508***
	-
	-

	Previous_Revenue
	-
	-
	0,676***
	0,670***

	Personal_Engagement
(YT_Views)
	0,143***
	-
	0,187***
	-

	Social-Interactive_Engagement
(YT_Comments)
	-
	0,122***
	-
	0,175***

	Sequel_Budget
	0,274***
	0,264***
	0,220**
	0,200**

	Gap_Years
	-0,009
	-0,009
	0,021*
	0,024*

	Intervening
	0,019
	0,014
	0,023
	0,007

	Action
	-0,070
	-0,075
	0,061
	0,016

	Adventure
	-0,223
	-0,237
	-0,125
	-0,197

	Comedy
	-0,274
	-0,268
	-0,613**
	-0,707**

	Drama
	-0,287
	-0,236
	0,292
	0,315

	Horror
	0,012
	-0,068
	0,182
	0,057

	Sci-Fi
	-0,130
	-0,136
	-0,172
	-0,202

	Romance
	0,144
	0,142
	0,407
	0,247

	Animation
	-0,066
	0,029
	0,027
	0,099

	Fantasy
	-0,056
	-0,126
	0,210
	0,062

	R-Square
	0,589
	0,589
	0,704
	0,718

	Adjusted R-Square
	0,553
	0,553
	0,657
	0,673

	Sample Size
	178
	178
	103
	103


*p<0,1
**p<0,05
***p<0.01

[bookmark: _Toc531359987]Model 1: Effect of parent movie revenue mediated by personal engagement (YouTube views) on sequel revenue
Model 1 aims to show that the sequel revenue is affected by the parent movie revenue mediated by personal engagement (YouTube Views). The model explains 58,9% (R2 = 0,589) of the variation in the dependent variable. It is also overall statistically significant (F = 16,664, p = 0,000). 
The effects of both Parent_Revenue (b = 0,531, p = 0,000) and YT_Views (b = 0,143, p = 0,001) are statistically significant. From the control variables, only Sequel_Budget also has a statistically significant effect on the dependent variable, while Gap_Years, Intervening and all of the genres have no significant effect. 
As both the independent and the mediator are statistically significant, the type of mediation must be identified according to Zhao et al. (2010), which means the sign of a x b x c needs to be calculated. From the results of Model 1, paths b and c were found. Path b is the coefficient of the mediating variable (0,143) and path c is the coefficient of the independent variable (0,531). Path a is found by regressing the mediator YT_Views on the independent variable Parent_Revenue (b = 0,515, p = 0,000). As it is also statistically significant, path a x b = 0,515 x 0,143 = 0,074 shows the indirect effect of parent revenue on sequel revenue mediated by YouTube Views. Path c is the direct effect of parent revenue on sequel revenue. By calculating a x b x c, the type of mediation is identified. A x b x c = 0,515 x 0,143 x 0,531 = 0,039. Therefore, the mediation effect here is complementary, as all coefficients are statistically significant and point to the same direction. More specifically, in the indirect path, when the parent movie revenue is 1% higher, then there will be 0,515% more YouTube views for the sequel. Holding constant the parent movie revenue, 1% more views on a sequel’s trailer on YouTube will result its revenues being 0,143% higher. In the direct path, when parent movie revenue is 1% higher, then sequel revenue will be 0,531% higher, if all other variables stay the same.
The multicollinearity test showed that there is no serious reason for concern as Tolerances are higher than 0,1 and VIFs are a lot smaller than 10.

[bookmark: _Toc531359990]Model 2: Effect of parent movie revenue mediated by social-interactive engagement (YouTube comments) on sequel revenue
Model 2 tests that sequel revenue is influenced by parent revenue mediated by social-interactive engagement (YouTube comments). The percentage of variation explained by this model is also 58,9,7% (R2 = 0,589). The model is overall statistically significant (F = 16,663, p = 0,000). 
The coefficients of the Parent_Revenue (b = 0,508, p = 0,000) and YT_Comments (b = 0,122, p = 0,001) are also statistically significant. The control variable Sequel_Budget is again the only one with significant effect on the dependent, while all other variables are insignificant. The type of mediation needs to be identified for this model too. As path b and c are found by the model, path a needs to be calculated by regressing the mediator on the independent variable. Path a is statistically significant (a = 0,751, p = 0,000). Therefore, a x b = 0,751 x 0,122 = 0,092 is the indirect effect of parent revenue on sequel revenue mediated by YouTube comments. As the coefficients point at the same direction with positive signs, a x b x c is also positive (0,751 x 0,122 x 0,508 = 0,047), and thus, the mediation effect is complementary. More specifically, in the indirect path, when the parent movie revenue is 1% higher, then there will be 0,751% more YouTube comments for the sequel. When the parent movie revenue is constant, 1% more comments on a sequel’s trailer on YouTube will lead to 0,122% higher revenue. In the direct path, when parent movie revenue is 1% higher, then sequel revenue will be 0,508% higher, if all other variables stay the same.
Finally, there is no multicollinearity between the independent variables as Tolerances are higher than 0,1 and VIFs are lower than 10.

