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ABSTRACT

In this paper we research the performance of 142 boutique funds and 2343 non-boutique funds over the time period 2000 –  2010. Besides the performance of the funds, general drivers of performance are evaluated like the total assets under management and the number of funds. Also individual drivers of performance like fund size, fund age, team management, manager tenure, turnover ratio, expense ratio and the management fee are researched. The aspects of costs and persistence are taken into account.

We find better performance of boutique funds compared to non-boutique funds for the long and medium run. When shorter time horizons are evaluated the outcomes become arbitrary and less consistent. It appears that the turnover ratio is the most important driver of performance. However, we do not find constant persistence in the performance of mutual funds. It is the question whether outperformance still remains when the higher expense ratios of boutiques are taken into account. 
Keywords: mutual funds, performance evaluation, boutique, asset allocation, stock picking
TABLE OF CONTENTS
iiPREFACE AND ACKNOWLEDGEMENTS


iiiABSTRACT


11 - Introduction


11.1 Introduction


41.2 Problem definition


41.3 Relevance


41.5 Results


52 - Theory


52.1 Introduction


52.2 Assets under management and size of the funds


62.3 Family and the number of funds


72.4 The degree of focus


112.5 The structure of the asset manager


132.6 Marketing


142.7 Persistence


152.8 Costs



163 - HYPOTHESES


174 - METHODOLOGY


174.1 Performance measurement


194.2 Persistence measurement


205 - DATA


205.1 Data sources


205.2 Descriptives


236 – EMPIRICAL RESULTS


236.1 Time series analysis


236.1.1 Alpha in the long run


246.1.2 Alpha in de medium run


256.1.3 Alpha in the short run


316.2 Cross-sectional analysis


316.2.1 The assets under management and the number of funds


336.2.2 Other drivers of alpha


366.3 Cost structure


396.4 Persistence


427 - CONCLUSIONS AND RECOMMENDATIONS


448. REFERENCES


47APPENDIX A – Descriptives and alpha’s per asset manager


48APPENDIX B - Overview of alpha values and descriptive statistics


50APPENDIX C – Overview of the S&P500 Annual returns





1 - Introduction

1.1 Introduction

Currently the asset management industry is going through a transition period. Some Dutch banks like ABNAMRO and Fortis were separated from their asset management parts. The new CEO of Robeco has said that his company has a lot of expertise but also that Robeco is currently doing too much. There are too much activities and it could be better to refocus on specific categories.
 

Also John Bogle, who has spent more than 60 years in the mutual fund industry and who is the founder of ‘Vanguard’, indicates a transformation of the industry. For example, Bogle (2005b) states that too many new funds are introduced and that much of these funds demand too complex choices by investors and that the industry has moved away from wise investment committees focus on the long term and that nowadays there is too much focus on ‘star’ funds and short-term speculation. According to Bogle two trends can be defined that occurred in the mutual fund industry during the last decades. Those trends are the ‘marketingization’ and the ‘conglomeratization’ of the fund industry. 

The consequence of the marketingization of the industry was that most firms focused more on the marketing of their products and less on the actual management of the funds. According to Bogle (2005b) a clear indicator of whether or not a fund is affected by marketingization is the number of funds the firm offers. A reason for the increase in the number of funds offered could be that a firm does not want to miss a new trend in the investment landscape and therefore new funds are created and marketed to increase sales. 

Table 1.1 gives, as an example, a ranking of the performance of several mutual funds during the period 1994-2003, ranked by Fidelity Investments. As we can see in table 1.1, the 9 firms that each have less than 15 funds show higher performances than firms with much more funds. 

Another trend that has affected the investor badly is the conglomeratization of the mutual fund industy according to Bogle. As the mutual fund industry offers very high profits for firms that are active on the market, during the last decades many competitors have tried to get a small piece of the pie. Those firms were mostly privately held until 1960. After that year a trend to conglomerated public ownership arose. Table 1.2 compares the relative returns of 13 firms that are privately held with 41 that are publicly held. As we can see in the table, the firms that are privately held clearly outperform those that are publicly held. Most of the big conglomerates that are publicly held are also the firms that are very well-known among potential investors. A big marketing budget could be the reason for this, so potential investors are seduced to invest in their funds, but those funds do not offer the highest returns according to table 1.2. 
	Table 1.1 Number of Funds vs. Relative Returns, 1994-2003 
	 
	 

	(firms offering 15 or fewer funds are shaded)
	
	
	
	
	

	Firm
	Perf.*
	Funds
	Firm
	Perf.
	Funds
	Firm
	Perf.
	Funds

	Dodge & Cox
	98%
	4
	Waddell & Reed
	61
	45
	Eaton Vance
	49
	73

	First Eagle
	97
	5
	USAA
	61
	31
	Morgan Stanley 
	49
	50

	Calamos
	91
	8
	Oppenheimer
	60
	48
	Goldman Sachs
	49
	34

	So. Eastern/Longleaf
	90
	3
	MFS
	59
	61
	The Hartford
	48
	33

	American Funds
	79
	26
	Prudential
	59
	49
	Putnam
	47
	54

	Royce
	79
	14
	New York Life
	58
	22
	John Hancock
	47
	35

	Harris Associates
	77
	7
	US Bancorp
	57
	37
	Dreyfus
	45
	126

	Vanguard
	76
	75
	Columbia Mgmt.
	56
	72
	Delaware
	44
	56

	PIMCO
	76
	51
	AllianceBernstein
	55
	57
	Strong
	44
	42

	Franklin Templeton
	71
	100
	Banc One
	54
	36
	Thrivent Financial
	44
	25

	T. Rowe Price
	71
	72
	Neuberger Berman
	54
	14
	Trusco Cap
	43
	24

	Janus
	70
	21
	Lord Abbett
	53
	27
	Merrill Lynch
	40
	58

	ING
	69
	60
	Scudder
	52
	65
	Aim
	39
	62

	Nuveen
	65
	36
	Van Kampen
	52
	43
	Nations Funds
	38
	42

	American Century
	64
	54
	Federated
	52
	37
	American Express
	37
	60

	WM Advisors
	64
	15
	Evergreen
	51
	57
	BlackRock
	36
	32

	Davis
	62
	7
	Citigroup
	50
	57
	Pioneer
	33
	24

	Fidelity
	62
	207
	Wells Fargo
	50
	39
	JP Morgan
	32
	38

	* Perf. = Equal Weighted Outperformance
	
	
	
	
	

	Source: Fidelity Investments
	
	
	
	
	
	
	


The increase of the number of funds offered and the shift from privately held to publicly held funds are two trends that occurred during the last decades. Bogle states that the industry has shifted from an industry that was primarily focused on stewardship to an industry that has his focus on salesmanship. The gathering of assets has become one of the drivers of the industry.
	Table 1.2 Relative Returns and Organizational Structure
	 

	(private firms are shaded; publicly held, nonconglomerate firms are in boldface)
	 

	Firm
	Perf.*
	Firm
	Perf.*
	Firm
	Perf.*

	Dodge & Cox
	98%
	Waddell & Reed
	61
	Goldman Sachs
	49

	First Eagle
	97
	USAA
	61
	Morgan Stanley
	49

	Calamos
	91
	Oppenheimer
	60
	Eaton Vance
	49

	So. Eastern / Longleaf
	90
	Prudential
	59
	The Hartford
	48

	Royce
	79
	MFS
	59
	John Hancock
	47

	American Funds
	79
	New York Life
	58
	Putnam
	47

	Harris Associates
	77
	US Bancorp
	57
	Dreyfus
	45

	PIMCO
	76
	Columbia Mgmt.
	56
	Strong
	44

	Vanguard
	76
	AllianceBernstein
	55
	Delaware
	44

	T. Rowe Price
	71
	Banc One
	54
	Thrivent Financial
	44

	Franklin Templeton
	71
	Neuberger Berman
	54
	Trusco Cap
	43

	Janus
	70
	Lord Abbett
	53
	Merrill Lynch
	40

	ING
	69
	Van Kampen
	52
	Aim
	39

	Nuveen
	65
	Scudder
	52
	Nations Funds
	38

	American Century
	64
	Federated
	52
	American Express
	37

	WM Advisors
	64
	Evergreen
	51
	BlackRock
	36

	Davis
	62
	Wells Fargo
	50
	Pioneer
	33

	Fidelity
	62
	Citigroup
	50
	JP Morgan
	32

	* Perf. = Equal Weighted Outperformance
	
	
	

	Source: Fidelity Investments
	
	
	
	


However, also another trend started during the decade. This is the rise of privately owned boutiques. As we can see in table 1.2 the privately owned companies generate on average a higher excess return then publicly owned companies. The excess returns that those boutiques generated was one of the drivers for the rise of boutiques during the last decade. In a way you could compare mutual funds with restaurants: if you want a really good meal you stay away from the big chains and seek for that small restaurant whose owner is also the chef. Owners will have a lot of passion and will serve you with their best interests (see Business Week, June 20, 2005). 

Some researches show that for some boutiques the assets almost doubled in two years. For example, the assets under management for the boutique Neptune were 346 million pounds at the end of June 2004 and 656 million pounds at the end of June 2006 and for the boutique Artemis the amounts were 3.7 billion and 10 billion respectively (see Kenway, p. 1).

The trend of more specialization was a counter trend in the asset management industry. Because of the rise of hedge funds and the large and bureaucratic financial institutions asset managers started thinking beyond the boundaries. As global assets under management grew and more participants entered the market, the top performing asset managers started considering setting up their own business, an independent boutique (Barnes, p. 2). 

1.2 Problem definition

As we have seen above there is a big chance that one of the drivers of the rise of boutique asset managers was the outperformance that they generated compared with large asset managers. We therefore come to the following research questions: 

1. Do boutique asset managers outperform non-boutique asset managers? 
2. What are the possible drivers for this outperformance?

1.3 Relevance

This research is very relevant because very scarce attention is devoted to research on the outperformance of boutique funds in general. The size of the mutual fund industry also shows why this research is relevant. Because very large sums of money are managed by  asset managers and many people are dependent of their skills (think for example of the savings for retirement). It is therefore relevant how the money is allocated. If this research shows that indeed boutique funds outperform the large asset managers, then this could be a reason to invest money in an other way in the future. 

For this research we use a dataset that consists of a recent period, ranging from September 2000 to September 2010. During this period we experienced an internet bubble, a bull market from 2002 – 2007 and the subprime crisis since 2008 and the following economic recovery. This gives us a lot of opportunities to research whether the boutiques are capable of generating excess returns or not during different periods of economic activity. 
1.5 Results 

For the long and medium run our results show a better performance of boutique funds, when compared with non-boutique funds. In the short run, the results become more arbitrary. When shorter time horizons are evaluated it depends much on the specific period that is researched. We do not find constant persistence for boutique fund managers measured over the evaluated time periods. Most drivers of the performance do not show statistical evidence for a possible outperformance. However, it appears that the turnover ratio could be an explanatory factor for higher alpha values. We find that boutique funds charge higher costs then non-boutique funds. 
2 - Theory
2.1 Introduction
The mutual fund industry has changed a lot during the last decades. The total size and the number of funds offered by asset managers is nowadays has risen. The transition that the industry has changed has also an impact on the way asset managers are organized internally and what their investment strategy is. This part gives more information on the several drivers of performance for mutual funds. We will review how the assets under management, size of the funds, the structure of the asset manager and several other factors affect the performance of funds according to the current academic literature. 
2.2 Assets under management and size of the funds

The size of the different funds that are offered by asset managers differs. Some funds are very big and amount several billions of euros, while other funds are much smaller and amount only a couple of million euros. The size of a fund and the total assets under management can affect the performance of the funds and of the total ‘family of funds’. In this paragraph we will discuss the factors that affect the performance of funds with respect to the size of the funds and the assets under management. 
Chen et all (2004) find that when the assets under management of other funds in the family increases this will lead to an actual increase of the fund performance. An explanation for this could be that bigger families have a better position to negotiate on trading commissions and lending, although on the other hand they also find that when the individual fund size increases, this will lead to a decline in the performance of the fund. It will depend on the circumstances of a specific fund which of the two effects has the biggest effect. Bigger funds can suffer inflexibility whereas a small fund can easily put all of its money in the best asset class. For a very large fund it is not so easy to change positions and therefore such a fund also has to put money in underperforming asset classes.

