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Abstract

Internal Migration is usually related with the improvement of a certain objective component like labor-market outcome and income, but the relationship with a person’s happiness remains unclear. Is migration associated with any significant change in happiness and does this depend on different motives to migrate? In order to find answers on those questions I used data from the British Household Panel Survey (BHPS) which follows a sample of people over a time period between 1996 and 2008. Migration is defined as a change of residence address between two waves. By comparing migrants to non-migrants I found that internal migration has a positive effect on someone’s happiness. This effect seems to be different for different reasons to migrate. Although there is no statistical evidence to conclude work-migrants are happier than non-work migrants, there appears to be a significant difference among non-employment migrations. Different reasons for non-employment migrations may affect happiness differently. In addition, long-distance migrants are generally happier than short-distance migrants. 
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1.Introduction

Today migration is a highly relevant topic with a lot of room for discussion and research. Given the current developments, migrants are often perceived to be refugees. “There are around 68 million forcibly displaced persons, including over 25 million refugees, 3 million asylum seekers and over 40 million internally displaced persons” (United Nations, 2018). Although these numbers are truly high, approximately only 10% of international migrants are individuals who were forced to leave because of exterior situations such as violence, war and persecution (Hendriks, Burger, Ray, & Esipova, 2018). The remaining 90% migrated because of other various reasons such a job, education, family or religion. 

Our world today is more globalized than ever. Transportation becomes more convenient, social media makes communication easier and companies like Airbnb make worldwide accommodation more accessible. In other words, leaving home and moving around is becoming a normality and more and more people start to do it. In 2010 around 214 million people, or 3,1 percent of the total population were living outside their place of birth. In 1960, this was only 75 million people, or 2,5% of the world population and it is estimated this number will increase to 400 million in 2050. So, despite rising efforts of governments to reduce immigration, there is a rising trend that is unlikely to reverse in the future (OECD, 2011).

Despite the fact that the majority of the population migrates internally, most research has been done on international or external migration, where especially during the last decade research on migration would refer to international migration. On the other hand, internal migration is a less studied topic and still open for more development. As there has been done extensive research on International migration, this research will focus on the movement of people within a country. Actually, before external migration became a huge topic, earlier theorizations of migrations mostly focused on Internal Migration. Examples include Sjaastad’s cost-benefit analysis of migration (1962), Todaro’s model of migration (1970) and Ravenstein’s laws of migration (1889), all important studies explaining migration within borders. Also, internal migration is still the dominant form of migration globally, as indicated by the percentage of people moving internally versus externally. In the United States, more than 30 percent of total population lived in a different state from where they were originally from in 2009 (Molloy et al. 2011). In addition, businesses try to stimulate people more and more to move around. Yust, a young Belgian company has the objective of providing people with the flexibility of living wherever they want, for how long they want and relieve them from any sort of household activity. IOM, an inter-governmental organization specialized in migration tries to promote diversity and the integration of migrants in our society. It has build a platform which contains accounts from individuals, giving insights into the life of migrants that expose their own experiences. For a considerable amount of people, migration is perceived as something bad and risky. Nevertheless, moving around could be beneficial for someone’s life and have a positive effect on happiness. Therefore, these companies and organizations try to facilitate the step to migrate. 

Most research related to motives to migrate focuses on objective indicators, whether migrants’ incomes increase for example. It is believed than most people who migrate do it because of economic reasons and because they think this will make them happier. However, there are various factors that motivate people to migrate either internally or externally, but they all have the same ultimate goal human beings are looking for, happiness (Diener, Lucas, & Oishi, 2002). Happiness is defined as the overall appreciation of one’s life as a whole (Veenhoven, 1984) and is a proxy for subjective well-being.
 
The idea that income is the most important determinants of happiness is a topic of an ongoing debate. The famous work of Easterlin (1974) or in other words Easterlin’s paradox (1974) highlights that a rise in real GDP is not followed by an increase in happiness. actually, earnings only have a considerable effect on happiness until the minimum human needs are satisfied. Since the beginning of 1970, earnings in America increased, but the level of happiness did not (Graham, 2005) and in developed countries the happiness of women has actually decreased, although the wage of women became higher relative to men (Stevenson and Wolfers, 2009). 

[bookmark: _GoBack]A study by Diener, and Seligman (2004) claims that the subjective well-being (SWB) or happiness of people could be a better method to measure overall social welfare than the many available objective and economic components. SWB includes income, but also many other factors that define the quality of life which affect migration. A study by Oswald and Wu (2010) highlights there is a link between SWB and various objective factors. In addition, many unobserved determinants of migration may change a migrant’s subjective perception of well-being. This could be captured by SWB which includes both objective and subjective conditions for a good life (Diener 1984; Cai, Esipova, Oppenheimer, and Feng, 2014) 
  
The relationship between migration and subjective well-being is still unclear. The term SWB refers to a person’s evaluation of his life which can be cognitive or affective (Diener, 2009; Diener et al, 2003). When examining this relationship, the cognitive part or life satisfaction is more relevant because migrating is a decision that has a more permanent effect on a person’s life. The affective component though, which includes your mood and emotions, can change multiple times a day. A person’s life satisfaction depends on various aspects of life like financial, health, social and housing situation. It contains various objective and subjective factors that can influence the decision to migrate, all included in one term, SWB. Therefore, it is very relevant to study the relationship of SWB and migration as it is more inclusive than for example only economic or health components. 

 People’s decision to migrate results from a cost-benefit analysis. Individuals compare the utility of living in their original place with the utility of living somewhere else. Before migration people examine various monetary and non-monetary aspects of moving and finally make the decision to leave their original environment if they believe this will maximize their utility (Sjaastad, 1962). The actual effect of migration on an individual’s life satisfaction is uncertain. However, there are various factors that affect such a decision. Previous research found that internal migrants are not able to obtain levels of happiness similar as locals (Aksel et al. 2007; Cheng et al. 2014). While another study supports the idea that mobility results in a positive effect on SWB, especially in the first year after migration (Nowok, Ham, Findlay, and Gayle, 2013). Hence, different studies obtain different conclusions about the relationship between migration and happiness. 

The various findings found in the migration literature could possibly be explained by the use of country- specific data and different methodologies. Another important factor is that not all people are equally affected by migration decisions. The goal of this paper is not to find one single answer. The goal is to review previous work, learn from their conclusions and summarize its most important findings as well as to empirically test whether migration decisions are related to SWB indicators in the UK. In addition, in this thesis I recognize that the effect of migration on SWB might not be homogenous. Migrants and non-migrants most likely have different characteristics. This can produce a systematic bias and therefore there will controlled for demographic variables and time. 

This thesis has the following research question: “Does migration make you happier?” The first objective is to research whether an individual actually becomes happier by moving to another area within the UK. Second, it will investigate how different reasons to migrate, like employment and education, affect your happiness level separately. Last, it will examine which role distance may take in the relationship between migration and happiness. The aim of this study is to help potential migrants to have a general understanding about the effect of migration on happiness and the different factors that can affect it. The findings are also relevant for government and policy makers as it can help them to interpret and react on different kind of migrations in a better way. 

The next section presents some background information about migration and SWB with a review of some relevant past literature, section 3 presents the data and methodology, the results are discussed in section 4 and finally the conclusion and discussion are presented in the 5th section of this thesis. 