[bookmark: _Toc531359995]Model 3: Effect of previous sequel revenue mediated by personal engagement (YouTube views) on sequel revenue
Model 3 tests the effect that previous sequel revenue has on sequel revenue mediated by personal engagement (YouTube views). It explains 70,4% (R2 = 0,704) of the variation in the dependent and is overall statistically significant (F = 14,963, p = 0,000). Both Previous_Revenue (b = 0,676, p = 0,000) and YT_Views (b = 0,187, p = 0,000) are statistically significant. Moreover, Sequel_Budget, Gap_Years and the genre Comedy were significant from the control variables.
In order to identify the mediation effect, YT_Views were regressed on Previous_Revenue and path a was found statistically significant (b = 0,524, p = 0,001). By calculating a x b = 0,524 x 0,187 = 0,098, we can see the indirect effect of previous sequel revenue on sequel revenue mediated by YouTube views. The mediation effect here is also complementary, because all coefficients point at the same direction and are positive, and a x b x c is also positive (0,524 x 0,187 x 0,676 = 0,066). Specifically, in the indirect path, when the previous sequel revenue is 1% higher, then there will be 0,524% more views for the sequel’s trailer on YouTube. When the previous sequel revenue remains constant, 1% more YouTube views for the sequel will result in 0,187% higher revenue. In the direct path, when previous sequel revenue is 1% higher, then sequel revenue will be 0,676% higher, if all other variables remain constant.
Finally, all tolerances are higher than 0,1 and VIFs are also smaller than 10, so there is no concern for multicollinearity between the independent variables.

[bookmark: _Toc531359998]Model 4: Effect of previous sequel revenue mediated by social-interactive engagement (YouTube comments) on sequel revenue
Model 4 shows the impact of previous sequel revenue on sequel revenue when it is mediated by social-interactive engagement (YouTube comments). This model explains 71,8% (R2 = 0,718) of the variation in dependent variable and is overall statistically significant (F = 16,014, p = 0,000). Previous_Revenue (b = 0,670, p = 0,000) and YT_Comments (b = 0,175, p = 0,000) are also statistically significant. Also, in this case, the control variables Sequel_Budget, Gap_Years and Comedy are statistically significant.
The mediating variable YT_Comments was also regressed on the independent Previous_Revenue, to find the type of mediation. Also, in this case, path a was statistically significant (b = 0,680, p = 0,001). Therefore, the indirect effect of previous sequel revenue on sequel revenue mediated by YouTube comments is a x b = 0,680 x 0,175 = 0,12. The mediation effect is also complementary here, because all coefficients are statistically significant and positive, and a x b x c is also positive (0,680 x 0,175 x 0,670 = 0,080). Specifically, in the indirect path, when the previous sequel revenue is 1% higher, then there will be 0,68% more YouTube comments for the sequel. Holding the previous sequel revenue constant, 1% more YouTube comments for the sequel will lead to 0,175% higher revenue. In the direct path, when previous sequel revenue is 1% higher, then sequel revenue will be 0,67% higher, if all other variables remain constant.
Finally, there is no multicollinearity between the explanatory variables because all Tolerances are higher than 0,1 and VIFs are lower than 10.


[bookmark: _Toc10384038]5.2 Summary of Results
All analyses will be summarized below in order to conclude whether the hypotheses and conceptual framework are supported. 
Four regressions were executed based on the empirical model. The reason for this separation is that there were two operationalization of parent brand success and two of consumer engagement. The aim of these models was to support the two hypotheses of the research. 