Another issue that is important for the performance of funds is an asset managers research infrastructure. Bigger asset managers could benefit from economies of scale with respect to their research capabilities. For a small investment boutique it is more expensive to maintain a large research division. Shukla and van Inwegen (1995) find that large funds have 10 – 20 people employed helping with research, while smaller funds only have 2 - 3 people for research On the other hand it is possible to argue that a boutique which has a specific focus on a niche market does not need a very large research department, because only a small part of the worldwide investment scope is offered by the boutique.

In some cases a portfolio management team manages multiple funds at a big asset manager. When the research department uses a common family-wide economic outlook then this will result in similar exposures to different various economic sectors. According to Elton et al (2005) This could result in less flexibility for the managers that manage multiple funds, because they are guided by the common economic outlook The specific structure of a boutique can provide the fund managers more freedom with respect to their investment decisions and they are guided less by a firm wide economic outlook, which could result in higher returns. 
2.3 Family and the number of funds




As discussed before the total assets under management and the size of the different mutual funds are important for the performance. However, there are also other factors that affect the performance of mutual funds. The total number of funds that an asset manager offers is such a factor. All the funds that an asset manager offers is regarded as the ‘family of funds’. 

Chen et all (2004) find that when the assets under management of other funds in the family increases this will lead to an actual increase of the fund performance. An explanation for this could be that bigger families have a better position to negotiate on trading commissions and lending fees. But on the other hand they also find that when the individual fund size increases, this will lead to a decline in the performance of the fund. Bigger funds can suffer inflexibility whereas a small fund can easily put all of its money in the best asset class. For a very large fund it is not so easy to change positions and therefore such a fund also has to put money in underperforming asset classes. 
Big asset managers offer many mutual funds. Pollet and Wilson (2008) find that when a fund has many siblings a fund will diversify more slowly. Such big funds will acquire even more ownership shares in the companies they already own, which could lead to liquidity constraints 

Most big asset managers do have one or more ‘star’ funds. These are funds that are well known by the public and have showed a good performance during the last years. Nanda et al (2004) show that when there is a star performer, this will lead to greater cash inflows in this fund. However, also the other funds offered by the asset manager benefit from the star performer. The existence of a star performer is good for the family’s reputation, which will lead to a spillover effect. This spillover effect may for example be generated if fund families publicize the performance of the star fund.

A star performer could also lead to the emergence of new funds. When a family has outperformed the competition, then new funds are opened to benefit from potential new inflow to the family. Such a family wants to exploit its reputation as excellent performer by expanding its product line according to Khorana & Servaes (1999).

Guedj and Papastaikoudi (2004) do hypothesize that one should expect that larger families are more capable of affecting the performance of their funds. The authors indeed find evidence that persistence in fund performance is detected within a family, which can be viewed as evidence that families are actively intervening in their funds performance. Possible explanations for this intervenance is that when funds are promoted, the asset size will increase which will affect the performance and also by internal risk shifting the performance of funds could be affected. For example, a fund manager can compete to get more family resources which can be used for investing in more volatile asset classes. 
2.4 The degree of focus
As mentioned before a boutique distinguishes itself from a big asset manager because for a boutique it is more simple to focus on a specific niche. The degree of focus of the investment process is much smaller at boutiques. For example, certain markets could be totally ignored, whereas big asset managers most of the time offer funds in several areas. In this paragraph we explain the impact of the degree of focus of the investment process. 

Siggelkow finds two possible effects of product focus in the mutual fund industry. The first one is the internal capability effect which would describe a relationship between family focus and fund performance. The second one is the external demand effect, which would lead to a relation between the total cash inflow into the family and the breadth of the product offering by the family. 

According to Siggelkow (2003) the internal capability effect is derived by the alignment of investment styles and fund types. For the managers of mutual funds a variety of investment styles exist. For example a fund manager can choose between fundamental investing and investing with the use of quantitative analysis. In general an asset manager wants to acquire a distinctive investment style for the institution.

Siggelkow (2003) shows that the investment style of an asset manager is most of the time a product of the fund managers’ personalities, their capabilities and the culture of the asset manager and other intangibles. In some cases the mix of the asset managers soft skills and the culture of the asset manager do not align with the investment style that is needed for a specific category. For instance, the American asset manager Fidelity is an established asset manager for the equity side. To outperform the market, the managers at Fidelity conduct fundamental research, find good bargains and trade quickly. This strategy had an influence on the fixed-income managers of the company. Those managers tried to emulate the strategy of the equity managers, however, for the fixed-income part the returns are driven by low expenses and thoughtful trades and not clever security selection. The fixed-income strategy led to a mismatch when the fund managers where investing aggressively in the US bond market and Latin  American debt. This example shows that in some cases it is better to invest in assets through several different asset managers and that it is better not to consider an asset manager as an ‘one stop shop’. 

At Vanguard, also an American asset manager, problems existed with respect to the real estate funds that the company launched. During the 1980s Vanguard started to offer real estate funds. On before hand the management did not realize that for managing a real estate fund, different trading skills are required, which the company did not possessed. Because of the misalignment the funds performed poorly and where retreated from business in the end.

Another characteristic example is from Canada. A Canadian mutual fund provider offered funds that were investing in blue-chip stocks and funds that invested in small-cap stock. For blue-chip stocks a lot of information is publicly available and also many investment analysts give their opinion on those stocks. However, for small-cap stock less information is available and additional research is needed. Such additional research could be road trips. In the case of the Canadian asset manager a fund manager was managing a blue-chip stock fund and oversaw a small-cap stock fund. The fund manager did not understand why such high expanses for the road trips were needed and demanded that the expenses were cut down. As a result less additional research could be undertaken and returns went down (see Siggelkow, 2003).
As mentioned above the focus of an asset manager may also have an external demand effect. This effect exists because a family that offers a broad range of investment funds will attract assets because the investors may find it convenient to have only one asset manager for all their investment needs. A consumer tends to choose assortments that are not only based on just one preferred item, but also keep track of future choice. Flexibility in the assortment would provide a better incentive for future choice than a very narrow product range.
Three possible explanations exist for the reason why fund investors are attracted to families with a broad product range: ‘supermarket’, ‘incremental sales’ and ‘choice set’.

The supermarket theory can be described as follows. When an investor is using several accounts at different asset managers, then he will face higher cost then when he has only one account. Investors also want to cut down their ‘shopping costs’. Shopping costs are the costs that an investor will face if he opens another account at a different provider. Before he can open the account the investor have to collect information about the taxation, transaction costs and get acquainted with a new transaction system. Thus, once investors have an account at a particular asset manager, they are inclined to make use of the broad product range as much as they can. 

The incremental sales theory states that investors select a specific family for what they are known for, e.g. for the reputation of the family. Once the investor is investing in a fund of the family he is automatically inclined to invest in other non-core funds of the family. So the broad product range does not attract more customers, but the sales to customers are increased, because investors also want to invest in other non-core funds offered by the family. 

The choice set theory states that an asset manager has to offer a broad range of products to be in the choice set of a customer. When an asset manager does not offer a wide product range, the asset manager is ignored and does not lie in the choice set of the customer. However, although the asset manager is offering a wide product range and is therefore in the choice set of a customer, this will not directly mean that all the funds benefit from this broad product range. When an asset manager is in the choice set of a customer then this asset manager is chosen for the reasons where it is known for and the customers will invest mainly in the core funds.

Affecting the degree of focus by investing locally or focusing on a specific industry
A possible way to affect the degree of focus is by investing locally. This means that an asset manager from the United Kingdom will invest only in assets in the UK or even more specific by investing in a specific region of the country. Investment boutiques have better capabilities to invest locally then big asset managers. Big asset managers have in some cases too much assets under management to invest this only on a local level. The funds of boutiques are smaller and boutiques do have a more local focus. Shukla and van Inwegen (1995) do find evidence that international fund managers do have a informational disadvantages in comparison with local fund managers. Boutique fund managers with a local focus could have better access to local information and have better connections with market participants. International fund managers are ‘ further away from the gossip’. This is supported by the research of Coval and Moskowitz (1999) who did research on the home bias puzzle. The authors show that geographic proximity does play a role in the investment decisions of fund managers and suggest that informational asymmetries are the driving factor for the preference to invest close to where the headquarter is located.
However, we must note that, as mentioned above, international fund managers do have more research capabilities in the form of capacity. A better research department could affect the performance of funds in a positive way. We believe that a very big geographical distance will lead to worse investment decisions and therefore knowledge of investment opportunities at the local level will have a bigger impact. A boutique manager with a focus on investing locally would benefit from this. 
Besides investing locally some mutual fund managers try to outperform the market by focusing on a specific industry. Kacperczyk et al (2005) find that mutual funds differ substantially in their focus on a specific industry. Funds that have an industry concentration do have a more distinctive investment style. The authors find that more concentrated funds perform better then funds that have a broader focus. A possible reason for this better performance of industry concentrated funds is that fund managers can create value by using their informational advantage for a specific industry. 

The active versus passive debate

During the last decades there was a lot of discussion about the question whether or not a fund manager was capable to generate an outperformance by beating a specific index. When a fund manager is allowed to actively change his positions in a fund then this fund has an active strategy. On the contrary also funds exists that follow a passive strategy. Such ‘index funds’ invest in companies by replicating an index, for example the S&P500 or the MSCI World index. Index funds can easily be managed by using a computer model that generates the transaction that are necessary to keep the fund in line with the index. In most cases an index funds trades less then an active fund, which will lower the transaction costs. Also no research expenses are desired, because the selection of funds is based on a given index.

After years of research it is at the moment still very difficult to give an answer to the question whether or not an active strategy will lead to a better performance then a passive strategy.

Jensen (1968) was one of the that did research on this subject. The author concluded that the mutual funds that he investigated were not able to outperform the market and that there was little evidence that any fund was able to do significantly better than was expected from random chance Also Gruber (1996) found that the average actively managed fund has a negative performance when this performance is compared with an index. The author also states that it is very expensive to hold a fund that replicates an index and that therefore most investors just buy activly managed funds. However, in the meanwhile the situation regarding index funds have changed. During the nineties it was expensive to hold funds based on a index and there were not much funds available. Nowadays a lot of index funds exists in the form of a Exchange Traded Fund (ETF) and it is much cheaper to hold such funds today. 

The hypothesis that it is difficult for active funds to beat the index is supported by Carhart (1997). The author shows that on average an active managed fund underperforms the benchmark index. This underperformance is on average the size of the costs of the active fund. So when no costs were incurred by the active fund, the performance of the active fund would be comparable to the index.  

In the active-passive debate also research is done on the mutual fund holdings and the capabilities to pick good performing stock by fund managers. Wermers (2000) found that some fund managers are able to pick stocks that outperform the market but that the total performance is reduced by non-stock holdings and expenses and transaction costs. 

This is supported by the research of Daniel et al (1997), who state that fund managers are able to select stocks that outperform the market and could generate alpha on that basis. However, those fund managers are according to the research not able to reach outperformance by changing their portfolio weightings over time. 

Recently groundbreaking research is done on stock picking by Cremers and Petajisto (2009). The authors state that fund managers who differ their holdings from a specific benchmark placing equal weight on all active bets regardless of diversification will reach the highest outperformance. By monitoring how much a fund manager differs his holdings from the benchmark it is possible to measure how active the manager really is. The authors introduce the term ‘active share’ for this phenomenon. The Active share is the total of the under- and overweighs in a mutual fund compared with a index. The results are valid before and after the deduction of costs. 

Diversified stock pickers are systematically active on the market and reach the best performance. After diversified stock pickers funds with a concentrated portfolio show the second best performance. Those concentrated funds have a high active share, but suffer more from volatility then diversified stock pickers. Closet indexers, which are funds that incur costs for active management but in reality look like index funds, show the worst results. Small funds with a high active share show the best performance in general.
2.5 The structure of the asset manager 

The ownership structure of asset managers can be organized in different ways. Like other business organizations, there are two major forms of ownership structures: a partnership or a corporation. Some corporations choose to be publicly traded on an exchange, but this is not necessarily the case. 

Publicly traded management companies are characterized by the separation of the ownership and the management of the company. Berkowitz & Qui (2003) suggest that the managers incentive to maximize shareholder value increases with their level of ownership. When the concentration of ownership is higher, then the performance of the firm should be better. Morck et al. (1988) found a significant relationship between firm performance and the ownership concentration of the firm, which is measured by Tobins Q. 

The reasons for better performance of privately held companies is that when companies are more diffusely held this will lead to excess perquisite consumption which will affect the cost of production. On the other hand the risk-taking of managers if affected when a company is publicly held.
Ferris & Yan (2008) also find that funds of public fund families significantly underperform funds of private fund families. According to the authors this is caused by an agency conflict of the fund management and the fund shareholders. Publicly held companies could suffer from a short term focus of the fund managers, caused by myopic strategies to maximize their current fee revenue at the expense of long term value.