2. Literature review
2.1 Defining SWB

Before investigating the relationship between migration and subjective well-being (SWB) it is useful to review previous literature to understand both concepts in a better way. Migration is most likely a well-known concept, but SWB is harder to define. The term subjective well-being is described as a person’s experience of affective reactions and cognitive judgments (Diener, 1984). A broad definition of SWB is described as: “Good mental states, including all of the various evaluations, positive and negative, that people make of their lives, and the affective reactions of people to their experiences.” (OECD, p.29, 2013) This definition could give you the feeling that SWB is a relatively broad and vague concept. Though, there is an agreement on the specific components of SWB (Dolan and White, 2007). SWB is composed out of 3 concepts, life evaluation, affect and eudaimonia. Life evaluation is a reflective review on an individual’s life as a whole or something more specific like health or occupation. It is more a judgement than an explanation of the state of a person’s emotions (OECD, 2013). Affect is used to describe a person’s feeling or emotional state and is measured at a certain point in time. Such measures evaluate how people encounter life instead of measuring how they remember it (Kahneman and Krueger, 2006). While life evaluation can be studied based on a single dimension, affect has 2 different dimensions: positive affect and negative affect (Kahneman et al., 1999; Diener et al., 1999). Positive affect contains emotions like joy and affection and negative affect contains emotions like sadness and anger. The last component, eudaimonia, reflects people’s sense of purpose and engagement (Huppert et al., 2009).  Eudaimonic conceptions of SWB are very different from the life evaluation and affective components as they are about capabilities and the realization of a person’s potential (OECD, 2013). A study by (Thompson and Marks, 2008) indeed concludes that people with children announce much higher average amount of meaning or purpose in their lives than others.
 
It is most likely clear now that SWB is a complicated concept that is hard to measure. Indeed, there are systematic differences in the kind of information that people use when making life satisfaction statements. For example, achievement-oriented individuals evaluate their own satisfaction of life mostly on accomplishments in achievement domains (Oishi, DIener, Suh, & Lucas, 1999). In addition, all aspects of a person’s life and its relative importance in someone’s evaluation of life may change with a living environment. Though, over the years it is proven that people are actually able to evaluate their SWB correctly. A study by Kahneman et al. (1999) is convinced that people can make an overall just judgement about their life evaluation. People evaluate experiences based on their own emotions and moods that could change multiple times a day, but evaluations about the satisfaction of life is a cognitive judgement where a person compares its own life to the best and worst possible life it can imagine (Veenhoven 1984). This theory basically means people can be in a very bad mood at any time, but this will not have an impact on its cognitive judgement as they can still be very satisfied with life.  SWB measures are not perfect as they could have measurement errors, just like every other measure. Nevertheless, they contain information that could be very useful for research so they should not be eliminated (Diener, Inglehart and Tay, 2012).

Zonderman (1987) says that the life satisfaction of individuals remains stable, regardless of major changes in life. It suggests that specific events can influence SWB, but people eventually adapt and return to certain adaptation levels (Headey & Wearing, 1992).  People have said to have a level of SWB that is composed by your own personality and genetics, which is better known as the set point theory (Headey, 2010; Lucas et al, 2003). This implies that certain experiences will not affect you, because your SWB is already pre-defined by your DNA.  Although people may have stable levels of SWB when looking at a very long period, major events in life like children, change of work, marriage and migration can have an influence and affect the level of happiness for a short or longer term. Unemployment can create a long-term decrease in SWB (Clark et al, 2008; Lucas et al, 2004) and marriage can have a long-term positive influence on SWB (Lucas et al, 2003). These events have an effect on SWB that is already explored. Migrating on the other hand is a very risky decision that can lead your life in different directions and therefore is still open for more research.  

2.2 Defining Migration

Internal migration is often defined as the movement of people from one area to another within national borders, whereas external migration occurs between different countries (Greenwood, 1997). Although International migration is often seen as the main form of migration, moving within a country is much more common. Ravenstein concludes in his laws of migrations (1889) most migrants only migrate for short distances, natives of town are less likely to migrate than those from rural areas and economic factors are the main cause for migration. Harris and Todaro (1970) conclude in their work that at equilibrium, urban wages are higher than rural wages, which is caused by the uncertainty of employment in urban areas, compared to a more certain rural employment on a farm. Rural-to-urban migration is a necessary event for the economic growth of a country, where labor leaves agriculture and moves into the manufacturing and service sector (Taylor & Martin, 2001). The current movement from rural to urban China is in fact the biggest migration flow in history (Zhao, 1999) The impact this movement has on people’s lives goes much further than only a geographically relocation (Lee, 1966). People have to adapt to a new social, cultural and physical environment. It provides all kind of challenges like finding a new job, making new friends and basically creating a new social network from zero. Besides the risks, it also provides a lot of opportunities like a better job, education, living standard and more. As with every decision in life there are people that will get better off and some that will get worse. In a lot of cases migrants are able to improve economically when moving to another place. However, it is very likely that they also experience certain non-monetary losses like family and friendship networks (Sjaastad, 1962). 

Sjaastad treats migration as an investment which can possible increase the productivity of human resources. Just like an investment, migration has certain costs and returns. He implies it is necessary to measure the costs and the returns to migration, because it can promote better resource allocation. Before moving people will review monetary out of pocket expenses and non-monetary psychological costs. In addition, it will review the non-monetary and monetary returns. By comparing the returns with the cost, a person will decide whether to migrate or not. Not only migrants but also non-migrants will bear the costs and returns of the movement as there are not only private costs (returns) but also social costs (returns).


2.3 Relationship Migration and Happiness 

Results of previous studies assessing the relationship between internal migration and life satisfaction are mixed.  On one hand, previous studies in Australia (Kettlewell 2010) and the UK (Nowok, 2013) say that most people are not able to reach higher levels SWB by internal migration. While other studies by Switek, (2014) and Nowok, Van Ham, & gayle (2013) say migrants are happier after the move than they were prior to it. A previous and very famous case of internal migration is that of German internal migrants after reunification (Frijters et al. 2004). This study explains that the people who migrated from East Germany to West Germany actually became happier after moving, but still weren’t able to obtain levels of SWB similar to the locals. On the other hand, migrants that moved from West Germany to East-Germany became unhappier, even though they still had higher levels of happiness than the local East Germans when controlling for socio-demographic factors. These findings suggest that migrants can become happier, but still cannot reach the happiness-levels of locals. Hendriks, Ludwigs, and Veenhoven, (2014) explain that migrants are less happy as locals because they spend less time on leisure and more time on work. Furthermore, they feel less enjoyment when they spend time with friends as the social connection is not as strong as with their friends back home. Even the World Health Organization (2001) implies that migration cannot offer people improved social well-being, it might even cause an increasing risk of dealing with mental problems. Although a considerable amount of studies conclude that migration has a rather negative effect on happiness, it is also the case that migration can provide people with new opportunities, enriching experiences and potentially a new, better life somewhere else. Albert Einstein once said: 'Life is like riding a bicycle. To keep your balance, you must keep moving.' As a consequence, the first hypothesis is formulated as follows: 
 H1: “Migration has a positive effect on SWB”.

Although migration can have either a positive or negative effect on SWB, it will obviously depend on the situation. Different motives to migrate can have different effects.  Switek, (2014) highlights that migrants do get happier after movement, but there is a difference for work and non-work migrants. Work migrants would feel the effect for a longer period. Massey et Al. (1993) highlight in their work “new economics of migration” the outcome of migration depends on the original motive and context of the decision to migrate. People that migrate in order to have higher incomes versus people that move to acquire specific skills will experience very different impacts on their lives. This suggests that different reasons to migrate can affect SWB in various ways and provides us with the second hypothesis. I will separate the second hypothesis in two sub-hypotheses, since there are so many possible reasons to migrate. The two most important sort of migrations that can be distinguished are employment-migrations and non-employment migrations. People that migrate for work are often able to achieve higher income levels and better labor-market outcomes, therefore hypothesis 2a suggests: 
H2a “Work-migrants are on average happier than non-work migrants.” 