H1: The success of the parent brand is positively related to the success of the sequel. 
The hypothesis is supported by all four models. Both operationalization of the parent brand success (parent movie revenue, previous sequel revenue) had a positive and highly statistically significant effect on the success of the sequel (as seen in Table 4). 

H2: Consumer engagement on social media mediates the relationship between the success of the parent brand and the success of the sequel.
The hypothesis is validated by all four models. The first and second models included parent movie revenue as the independent variable for parent brand success and personal consumer engagement (YouTube views) and social-interactive consumer engagement (YouTube comments) as the mediating variables respectively. In both models, the independent and the mediator were statistically significant which meant that the type of mediation should be identified. As all coefficients were pointing to the same direction, the mediation effect was complementary. The third and fourth models included previous sequel revenue as the independent variable for parent brand success and personal consumer engagement (YouTube views) and social-interactive consumer engagement (YouTube comments) as the mediating variables respectively. In these cases, the independent and the mediating variables were also both statistically significant. After finding all relevant coefficients the type of mediation was also complementary. However, the nature of the mediation suggests that there is an omitted mediator in the direct path (Zhao et al., 2010).
The table below summarizes the direct and indirect effects of all four models and the types of mediation. 
Table 5: Mediation effects
	
	Model 1
(Parent Revenue – YouTube Views)
	Model 2
(Parent Revenue – YouTube Comments)
	Model 3
(Previous Revenue – YouTube Views)
	Model 4
(Previous Revenue – YouTube Comments)

	Direct effect (c)
	0,531
	0,508
	0,676
	0,670

	Indirect effect
 (a x b)
	0,074
	0,092
	0,098
	0,12

	Mediation type
	Complementary
	Complementary
	Complementary
	Complementary




[bookmark: _Toc10384039][bookmark: _Toc531359999]6. Discussion and Implications
In this section, the results of the research will be discussed and the way they answer the research question. Furthermore, the implications for marketers that may want to use them will be explained along with suggestions for future research.