Another factor that is important is the management structure of a mutual fund. There is a difference in the processing of information between funds that are managed by one or multi managers. 

Chen et al. show in their research that fund size and liquidity do in fact erode performance which is caused by organizational diseconomies related to hierarchy costs. One of the drivers behind hierarchy costs is that in large organizations with hierarchies agents are fighting to get their ideas implemented. According to the theory, small organizations will outperform large ones at tasks that involve the processing of soft information. With respect to mutual funds, soft information corresponds to research or investment ideas related to local stocks. For example, information that is gathered while talking to the CEO opposed to simply looking at hard information. Related to this theory is that funds that are managed by one manager is better equipped to process soft information. The reason for this is that the decision making process is less complex when there is just one manager instead of multi managers.

The theory of hierarchy costs is supported by the research of Massa & Zhang (2008). The authors show in their research that an additional layer in the hierarchical structure of an asset management company reduces the average performance by 24 basis points per month. According to the authors hierarchical structures tend to herd more, which will negatively affect the performance of the offered mutual funds.

Bär et al. (2005) have conducted research on the diversification of opinions theory. The authors have investigated several thousand US equity funds and they find that teams make less extreme decisions than single managers do. Mutual funds that are managed by teams are less likely to engage in extreme style bets. Teams will deviate much less from the average styles followed by the funds in their market segment than single managers do. The authors also find that teams that are managed by a single manager have a higher industry concentration than multi managed mutual funds. The more extreme investment decisions of single managers could lead to higher returns, however, the accompanying risk will also increase in such situations. 

Koijen et al. (2008) show that a decentralized investment management structure could lead to a misalignment of objectives between the Chief Investment Officer (CIO) and his asset managers. The authors study an investment framework in which the CIO, as the centralized decision maker, employs multiple asset managers to implement investment strategies in separate asset classes. According to Koijen et al. such a structure could lead to high diversification losses and there could be considerable, but unobservable, differences in appetites for risk between the CIO and the asset managers. Another factor that is important is that in such a two-step approach the investment horizons of the CIO and the asset managers may differ. Since the managers are compensated on an annual basis, their investment horizon is much shorten than the horizon of the centralized decision maker. 
2.6 Marketing 

On the internet and in newspapers there is al lot of marketing material available from asset managers. All the asset managers want more inflow and are therefore advertising for their good performing funds. Because we focus on the difference between big asset managers and investment boutiques we must be aware of the fact that in general the very large asset managers have a much bigger budget for marketing purposes. 

A higher budget for marketing purposes would lead to more advertising and therefore more inflow into the funds of the larger asset managers. This is supported by the research of Gallaher & Kaniel (2005), who show that high relative levels of advertising are significantly related to high fund inflows. When the company has a high budget for advertising this will accordingly lead to higher inflow of money into the funds offered by the company. 

Huij and Verbeek (2007) show that the marketing of funds will lead to a spillover effect in mutual fund families. According to the authors, high marketing expenses for specific funds will lead to cash inflows to family members with low marketing expenses. One way to interpret the spillover is that the spillover is a by-product of the marketing of an individual fund which makes the entire family more visible. 
2.7 Persistence
For investors in mutual funds it is important to know whether or not the performance of a fund is persistent in the short or long run. It is possible that some fund managers outperform a specific benchmark and therefore add alpha to the investment portfolio. However, it is very difficult to say whether this outperformance is caused by his investment skills as a good stock picker or his ability to time the investments very well. It is also possible that the outperformance is caused by simple luck. It is therefore necessary to research the persistence of the return of the mutual funds. Several authors have paid attention to this subject. 
Carhart (1997) found no support of the existence of skilled or informed mutual fund portfolio managers. According to Carhart a mutual fund expenses and transaction costs explain almost all of the predicatability in mutual fund returns. The authors shows that expense ratios appear to reduce performance with a one-for-one factor and that turnover reduces performance about 95 basis points for every buy-and-sell transaction. Some evidence is shown for mutual fund managers with above-averega alphas and expected returns in the subsequent period. The evidence is consistent with the top mutual funds earning back their investment expenses with higher gross returns. In the research only the top-decile mutual funds earn back their investment costst and most funds underperform by about the magnitude of their investment expenses. According to Carhart funds with high returns last year have higher-than-average expected returns next year, but not in years thereafter. 
Davis (2001) analysed the returns and the persistence of those returns for 4686 mutual funds during the sample period 1965 – 1998. Davis found no evidence for positive abnormal returns for the sample period. The author found some evidence of short-run performance persistence for the best-performing growth funds and among the worst-performing small-cap funds. The author notes that the abnormal performance was not sustained beyond one year. The conclusion of the article is that few fund managers tend to regularly appear near the top of the annual return rankings, there is a small likelihood of consistently earning abnormal returns by selecting individual fund managers.

Bollen & Busse (2005) show that the abnormal returns after an initial raking disappear when funds are evaluated over longer periods. The results of their research suggest that superior performance is a short-lived phenomenon. Bollen & Busse use very short measurement periods of three months. They find that the top 10% of fund managers generates statistically significant quarterly abnormal returns that persist for the following quarter. However, the authors note that the economic significance is questionable given the transaction costs and taxes levied on a strategy of capturing the persistent abnormal returns of the top 10%. 

Goyal & Wahal (2008) researched the phenomenon that pension funds and other institutional investors hire investment managers after large positive excess returns. Their research shows that this return chasing behaviour does not deliver positive excess returns after hiring those investment managers. The authors have selected 3400 funds for the period between 1994 and 2003. Goyal & Wahal also show that in a sample of firing and hiring decisions, that if the funds had stayes with the fired investment managers, their excess returns would be no different than those delivered by managers that are newly hired. 
2.8 Costs
The return of a mutual fund alone is not a good determinant of how well a fund has performed. The costs that a mutual fund charges are also very important. The costs that a mutual fund charges are management fees, administration fees, marketing fees and other related costs. Those costs are included in the expense ratio of a fund. In most cases not much information is provided on the cost structure of a mutual fund. Only a total expense ratio is given and the management fee is provided. 
In our sample the minimum expense ratio is 0.01% and the maximum is 6.97%. For the management fee the numbers are respectively 0.01% and 4.5%. 

The influence of costs on the performance of mutual funds can be of economic significance. For instance, Elton et al. (1993) showed in their research that a percentage point increase in the expense ratio will lead to a percentage point decrease in returns. In general, the expense ratio of an actively managed fund is much higher then for example an index fund. Wermers (2000) shows that the average expense ratio for an actively managed mutual fund is 100 basis points per year. An index fund charges on average an expense ratio of 20 basis points per year. The influence of the costs on the return of a fund is therefore high.

When a fund manager sells or buys shares for his fund he has to pay transaction costs. If a fund is very active, more transactions are made and the transaction costs will rise. We have to note that the transaction costs lower the return of the fund and are included in the price of a fund. Because the transaction costs are not included in the expense ratio, it is difficult to measure the direct impact of the transaction costs on the performance. The number of transactions is measured by the turnover ratio and therefore a high turnover ratio will lead to high transaction costs, which is bad for the return of a fund.  
3 - HYPOTHESES

On the basis of the current academic literature and our financial intuition we expect an outperformance of the boutique funds in comparison with the non-boutique funds. This outperformance will be caused by the specific structure in which a boutique asset manager is organized. Because the boutiques are organized as a partnership and the employees have personal wealth tied up, such a structure should lead to a better alignment of interest of the investors. For that reason firms with a private ownership structure will outperform firms with a public ownership structure.

Another difference between boutiques and non-boutiques is that the number of funds offered differs significantly. According to the literature a more efficient focus is possible when less products are offered. We therefore expect that the number of funds offered negatively affects the performance of the asset managers.

The total assets under management, which is in some way related to the number of funds offered, will also affect the performance of an asset manager. On the one side a big amount of assets under management will lead to inflexibility for the asset manager of a fund. In some cases, managing a large amount of assets under management could be compared with navigating an oil tanker. For the manager it could be more difficult to buy and sell share because the stakes are big. On the other hand, having a large amount of assets under management could lead to economics of scale. For example a fund could benefit from lower transaction costs when the total amount of asset under management is high. This also counts for individual funds. We expect that the size of an individual fund will negatively affect the performance. However, we have to note that a fund has to grow to a certain fund size and that it have to build a track record before the effects on the performance are measurable. We therefore also take the age of individual funds into account. We expect that the fund age will positively affect the performance of a fund. The reason for this is that it has built a track record and that it has enough ‘body’ to take positions in the market. 
Another characteristic of a boutique is that they have a high degree of focus and that they try to pick stocks which add alpha to the investment portfolio. Because boutique fund managers are more active with buying and selling stocks, this will lead to a high turnover ratio. A higher turnover ratio will lead to higher transaction costs and this will negatively affect the performance of the mutual fund. We expect that a high turnover ratio will have a negative impact on the performance. On the other hand it can also be argued that a high turnover ratio shows the picking of the best stocks, in such a case this would lead to a better performance. However our intuition says that it is very difficult to beat the market and therefore a high turnover ratio affects the investment portfolio negatively. 

With respect to the actual management of a mutual fund we expect that more freedom for a fund manager will lead to a better performance of the fund. A fund manager will face more freedom if he is the sole manager of a fund. We therefore expect that a fund that is managed by a team will not lead to worse performance when we compare those funds with non-team managed funds. On the other hand it is possible to argue that the team process of decision making will lead to better outcomes, however, we think that freedom for a individual fund manager is decisive. 

The experience and duration of the employment relationship of the fund manager also has impact on the performance of a fund. We expect that the length of the relationship of the manager with a fund (measured as ‘manager tenure’) has a positive impact on the performance of a fund. 

We already noted that the costs that an asset manager charges has an economic significant impact on the final performance of a fund. The cost structure of a boutique will be different than the structure of a non-boutique. Boutiques are smaller and the chance is therefore big that they can operate in a more efficient way. However, larger corporations, such as non-boutiques could face higher economies of scale. Our expectation is that the better cost structure of a boutique will overrule the higher economies of scale of a non-boutique. 

When we find an outperformance of boutique funds then it is important that such funds show any form of persistence in their results. According to the academic literature it is nevertheless very difficult to beat the market on a constant basis. We expect that boutique funds show persistence in their results in the short run.
4 - METHODOLOGY

4.1 Performance measurement

To measure the difference in performance of boutique and non-boutique funds, we use the three-factor model developed by Fama & French (1993). We use this model because it is not sufficient only looking at the returns of the funds, because we also have to consider whether the performance was sufficient to justify the risk taken by the fund manager. The model was developed by Fama & French initially to show the outperformance of mutual funds. 

The three-factor model of Fama-French is an extension of the Capital Asset Pricing Model (CAPM) developed by Sharpe (1964). The CAPM describes the relationship between risk and excepted return. The foundation of the CAPM is that investors desire compensation for their investments in two ways: the time value of money and the risk that they bear. The time value of money is captured in the model as the risk free rate (Rf(t). The risk free rate compensates the investor for investing his money  in a specific asset over a certain time period. The other part of the CAPM-formula represents the amount of risk compensation that is desired by investors for investing in the asset. This additional risk is calculated by a risk measure (βmi) that compares the return of the asset to the market related to the market premium (Rm(t) – Rf(t)) for a certain time period. The actual CAPM is therefore the following model:

Ri(t) = Rf(t) + βmi(Rm(t) – Rf(t))

The above mentioned CAPM is extended by Fama and French. Fama & French (1993) observed empirically that historical average returns on stocks of small firms and on stocks with high ratios of book equity to market equity are higher than predicted by CAPM. The observations of Fama and French suggest that size or the book-to-market ratio are sources of exposure to systematic risk that is not captured by the CAPM beta. It implies that value stocks outperform growth stocks and that small cap stocks tend to outperform large cap stocks on a regular basis.

Fama and French introduce two additional risk factors, namely SMB and HML. SMB stands for ‘small minus big’ and is measured by the difference in returns of an equally-weighted long position in three small firm portfolios and an equally weighted short position in three big firm portfolios. The HML-factor stands for ‘high minus low’ and is measured as the difference in returns between an equally weighted long position in a high book-to-market portfolio and an equally weighted short position in a low book-to-market portfolio. Fama and French calculate the factors using composed portfolios and available historical market data. The factors are published on the internet in the data library of K.R. French.