Nevertheless, not all non-employment migrations should be treated similarly as there can be substantial differences among them. A study in the United states confirms that most local moves have other motives than labor market gains. (Clark and Withers 2002). Households or individuals might migrate in order to find better housing, education or healthcare. Each non-employment migration motive  could have a very different impact on someone’s life and happiness, as they are all independent of each other. Therefore, the next hypothesis 2b suggests the following:

H2b “Different non-employment migrations have different effects on an individual’s happiness level” 

Besides how a specific reason can influence your migration outcome there is another factor highly relevant to migration decisions and happiness, distance. Sjaastad (1962) estimates that if a certain migration location would increase its earnings with ten percent, but the distance with the place of origin increases with 16 percent too, then a migrant would not be more attratcted than before. In other words, the possible increase in earnings is neutralized by the longer distance. Another study by  Gossman, Nobbe, Patricelli, and Steahr (1968) that focusses on student migrations suggest that distance has a  highly negative effect on student migration, with a distance elasticity of enrollment between −1.5 and −2.0. This negative effect of distance has two possible reasons, lack of information and social cost. The longer the distance of a migration destination, the less information a person can obtain about it and the higher the social cost. People like to obtain as much information as possible about the migration location before deciding to move, which becomes more difficult with an increasing distance (Levy, and Wadycki, 1974). If an individual  migrates  to a location that is 300 km’s away, he most likely also knew about the opportunities that were closer, but not further. In addition, it is more difficult to maintain social relations with your former place of residence when distance increases as transportation costs and time increase too. These findings about the negative effect of distance provide us with the fourth and last hypothesis: 
H3 “Short-distance migrants are on average happier than long-distance migrants.”

Furthermore, also personal characteristics can influence the relationship between SWB and migration. A study by Boyle et al, (2001) concludes that after migration women tend to be more likely unemployed, have lower wages and level of SWB. Though, the reason for this could be the self-selection of women as they have much lower chances of having a successful career, which is very complicated to resolve with cross sectional data. Men on the other hand do have positive labor-market outcomes most of the time with migration. Even though, again, improving your economic situation does not result in a higher level of SWB, especially in the long term. People tend to evaluate each other by comparing their situation relative to others so relative income is more important than absolute income. Besides, when people are getting more affluent they probably spend more time to work, have higher levels of stress and spend less time on leisure (Kahneman et al, 2006).  Contrary, other studies   by Diener, (2009) and Layard et al, (2012) say the impact of characteristics that specify individuals like age, sex and marital status on happiness is restricted and results are different in most cases. Likewise, the study by Nowok, Ham, Findlay, and Gayle, (2013) think that happiness outcomes after movement do not differ significantly by gender, on contrary to labor- market outcomes.

A study by Polgreen, & Simpson, (2010) highlights that happiness has a U-shaped relationship with migration. People from very happy countries are likely to migrate and people from very unhappy countries are likely to migrate. The group in the middle tend to not move around too often.  Differences in the composition of the sample of migrants and their different characteristics may provide an explanation for the mixed results of previous longitudinal studies. It is difficult to know which method to use to have the highest internal validity as possible. Knight and Gunatilaka (2010) and Bartram (2011) used cross-sectional data for internal migrants in the United States and China and found that the life satisfaction of movers is lower than that of stayers. They also highlight that their results most likely suffer from selection bias as migrants and non-migrants differ. Different personal traits can imply that some people are more likely to migrate than others and this can affect the results. I will control for the observable characteristics of migrants and non-migrants in order to study the effect of a movement on happiness.  To control for unobservable differences between migrants and non-migrants, finding an instrumental variable would be the best solution. Though, many researches that wanted to investigate the effect of migration on happiness tried to find instrumental variable, but this seems to be a very difficult task. In the next section the data and methodology that is used to obtain the results will be examined and explained in detail.
     

3. Data & Methodology
3.1. Data

Data for this thesis are obtained from the British Household Panel Survey (BHPS), It follows the same representative sample of individuals over a period of time. The BHPS started in 1991 and included a sample of around 5500 households, containing a total of around 10,000 interviewed individuals. Over the years more households from different areas were added to make the panel suitable for UK-wide research. The same Individuals were interviewed each year and if a person would leave a certain household to form a new one, they and all other adults from this new household would be interviewed too. A person was eligible for an interview from the age of 16, though since 1994 also children aged between 11 and 15 had to participate in a different, shorter interview. This study will focus on the years between 1996 and 2008. The many interviews held over the years are divided into waves, one for each year. The original sample that was acquired for the first wave was obtained by issuing addresses drawn from the Postcode Address File. Every person included in a respondent household became part of the longitudinal sample. People in this sample are known as the Original Sample members (OSMs). For the following waves the sample consists of all adults in every household that has at least one individual who was part of the OSM. 

Every individual has to answer various questions about all kind of different aspects of life. For example, major themes in the first three waves are organization of household, income, labor market and social values. Many questions are repeated in every wave, but there are also questions specific to a certain year or some questions are asked every couple of years. Before the actual interview takes place, individuals have to fill in a questionnaire to obtain information about a possible migration. The participants are asked to fill in their address they wrote down before the previous interview and in case this changed then they also need to fill in a second, new address. Hence, migration is vaguely defined as a change in place of residence between 2 interviews if the place of residence changed. The move can be either local or non-local, where a non-local move means the distance is beyond the range of the current interviewer.  An individual is seen as a migrant if it moves at least once during the period between 1996 and 2008. Information on the time and reason for movement are reported and each Individual in a household can have its own different reasons to move. To identify the reason of movement, they ask the question “Did you move for reasons that were wholly or partly to do with your own job, or employment opportunities?” if the participant answers ‘yes’ it has the possibility to choose between nine employment related answers like ‘Moved to start own business’ and ‘Moved to start a new job with a new employer’. Second, they ask the person “What were your (other) main reasons for moving?” where the respondent can fill in any reason for movement. So, one person can have multiple reasons for moving. 

Because this is a panel data, new data is expected from every individual each year. People in a household could move to different locations, to different households, move multiple times and even return to their original place of residence after some time. This makes the data about movement more complex compared to researches where migrants maybe move only once to another country and where a specific movement is easier defined. The possibility of attrition is always possible with panel data which can produce a bias. When looking at appendix A, it can be noticed that the sample gets bigger until the year 2001, but after it becomes smaller. This is an indicator of attrition over the years, which can have various reasons. People could have decided to stop participating in the interview for any reason, they could have died or they could have stopped responding.

Besides migration, the independent variable, the other main variable in this research is life satisfaction. Life satisfaction is the dependent variable and is operationalized as “how dissatisfied or satisfied are you with your life overall?”. There are seven possible answers ranging from seven ‘completely satisfied’ to ‘non satisfied at all’. People can also respond neutral by choosing option four ‘neither satisfied nor dissatisfied’. Some people criticize this way of measuring SWB, but so far better measures of well-being have not been compiled yet (Schneider and Schimmack, 2009). In fact, the life satisfaction measure is officially adopted as the most valid measure of SWB. Besides the question that defines overall satisfaction with life there are questions about various life domains like health, job, social life and housing situation. I will include satisfaction with social life as control variable as it may confound the relationship between migration and happiness. The study by Hendriks, Veenhoven, and Ludwigs, (2014) highlights how important social life is for someone’s overall happiness and how there exists a significant difference between migrants and stayers. When comparing the life satisfaction of migrants and non-migrants it is important to control for any differences between the two in order to be able to examine the real effect of migration. As migrants and non-migrants most likely differ in their satisfaction with social life and this could confound the relationship with life satisfaction I will include it in my regression. Other important control variables in this study like age, sex, marital status, number of children and time are all defined in the same questionnaire that respondents have to fill in. 