[bookmark: _Toc10384040]6.1 Conclusions
Movie sequels and their role as extensions of a parent brand have been of interest for researchers (Sood & Drèze, 2006; Basuroy & Chatterjee, 2008; Henning-Thurau et al., 2009; Yong et al., 2013). Additionally, social media have been proven as a reliable predictor of a new movie’s commercial success (Henning-Thurau et al., 2015; Ding et al., 2016; Oh et al. 2017). The goal of this study is to connect the effect that the parent brand would have on a sequel with the effect of social media consumer engagement. The question that it aimed to answer is: Can the examination of consumer engagement on social media help companies in the entertainment industry gain insights on the success of future sequels and what is its role in the relationship between the parent brand and the sequel? The sample included 178 sequel titles released from 2010 to 2018. The social media platform that was studied for consumer engagement was YouTube. The findings of this study help answer this question by highlighting that consumer engagement on social media serves as a mediator between the success of the parent brand and the success of the sequel. By using the motion picture industry as a specific context for the analysis, significant results have come to light that could be useful in other sectors of the entertainment industry as well.
First, it was necessary to established that indeed a sequel’s commercial success is related to the strength of the parent brand using the collected sample. The parent brand strength was represented by the commercial success of a movie, meaning its lifetime box office revenues, and was operationalized in two ways: parent movie revenue and previous sequel revenue. The reason for this was that the commercial success of a movie is an indicator of the strength of the brand in general. A few movie related characteristics were also collected and added as control variables in the model, such as the budget spent for the sequel, the time gap in years between parent/previous and the sequel, the number of intervening sequels and 9 genres. A regression was run, and the results showed that both parent movie revenue and previous sequel revenue had a significant effect on the revenue of the sequel. In both cases, the effect was positive, which means that the higher the parent movie or previous sequel revenue, the higher the sequel revenue. Therefore, it is established that sequels perform according to how their predecessor movies have performed. Sequels of strong brands with high revenues will benefit from that success and will yield revenues relative to their parents, while sequels of weaker brands with lower revenues are more likely to also have a smaller commercial success. What can be concluded from the previous sequel test is that parent brand success is positively related to the success of the sequel from another perspective. When there are intervening extensions between the original and the final sequel, they add to the knowledge and evaluations of the parent brand. However, it is the latest one that influences consumers opinions as it is the most recent in their minds. This means that if the previous sequel was successful, it enhances the strength of the brand in total and results in the next sequel also being successful. If the previous sequel does not meet the standards of the brand, then success of the one that follows will be limited.
Next, the main research question needed to be answered. For the consumer engagement on social media, its two dimensions were considered: personal and social-interactive (Calder et al., 2009). The number of views on the YouTube page of the sequel’s trailer were used as a variable for personal consumer engagement and the number of comments as a variable for social-interactive consumer engagement. The hypothesis was that consumer engagement on social media is a mediator in the relationship between the success of the parent brand and the success of the sequel. The points that needed to be proven were: first, that the parent brand success affects the levels of engagement on social media regarding the sequel, and second, that this engagement in turn influences the commercial success of the sequel. The reasoning behind this was that for experiential products, such as movies, consumers cannot easily judge their quality before consuming them and, thus, they use the brand knowledge in their memories as wells as search for more information about them online. Social media serve as great sources of information both from the brand and from other consumers who may have experienced them. Brands can build strong relationships with their consumer through social media, but only when they are strong themselves. Strong brands with products that had a high commercial success will also have more consumers engaging with their posts on social media. This includes the marketing activities regarding new sequels. The higher consumer engagement will then lead to higher commercial success for the sequel.
By performing all the necessary steps in order to test for the mediating effect of consumer engagement, the results supported that there is in fact one. As mentioned above the parent movie revenue, had a positive and significant effect on the sequel success even when either YouTube views or comments were added in the equation. Hence, according to Zhao et al. (2010), the mediating effect is complementary. It also had a positive and significant effect on both YouTube views and comments. This means that the mediating variable consumer engagement is consistent with what was hypothesized, but the theoretical framework might be incomplete, and another mediator might have been omitted from the direct path. This was expected as there are many factors influencing the relationship between the parent movie and the sequel. For example, the reviews from professional critics about the sequel can affect consumer opinions prior to its release.
Concerning the previous sequel revenue, its effect both on sequel success and the two mediators was also positive and significant. The mediating effect was also supported in this case and was complementary. This result verifies from another angle the hypothesized effect. To be more specific, each intervening sequel adds more to the knowledge consumers have about the brand in total, but it is the latest one that has the highest effect being the most recent in their minds. It is logical then for it to also influence the levels of consumer engagement on social media. However, there might be other factors that affect the relationship between the previous sequel and the next one, and therefore, the mediating effect of consumer engagement on social media is complementary. For instance, the continuity of actors from one movie to the other is an important element for the success of the sequel. If a beloved character is not included (e.g. if Iron Man had died in the second Avengers movie), then it could have a negative effect on the performance of the sequel.
To sum up, the measurement of consumer engagement on social media can be a useful indicator of a sequel’s future performance. By collecting and analyzing consumer opinions companies can support their decision-making process about the release of new products. This study provided further evidence on the importance of social media with a focus on line extensions in the entertainment industry. What is mentioned above can be useful for marketers that manage other products in the entertainment industry which share similar characteristics to movies produced in Hollywood. 