The actual model, which measures the excess return is the following: 

Ri(t) – Rf(t) = αi + βmi(Rm(t) – Rf(t)) + βsiSMB + βhiHML + εi

where:

Ri(t) 
= the weekly return of fund i in week t
Rf(t) 
= the weekly T-bill return (from Ibbotson and Associates, Inc.)

αi 
= the risk adjusted excess return measured with the three factor model

Rm(t)
= the return on the market, which is the value-weighted return on all NYSE, AMEX, and NASDAQ stocks (from CRSP)

Βki
= the sensitivity of the excess return of fund i to portfolio k, where k can represent the market estimated by the model, a size factor or a growth factor

SMB
= Small Minus  Big, which is the average return on three small portfolios minus the average return on three big portfolios
HML
= High Minus Low, which is the average return on two value portfolios minus the average return on two growth portfolios
εi
= the error term
4.2 Persistence measurement

To measure whether the selected boutique funds show persistence in their performance we use Spearman’s rank correlation coefficient. Performance is measured on a year to year basis. 

The actual measurement is done by ranking the alpha’s of the funds in a specific year (the estimation period). The alpha’s for the comparison period (the performance period) are given and have the same ranking as in the estimation period. The alpha’s for the performance period are then sorted on basis of there performance and it is then possible to compare the initial ranking from the estimation period with the ranking from the performance period. In the end we have two rankings and it is possible to calculate Spearman’s rank correlation coefficient for the two rankings.

We have to note that performance persistence could be distorted in some way because of a survivorship bias. Survivorship bias occurs when only funds are evaluated that existed on the end date of the sample. There is a chance that an asset manager also offered other funds on which we do not have any performance information. However, in our sample also some funds are included that do not exist over the entire sample period and therefore the chance that the numbers are distorted by survivorship bias is small. We consequently do not make any adjustments to the performance persistence results. 

5 - DATA
5.1 Data sources
The first data set is constructed from data from the Morningstar Direct database.
 We have collected fund information from 12 boutique asset managers and 12 non-boutique asset managers. The data collected via the Morningstar Direct database consists of information on the inception date of the fund, information on the management of the fund, the fund size in euro’s and information on the management fee, expense ratio and the turnover ratio.

We have used Bloomberg to construct the second data set. This data set consists information on the stock prices of the selected mutual funds. The stock prices are collected for the period ranging from 27 October 2000 until 15 October 2010. For this period we have collected the weekly returns for the selected mutual funds.

To perform regression analyses to measure the performance of the funds we have used the data provided by the data library from K. R. French, which is easily accessible via the data library webpage. 

5.2 Descriptives
Our research focuses on the European market and therefore we have selected 12 boutique asset managers and 12 non-boutiques asset managers. The selection of the asset managers is primarily done by scanning the fund information pages from the Financial Times and Het Financieele Dagblad, the Dutch webpage Fondsnieuws has also provided some information on boutique asset managers. We have chosen those 12 boutique and non-boutique asset managers, because for those asset managers most of the required information is publicly available. It is therefore possible to review the ownership structure of the company and additional company information is provided on the websites of the asset managers. Because all the funds are traded on an exchange it is possible to derive the prices of the shares through Bloomberg. 

For the reason that the available time and resources for the Bloomberg terminal at the office of Robeco was limited, we were forced to limit the number of non-boutique asset managers at 12. However, we regard the selected 2343 non-boutique funds as a good representation of the non-boutique asset managers on the European market. 

Below we give an overview of the raw mean weekly returns and some other descriptive statistics for the selected asset managers, also information is provided on the fund size, fund age, manager tenure, management fee, expanse ratio and the turnover ratio.  

	Table 5.1 - Descriptive statistics
	 
	 
	 

	Group
	No. of funds
	Mean weekly return
	St. Deviation
	Maximum
	Minimum

	Boutique
	142
	0.000934
	0.025973
	0.092687
	-0.137605

	Non-boutique
	2343
	0.000339
	0.021046
	0.077992
	-0.117979

	All
	2485
	0.000373
	0.021331
	0.078841
	-0.119113


As we can see in table 5.1 the mean weekly return for the boutique funds is 0.000934% and for the non-boutique funds 0.000339%. The descriptive statistics from table 5.1 are measured over the total sample, ranging from 2000 to 2010. The weekly return for the boutique funds are higher than for the non-boutique funds, which is in line with our intuition. However, the risk of the boutique returns is higher, because the standard deviation is higher for the boutique funds. The downside risk for boutique funds is also higher, because the minimum for the boutique funds is
-0.137605%. On the other side, the upside potential for boutique funds is higher, because the maximum of 0.092687% is higher than the maximum of 0.77992% for the non-boutique funds. 

	Table 5.2 Other relevant descriptive statistics
	 
	 
	 

	 
	 
	Fundsize
	Fundage
	Manager tenure
	Management Fee
	Exp. ratio
	Turnover ratio

	Boutique
	 Mean
	€ 612,000,000 
	7.9
	4.2
	1.45
	2.09
	166.33

	
	 Std. Dev.
	€ 2,160,000,000 
	5.6
	3.2
	0.34
	1.18
	188.03

	
	 Maximum
	€ 23,200,000,000 
	25.0
	21.4
	2.00
	6.97
	952.74

	
	 Minimum
	€ 493,224 
	1.0
	0.4
	0.30
	0.00
	0.00

	Non-
	 Mean
	€ 267,000,000 
	9.3
	4.6
	1.07
	1.35
	126.10

	boutique
	 Std. Dev.
	€ 607,000,000 
	7.9
	4.4
	0.55
	0.68
	159.91

	
	 Maximum
	€ 12,600,000,000 
	80.0
	39.8
	4.50
	6.62
	1596.83

	
	 Minimum
	€ 68 
	1.0
	0.0
	0.00
	0.00
	0.00

	All
	 Mean
	€ 293,000,000 
	9.2
	4.6
	1.10
	1.41
	129.12

	
	 Std. Dev.
	€ 835,000,000 
	7.8
	4.3
	0.55
	0.76
	162.43

	
	 Maximum
	€ 23,200,000,000 
	80.0
	39.8
	4.50
	6.97
	1596.83

	 
	 Minimum
	€ 68 
	1.0
	0.0
	0.00
	0.00
	0.00


Table 5.2 gives an overview of other relevant descriptive statistics, which will be discussed in further detail in the ‘empirical results’ part. At first sight table 5.2 gives a remarkable result, namely the average fund size for boutiques of € 612,000,000. According to our intuition a boutique offers smaller funds than non-boutiques on average. We therefore have analyzed the fund size of the boutique funds in further detail. The conclusion is that the high mean value for the boutique funds is caused by an outlier. There is one big fund of € 23.2 billion which affects the mean. This fund is the Carmignac Patrimoine fund. During the years 2008, 2009 and 2010 this fund has had very high inflows of capital, because of the high outperformance of the fund.  

There are 17 boutique funds which have assets of more than 1 billion. When we exclude those 17 funds from the fund size calculation, then the mean fund size turns out to be € 182,206,693.
The selected boutique asset managers appear in many different forms and sizes. Since not very much attention is given to the performance of boutique funds in the academic literature it is difficult to give one strict guideline to define a boutique. Nevertheless, some characteristics can be given for a boutique asset manager which are derived from: Barnes (2008), Business Week (2005), Eggins (2008) and Kenway. 
· A big part or the whole boutique is owned by the investment team (partnership)

· A significant amount of personal wealth is tied up by fund managers

· Focus on specific market niches (specialists) 

· Dedicated investment style which is clear and distinctive

· Concentrated portfolios 

· Active management of portfolios 
· The number of funds is small
For the final selection we have chosen 12 boutique asset managers, with 142 funds in total. Those boutiques are run as a partnership structure and are therefore owned by a big part of the employees or the managers are obliged to have a large personal stake in their investments. They are consequently obliged to tie up a big part of their personal wealth. Another important characteristics of the boutique asset managers is that they have a distinctive investment style. 
As we can see in appendix A, the number of funds offered differs for the selected boutiques. The
largest number of offered funds is 32, but most boutiques offer around 15 funds and also some boutiques offer very few funds (e.g. only 3) funds. The average total assets under management is 7 billion euro. 
The characteristics of non-boutiques is that they are publicly-owned and that decision-making responsibility for the composition of the investment portfolio is delegated to a portfolio manager. The non-boutiques offer a lot more funds than boutiques and also the investment categories are much broader. Most funds are actively managed, however, in many cases the fund managers do not actively differ from a specific benchmark (benchmark hugging), as showed by Cremers and Petajisto (2009).  

As we can see in appendix A, the number of funds offered by non-boutiques is much higher. The average number of funds offered is 195 and the average assets under management is 55 billion euro. The total number of non-boutique funds which are analysed is 2343. 
6 – EMPIRICAL RESULTS
6.1 Time series analysis

This part will discuss the time series analysis that we performed to analyze the difference of the performance of boutiques and non-boutiques for different periods. We will discuss the performance of the asset managers in the long, medium and short run. The long run is the period 2000 – 2010 and is formed by a sample. The medium run sample is for the period 2005 – 2010. The years 2007 – 2010 is also regarded as the medium run and is also formed by a sample. The short run is analyzed by samples of a combination of two successive years and samples of individual years. For this analysis we have collected the alpha’s of the funds for the corresponding period. Using a t-test we compare the statistical difference of the means for the alpha’s of the boutiques and non-boutiques for the selected time frame. 
6.1.1 Alpha in the long run

Table 6.1 gives the results for the period 2000 – 2010. We regard this ten years period as a comparison period for the long run.
	Table 6.1 - Comparison of alpha for the period 2000 - 2010
	 

	Test for Equality of Means Between Series
	
	
	

	Sample: 1 2343
	
	
	
	

	Included observations: 2343
	 
	 
	 
	 

	Method
	 
	df
	Value
	Probability

	t-test
	
	1638
	-27.16258
	0.0000

	Category Statistics
	 
	 
	 
	 

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA10YRSBOUTIQUE
	142
	-0.032304
	0.021015
	0.001764

	ALPHA10YRSNONBOUTIQUE
	1498
	-0.048241
	0.002695
	0.0000696

	All
	1640
	-0.046861
	0.008045
	0.000199


According to table 6.1 we can clearly see that boutique funds have better performed over the ten years period than the non-boutique funds. The average alpha over the period is for both categories negative. However, the mean for boutique funds is less negative when compared with the negative alpha of the non-boutique funds. The difference in performance is statistically significant. So in the long run boutique funds show a better performance than non-boutiques. Accordingly when an investor wants to invest for the long run it is very interesting to consider some boutique funds for their investment portfolio.
6.1.2 Alpha in de medium run

	Table 6.2 - Comparison of alpa for the period 2005 - 2010
	 

	Test for Equality of Means Between Series
	
	
	

	Sample: 1 2343
	
	
	
	

	Included observations: 2343
	 
	 
	 
	 

	Method
	 
	df
	Value
	Probability

	t-test
	
	1815
	18.113
	0.0000

	Category Statistics
	 
	 
	 
	 

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA5YRSBOUTIQUE
	142
	-0.034531
	0.022626
	0.001899

	ALPHA5YRSNONBOUTIQUE
	1675
	-0.049352
	0.007205
	0.000176

	All
	1817
	-0.048193
	0.01017
	0.000239


Table 6.2 gives the results of the comparison of alpha for the period 2005 – 2010. The table shows that for this five years period the boutique funds have a better performance then non-boutique funds. The alpha for both boutique and non-boutiques is negative, but the mean for boutique funds is less negative for the selected time frame. The difference of the means is statistically significant. So also for the medium run it is very interesting for investors to consider investing in boutique funds, compared to non-boutique funds. 
To conduct a more detailed analysis of the performance of the funds for the medium run, we also have measured the performance of the funds for a three year time period. Table 6.3 shows the results for the three years period. 