Table 1 shows a description of the variables
	Dependent Variable
	

	lfsato
	Life satisfaction
1 = not satisfied at all-> 7 = completely satisfied

	Independent Variables
	

	internal_m~e
model 1
hypothesis 1
	Internal Migration
0 = no
1 = yes

	Movjb
Model 2
Hypothesis 2a
	Move for employment reasons
1 = yes
2 = no

	movy1
model 3
hypothesis 2b
	 97 non-employment migrations
Relevant for this study:
-bigger accommodation
-education
-move in with partner

	distmov
model 4
hypothesis 3
	Distance of movement
Continuous variable

	Control Variables
	

	fihhmn
	Household income
Continuous variable

	lfsat6
	Satisfaction with social life
1 = not satisfied at all-> 7 = completely satisfied

	sex
	1 = male
2 = female

	age
	Continuous variable

	mlstat
	Marital status
1 = married, 2 = separated, 3 = divorced 
->7

	nchild
	Number of children in household

	hlstat
	Health over last 12 month
1 = excellent -> 5 = very poor




table 2 shows the descriptive statistics of the key variables
	Variable
	Obs
	Mean
	Std. Dev.
	Min
	Max

	
	
	
	
	
	

	Life satisfaction
	141,893
	5.231118
	1.284405
	1
	7

	Internal migration
	141,893
	.0849936
	.2788732
	0
	1

	Move for employment vs non-employment reasons
	15,181
	1.897965
	.3027049
	1
	2

	Move in with partner
	14,866
	.1265303
	.3324573
	0
	1

	Move for bigger accommodation
	14,866
	.0057177
	.0754018
	0
	1

	Move for college
	14,866
	.0162115
	.1262923
	0
	1

	Distance of movement
	11,791
	30.8735
	78.34814
	0
	747.22

	Health status
	141,893
	2.185534
	.9407639
	1
	5

	Household income
	141,893
	2675.74
	2099.805
	-9
	86703.29

	Satisfaction with social life
	141,893
	4.952373
	1.491848
	1
	7

	sex
	141,893
	1.544833
	.4979877
	1
	2

	age
	141,893
	45.42637
	18.49894
	15
	100

	Marital status
	141,893
	2.584391
	1.796199
	1
	7

	Number of children
	141,893
	.5107229
	.9256649
	0
	9





First of all, something relevant to mention is the number of observations for the different variables.  I obtained a maximum amount of observations of 190,557, though this number is lower for some of the variables that should have this amount of observations too, like age, sex and health status. This could be because a respondent did not fill in this specific question in a certain year or it just didn’t respond at all which causes missing values. The variable internal movement takes the value one for a migrants and value zero for a non-migrant. With a mean level of 0,085 there are much more non-movers than movers, in total 174,645 stayers and 15,912 movers to be specific. It is important to notice though that these numbers are the total sum of the years between 1996 and 2008. In fact, the total sample varies around 15,000 only throughout time. Thus, it would be more correct to say that over time, there were 15,912 moves and not movers. Certain individuals could move one year, and others the next and some will move multiple times. The variable ‘movjb’ stands for a movement for employment reason, it takes value 1 for employment and value 2 for non-employment reasons. There are 2,044 moves that count as employment migration and 17,914 as non-employment migration, which gives a total of 19,958. The variable ‘movjy1’ defines the other 97 non-employment reasons that can go from education to housing situation. The numbers related to migration might look confusing and not consistent. For example, a number of 15,912 total moves and 17,914 non-employment moves, how is this possible? As I mentioned earlier this data set is complex because of the multiple reasons and multiple times an individual could migrate within a long period of time. As a result, it is possible to obtain these number of observations that might look confusing.

Consequently, in order to obtain correct results, I used a common stable sample with the same amount of observation. Now, as you can see in table 2, all variables have 141,893 observations instead of different numbers for each variable. The migration variables have a different number of observations by default. Instead of including the variable ‘movy1’ that contains all 97 non-employment migrations I included the three different non-employment migrations I will use in this research. It can be concluded that the mean level of well-being is 5,23 out of 7, so most people are reasonably happy which is in line with Diener and Diener, (1996). Close to 76 percent of the people in this sample have a life satisfaction level above the neutral level of four.
The maximum number of moves is 11, which is quite high. However, the mean level is around 0,79 as most people do not move or only move one single time.  Another interesting aspect is the mean level of distance of migration, a continuous variable compared to most other categorical variables. This distance is almost 31 km’s, which is a very small distance. Most people would argue this cannot even been considered as a migration. However, in this research migration is defined as a change of residence address between two waves. Kettlewell, (2010) also defines a migration in his research as any movement larger than 20 km’s. In fact, 90 percent of the migrants in this data set migrated for a distance of 100 km’s or less. The move with the highest distance that someone has done in this sample is 747,22 km, which is already a much bigger move. 

The average age of the sample is 45 with a lowest participant age of 15 and a remarkable highest age of 100. The mean age of an internal migrant is 34,14 and 46,65 for a non-migrant. In fact, more than 50 percent of the movers are younger than 30 and 75 percent are younger than 40. This indicates that most people that decide to migrate are the younger generation.  The sample has a balanced number of men and women with a percentage of 54 for women and 46 for men. The variable ‘fihhmn’ stands for income and has a maximum value of 86703.29. The last two variables, both categorical expose the marital status with 7 options like married and divorced and health status with options like excellent and fair.

Table 3 shows the correlation matrix among the key variables
	
	lfsato
	movjb
	intern~e
	hlstat
	fihhmn
	lfsat6
	sex
	age
	mlstat        

	
	
	
	
	
	
	
	
	
	

	Life satisfaction
	1.0000
	
	
	
	
	
	
	
	

	Move for employment
	-0.0133
	1.0000
	
	
	
	
	
	
	

	Internal Move
	-0.0038
	0.0056
	1.0000
	
	
	
	
	
	

	Health Status
	-0.3260
	0.0668
	0.0116
	1.0000
	
	
	
	
	

	Household Income
	0.0845
	-0.0475
	-0.0160
	-0.1186
	1.0000
	
	
	
	

	Satisfaction with Social life
	0.5729
	-0.0035
	-0.0358
	-0.2429
	0.0434
	1.0000
	
	
	

	sex
	-0.0001
	0.0579
	0.0182
	0.0791
	-0.0366
	-0.0263
	1.0000
	
	

	age
	-0.0133
	0.0626
	0.1022
	0.1453
	-0.0268
	-0.0688
	-0.0215
	1.0000
	

	Marital Status
	-0.0500
	-0.0528
	-0.1239
	-0.0317
	-0.0880
	0.0686
	0.0128
	-0.4736
	1.0000

	Number of Children
	-0.0306
	0.0708
	0.0652
	0.0372
	-0.0022
	-0.1690
	0.0538
	0.0112
	-0.3422    


(obs=15,181)

As expected, the demographic variables have a very low correlation with life satisfaction. Internal movement and life satisfaction have a very low correlation too of -0.0038. The same is true for migration for employment reasons and life satisfaction with a low correlation of -0.0133. This does not mean that migration cannot have any effect on an individual’s life satisfaction, it highlights the fact that the relationship between the two variables is random. A high positive correlation would imply that movers are generally more satisfied or that satisfied people are generally movers. A negative high correlation would imply movers are generally less satisfied or that less satisfied people are generally movers. However, it does not tell anything about the causal effect, only about the strength of the relationship between the two variables. The fact that it is very close to zero implies there is no linear relationship. Satisfaction with social life is highly correlated with overall satisfaction of life. This is in accordance with the study by Hendriks, Veenhoven, and Ludwigs, (2014) that highlights how important social life and the use of leisure time is for someone’s overall happiness. Therefore, as mentioned earlier, I will also control for a person’s satisfaction with social life as there could be a considerable difference between the migrants and non-migrants that can affect the outcome. Although the correlations among the variables are all considerably low, I will still include them in my regression models in order to control for the differences among migrants and non-migrants. In this correlation matrix I left out the three different reasons for migration and distance, as it is important to use the same stable sample and by adding these variables in the matrix, I would reduce the number of observations in the sample too much. Therefore, I only added the variable that differentiates employment-migrations from non-employment migrations and this provided a correlation matrix with a sample of 15,181 observations.