[bookmark: _Toc10384041]6.2 Managerial Implications
Social media are effective and low-cost tools through which companies can communicate with their consumers and drive economic performance. They also offer a great foundation for building brand communities and foster strong relationships between the brand and its consumers. In this digital age, social media are more and more preferred both by companies to promote their products to the right audience, and by consumers who want to gather information about what they want to purchase. Especially for the entertainment industry, whose products are mainly of experiential nature and their quality is usually unknown before consumption, social media can be a reliable source of product related information. Hence, it is only natural that consumers will use them to search for hints from the company as well as for their peers’ opinions.
Additionally, there are several brand names in the entertainment industry that can be considered strong. Strong brands usually have a loyal audience that is willing to engage with them besides just during purchasing or consuming their products. This audience can also raise awareness to other consumers and, by sharing their positive experiences, influence their opinions and eventually their buying decisions. This can be reflected in the social media pages of such brands, which have more likes, comments and shares compared to brands that are less known or not as loved. Therefore, managers of strong brands should use their social media channels in a way that they can reinforce positive opinions and leverage the existing audience into creating more awareness about the brand. Also, managers of weaker brands can formulate strategies that will enable them to build an audience and improve consumers’ perceptions.
The results of this study highlight that the stronger the parent brand, the higher the consumer engagement on social media, and ultimately, the better the economic performance of its line extensions. As both personal and social-interactive engagement were found to have a significant effect on the success of a line extension, managers should focus on nurturing both. They should allocate more resources and develop innovative content that will generate more personal consumer engagement, as well as, start discussions that will spark interest in consumers to engage and interact with the company and each other. Even though this research focused on one social media channel, managers should try to create and coordinate social media strategies that are consistent and engaging in multiple channels in order to reach a wider audience, achieve higher brand awareness and more positive evaluations of the brand as a whole, but also with its extensions.
[bookmark: _Toc10384042]6.3 Limitations and Future Research
The results of this research should be interpreted in the light of certain limitations. First, this research adopted a cross-sectional approach in measuring relevant data, and the time variation of the constructs was not considered. It could be that this approach might not adequately capture the effects and establish causal relationships between the constructs. However, the theory used suggests that there are cause and effect relationships in the conceptual model. For future research, a longitudinal study may help researchers better understand how the relationships of the constructs change through time. 
Second, only the revenues of sequels and their predecessor movies from the North American box office were used for this thesis, while consumer engagement on YouTube could have come from all over the world. It was chosen as it can be easily compared, because the release date of each movie is the same and the revenues are in US dollars. However, it would be interesting for future researchers to examine how social media affect the box office revenues in different countries. 
Third, due to lack of resources, I used data extracted only from one social media platform, YouTube. The number of views and comments were recorded form each movie’s trailer page, and the data were manually inputted by one researcher, which required a great amount of time. For this reason, no other social media page was included in this research, but it is suggested that in the future more social media platforms are examined to get more accurate results. More researchers could also find a more efficient way to collect data.
Fourth, this study used a sample that included movies from 2010 until 2018 but was collected during a 3-month period in 2018. This means that the number of views and comments might have been different during the period that the movies were released. It is suggested in future research to monitor the views and comments before release or during the lifetime of a sequel to eliminate the potential for views and comments to differ.
Fifth, only the volume of the contents was analyzed and not their content. In the future, it could be interesting to also consider the valence of comments, meaning if they are positive, negative or irrelevant. In this way, the results will be more accurate.
Sixth, the factors affecting a sequel’s success included in the analysis were limited. According to Henning-Thurau et al. (2009), there are many others that could affect sequel performance, such as star power, fit with the parent brand, distribution and critics reviews. Future researchers should include them when examining the effects of the parent brand on its sequels.
Finally, the analysis of this study was only on the motion picture industry, because there is a plethora of data freely available online. Managers and researchers should be careful when generalizing these results in other sectors of the entertainment industry. It is also suggested that other sectors, such as video games, are examined for how social media engagement affects new product releases.  
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Appendix 1: Conceptual Model of Extension Success by Reddy et al. (1994)
[image: ]

Appendix 2: Sequel Revenue Histogram
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Appendix 3: Results of regression analyses

	Model Summaryb

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	1
	,767a
	,589
	,553
	,56575

	a. Predictors: (Constant), Fantasy, YT_Views, Romance, Comedy, Drama, SciFi, Animation, INTERVENING, Horror, Parent_Revenue, GAP_YEARS, Adventure, Action, Sequel_Budget

	b. Dependent Variable: Sequel_Revenue




	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	74,671
	14
	5,334
	16,664
	,000b

	
	Residual
	52,172
	163
	,320
	
	

	
	Total
	126,843
	177
	
	
	

	a. Dependent Variable: Sequel_Revenue

	b. Predictors: (Constant), Fantasy, YT_Views, Romance, Comedy, Drama, SciFi, Animation, INTERVENING, Horror, Parent_Revenue, GAP_YEARS, Adventure, Action, Sequel_Budget




	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.
	95,0% Confidence Interval for B
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	
	
	Lower Bound
	Upper Bound
	Tolerance
	VIF

	1
	(Constant)
	1,441
	1,714
	
	,840
	,402
	-1,944
	4,825
	
	