	Table 6.3 - Comparison of alpha for the period 2007 - 2010
	 

	Test for Equality of Means Between Series
	
	
	

	Sample: 1 2343
	
	
	
	

	Included observations: 2343
	 
	 
	 
	 

	Method
	 
	df
	Value
	Probability

	t-test
	
	2053
	8.490797
	0.0000

	Category Statistics
	 
	 
	 
	 

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA3YRSBOUTIQUE
	142
	-0.014733
	0.009222
	0.000774

	ALPHA3YRSNONBOUTIQUE
	1913
	-0.018309
	0.004349
	0.0000994

	All
	2055
	-0.018062
	0.004926
	0.000109


According to the results from table 6.3 boutique funds do again show a better performance than non-boutique funds on average. The results show a statistical difference in the performance for the period 2007 – 2010. Also for this shorter period both types of asset managers show a negative alpha for the selected period. The results for non-boutiques are inferior, when compared with boutiques. The non-boutiques show a more negative alpha. When an investor is considering investments with a shorter time frame, for example three years, then also boutique funds should play a role in the asset allocation process. The reason for this is that we have showed a better performance of the boutique funds for the three years period. 
6.1.3 Alpha in the short run
	Table 6.4 - Comparison of alpha for two combined years
	 

	Test for Equality of Means Between Series
	
	
	

	Sample: 1 2343
	
	
	
	

	Included observations: 2343
	 
	 
	 
	 

	2001 - 2002
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	950
	0.585214
	0.5585

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0102BOUTIQUE
	50
	-0.053773
	0.007978
	0.001128

	ALPHA0102NONBOUTIQUE
	902
	-0.054351
	0.006734
	0.000224

	All
	952
	-0.054321
	0.006801
	0.00022

	2002 - 2003
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1046
	6.536444
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0203BOUTIQUE
	62
	-0.018397
	0.050498
	0.006413

	ALPHA0203NONBOUTIQUE
	986
	-0.029042
	0.002525
	0.0000804

	All
	1048
	-0.028413
	0.012684
	0.000392

	2003 - 2004
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1134
	0.27615
	0.7825

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0304BOUTIQUE
	66
	-0.023406
	0.004067
	0.000501

	ALPHA0304NONBOUTIQUE
	1070
	-0.023476
	0.001778
	0.0000543

	All
	1136
	-0.023471
	0.001981
	0.0000588

	2004 - 2005
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1260
	-3.873371
	0.0001

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0405BOUTIQUE
	77
	-0.044249
	0.008467
	0.000965

	ALPHA0405NONBOUTIQUE
	1185
	-0.042425
	0.003529
	0.000103

	All
	1262
	-0.042536
	0.004026
	0.000113

	2005 - 2006
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1437
	-2.142611
	0.0323

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0506BOUTIQUE
	87
	-0.080546
	0.007907
	0.000848

	ALPHA0506NONBOUTIQUE
	1352
	-0.079399
	0.004574
	0.000124

	All
	1439
	-0.079468
	0.004844
	0.000128


	Table 6.4 - Comparison of alpha for two combined years (Cont 'd)
	 

	2006 - 2007
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1654
	8.045064
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0607BOUTIQUE
	99
	-0.095119
	0.005017
	0.000504

	ALPHA0607NONBOUTIQUE
	1557
	-0.096927
	0.001846
	0.0000468

	All
	1656
	-0.096819
	0.002209
	0.0000543

	2007 - 2008
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1847
	4.646679
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0708BOUTIQUE
	115
	-0.061579
	0.012783
	0.001192

	ALPHA0708NONBOUTIQUE
	1734
	-0.064717
	0.006454
	0.000155

	All
	1849
	-0.064521
	0.007051
	0.000164

	2008 - 2009
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	2093
	3.616848
	0.0003

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0809BOUTIQUE
	132
	-0.015148
	0.007518
	0.000654

	ALPHA0809NONBOUTIQUE
	1963
	-0.016618
	0.004245
	0.0000958

	All
	2095
	-0.016525
	0.004533
	0.0000990

	2009 - 2010
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	2230
	5.625217
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA0910BOUTIQUE
	142
	0.001619
	0.00355
	0.000298

	ALPHA0910NONBOUTIQUE
	2090
	0.00052
	0.002138
	0.0000468

	All
	2232
	0.000589
	0.002269
	0.0000480


Table 6.4 shows the results of our analysis for several two year periods. In the short run, the results of the comparison are becoming more interesting. For example, the combination of the years 2001 and 2002 and the years 2003 – 2004 give no statistical difference for the means of the alpha for boutique and non-boutique funds. When someone had invested with a time horizon of two years and picked those years, then it is arbitrary whether boutique funds would give a better result than non-boutique funds. 
For the combination of the years 2002 and 2003 the results are different. Both boutiques and non-boutiques have negative alpha values, but the alpha value for boutiques is less negative and the difference is statistically significant. 
The results for the years 2004 – 2005 and 2005 – 2006 are remarkable. When we compare the results for boutique funds in those years, then the boutique funds give us worse results. The boutique funds have on average more negative alpha values then the non-boutique funds. 

The three succeeding two years periods ranging from 2006 till 2009 show comparable results. The results show us that for those three periods boutique funds will give better performance results than non-boutique funds. The difference of performance is statistically significant for those three periods. 

As an exception the combination of the years 2009 and 2010 give positive alpha values. Both boutiques and non-boutiques showed outperformance for this time period. However, the outperformance of boutique funds is higher than the outperformance of non-boutique funds. For this period the difference is also statistically significant. A possible explanation for those positive alpha values is that it is easier for fund managers to add alpha during periods of economic boom. As we can see in Appendix C, the annual returns of the S&P500 index were much higher than on average for the years 2009 and 2010. 
When periods of two years are reviewed, then it depends on the different periods whether boutique funds show better results than non-boutique funds. Three periods show a better performance of boutiques, but on the basis of this information it is not possible to say that in general boutiques show better results. The reason for this is that for other periods the boutiques and non-boutiques give comparable results. It is even possible, when considering a two years period, that the boutiques show poorer performance. So an investor must be aware of the fact that when he want to invest with a two year time frame in mind, the performance of boutique funds show different results over the selected combinations of years. A constant review of the performance of the funds is then necessary. 
	Table 6.5 - Comparison of alpha per individual year
	 
	 

	Test for Equality of Means Between Series
	
	
	

	Sample: 1 2343
	
	
	
	

	Included observations: 2343
	 
	 
	 
	 

	2001
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	853
	1.985957
	0.0474

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2001BOUTIQUE
	45
	-0.07722
	0.009875
	0.001472

	ALPHA2001NONBOUTIQUE
	810
	-0.078604
	0.004064
	0.000143

	All
	855
	-0.078531
	0.004557
	0.000156

	2002
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	970
	-1.409947
	0.1589

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2002BOUTIQUE
	50
	-0.035723
	0.003018
	0.000427

	ALPHA2002NONBOUTIQUE
	922
	-0.035254
	0.002243
	0.0000739

	All
	972
	-0.035279
	0.00229
	0.0000734

	Table 6.5 - Comparison of alpha per individual year (Cont 'd)
	 

	2003
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1074
	6.418225
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2003BOUTIQUE
	62
	-0.013073
	0.049446
	0.00628

	ALPHA2003NONBOUTIQUE
	1014
	-0.023199
	0.002635
	0.0000827

	All
	1076
	-0.022615
	0.012282
	0.000374

	2004
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1188
	0.396068
	0.6921

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2004BOUTIQUE
	66
	-0.024259
	0.00369
	0.000454

	ALPHA2004NONBOUTIQUE
	1124
	-0.024355
	0.001752
	0.0000523

	All
	1190
	-0.02435
	0.001909
	0.0000553

	2005
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1335
	2.337114
	0.0196

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2005BOUTIQUE
	77
	-0.058411
	0.003718
	0.000424

	ALPHA2005NONBOUTIQUE
	1260
	-0.059438
	0.003747
	0.000106

	All
	1337
	-0.059379
	0.003752
	0.000103

	2006
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1527
	0.274606
	0.7837

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	of Mean

	ALPHA2006BOUTIQUE
	87
	-0.098502
	0.002803
	0.000301

	ALPHA2006NONBOUTIQUES
	1442
	-0.098565
	0.002051
	0.000054

	All
	1529
	-0.098562
	0.0021
	0.0000537

	2007
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1716
	1.776634
	0.0758

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2007BOUTIQUE
	99
	-0.095674
	0.005418
	0.000545

	ALPHA2007NONBOUTIQUE
	1619
	-0.096416
	0.003937
	0.0000978

	All
	1718
	-0.096373
	0.004039
	0.0000974

	2008
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1932
	-6.151997
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2008BOUTIQUE
	115
	-0.037881
	0.005017
	0.000468

	ALPHA2008NONBOUTIQUE
	1819
	-0.035851
	0.003307
	0.0000775

	All
	1934
	-0.035972
	0.003464
	0.0000788


	Table 6.5 - Comparison of alpha per individual year (Cont 'd)
	 

	2009
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	2163
	5.916211
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2009BOUTIQUE
	132
	0.00186
	0.003114
	0.000271

	ALPHA2009NONBOUTIQUE
	2033
	0.000549
	0.002419
	0.0000537

	All
	2165
	0.000629
	0.002486
	0.0000534

	2010
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	2301
	3.853047
	0.0001

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	ALPHA2010BOUTIQUE
	142
	0.00216
	0.003588
	0.000301

	ALPHA2010NONBOUTIQUE
	2161
	0.001209
	0.002795
	0.0000601

	All
	2303
	0.001268
	0.002859
	0.0000596


The previous results in the short run, as a combination of two years, show us interesting characteristics. We therefore also analyzed the alpha’s of the boutique and non-boutique funds on a yearly basis. The results per year give mixed information on the performance of the funds.
The year 2001 shows a statistically different performance for the boutique and non-boutique funds. However, the difference is very small. It could be argued that when the difference is very small, the benefits of investing in boutique funds do not outweigh the costs (e.g. higher risk taking of the fund manager). We have to keep in mind that during the year 2001, the dot.com bubble popped in the first quarter of that year. Consequently the returns of the S&P500 were very negative during 2001 and 2002. (see Appendix C). It could be the case that during periods of negative returns of the market it is very difficult for fund manager to add alpha. We therefore see deep negative alpha values for 2001 and 2002.
The years 2002, 2004, 2006 and 2007 do not give a statistically significant difference of the performance of boutique and non-boutique funds. 

For the years 2003 and 2005 we see statistically significant values for alpha, however, the values of alpha are not positive. For those years the boutique funds show no outperformance. The values of alpha are yet less negative for the boutique funds than for the non-boutique funds. The non-positive alpha values for the years 2003 and 2005 are remarkable because we see positive results of the market for those years. The year 2003 is generally seen as the recovery year after the dot.com crisis and during an economic boom it should be more easy to add alpha for fund managers. Our results, however, do not document an average outperformance of the funds during that year. 
The year 2008 was a very bad year for the boutique funds. The results show a worse performance for the boutique funds in that year. The more negative performance of boutique funds is statistically significant. The very bad performance of the boutique funds during the year 2008 could be explained by the very bad performance of the market after the bursting of the housing bubble in the United States, which was the starting point of the worldwide economic financial crisis. As we can see in Appendix C, the S&P500 index showed a negative annual return of
-37.00% during 2008. Again, during periods of economic bust it could be less easy for fund managers to add alpha to the investment portfolio. 
The more recent years, 2009 and 2010 show better performance of boutique funds. The better performance of the funds is statistically significant. The years 2009 and 2010 are the only years that show us average positive alpha values for both boutique and non-boutique funds. So on average in the years 2009 and 2010 the fund managers were able to generate an outperformance for the investors in the funds. The years 2009 and 2010 can be regarded as years of recovery after the bursting of the housing bubble. For those two years we see high positive annual returns for the market in general and the fund managers are able to add alpha to the investment portfolio. We document positive alpha values for the boutique and non-boutique funds. However, the values for the boutique funds are higher than for the non-boutique funds. 
So,  in the short run it is very dependent which year you are reviewing. The last two years boutiques do outperform the non-boutique funds and it is therefore possible to gain from the outperformance of a boutique. However, an investor must have the time to evaluate the performance, because in other years no outperformance is shown and it is even possible that a boutique performs worse than a non-boutique fund. When investing in a fund then it is important for the investor that the higher returns show persistence. We will evaluate the persistence of the performance in paragraph 6.4.
The analysis in the long, medium and short run give different results with respect to the performance of boutique and non-boutique funds. For the long and medium run we showed better performance of the boutique funds. However, when the short run is evaluated it depends much on the period that is reviewed. Because of this difference in outcomes it is important to get a better insight in the drivers of the performance of funds. Therefore we continue with the cross-sectional analysis in the next paragraph. 
6.2 Cross-sectional analysis 

6.2.1 The assets under management and the number of funds 
The tables 6.6 until 6.10 show the results for the cross-sectional analysis of the average alpha of a fund related to the total assets under management and the number of funds that an asset manager offers. The assets under management and the number of funds are measured in September of 2010. We have analyzed the relationship for the long, medium and short run and also for a two years period and for one year. The periods are again formed by samples. 
	Table 6.6 - Cross-sectional analysis of alpha for the period 2000 - 2010
	 

	Dependent Variable: ALPHA10YRS
	
	
	
	

	Method: Least Squares
	
	
	
	