3.2. Methodology
As described earlier, the data obtained from the BHPS is a panel data. Hence, the same sample of individuals is followed and interviewed over time. When panel data is used in a research most of the time the fixed effects method is used too. Though, in this research I’m treating my data as cross-sectional and therefore using an ordinary least squares (OLS) regression methodology. The reason why I do this is first of all because it suits better with my research-question, where I want to investigate whether migrants get happier compared to non-migrants. The fixed effect model focuses more on whether individuals get happier by moving. Second, the data I am using does not have enough variation for the different reasons to migrate, for example the non-employment reasons are divided into 97 different motives for migration. Consequently, a comparison might not reflect the real effect and therefore the use of an OLS regression where I compare migrants to non-migrants is more suitable.  

In order to investigate whether migrants are happier compared to non-migrants, the optimal method would be to compare the life satisfaction of a migrant to what it would have been in case he did not migrate. In reality this counterfactual is not observable which gives this research the problem of not having a perfect control group. Though, there are other ways to investigate the effect of migration on happiness, ways that are possible. In this thesis I will compare the life satisfaction of migrants to that of non-migrants and control for the differences between them. The reason why I need to control for these characteristics is because migrants are most likely different compared to non-migrants in many ways and so it would be wrong to investigate the difference in happiness for groups that are not similar without controlling for the most important factors. A migrant might already have been happier than a non-migrant prior to migration because of certain factors like age, marital status or the number of children. These characteristics could have an effect on both the decision to migrate and life satisfaction. 

I will control for these observable differences that could make the effect of x on y biased. On the other hand, controlling for unobservable characteristics is much harder and could still provide a biased effect on the results. People that migrate may have specific personal traits or genetics that make them happier compared to non-migrant. Migrants are typically positive and confident individuals, which correlates with higher happiness (Knight and Gunatilaka, 2010).  This would imply that the effect of migration on happiness captures some of the effect these unobservable characteristics have on happiness. Although I understand this is possible in my research, it is highly unlikely that the migration effect would be completely caused by personal traits and genetics. The social step of moving is also much smaller in this research compared to international migration which implies certain personal traits and genetics most likely have a smaller influence on the decision to move. Therefore, controlling for the most important factors will reduce the bias for a large amount and my results will still be relevant for this study. The optimal way to control for time-variant and time-invariant unobservable characteristics would be to use an instrumental variable, like I mentioned earlier. Though, many econometricians tried and until now the search for a proper instrumental variable has been unsuccessful.

In order to test the first hypothesis, whether migrants are generally happier than non-migrants, I use an OLS regression that has the following format: 
Yit= B0 + pT + B1X1 + B2X2 +...+Bn Xn +t + Cluster (region) + Error
where Y= the dependent variable, life satisfaction; B0= constant; T= the independent variable, internal migration with coefficient p; and B1X1-BnXn= the control variables with a specific coefficient B. In this OLS regression I will control for the variables age, sex, income, health status, marital status, number of children in household and satisfaction with social life. In addition to these variables I will control for time, as the sample is measured over time and clustered standard errors. Robust standard errors account for heteroskedasticity in a model’s unexplained variation. This implies that if the variation in the outcome variable is correlated with the independent variables, then  standard errors are taking this into account. Clustered standard errors are a form of robust standard errors that account for heteroskedasticity across “clusters” of observations, in this case region. Failing to control for within-cluster error correlation may provide wrong confidence intervals, t-statistics and p-values (Cameron, and Miller, 2015).

When adding control variables there is a chance of multicollinearity. Multicollinearity occurs when your model includes multiple variables that are correlated not only with your response variable, but also with each other. As a consequence, it can make the estimates very sensitive to small changes in the model. The result is that the coefficient estimates are unreliable and difficult to interpret. In order to test for potential multicollinearity, I ran a VIF test (Appendix B). Some researchers support that values above 10 indicate multicollinearity (Stefanie, 2015), others support that values above 5 (Allison, 2012) are already problematic. The variables included in this model don’t seem to be problematic as they have VIF values around one and two. Only a couple of categories of a specific categorical variable have higher values, which is normal as they are related to each other.

In order to test the second hypothesis, whether different reasons to migrate have different effects on happiness, I use an OLS regression again. This second regression model looks very similar to the previous one, but instead of having a variable that only differentiates migrants from non-migrants I use the variable ‘movjb’. This separates migration motives into moving for employment reasons and moving for non-employment reason. It makes it possible to first of all understand whether work related migrations have different effects on someone’s happiness compared to non-work related migrations. Second, within the non-employment reasons to migrate I will test how three different reasons could affect happiness differently. In fact, there are 97 reasons considered as non-employment, which makes the sample for each specific motive very small. Therefore, I decided to not test every single non-employment reason for migration but instead only investigate the ones with the highest number of people that moved for this reason. I chose to investigate three different reasons, more specifically migration for college, migration for bigger accommodation and migration to move in with partner. Each variable will be included separately in the model so that it is possible to compare the effect of that specific reason compared to all other non-employment reasons. Thus, for example, the model that includes the educational reason for migration will compare how happiness is affected differently for education migrants compared to migrants that moved for any other non-employment reason.

Lastly, in order to test the third hypothesis, whether long-distance migrants are less happy than short-distance migrants, I created a categorical variable ‘dismov1’ from the continuous variable ‘distmov’, where the variable takes value 0 for all migrations within a distance of 25 km’s, and value 1 for all migrations with a distance higher than 25 km’s. The reason why I divide it in these two specific categories is because movements within the 25 km threshold enable a migrant to maintain most of its social connections with his previous living environment. Migrants that move further than this experience higher social costs of migrating (Van Ham, 2012). For that reason, it will be relevant to gain insight how distance and former social connections can have an impact on someone’s level of happiness. I use the same OLS regression as in the previous models, but I substitute the independent variable for ‘dismov1’. 
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4. Results
The first OLS model, which includes the independent variable internal migration and all the previously mentioned control variables is used to test the first hypothesis. When looking at the model, it can be noticed that the coefficient for Internal migration is positive and highly significant. A migrant is on average, all else equal, 5.26 percent happier than a non-migrant. This is in contradiction with many previous researches that imply migrants have difficulties with obtaining higher levels of happiness. However, it is in line with the findings of Nowok, Ham, Findlay, and Gayle, (2013) Another study related to internal migration in the UK that used the fixed effects model to study the effect of a movement on happiness. This research also concluded that migration has a positive effect on happiness. The fact that their study is also focused on the UK, that we are using a different methodology and that we obtain results that are in line with each other is a good sign. 

The control variables are all highly significant too, except some controls variables that specify a certain year. The coefficient of income, the variable ‘fihhmn’, is highly significant, but very small. It suggests that income has a positive effect on happiness, as expected, but only very minor. Logically the coefficients of someone’s satisfaction with social life are all very big and significant as they are an important component of the overall satisfaction of life. The base is the lowest level of life satisfaction, so for every increase in life satisfaction compared to the base the coefficient becomes bigger with the highest coefficient for ‘completely satisfied’. The coefficient of the sex variable suggests that women are on average, all else equal, 5.35 percent more satisfied with life than men. Also, age and being married have a positive and significant effect on life satisfaction. The number of children tends to have a positive effect on life satisfaction, but only until a certain point. When the number of children becomes too high it starts to have a negative effect.

From this model it can be concluded that migrants are on average happier than non-migrants when controlling for observable characteristics. More specifically female, married migrants seem to be the happiest. This is in line with the first hypothesis of this thesis, but in contradiction with most previous research.  