	
	Parent_Revenue
	,531
	,085
	,469
	6,245
	,000
	,363
	,699
	,447
	2,238

	
	YT_Views
	,143
	,041
	,201
	3,528
	,001
	,063
	,223
	,777
	1,287

	
	Sequel_Budget
	,274
	,080
	,313
	3,430
	,001
	,116
	,431
	,304
	3,293

	
	GAP_YEARS
	-,009
	,006
	-,100
	-1,497
	,136
	-,021
	,003
	,566
	1,767

	
	INTERVENING
	,019
	,031
	,040
	,626
	,532
	-,042
	,080
	,629
	1,590

	
	Action
	-,070
	,144
	-,042
	-,489
	,625
	-,354
	,214
	,350
	2,857

	
	Adventure
	-,223
	,145
	-,115
	-1,532
	,127
	-,510
	,064
	,450
	2,220

	
	Comedy
	-,274
	,188
	-,109
	-1,452
	,148
	-,646
	,098
	,450
	2,221

	
	Drama
	-,287
	,260
	-,066
	-1,105
	,271
	-,801
	,226
	,703
	1,422

	
	Horror
	,012
	,206
	,005
	,059
	,953
	-,395
	,419
	,340
	2,944

	
	SciFi
	-,130
	,158
	-,052
	-,824
	,411
	-,441
	,181
	,643
	1,556

	
	Romance
	,144
	,281
	,031
	,512
	,609
	-,411
	,699
	,700
	1,429

	
	Animation
	-,066
	,216
	-,027
	-,306
	,760
	-,493
	,361
	,330
	3,029

	
	Fantasy
	-,056
	,261
	-,015
	-,214
	,831
	-,571
	,459
	,498
	2,007

	a. Dependent Variable: Sequel_Revenue




	Casewise Diagnosticsa

	Case Number
	Std. Residual
	Sequel_Revenue
	Predicted Value
	Residual

	73
	2,834
	17,88
	16,2735
	1,60349

	95
	-2,145
	16,62
	17,8351
	-1,21355

	102
	2,162
	18,91
	17,6852
	1,22300

	107
	2,708
	19,09
	17,5530
	1,53217

	137
	-2,386
	17,37
	18,7222
	-1,34998

	a. Dependent Variable: Sequel_Revenue




	Residuals Statisticsa

	
	Minimum
	Maximum
	Mean
	Std. Deviation
	N

	Predicted Value
	16,2735
	20,0663
	18,6432
	,64951
	178

	Residual
	-1,34998
	1,60349
	,00000
	,54292
	178

	Std. Predicted Value
	-3,648
	2,191
	,000
	1,000
	178

	Std. Residual
	-2,386
	2,834
	,000
	,960
	178

	a. Dependent Variable: Sequel_Revenue
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Model 2


	Model Summaryb

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	1
	,767a
	,589
	,553
	,56576

	a. Predictors: (Constant), Fantasy, Romance, Drama, Comedy, SciFi, Horror, YT_Comments, INTERVENING, Animation, GAP_YEARS, Parent_Revenue, Adventure, Action, Sequel_Budget

	b. Dependent Variable: Sequel_Revenue









	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	74,670
	14
	5,334
	16,663
	,000b

	
	Residual
	52,173
	163
	,320
	
	

	
	Total
	126,843
	177
	
	
	

	a. Dependent Variable: Sequel_Revenue

	b. Predictors: (Constant), Fantasy, Romance, Drama, Comedy, SciFi, Horror, YT_Comments, INTERVENING, Animation, GAP_YEARS, Parent_Revenue, Adventure, Action, Sequel_Budget




	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.
	95,0% Confidence Interval for B
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	
	
	Lower Bound
	Upper Bound
	Tolerance
	VIF

	1
	(Constant)
	3,331
	1,689
	
	1,972
	,050
	-,004
	6,666
	
	