	Sample: 1 24
	
	
	
	

	Included observations: 24
	 
	 
	 
	 

	
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	0.006597
	0.032678
	0.201869
	0.8420

	LOGASSETSUMANAGEMENT
	-0.002017
	0.001478
	-1.364508
	0.1869

	NUMBEROFFUNDS
	-0.0000193
	0.0000226
	-0.852098
	0.4038

	R-squared
	0.326037
	    Mean dependent var
	-0.042299

	Adjusted R-squared
	0.261851
	    S.D. dependent var
	0.009358


	Table 6.7 - Cross-sectional analysis of alpha for the period 2005 - 2010
	 

	Dependent Variable: ALPHA5YRS
	
	
	
	

	Method: Least Squares
	
	
	
	

	Sample: 1 24
	
	
	
	

	Included observations: 24
	
	
	
	

	 
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	0.004896
	0.034616
	0.141446
	0.8889

	LOGASSETSUMANAGEMENT
	-0.002034
	0.001566
	-1.299167
	0.2080

	NUMBEROFFUNDS
	-0.0000144
	0.0000240
	-0.603143
	0.5529

	R-squared
	0.264839
	    Mean dependent var
	-0.043903

	Adjusted R-squared
	0.194824
	    S.D. dependent var
	0.009491


	Table 6.8 - Cross-sectional analysis of alpha for the period 2007 - 2010
	 

	Dependent Variable: ALPHA3YRS
	
	
	
	

	Method: Least Squares
	
	
	
	

	Sample: 1 24
	
	
	
	

	Included observations: 24
	
	
	
	

	 
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.006042
	0.012394
	-0.487522
	0.6309

	LOGASSETSUMANAGEMENT
	-0.00047
	0.000561
	-0.838456
	0.4112

	NUMBEROFFUNDS
	-0.0000020
	0.0000086
	-0.234654
	0.8168

	R-squared
	0.105137
	    Mean dependent var
	-0.017181

	Adjusted R-squared
	0.019912
	    S.D. dependent var
	0.00308


The results show that there is a negative relationship between the assets under management and the average alpha of an asset managers. A possible explanation for this could be that lower asset under management will lead to more flexibility for the fund manager. It is easier to take positions in a market when the stake in a fund is not too high. Otherwise it could lead to problems with the selling of big stakes in a company. The period 2009 – 2010 shows a positive relationship, but al the other time frames give a negative relationship. We have to note that unfortunately none of the results are statistically significant.
	Table 6.9 - Cross-sectional analysis of alpha for the period 2009 - 2010
	 

	Dependent Variable: ALPHA0910
	
	
	
	

	Method: Least Squares
	
	
	
	

	Sample: 1 24
	
	
	
	

	Included observations: 24
	
	
	
	

	 
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.001281
	0.004062
	-0.315434
	0.7555

	LOGASSETSUMANAGEMENT
	0.000128
	0.000184
	0.695672
	0.4943

	NUMBEROFFUNDS
	-0.0000057
	0.0000028
	-2.036727
	0.0545

	R-squared
	0.216901
	    Mean dependent var
	0.001098

	Adjusted R-squared
	0.14232
	    S.D. dependent var
	0.001079


	Table 6.10 - Cross-sectional analysis of alpha for the year 2010
	 
	 

	Dependent Variable: ALPHA2010
	
	
	
	

	Method: Least Squares
	
	
	
	

	Sample: 1 24
	
	
	
	

	Included observations: 24
	 
	 
	 
	 

	
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	0.002689
	0.00419
	0.641802
	0.5279

	LOGASSETSUMANAGEMENT
	-0.0000226
	0.00019
	-0.119017
	0.9064

	NUMBEROFFUNDS
	-0.0000039
	0.0000029
	-1.342308
	0.1938

	R-squared
	0.186327
	    Mean dependent var
	0.001762

	Adjusted R-squared
	0.108834
	    S.D. dependent var
	0.001092


The total number of funds offered by an asset manager also shows a negative relationship with the average alpha of the selected asset managers. None of the results show a positive relationship. Offering less funds could lead to a better focus of the fund managers, which can use their expertise to generate better alpha results. Again, the results are unfortunately statistically not significant. 
We expected a negative relationship between the number of funds offered and the assets under management. Our results indeed show this relationship. However, because the results show no statistically significance, we have to be careful drawing to strong conclusions on that matter. 
6.2.2 Other drivers of alpha
We now continue with possible other drivers of alpha. Those aspects can not be included in the previous cross-sectional analysis, because the drivers of alpha that are reviewed in this paragraph are drivers per fund. The selected drivers from paragraph 6.1.1 are measured per asset manager and not per fund. We therefore performed additional regressions on the fund level.
Other aspects that can be related to specific individual fund characteristics also have an influence on the performance of a fund. Therefore we have collected individual information on fund size, the fund age, team management, the manager tenure and the turnover ratio. We also collected information on the costs of an individual fund in the form of the expense ratio and the management fee. 
Tables 6.11 until 6.15 show the analysis of the individual drivers of alpha. Again we have reviewed the relationship for the long, medium and short run. Also a two year period and an individual year is included.
	Table 6.11 - Cross-sectional analysis of alpha for the period 2000 - 2010

	Dependent Variable: ALPHA10YRS
	
	
	

	Method: Least Squares
	
	
	
	

	Sample (adjusted): 1 2364
	
	
	
	

	Included observations: 551 after adjustments
	 
	 
	 

	
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.045154
	0.003113
	-14.50417
	0.0000

	LOGFUNDSIZE
	-0.000241
	0.000164
	-1.476368
	0.1404

	FUNDAGEINYEARS
	-0.000107
	0.0000394
	-2.725128
	0.0066

	TEAMDUMMY
	-0.000349
	0.000543
	-0.642487
	0.5208

	MANAGERTENURE
	0.0000387
	0.0000692
	0.5591
	0.5763

	TURNOVERRATIO
	0.0000040
	0.0000017
	2.415099
	0.0161

	EXPENSERATIO
	0.002066
	0.000664
	3.110806
	0.002

	MANAGEMENTFEE
	-0.00039
	0.000818
	-0.477168
	0.6334

	R-squared
	0.059995
	    Mean dependent var
	-0.047505

	Adjusted R-squared
	0.047877
	    S.D. dependent var
	0.00624


Fund size

The fund size gives positive and negative relationships with alpha. The results for the fund size are not statistically significant. A higher fund size could lead to higher economies of scale, because transaction cost will be relatively lower. On the other hand a big fund suffers from inflexibility. On the basis of the results it is difficult to say which effect is decisive. 
	Table 6.12 - Cross-sectional analysis of alpha for the period 2005 - 2010

	Dependent Variable: ALPHA5YRS
	
	
	

	Method: Least Squares
	
	
	
	

	Sample (adjusted): 1 2364
	
	
	
	

	Included observations: 602 after adjustments
	 
	 
	 

	
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.044788
	0.00411
	-10.89708
	0.0000

	LOGFUNDSIZE
	-0.000313
	0.000216
	-1.445062
	0.149

	FUNDAGEINYEARS
	-0.0000752
	0.0000476
	-1.57836
	0.115

	TEAMDUMMY
	0.000457
	0.000711
	0.642007
	0.5211

	MANAGERTENURE
	-0.0000331
	0.0000887
	-0.37357
	0.7089

	TURNOVERRATIO
	0.0000008
	0.0000023
	0.36291
	0.7168

	EXPENSERATIO
	0.002377
	0.000883
	2.690898
	0.0073

	MANAGEMENTFEE
	-0.001068
	0.001078
	-0.991039
	0.3221

	R-squared
	0.029357
	    Mean dependent var
	-0.048945

	Adjusted R-squared
	0.017918
	    S.D. dependent var
	0.008437


Fund age
The dependent variable fund age gives negative and positive values for the five time periods. The only statistical significant result is the result for the period 2000 – 2010. For this period a negative relationship is given. Because the results show both positive and negative outcomes, it could be argued that the fund age is not a critical driver of the performance of a fund. 

	Table 6.13 - Cross-sectional analysis of alpha for the period 2007 - 2010

	Dependent Variable: ALPHA3YRS
	
	
	

	Method: Least Squares
	
	
	
	

	Sample (adjusted): 1 2364
	
	
	
	

	Included observations: 691 after adjustments
	 
	 
	 

	
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.015179
	0.002194
	-6.9189
	0.0000

	LOGFUNDSIZE
	-0.000181
	0.000116
	-1.55856
	0.1196

	FUNDAGEINYEARS
	0.0000061
	0.0000240
	0.256037
	0.798

	TEAMDUMMY
	-0.000228
	0.000382
	-0.596656
	0.5509

	MANAGERTENURE
	-0.0000234
	0.0000469
	-0.499929
	0.6173

	TURNOVERRATIO
	0.0000005
	0.0000012
	0.391559
	0.6955

	EXPENSERATIO
	0.001144
	0.0004890
	2.338062
	0.0197

	MANAGEMENTFEE
	-0.000992
	0.000588
	-1.685305
	0.0924

	R-squared
	0.013443
	    Mean dependent var
	-0.018072

	Adjusted R-squared
	0.003332
	    S.D. dependent var
	0.004809


Team management & manager tenure
For the long run, the dependent variable team management shows negative and positive results. For the short run the results are positive and the results in the short run are also the only results which are statistically significant. The results for the short run are contrary to our expectations. We expected that an individual fund manager will have more freedom of choice for his investments and that the decision making process is better when there is only one fund manager. The results show that there is a positive relation between a team based approach and the performance of a fund.

The tenure of a manager is subordinate to team management, because the outcomes for the dependent variable manager tenure is negative or very small and none of the outcomes is statistically significant. 
	Table 6.14 - Cross-sectional analysis of alpha for the period 2009 - 2010

	Dependent Variable: ALPHA0910
	
	
	

	Method: Least Squares
	
	
	
	

	Sample (adjusted): 1 2364
	
	
	
	

	Included observations: 752 after adjustments
	 
	 
	 

	
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.000994
	0.000983
	-1.010765
	0.3125

	LOGFUNDSIZE
	0.0000505
	0.0000519
	0.972087
	0.3313

	FUNDAGEINYEARS
	-0.0000030
	0.0000107
	-0.276756
	0.782

	TEAMDUMMY
	0.000433
	0.000169
	2.558255
	0.0107

	MANAGERTENURE
	0.0000388
	0.0000208
	1.863166
	0.0628

	TURNOVERRATIO
	-0.0000003
	0.0000005
	-0.667528
	0.5046

	EXPENSERATIO
	0.000478
	0.000221
	2.162791
	0.0309

	MANAGEMENTFEE
	-0.000115
	0.000265
	-0.431685
	0.6661

	R-squared
	0.026697
	    Mean dependent var
	0.00078

	Adjusted R-squared
	0.017539
	    S.D. dependent var
	0.002237


Turnover ratio

The turnover ratio shows a positive relationship with alpha in the long run. This result is statistically significant, but the effect is not very strong. For the medium and short run on average also a positive relationship exists. However, those results show no statistically significance. The turnover ratio could be an important driver of alpha, because high amounts of trading will lead to a high turnover ratio. Fund managers that can be categorized as ‘stock pickers’ will show high trading activity.
	Table 6.15 - Cross-sectional analysis of alpha for the year 2010
	 

	Dependent Variable: ALPHA2010
	
	
	

	Method: Least Squares
	
	
	
	

	Sample (adjusted): 1 2364
	
	
	
	

	Included observations: 773 after adjustments
	 
	 
	 

	
	Coefficient
	Std. Error
	t-Statistic
	Prob.  