Table 3. OLS regression model: migrants vs non-migrants
	
	

	 VARIABLES
	Life satisfaction

	
	

	Internal Migrant: Yes
	0.0526***

	
	(0.0104)

	Health Status: Good
	-0.185***

	
	(0.00514)

	Fair
	-0.456***

	
	(0.00638)

	Poor
	-0.767***

	
	(0.0195)

	Very Poor
	-1.148***

	
	(0.0333)

	Household Income
	4.52e-06**

	
	(1.67e-06)

	Satisfaction with Social Life: 2
	0.579***

	
	(0.0325)

	3
	1.074***

	
	(0.0320)

	4
	1.607***

	
	(0.0344)

	5
	2.094***

	
	(0.0358)

	6
	2.530***

	
	(0.0367)

	7
	3.113***

	
	(0.0402)

	Sex: Female
	0.0535***

	
	(0.00707)

	age
	0.00625***

	
	(0.000302)

	Marital Status: Seperated
	-0.345***

	
	(0.0240)

	Divorced
	-0.228***

	
	(0.0198)

	Widowed
	-0.0532**

	
	(0.0200)

	Never Married
	-0.115***

	
	(0.00853)

	6
	0.0623

	
	(0.0807)

	7
	-1.530***

	
	(0.0154)

	Number of Children:
 1
	0.0970***

	
	(0.0122)

	2
	0.126***

	
	(0.0167)

	3.
	0.135***

	
	(0.0133)

	4
	0.0978***

	
	(0.0278)

	5
	0.273*

	
	(0.148)

	6
	0.238

	
	(0.316)

	7
	-0.697***

	
	(0.174)

	8
	-1.722***

	
	(0.0536)

	9
	-1.502***

	
	(0.0415)

	1997
	0.0437***

	
	(0.0119)

	1998
	0.0717***

	
	(0.00982)

	2000
	-0.00443

	
	(0.0161)

	2002
	0.0305

	
	(0.0190)

	2003
	0.0725***

	
	(0.0169)

	2004
	0.0270

	
	(0.0209)

	2005
	0.0222

	
	(0.0169)

	2006
	0.0112

	
	(0.0163)

	2007
	0.0542***

	
	(0.0174)

	2008
	0.0277

	
	(0.0202)

	Constant
	3.105***

	
	(0.0456)

	
	

	Observations
	141,893

	R-squared
	0.450


Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

In order to test the second hypothesis a similar model is used, but the variable ‘Internal_move’ is replaced by a categorical variable that takes value one for employment reasons and value two for non-employment reasons. The coefficient of ‘Movjb’ is positive with a value of 0.026, but insignificant. An insignificant result does not directly imply there is no difference between work and non-work migrants which is the null hypothesis. It implies that the data provides little or no evidence that the null hypothesis is false. However, this does not mean that the null hypothesis is true either. The right interpretation is that it is impossible to conclude whether work migrants and non-work migrants are different in their satisfaction of life. Insignificant results make it impossible to distinguish a null effect from a very small effect. The data could not be suitable to test this specific relationship, the model I used could not be suitable or maybe there is in fact no relationship at all. Previously the correlation matrix already highlighted a very low correlation and thus a low relationship. Finding the right answer to the question why the results is insignificant is difficult, but what we can conclude is that this data is not sufficient to make an interpretation about whether work related migrants are different in their happiness level compared to non-work migrants. 

One of the reasons that could be the cause of this insignificant result is the size of the sample group. In the first model we compare migrants with non-migrants, which uses the total sample. In this part of the research, we only look at the people who actually migrated which includes around 15,000 observations and divide this again in 2 different groups. This could be one possible explanation for obtaining insignificant results. 

The control variables are mostly all highly significant again and have similar interpretations as in the first model. Only the magnitude of the coefficient can be different as there is another independent variable.


Table 4. OLS regression model employment vs non-employment migration
	
	

	VARIABLES
	lfsato

	
	

	Migration for employment reason: Yes
	0.0262

	
	(0.0238)

	Health Status:
Good
	-0.194***

	
	(0.0116)

	Fair
	-0.482***

	
	(0.0268)

	Poor
	-0.781***

	
	(0.0403)

	Very Poor
	-1.224***

	
	(0.0955)

	Household Income
	1.62e-05***

	
	(4.89e-06)

	Satisfaction with Social Life: 2
	0.635***

	
	(0.0862)

	3
	1.220***

	
	(0.0672)

	4
	1.707***

	
	(0.0629)

	5
	2.124***

	
	(0.0718)

	6
	2.530***

	
	(0.0728)

	7
	2.953***

	
	(0.0759)

	Sex: Female
	0.0712***

	
	(0.0139)

	age
	0.00286***

	
	(0.000786)

	Marital Status:
Seperated
	-0.389***

	
	(0.0594)

	Divorced
	-0.240***

	
	(0.0423)

	Widowed
	-0.0577

	
	(0.0453)

	Never Married
	-0.198***

	
	(0.0173)

	6
	0.181

	
	(0.144)

	7
	-1.469***

	
	(0.0334)

	Number of Children:
1
	0.200***

	
	(0.0273)

	2
	0.134***

	
	(0.0348)

	3
	0.205***

	
	(0.0367)

	4
	-0.0527

	
	(0.120)

	5
	0.340

	
	(0.357)

	6
	-0.418

	
	(0.567)

	7
	0.538***

	
	(0.0380)

	8
	-1.722***

	
	(0.108)

	1997
	0.0341

	
	(0.0280)

	1998
	0.0689*

	
	(0.0338)

	2000
	-0.0254

	
	(0.0474)

	2002
	0.0181

	
	(0.0293)

	2003
	0.0716

	
	(0.0464)

	2004
	0.0286

	
	(0.0487)

	2005
	0.0116

	
	(0.0507)

	2006
	0.00350

	
	(0.0348)

	2007
	0.0434

	
	(0.0453)

	2008
	0.00606

	
	(0.0391)

	Constant
	3.262***

	
	(0.0988)

	
	

	Observations
	15,181

	R-squared
	0.389


Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

So far, the results made it possible to firstly understand how migrants are different compared to non-migrants in their overall satisfaction of life and second how the migration effect is different for work-related motives relative to other related motives. Now, I will test within the non-employment migrants how three different non-employment migration decisions differ in their effect on happiness. 

Table 5. OLS regressions for 3 different non-employment reasons
	
	(1)
	(2)
	(3)

	VARIABLES
	lfsato
	lfsato
	lfsato

	
	
	
	

	Move for bigger accommodation
	0.0563***
	
	

	
	(0.0194)
	
	

	Move in with partner
	
	0.226***
	

	
	
	(0.0233)
	

	Move to college
	
	
	0.0123

	
	
	
	(0.0251)

	
	
	
	

	Health status:
Good
	-0.194***
	-0.194***
	-0.194***

	
	(0.0125)
	(0.0129)
	(0.0124)

	Fair
	-0.477***
	-0.480***
	-0.478***

	
	(0.0262)
	(0.0260)
	(0.0262)

	Poor
	-0.786***
	-0.786***
	-0.788***

	
	(0.0404)
	(0.0404)
	(0.0403)

	Very Poor
	-1.225***
	-1.221***
	-1.228***

	
	(0.0875)
	(0.0870)
	(0.0877)

	Household Income
	1.64e-05***
	1.58e-05***
	1.71e-05***

	
	(4.80e-06)
	(4.84e-06)
	(4.99e-06)

	Satisfaction with Social Life: 
2
	0.657***
	0.662***
	0.660***

	
	(0.0868)
	(0.0842)
	(0.0864)

	3
	1.242***
	1.246***
	1.245***

	
	(0.0685)
	(0.0674)
	(0.0683)

	4
	1.724***
	1.728***
	1.727***

	
	(0.0628)
	(0.0619)
	(0.0629)

	5
	2.140***
	2.142***
	2.143***

	
	(0.0729)
	(0.0722)
	(0.0730)

	6
	2.550***
	2.549***
	2.553***

	
	(0.0729)
	(0.0713)
	(0.0726)

	7.
	2.976***
	2.970***
	2.978***

	
	(0.0755)
	(0.0739)
	(0.0752)

	Sex: Female
	0.0761***
	0.0785***
	0.0766***

	
	(0.0146)
	(0.0147)
	(0.0147)

	Age
	0.00287***
	0.00333***
	0.00286***

	
	(0.000810)
	(0.000842)
	(0.000803)

	Marital Status:
Seperated
	-0.382***
	-0.402***
	-0.391***

	
	(0.0586)
	(0.0574)
	(0.0589)