	
	Parent_Revenue
	,508
	,087
	,449
	5,858
	,000
	,337
	,679
	,429
	2,328

	
	YT_Comments
	,122
	,035
	,223
	3,527
	,001
	,054
	,191
	,630
	1,588

	
	Sequel_Budget
	,264
	,080
	,302
	3,317
	,001
	,107
	,422
	,305
	3,282

	
	GAP_YEARS
	-,009
	,006
	-,098
	-1,474
	,142
	-,021
	,003
	,566
	1,766

	
	INTERVENING
	,014
	,031
	,029
	,464
	,643
	-,047
	,076
	,627
	1,595

	
	Action
	-,075
	,144
	-,044
	-,521
	,603
	-,360
	,209
	,348
	2,870

	
	Adventure
	-,237
	,146
	-,122
	-1,627
	,106
	-,525
	,051
	,447
	2,236

	
	Comedy
	-,268
	,188
	-,107
	-1,424
	,156
	-,640
	,104
	,451
	2,218

	
	Drama
	-,236
	,261
	-,054
	-,905
	,367
	-,752
	,279
	,699
	1,431

	
	Horror
	-,068
	,208
	-,028
	-,326
	,745
	-,478
	,342
	,335
	2,988

	
	SciFi
	-,136
	,158
	-,054
	-,860
	,391
	-,448
	,176
	,641
	1,560

	
	Romance
	,142
	,281
	,030
	,505
	,614
	-,413
	,697
	,699
	1,430

	
	Animation
	,029
	,217
	,012
	,133
	,894
	-,399
	,457
	,329
	3,044

	
	Fantasy
	-,126
	,263
	-,034
	-,479
	,633
	-,646
	,394
	,490
	2,041

	a. Dependent Variable: Sequel_Revenue




	Casewise Diagnosticsa

	Case Number
	Std. Residual
	Sequel_Revenue
	Predicted Value
	Residual

	73
	2,959
	17,88
	16,2029
	1,67406

	95
	-2,093
	16,62
	17,8055
	-1,18388

	102
	2,150
	18,91
	17,6919
	1,21633

	107
	2,744
	19,09
	17,5328
	1,55231

	137
	-2,169
	17,37
	18,5993
	-1,22714

	a. Dependent Variable: Sequel_Revenue




	Residuals Statisticsa

	
	Minimum
	Maximum
	Mean
	Std. Deviation
	N

	Predicted Value
	16,2029
	19,9925
	18,6432
	,64951
	178

	Residual
	-1,22714
	1,67406
	,00000
	,54292
	178

	Std. Predicted Value
	-3,757
	2,077
	,000
	1,000
	178

	Std. Residual
	-2,169
	2,959
	,000
	,960
	178

	a. Dependent Variable: Sequel_Revenue
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Model 3

	Model Summaryb

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate
	Durbin-Watson

	1
	,839a
	,704
	,657
	,52463
	1,857

	a. Predictors: (Constant), Fantasy, Romance, YT_Views, Drama, GAP_YEARS, Comedy, Animation, Intervening, SciFi, Horror, Adventure, Previous_Revenue, Sequel_Budget, Action

	b. Dependent Variable: Sequel_Revenue




	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	57,656
	14
	4,118
	14,963
	,000b

	
	Residual
	24,221
	88
	,275
	
	

	
	Total
	81,877
	102
	
	
	

	a. Dependent Variable: Sequel_Revenue

	b. Predictors: (Constant), Fantasy, Romance, YT_Views, Drama, GAP_YEARS, Comedy, Animation, Intervening, SciFi, Horror, Adventure, Previous_Revenue, Sequel_Budget, Action










	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	
	
	Tolerance
	VIF

	1
	(Constant)
	-1,307
	2,175
	
	-,601
	,549
	
	