	C
	-0.000911
	0.001262
	-0.72204
	0.4705

	LOGFUNDSIZE
	0.0000665
	0.0000663
	1.00318
	0.3161

	FUNDAGEINYEARS
	0.0000057
	0.0000138
	0.411763
	0.6806

	TEAMDUMMY
	0.000707
	0.000216
	3.268554
	0.0011

	MANAGERTENURE
	0.0000251
	0.0000268
	0.936774
	0.3492

	TURNOVERRATIO
	0.0000001
	0.0000007
	0.213438
	0.831

	EXPENSERATIO
	0.000713
	0.000282
	2.526734
	0.0117

	MANAGEMENTFEE
	-0.000335
	0.000339
	-0.98991
	0.3225

	R-squared
	0.029635
	    Mean dependent var
	0.00144

	Adjusted R-squared
	0.020756
	    S.D. dependent var
	0.002898


Expense ratio & Management fee
The expense ratio show positive and statistically significant results for our analysis. Higher expense ratios will lead to higher values of alpha. The outcomes are totally different from what we expected in advance. This result is contrary to the consensus in the literature and the outcome is therefore remarkable. With the current information it is difficult to say why a higher expense ratio would lead to a better performance of a fund. At first sight it is possible to argue that the higher expense ratio has a positive relationship with alpha, because high alpha values are reached by stock picking. When a fund manager has an active stock picking strategy, then this will lead to high amounts of buying and selling stocks. Those transactions will lead to high transaction costs, which will increase the expense ratio. However, we did some extra research on the transaction costs of the fund itself and it appears that the transaction costs are not included in the expense ratio. The transaction costs of a fund are discounted in the price of the fund. We will analyze the expense ratio more in depth in the next paragraph 6.3.
The management fee shows a negative relationship with alpha, but the results are not statistically significant. The negative relationship of the management fee with alpha is clear, because high management fees will lower the performance and therefore possible alpha of a fund. On the contrary it could be argued that high management fees will attract the best fund managers which are able to add alpha to the investment portfolio and in that case a positive relationship can be expected. However, we document a negative relationship and we state that the costs incurred by a fund in the form of a management fee has a negative effect on alpha. 
6.3 Cost structure 

For the analysis of the cost structure of the reviewed funds we have collected information on the management fee and expense ratio per fund. 
Table 6.16 gives the descriptive statistics for the expense ratio. As we can see in the table, the average expense ratio for a boutique is 2.09% and 1.34% for a non-boutique. Table 6.17 shows that the difference of the management fee is statistically significant. 
	Table 6.16 - Descriptive statistics expense ratio
	 

	
	EXPRATIOBOUTIQUE
	EXPRATIONONBOUTIQUE

	 Mean
	2.085250
	1.348219

	 Median
	1.815000
	1.410000

	 Maximum
	6.970000
	6.620000

	 Minimum
	0.000000
	0.000000

	 Std. Dev.
	1.178285
	0.681938

	 Skewness
	2.000813
	0.533837

	 Kurtosis
	8.530994
	5.441119

	 Jarque-Bera
	233.0245
	416.7698

	 Probability
	0.000000
	0.000000

	 Sum
	250.23
	1899.64

	 Sum Sq. Dev.
	165.2144
	654.776

	 Observations
	120
	1409


	Table 6.17 - Comparison of expense ratio
	 
	 
	 

	Test for Equality of Means Between Series
	
	
	

	Sample: 1 2500
	
	
	
	

	Included observations: 2500
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1527
	10.57654
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	EXPRATIOBOUTIQUE
	120
	2.08525
	1.178285
	0.107562

	EXPRATIONONBOUTIQUE
	1409
	1.348219
	0.681938
	0.018167

	All
	1529
	1.406063
	0.758917
	0.019408


As stated above, the higher expense ratios of boutiques is not caused by more transaction costs of the boutique funds. On the one hand it could be argued that for small boutique companies it is more easy to run the company in an efficient and cost effective way. On the other hand, the bigger non-boutique asset managers can benefit more from economies of scale because of their size. Our results do not show a more cost efficient structure for the boutique asset managers and we therefore expect that the lower expense ratios of non-boutique asset mangers is basically caused by higher economies of scale. 

Table 6.18 gives the descriptive statistics for the management fees of boutiques and non-boutiques. The average management fee of a boutique is 1.45% for a boutique fund and 1.07% for a non-boutique fund. The difference in management fees for boutiques and non-boutiques is statistically significant. It is difficult to say why boutique funds charge a higher management fee on average. A possibility is that because the fund size of boutique funds is smaller, the managers charge higher fees to raise their income. A lower fee for non-boutiques is sufficient, because the fund sizes are relatively bigger which results in a higher income. Another explanation could be that the boutique funds have to attract the best performing managers to generate alpha for the fund. Those managers are only inclined to work for the boutique asset managers if they pay more. Therefore the management fees of the boutiques must be higher than the fees of non-boutiques. 
	Table 6.18 - Descriptive statistics management fee
	 

	
	MNGMTFEEBOUTIQUE
	MNGMTFEENONBOUTIQUE

	 Mean
	1.452222
	1.072480

	 Median
	1.500000
	1.140000

	 Maximum
	2.000000
	4.500000

	 Minimum
	0.300000
	0.000000

	 Std. Dev.
	0.335937
	0.553029

	 Skewness
	-1.164987
	0.258772

	 Kurtosis
	4.627770
	3.900674

	 Jarque-Bera
	39.38226
	66.72227

	 Probability
	0.000000
	0.000000

	 Sum
	169.91
	1591.56

	 Sum Sq. Dev.
	13.09102
	453.5617

	 Observations
	117
	1484


	Table 6.19 - Comparison of management fee
	 
	 
	 

	Test for Equality of Means Between Series
	
	
	

	Sample: 1 2500
	
	
	
	

	Included observations: 2500
	 
	 
	 
	 

	Method
	
	df
	Value
	Probability

	t-test
	
	1599
	7.320331
	0.0000

	Category Statistics
	
	
	
	

	Variable
	Count
	Mean
	Std. Dev.
	Std. Err. of Mean

	MNGMTFEEBOUTIQUE
	117
	1.452222
	0.335937
	0.031057

	MNGMTFEENONBOUTIQUE
	1484
	1.07248
	0.553029
	0.014356

	All
	1601
	1.100231
	0.549028
	0.013721


In the cross-sectional analysis we have documented a positive relationship between the expense ratio and the alpha of a fund. Our time-series analysis showed that in general boutique funds show a better performance than non-boutique funds. The above comparison of the cost structure shows us that the expense ratio for boutique funds is on average higher than for non-boutique funds. The returns which form the basis of our alpha calculations are not accounted for costs and therefore the expense ratio has a big impact on the final return of a fund. 

The same is true for the management fee of a boutique fund. Although we have found higher alpha values for boutique funds, we have to be aware that the fee paid to the management for those funds is statistically higher than for non-boutique funds. This part of the costs has also a big impact on the final return that will flow to the investors in a fund. So when an investor is evaluating the performance of boutique and non-boutique funds he must also take the costs of the funds into account.
6.4 Persistence 
In this paragraph we show the results of the persistence analysis for the selected boutique funds over several time periods. The persistence is measured from year to year starting with the period 2001 - 2002. The last two year period is the period 2009 - 2010.
	Table 6.20 Persistence - period 2001 - 2002

	Covariance Analysis: Spearman rank-order
	

	Sample (adjusted): 1 45
	

	Included observations: 45 after adjustments
	

	Correlation
	 
	 

	
	RANK2001 
	RANK2002 

	RANK2001 
	1
	

	RANK2002 
	0.359157
	1

	 t-Statistic
	2.523525
	----- 


	Table 6.21 Persistence - period 2002 - 2003

	Covariance Analysis: Spearman rank-order
	

	Sample (adjusted): 1 50
	

	Included observations: 50 after adjustments
	

	Correlation
	 
	 

	
	RANK2002 
	RANK2003 

	RANK2002 
	1
	

	RANK2003 
	0.285762
	1

	 t-Statistic
	2.065969
	----- 


As we can see in the tables 6.20 until 6.22 the Spearman’s rank coefficient is a low positive number. So for the years 2001 – 2002, 2002 – 2003 and 2003 – 2004 we document no persistence in the results according Spearman’s rank coefficient. 

	Table 6.22 Persistence - period 2003 - 2004

	Covariance Analysis: Spearman rank-order
	

	Sample (adjusted): 1 62
	

	Included observations: 62 after adjustments
	

	Correlation
	 
	 

	
	RANK2003 
	RANK2004 

	RANK2003 
	1
	

	RANK2004 
	0.409786
	1

	 t-Statistic
	3.479774
	----- 


Table 6.23 gives the Spearman’s rank coefficient for 2004 – 2005. The value is -0.12005. This value is also an indication for no persistence in the results. The value is even negative, however according to the t-statistic not significant. 

	Table 6.23 Persistence - period 2004 - 2005 

	Covariance Analysis: Spearman rank-order
	

	Sample (adjusted): 1 66
	

	Included observations: 66 after adjustments
	

	Correlation
	 
	 

	
	RANK2004 
	RANK2005 

	RANK2004 
	1
	

	RANK2005 
	-0.12005
	1

	 t-Statistic
	-0.967397
	----- 


	Table 6.24 Persistence - period 2005 - 2006

	Covariance Analysis: Spearman rank-order
	

	Sample (adjusted): 1 77
	

	Included observations: 77 after adjustments
	

	Correlation
	 
	 

	
	RANK2005 
	RANK2006 

	RANK2005 
	1
	

	RANK2006 
	-0.113807
	1

	 t-Statistic
	-0.992045
	----- 


Also tables 6.24 and 6.25 give non-significant negative values for Spearman’s rank coefficient for the years 2005 – 2006 and 2006 – 2007. On the basis of those results we still cannot conclude that there is any persistence in the performance of the boutique funds. 

	Table 6.25 Persistence - period 2006 - 2007

	Covariance Analysis: Spearman rank-order
	

	Sample (adjusted): 1 87
	

	Included observations: 87 after adjustments
	

	Correlation
	 
	 

	
	RANK2006 
	RANK2007 

	RANK2006 
	1
	

	RANK2007 
	-0.022509
	1

	 t-Statistic
	-0.207571
	----- 


The tables 6.26 until 6.28 show statistical significant results for Spearman’s rank coefficient. For the period 2008 – 2009 we see a weak negative relationship and for the other two periods a very weak positive relationship. On the basis of those three time periods we cannot argue that there is any form of persistence in the results of the performance of our sample of boutique funds. 

	Table 6.26 Persistence - period 2007 - 2008

	Covariance Analysis: Spearman rank-order
	

	Sample: 1 142
	
	

	Included observations: 142
	

	Correlation
	 
	 

	
	RANK2007 
	RANK2008 

	RANK2007 
	1
	

	RANK2008 
	0.179452
	1

	 t-Statistic
	2.158345
	----- 


	Table 6.27 Persistence - period 2008 - 2009

	Covariance Analysis: Spearman rank-order
	

	Sample: 1 114
	
	

	Included observations: 114
	

	Correlation
	 
	 

	
	RANK2008
	RANK2009

	RANK2008 
	1
	

	RANK2009
	-0.473976
	1

	 t-Statistic
	-5.696619
	----- 


	Table 6.28 Persistence - period 2009 - 2010

	Covariance Analysis: Spearman rank-order
	

	Sample: 1 132
	
	

	Included observations: 132
	

	Correlation
	 
	 

	
	RANK2009
	RANK2010

	RANK2009
	1
	

	RANK2010
	0.356384
	1

	 t-Statistic
	4.348953
	----- 


On the basis of the persistence results we come to the conclusion that when an investor is evaluating the performance of boutiques and non-boutiques, the investor must not only focus on the performance of the funds, but also on the persistence of this performance. It is important for a good return on an investment portfolio that the results show persistence. This means that the fund manager is able to add alpha to the investment portfolio for several years. Our persistence results do not show evidence that high alpha values for one year means that also higher alpha values are reached for successive years. For that reason investors must be aware of disappointing results after a good year of performance.
7 - CONCLUSIONS AND RECOMMENDATIONS 

The results of our research show that boutique funds have better performed over the ten years period than the non-boutique funds. The average alpha over the period is for both categories negative. However, the mean for boutique funds is less negative when compared with the negative alpha of the non-boutique funds. So in the long run boutique funds show a better performance than non-boutiques. Also for the shorter five years period a better performance is showed. When a period of three years is reviewed, then on average the boutique and non-boutique funds have negative alpha values, but the boutique funds perform better. 

When shorter time horizons (two years and one individual year) are evaluated, then our research results show more difference. In some combinations of years no statistical difference is measured, while in other years the boutiques again show better results than non-boutiques. For a combination of two years even worse results from the boutique funds are possible, so it strongly depends on which period is reviewed whether boutique funds outperform or not. For the combination 2009 and 2010 an outperformance and positive alpha values for boutique funds is showed. 
The analysis of individual years give also mixed results. Some years do not show any statistical difference while other years boutique funds show better results than non-boutique funds. When an individual year is evaluated, then also a worse performance of boutique funds is possible. The years 2009 and 2010 give positive alpha values and an outperformance of boutique funds. So,  in the short run it is very dependent which year is reviewed. 

The total assets under management show a negative relationship with alpha and it could therefore be useful to limit the total assets under management. The results are, however, not statistically significant. The same is true for the total number of funds, which is in some way related to the total assets under management. The total number of funds also shows a negative relationship with the average alpha of the selected asset managers. 