	Divorced
	-0.238***
	-0.258***
	-0.244***

	
	(0.0415)
	(0.0419)
	(0.0421)

	Widowed
	-0.0606
	-0.0705
	-0.0658

	
	(0.0457)
	(0.0464)
	(0.0462)

	Never Married
	-0.192***
	-0.200***
	-0.198***

	
	(0.0185)
	(0.0189)
	(0.0186)

	6
	0.174
	0.123
	0.177

	
	(0.145)
	(0.143)
	(0.145)

	7
	-1.473***
	-1.453***
	-1.476***

	
	(0.0332)
	(0.0315)
	(0.0334)

	Number of Children:
1
	0.194***
	0.194***
	0.202***

	
	(0.0277)
	(0.0254)
	(0.0268)

	2.nchild
	0.123***
	0.141***
	0.133***

	
	(0.0363)
	(0.0370)
	(0.0365)

	3.nchild
	0.188***
	0.208***
	0.200***

	
	(0.0373)
	(0.0401)
	(0.0387)

	4.nchild
	-0.0669
	-0.0476
	-0.0517

	
	(0.124)
	(0.120)
	(0.123)

	5.nchild
	0.324
	0.292
	0.342

	
	(0.357)
	(0.362)
	(0.361)

	6.nchild
	-0.444
	-0.392
	-0.412

	
	(0.579)
	(0.564)
	(0.562)

	7.nchild
	0.470***
	0.552***
	0.529***

	
	(0.0467)
	(0.0361)
	(0.0379)

	8.nchild
	-1.738***
	-1.668***
	-1.685***

	
	(0.113)
	(0.106)
	(0.107)

	1997.year
	0.0217
	0.0288
	0.0227

	
	(0.0284)
	(0.0289)
	(0.0288)

	1998.year
	0.0605
	0.0594
	0.0610

	
	(0.0350)
	(0.0366)
	(0.0354)

	2000.year
	-0.0259
	-0.0162
	-0.0246

	
	(0.0470)
	(0.0476)
	(0.0468)

	2002.year
	0.0268
	0.0349
	0.0272

	
	(0.0291)
	(0.0292)
	(0.0297)

	2003.year
	0.0742
	0.0813*
	0.0752

	
	(0.0467)
	(0.0466)
	(0.0470)

	2004.year
	0.0289
	0.0364
	0.0296

	
	(0.0489)
	(0.0475)
	(0.0492)

	2005.year
	0.00981
	0.0193
	0.0108

	
	(0.0512)
	(0.0527)
	(0.0515)

	2006.year
	0.00362
	0.0102
	0.00366

	
	(0.0350)
	(0.0363)
	(0.0350)

	2007.year
	0.0424
	0.0521
	0.0436

	
	(0.0445)
	(0.0452)
	(0.0448)

	2008.year
	0.0116
	0.0166
	0.00983

	
	(0.0378)
	(0.0391)
	(0.0380)

	
	
	
	

	Constant
	3.234***
	3.195***
	3.236***

	
	(0.0955)
	(0.0987)
	(0.0981)

	
	
	
	

	Observations
	14,866
	14,866
	14,866

	R-squared
	0.390
	0.393
	0.390


Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1
                     
		

The coefficient that indicates whether people that migrated for a larger accommodation are happier compared to people that migrated out of other non-employment reasons is positive and significant. More specifically on average ‘larger accommodation migrants’ are 5,63 percent more satisfied with life than other migrants, all else equal. This interpretation needs to be evaluated with caution though, because of the fact there are 97 non-employment reasons to migrate and therefore the amount of observations for each individual reason is small. I only chose to investigate the reasons that include the highest sample size, but still they remain small and this could impact the results.  The coefficient for college is also positive, but insignificant. This highlights there is no statistical evidence to conclude that college migrants are different to non-college migrants in their satisfaction of life. Again, this is probably because of the small amount of people that migrated out of college motives and therefore it is difficult to obtain enough variation. Lastly, the coefficient of ‘moving in with partner’ is examined which is significant and positive. A person that migrates in order to move in with his or her partner is on average and all else equal 22,6 percent happier than other migrants. A possible explanation for a magnitude of this size may have to do with the fact that in this case a person moves to improve his social life, namely living with his partner. An important cost of migration is abandoning your former social network and having to build it up again. However, in this example the social cost of moving is much smaller because an individual moves in with his partner, which is actually an improvement in social life compared to living without the partner before migration. 

From the second model it can be concluded that hypothesis2a of this thesis is not correct. Based on the data used it is not possible to make any conclusions about whether work-migrants are happier than non-work migrants. Hypothesis2b is correct however, as migrants that move in order to settle in with their partner and migrants that move in order to live in a bigger accommodation seem to have significant differences in their level of happiness relative to other kind of migrations. 

The last objective of this research is to gain insight on the effect that the distance of the movement might have on your happiness. Logically, one might think that long-distance migrants are less happy as short-distance migrants because they encounter more social costs when moving. Nevertheless, by examining the next OLS model the opposite seems to be true.   


Table 6. OLS regression model long-distance vs short-distance migration
	VARIABLES
	lfsato

	
	

	Long-Distance Migration
	0.0577**

	
	(0.0242)

	Health Status:
Good
	-0.165***

	
	(0.0172)

	Fair
	-0.495***

	
	(0.0275)

	Poor
	-0.758***

	
	(0.0573)

	Very Poor
	-1.188***

	
	(0.0967)

	Household Income
	1.65e-05**

	
	(5.79e-06)

	Satisfaction with Social Life: 
2
	0.693***

	
	(0.0979)

	3
	1.283***

	
	(0.0748)

	4
	1.778***

	
	(0.0780)

	5
	2.231***

	
	(0.0762)

	6
	2.615***

	
	(0.0719)

	7
	3.095***

	
	(0.0796)

	Sex: Female
	0.0640***

	
	(0.0187)

	age
	0.00254***

	
	(0.000794)

	Marital Status:
Separated
	-0.380***

	
	(0.0559)

	Divorced
	-0.228***

	
	(0.0464)

	Widowed
	-0.0156

	
	(0.0466)

	Never Married
	-0.207***

	
	(0.0279)

	6
	0.126

	
	(0.106)

	7
	-1.415***

	
	(0.0444)

	Number of Children:
1
	0.214***

	
	(0.0284)

	2
	0.146***

	
	(0.0416)

	3
	0.189***

	
	(0.0417)

	4
	-0.0290

	
	(0.116)

	5
	0.236

	
	(0.359)

	6
	-0.410

	
	(0.558)

	7
	0.618***

	
	(0.0519)

	8
	-1.657***

	
	(0.125)

	1997
	0.0717

	
	(0.0438)

	1998
	0.0486

	
	(0.0367)

	2000
	0.00525

	
	(0.0539)

	2002
	0.0226

	
	(0.0440)

	2003
	0.0682

	
	(0.0506)

	2004
	-0.00292

	
	(0.0556)

	2005
	0.0322

	
	(0.0649)

	2006
	0.0155

	
	(0.0424)

	2007
	0.0237

	
	(0.0595)

	2008
	7.03e-05

	
	(0.0408)

	Constant
	3.154***

	
	(0.120)

	
	

	Observations
	11,791

	R-squared
	0.415


Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

The variable ‘dismov1’ distinguishes long-distance moves from short-distance moves by dividing it in a dummy variable that takes value 1 for migrations over 25 km’s and value 0 for migrations less than 25 km’s. In this model short-distance migrations are used as the base level, so I evaluate the effect of further migrations compared to closer migrations. The coefficient of long-distance migrations is positive and significant at the five percent significance level. It takes a value of around 0.0577. This implies that people that migrate for distances greater than the 25 km threshold are on average, all else equal, 5.78 percent happier than people that migrate over a shorter distance.  This interpretation needs to be evaluated with caution again, because the cut point of 25 km is arbitrary and many would argue the validity of this number. Some people could say a distance of 50 or 100 would be a more suitable cut point, but in this research I chose 25. One of the reasons why I chose 25 is because most migrations are actually short distance movements. The larger distance I would use as cut point, the more observations I would have for short-distance movements and the less observations I would have for more distant migrations, which are already in the minority.  To be specific, more than 12,000 moves are considered as short-distance and around 3000 are considered as long distance. Therefore, in order to not have a too small sample for further movements which could impact the effect I believe 25 km is a good distance to differentiate both samples.