	
	Previous_Revenue
	,676
	,112
	,602
	6,032
	,000
	,337
	2,965

	
	YT_Views
	,187
	,049
	,260
	3,814
	,000
	,723
	1,382

	
	Sequel_Budget
	,220
	,096
	,236
	2,294
	,024
	,318
	3,144

	
	GAP_YEARS
	,021
	,012
	,119
	1,702
	,092
	,692
	1,446

	
	Intervening
	,023
	,035
	,043
	,676
	,501
	,848
	1,179

	
	Action
	,061
	,191
	,034
	,319
	,751
	,292
	3,419

	
	Adventure
	-,125
	,160
	-,063
	-,780
	,437
	,517
	1,935

	
	Comedy
	-,613
	,307
	-,148
	-2,000
	,049
	,615
	1,625

	
	Drama
	,292
	,335
	,070
	,872
	,386
	,516
	1,938

	
	Horror
	,182
	,246
	,076
	,739
	,462
	,319
	3,133

	
	SciFi
	-,172
	,174
	-,068
	-,984
	,328
	,706
	1,416

	
	Romance
	,407
	,304
	,098
	1,339
	,184
	,625
	1,601

	
	Animation
	,027
	,270
	,010
	,101
	,920
	,357
	2,798

	
	Fantasy
	,210
	,300
	,059
	,700
	,486
	,468
	2,137

	a. Dependent Variable: Sequel_Revenue




	Casewise Diagnosticsa

	Case Number
	Std. Residual
	Sequel_Revenue
	Predicted Value
	Residual

	8
	2,633
	19,13
	17,7445
	1,38143

	17
	-2,117
	17,56
	18,6757
	-1,11089

	23
	2,919
	20,06
	18,5314
	1,53119

	37
	2,384
	20,35
	19,1009
	1,25078

	77
	-2,311
	17,37
	18,5844
	-1,21227

	a. Dependent Variable: Sequel_Revenue








	Residuals Statisticsa

	
	Minimum
	Maximum
	Mean
	Std. Deviation
	N

	Predicted Value
	17,0152
	20,4425
	18,7207
	,75183
	103

	Residual
	-1,21227
	1,53119
	,00000
	,48730
	103

	Std. Predicted Value
	-2,268
	2,290
	,000
	1,000
	103

	Std. Residual
	-2,311
	2,919
	,000
	,929
	103

	a. Dependent Variable: Sequel_Revenue
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Model 4

	Model Summaryb

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate
	Durbin-Watson

	1
	,847a
	,718
	,673
	,51212
	1,868

	a. Predictors: (Constant), Fantasy, Romance, Drama, GAP_YEARS, Animation, Comedy, Horror, Intervening, SciFi, YT_Com, Adventure, Previous_Revenue, Sequel_Budget, Action

	b. Dependent Variable: Sequel_Revenue






	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	58,798
	14
	4,200
	16,014
	,000b

	
	Residual
	23,079
	88
	,262
	
	

	
	Total
	81,877
	102
	
	
	

	a. Dependent Variable: Sequel_Revenue

	b. Predictors: (Constant), Fantasy, Romance, Drama, GAP_YEARS, Animation, Comedy, Horror, Intervening, SciFi, YT_Com, Adventure, Previous_Revenue, Sequel_Budget, Action




	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	
	
	Tolerance
	VIF

	1
	(Constant)
	,778
	2,100
	
	,370
	,712
	
	

	
	Previous_Revenue
	,670
	,109
	,597
	6,146
	,000
	,339
	2,950

	
	YT_Com
	,175
	,039
	,317
	4,430
	,000
	,627
	1,594

	
	Sequel_Budget
	,200
	,093
	,215
	2,143
	,035
	,318
	3,140

	
	GAP_YEARS
	,024
	,012
	,134
	1,961
	,053
	,688
	1,454

	
	Intervening
	,007
	,034
	,013
	,211
	,833
	,831
	1,203

	
	Action
	,016
	,188
	,009
	,087
	,931
	,289
	3,457

	
	Adventure
	-,197
	,159
	-,099
	-1,237
	,219
	,498
	2,009

	
	Comedy
	-,707
	,302
	-,170
	-2,341
	,022
	,604
	1,655

	
	Drama
	,315
	,326
	,076
	,967
	,336
	,520
	1,923

	
	Horror
	,057
	,243
	,024
	,235
	,815
	,312
	3,201

	
	SciFi
	-,202
	,171
	-,080
	-1,180
	,241
	,702
	1,425

	
	Romance
	,347
	,298
	,084
	1,164
	,248
	,619
	1,616

	
	Animation
	,099
	,261
	,036
	,381
	,704
	,363
	2,752

	
	Fantasy
	,062
	,299
	,018
	,208
	,836
	,451
	2,219

	a. Dependent Variable: Sequel_Revenue




	Casewise Diagnosticsa

	Case Number
	Std. Residual
	Sequel_Revenue
	Predicted Value
	Residual

	8
	2,407
	19,13
	17,8934
	1,23256

	17
	-2,303
	17,56
	18,7442
	-1,17943

	23
	2,480
	20,06
	18,7927
	1,26995

	37
	2,380
	20,35
	19,1329
	1,21873

	77
	-2,039
	17,37
	18,4166
	-1,04445

	a. Dependent Variable: Sequel_Revenue




	Residuals Statisticsa

	
	Minimum
	Maximum
	Mean
	Std. Deviation
	N

	Predicted Value
	17,0779
	20,4354
	18,7207
	,75924
	103

	Residual
	-1,17943
	1,26995
	,00000
	,47568
	103

	Std. Predicted Value
	-2,164
	2,258
	,000
	1,000
	103

	Std. Residual
	-2,303
	2,480
	,000
	,929
	103

	a. Dependent Variable: Sequel_Revenue
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