For this research we also evaluated several ‘drivers of performance’. We have evaluated the fund size, fund age, aspects of how the fund is managed and the turnover ratio, expense ratio and the management fee. 

Our results show arbitrary outcomes for the fund size, fund age and the team management. On the basis of our results it is not possible to point one of those drivers as the decisive one. The results are weak and in many cases not statistically significant. 

The turnover ratio of a fund show a positive statistical significant relationship with respect to alpha. So an important driver of alpha could be the amount of stock picking that a fund manager is pursuing. 

The expense ratio show positive and statistically significant results for our analysis. Higher expense ratios will lead to higher values of alpha. With the current information it is difficult to say why a higher expense ratio would lead to a better performance of a fund. The management fee showed a negative relationship, but the relationship was not statistically significant.

The average costs in the form of the expense ratio and the management fee are on average higher for boutiques than for non-boutiques. We have to note that the performance results are not net of costs. When better results for alpha are showed, then this does not necessarily mean that the final performance for the investor is better. The reason for this is that on average the costs for boutiques are higher and the individual investor have to face those costs.

Besides low costs, it is for an individual investor also important that the results of a manager shows persistence. Unfortunately we did not find any persistence in the performance of boutique fund managers.
To better understand the outperformance for boutique funds in specific time periods, it is important to know how fund managers reach this better performance. Because the turnover ratio could give a possible explanation for this it would be useful to get a better insight in the actual trading activity (and the higher total transaction costs) and timing ability of fund managers who show outperformance for successive years. Fortunately, this matter is becoming more important as a subject of debate for asset managers under the title ‘active share’. 
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APPENDIX A – Descriptives and alpha’s per asset manager 

	Descriptives and alpha’s Boutiques 
	 
	 
	 
	 

	 
	Funds
	Total AuM
	Alpha10yrs*
	Alpha5yrs*
	Alpha3yrs*
	Alpha0910*
	Alpha2010*

	Artemis
	11
	€ 8,958,738,979.02 
	-0.0444770
	-0.0479339
	-0.0192899
	0.0018026
	0.0019923

	Bedlam
	6
	€ 258,489,069.64 
	-0.0485283
	-0.0525195
	-0.0209578
	0.0002313
	0.0017732

	Carmignac
	19
	€ 44,091,888,392.00 
	-0.0415817
	-0.0447896
	-0.0185682
	0.0009856
	0.0007037

	Comgest
	18
	€ 5,155,658,472.90 
	-0.0383706
	-0.0406653
	-0.0170757
	0.0026064
	0.0034902

	J O Hambro
	12
	€ 3,030,066,279.84 
	-0.0337582
	-0.0369434
	-0.0162447
	0.0010332
	0.0042348

	Jupiter
	15
	€ 913,451,141.53 
	-0.0181327
	-0.0194307
	-0.0080896
	0.0029535
	0.0032993

	Liontrust
	10
	€ 812,132,862.97 
	-0.0380096
	-0.0399260
	-0.0183195
	-0.0004881
	-0.0001511

	Neptune
	31
	€ 5,785,247,406.26 
	-0.0164962
	-0.0173479
	-0.0085980
	0.0018938
	0.0019469

	Nevsky
	3
	€ 2,839,119,174.00 
	-0.0381397
	-0.0395733
	-0.0182847
	0.0040353
	0.0030940

	Odey
	7
	€ 2,178,260,304.76 
	-0.0297930
	-0.0326317
	-0.0128537
	0.0002580
	0.0019239

	Skagen
	7
	€ 12,621,540,900.78 
	-0.0426177
	-0.0461143
	-0.0189309
	0.0020496
	0.0014609

	Veritas
	3
	€ 1,797,109,254.60 
	-0.0454020
	-0.0454020
	-0.0168557
	0.0014190
	0.0019620

	Total:
	142
	€ 88,441,702,238.30 
	-0.0362756
	-0.03860647
	-0.01617235
	0.00156502
	0.002144159

	*averages
	
	€ 7,370,141,853.19 *
	
	
	
	
	


	Descriptives and alpha’s Non-Boutiques 
	 
	 
	 
	 

	 
	Funds
	Total AuM
	Alpha10yrs*
	Alpha5yrs*
	Alpha3yrs*
	Alpha0910*
	Alpha2010*

	Allianz
	346
	€ 56,028,273,958.95 
	-0.0479583
	-0.0498497
	-0.0189252
	0.0003124
	0.0009417

	AXA
	273
	€ 56,332,664,970.35 
	-0.0477096
	-0.0498061
	-0.0189821
	0.0004758
	0.0009351

	BNP Parisbas
	229
	€ 94,158,123,638.79 
	-0.0478474
	-0.0491057
	-0.0187932
	0.0000088
	0.0006877

	Credit Suisse
	179
	€ 50,201,959,706.64 
	-0.0485176
	-0.0508492
	-0.0187264
	-0.0003322
	0.0005670

	ING
	314
	€ 69,324,165,813.52 
	-0.0489696
	-0.0473614
	-0.0171591
	0.0004687
	0.0015053

	Investec
	92
	€ 21,432,296,273.85 
	-0.0485155
	-0.0511051
	-0.0176186
	0.0007106
	0.0019584

	Natixis
	89
	€ 52,022,480,756.51 
	-0.0476135
	-0.0484667
	-0.0177671
	0.0016450
	0.0030761

	Robeco
	81
	€ 30,239,513,720.24 
	-0.0488365
	-0.0505843
	-0.0178777
	0.0008721
	0.0021382

	Santander
	152
	€ 25,494,487,748.01 
	-0.0484680
	-0.0507484
	-0.0178227
	0.0000591
	0.0000258

	Schroder
	246
	€ 95,247,575,274.56 
	-0.0480048
	-0.0486275
	-0.0182071
	0.0010335
	0.0012791

	Threadneedle
	108
	€ 37,694,818,576.70 
	-0.0484759
	-0.0476348
	-0.0184497
	0.0013618
	0.0017299

	UBS
	234
	€ 76,143,678,712.95 
	-0.0487438
	-0.0488827
	-0.0179455
	0.0009583
	0.0017035

	
	
	
	
	
	
	
	

	Total:
	2343
	€ 664,320,039,151.08 
	-0.048305
	-0.0494185
	-0.0181895
	0.0006311
	0.001379

	*averages
	
	€ 55,360,003,262.59 *
	
	
	
	
	


APPENDIX B - Overview of alpha values and descriptive statistics
	Overview of alpha values and descriptive statistics for the boutique funds
	 
	 
	 
	 
	 
	 

	
	last10yrs
	last5yrs
	last3yrs
	2001
	2002
	2003
	2004
	2005
	2006
	2007
	2008
	2009
	2010

	 Mean
	-0.032304
	-0.034531
	-0.014733
	-0.07722
	-0.035723
	-0.013073
	-0.024259
	-0.058411
	-0.098502
	-0.095674
	-0.037881
	0.00186
	0.00216

	 Median
	-0.044042
	-0.050106
	-0.019248
	-0.078977
	-0.035804
	-0.021538
	-0.023606
	-0.058062
	-0.098334
	-0.096336
	-0.03779
	0.001336
	0.001916

	 Maximum
	0.027185
	0.027185
	0.027185
	-0.028738
	-0.029649
	0.329322
	-0.020492
	-0.051492
	-0.092364
	-0.062305
	-0.019225
	0.011689
	0.027185

	 Minimum
	-0.05359
	-0.054473
	-0.024907
	-0.094003
	-0.046778
	-0.027991
	-0.041783
	-0.071347
	-0.108334
	-0.106021
	-0.049014
	-0.006965
	-0.012917

	 Std. Dev.
	0.021015
	0.022626
	0.009222
	0.009875
	0.003018
	0.049446
	0.00369
	0.003718
	0.002803
	0.005418
	0.005017
	0.003114
	0.003588

	 Skewness
	0.804493
	0.774062
	1.576219
	3.153782
	-0.83039
	6.07738
	-2.932241
	-1.682277
	-0.568532
	3.278705
	0.782535
	0.35776
	1.614339

	 Kurtosis
	2.070353
	1.96086
	5.09916
	15.15158
	4.969665
	40.30147
	12.88871
	7.15278
	4.500479
	19.17697
	5.50524
	3.48728
	21.04543

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	 Jarque-Bera
	20.43073
	20.56927
	84.87068
	351.4619
	13.82868
	3976.106
	363.4917
	91.6486
	12.84827
	1256.863
	41.81053
	4.121764
	1988.366

	 Probability
	0.000037
	0.000034
	0
	0
	0.000993
	0
	0
	0
	0.001622
	0
	0
	0.127342
	0

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	 Sum
	-4.587201
	-4.903343
	-2.092018
	-3.474902
	-1.786148
	-0.810551
	-1.601099
	-4.497623
	-8.569647
	-9.471702
	-4.356306
	0.245497
	0.30676

	 Sum Sq. Dev.
	0.062268
	0.072182
	0.011991
	0.004291
	0.000446
	0.149141
	0.000885
	0.00105
	0.000676
	0.002877
	0.002869
	0.001271
	0.001816

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	 Observations
	142
	142
	142
	45
	50
	62
	66
	77
	87
	99
	115
	132
	142


	Overview of alpha values and descriptive statistics for the non-boutique funds
	 
	 
	 
	 
	 

	
	last10yrs
	last5yrs
	last3yrs
	2001
	2002
	2003
	2004
	2005
	2006
	2007
	2008
	2009
	2010

	 Mean
	-0.048241
	-0.049352
	-0.018309
	-0.078604
	-0.035254
	-0.023199
	-0.024355
	-0.059438
	-0.098565
	-0.096416
	-0.035851
	0.000549
	0.001209

	 Median
	-0.048463
	-0.051956
	-0.019383
	-0.078751
	-0.035243
	-0.023034
	-0.024252
	-0.058972
	-0.098283
	-0.096421
	-0.035342
	2.77E-05
	0.001017

	 Maximum
	-0.025609
	-0.013561
	0.008044
	-0.057616
	-0.029614
	-0.015859
	-0.015511
	-0.025127
	-0.089021
	0.030386
	-0.025191
	0.012462
	0.017623

	 Minimum
	-0.058892
	-0.065339
	-0.04677
	-0.090521
	-0.043902
	-0.03315
	-0.032244
	-0.152329
	-0.111528
	-0.112325
	-0.074756
	-0.021887
	-0.025371

	 Std. Dev.
	0.002695
	0.007205
	0.004349
	0.004064
	0.002243
	0.002635
	0.001752
	0.003747
	0.002052
	0.003937
	0.003307
	0.002419
	0.002795

	 Skewness
	0.539535
	2.664979
	2.283838
	1.922981
	-0.402874
	-0.349147
	0.224415
	-11.68166
	-0.947676
	20.70296
	-1.541933
	0.810128
	-0.33104

	 Kurtosis
	6.749571
	9.626643
	9.937061
	9.94896
	3.5266
	2.858771
	7.089215
	306.9974
	8.141293
	666.62
	14.2816
	8.821648
	8.699403

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	 Jarque-Bera
	950.2109
	5047.393
	5498.796
	2128.932
	35.59443
	21.44446
	792.5664
	4880414
	1804.017
	29823734
	10367.15
	3093.278
	2964.311

	 Probability
	0.000000
	0.000000
	0.000000
	0.000000
	0.000000
	0.000022
	0.000000
	0.000000
	0.000000
	0.000000
	0.000000
	0.000000
	0.000000

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	 Sum
	-72.26566
	-82.66409
	-35.02497
	-63.669
	-32.50464
	-23.52351
	-27.37485
	-74.89224
	-142.1313
	-156.0977
	-65.21307
	1.11573
	2.612321

	 Sum Sq. Dev.
	0.010871
	0.086895
	0.036157
	0.013363
	0.004633
	0.007033
	0.003446
	0.017679
	0.006065
	0.02508
	0.01988
	0.011894
	0.016879

	
	
	
	
	
	
	
	
	
	
	
	
	
	

	 Observations
	1498
	1675
	1913
	810
	922
	1014
	1124
	1260
	1442
	1619
	1819
	2033
	2161


APPENDIX C – Overview of the S&P500 Annual returns

	Overview of the S&P500 Annual returns

	Year
	Annual Return

	2000
	−9.10%

	2001
	−11.89%

	2002
	−22.10%

	2003
	28.69%

	2004
	10.88%

	2005
	4.91% 

	2006
	15.79%

	2007
	5.49% 

	2008
	−37.00%

	2009
	26.46%

	2010
	15.06%

	Average:
	2.47%

	Source: Standard & Poor's
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