Based on the last OLS regression model it is possible to reject the last hypothesis that assumes long-distance migrants are less happy than short-distance migrants. We can conclude that migrants who move further than 25 km’s are generally happier than migrants who move within a distance of 25 km’s.







5. Conclusion & Discussion

the goal of this study was to investigate the relationship between migration and happiness. More specifically to research the effect of internal migration on happiness in the UK based on data obtained from the British Household Panel Survey. Furthermore, after gaining a general understanding about the effect migration can have on a person’s happiness, I investigated whether different motives and distances of migration can have different effects on someone’s happiness level. By reviewing previous literature, it became clear most research has been done on external or international migration. Consequently, I decided to focus on the less explored form, internal migration. Not only is the movement within borders less researched, but also its relationship with subjective well-being. Most of the previous literature, whether it is internal or external, is focused on several objective outcomes of migration like income, employment and more. These outcomes are easier to investigate because they are objective and therefore less complex to measure. The strength of this paper is the fact that I am investigating the effect of migration on happiness, a more difficult and subjective concept. SWB or happiness consists out of three different component, evaluation of life, affect and eudaimonia. An important question before starting this research was to determine which component would be the most relevant. A person can be generally satisfied with his job, housing situation and social life, but still he could be having a difficult week and report negative moods and emotions that would make him look unhappy. Migration though is considered as a decision that has a more permanent effect on someone’s life, therefore I chose to use the overall satisfaction of life as a proxy for happiness. The 2 other components affect and eudaimonia are less relevant in this case. The use of panel data made it possible to follow the same sample over a long period of time. However, in this thesis I treated the longitudinal data as cross-sectional data by controlling for time as it is more suitable for this type of research.
I used an OLS regression for four different models, where each model includes different treatment variables. By adding appropriate control variables, I was able to distinguish the treatment effect from the possible biased effect the control variables would present if not added correctly. From the first model, it can be concluded that migrants are on average happier than non-migrants, more precisely 5.23 percent. This is in line with the first hypothesis

The results from the second and third model that focus on different reasons are mixed. First, there is no significant evidence that work-migrants are different compared to non-work migrants regarding their happiness level. The same is true when examining the coefficient of education migrants which implies there is no statistical evidence to conclude there is any happiness difference between education migrants and other non-employment migrants. However, migrants that move in order to find a bigger accommodation and migrants that migrate to move in with partner seem to have a positive and significant coefficient in the third OLS model. This suggests that ‘bigger accommodation’ migrants are on average and all else equal 5.63 percent happier than other non-employment migrants. In addition, people that migrate in order to move in with their partner are on average and all else equal 22.61 percent happier than other non-employment migrants. These results highlight that hypothesis2b is true, hypothesis2a however cannot be confirmed with my results. As mentioned earlier, the two insignificant coefficients do not imply there is no difference in happiness. It only suggests the data is not enough to make any conclusions. 

The last OLS model compares migrations further than 25 km’s to migrations within this distance. The coefficient is positive and significant and indicates that long-distance migrants are on average and all else equal 5.77 percent happier than short-distance migrants. This is in contradiction with the last hypothesis of this thesis that says short-distance migrants are generally happier than long-distance migrants. It is also in contradiction with the study from Sjaastad (1962) that highlight the negative effect of distance caused by an increase in social costs and lack of information.

To conclude, migration is an event that can lead your life in many directions. Its effect on an individual’s life and happiness will depend on various factors and people should not compare different migration outcomes with each other without understanding its different components. It is important to understand how each movement is different and why. The fact that many researches come up with different results is caused on one side by using country-specific data and different methodologies. On the other side however, the results also imply how the relationship between migration and happiness may depend on the reason to move, the distance with the place of origin and the personal traits and characteristics of a migrant. Hence, this also provides an explanation for different findings of previous analyses. 

Despite its contribution to the understanding of both migration and happiness  this study also has a few limitations. First of all the use of OLS regressions for investigating the relationship does not exclude selection bias. It is possible there are  personal traits and time varying factors that may affect the results. Therefore is it actually not possible to make the right causal interpretation. It would be beneficial to use more methodologies, like fixed effects and matching, to compare the results and gain more insight on the real effect of migration. Another limitation is the sample size, especially for the different reasons for migration. Further researchers that desire to investigate different migration motives should acquire a bigger sample size to increase the validity of the results. This has been difficult so far, proven by the many studies focussing on general migrations and its relationship with distance, but very few about the reasons for migration. It’s hard to know if these findings can be generalized to other areas and populations, as they are specific to the UK. I encourage future studies to focus on different countries, compare the results and try to understand the possible differences. In addition, SWB is a very complicated term that requires more research. Even though I use life satisfaction as a proxy for SWB, it is only one component and its relationship with the others are less explored.

Not only migrants, but also policy makers can  benefit from investigations on migration and happiness. The goal of policy makers is to maximize social well-being. Migrating is a risky event with an uncertain impact on well being,  but still happening more frequently every day in our globalized world. If migration decisions occur in the right way, it can have a positive impact on our society and policies could stimulate those decisions. On the other hand, if migration decisions occur in the wrong circumstances, it may results in negative externalities and this needs to be noticed and corrected by policy makers on time. 



Appendix

Appendix A

	year	Freq.     Percent	 Cum.

				

	1996	9,438       4.95	4.95

	1997	11,193	5.87	10.83

	1998	10,906	5.72	16.55

	1999	15,623	8.20	24.75

	2000	15,603	8.19	32.94

	2001	18,867	9.90	42.84

	2002	16,597	8.71	51.55

	2003	16,238	8.52	60.07

	2004	15,791	8.29	68.36

	2005	15,617	8.20	76.55

	2006	15,392	8.08	84.63

	2007	14,873	7.81	92.43

	2008	14,419	7.57	100.00

	Total	190,557	100.00



Appendix B
	Variable
	VIF
	1/VIF

	
	
	

	internal_m~e
	1.05
	0.952387

	hlstat
	
	

	2
	1.64
	0.609278

	3
	1.62
	0.618151

	4
	1.33
	0.753775

	5
	1.13
	0.886184

	fihhmn
	1.19
	0.837722

	lfsat6
	
	

	2
	2.40
	0.416695

	3
	4.04
	0.247459

	4
	6.50
	0.153868

	5
	8.33
	0.120061

	6
	7.68
	0.130192

	7
	6.09
	0.164069

	2.sex
	1.04
	0.965111

	age
	2.43
	0.411717

	mlstat
	
	

	2
	1.04
	0.965985

	3
	1.10
	0.911168

	4
	1.29
	0.775581

	5
	2.02
	0.495806

	6
	1.01
	0.992446

	7
	1.00
	0.999759

	nchild
	
	

	1
	1.18
	0.850616

	2
	1.26
	0.795705

	3
	1.10
	0.905039

	4
	1.02
	0.976875

	5
	1.01
	0.994306

	6
	1.00
	0.997886

	7
	1.00
	0.999173

	8
	1.00
	0.999483

	9
	1.00
	0.999693

	year
	
	

	1997
	2.01
	0.498348

	1998
	1.98
	0.504093

	2000
	2.35
	0.425436

	2002
	2.37
	0.422209

	2003
	2.37
	0.422197

	2004
	2.32
	0.431765

	2005
	2.38
	0.419869

	2006
	2.31
	0.433102

	2007
	2.29
	0.436415

	2008
	2.23
	0.447666

	
	
	

	Mean VIF
	2.21
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